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Preface

The goal of this book is to provide a concise but lucid explanation and deriva-
tion of the fundamentals of spread-spectrum communication systems.Although
spread-spectrum communication is a staple topic in textbooks on digital com-
munication, itstreatment is usually cursory, and the subject warrants a more
intensive exposition. Originally adopted in military networks as a means of
ensuring secure communication when confronted with the threats of jamming
and interception, spread-spectrum systems are now the core of commercial ap-
plications such as mobile cellular and satellite communication. The level of
presentation in this book is suitable for graduate students with a prior graduate-
level course in digital communication and for practicing engineers with a solid
background in the theory of digital communication. As the title indicates, this
book stresses principles rather than specific current or planned systems, which
are described in many other books. Although the expositionemphasizes the-
oretical principles, the choice of specific topics is tempered by my judgment of
their practical significance and interest to both researchers and systemdesign-
ers. Throughout the book, learning is facilitated by many new or streamlined
derivations of the classical theory. Problems at the end of each chapter are
intended to assist readers in consolidating their knowledge and to provide prac-
tice in analytical techniques. The book is largely self-containedmathematically
because of the four appendices, which give detailedderivations of mathematical
resultsused in the main text.

In writing this book, I have relied heavily on notes and documents prepared
and the perspectives gained during my work at the US Army Research Labo-
ratory. Many colleagues contributed indirectly to this effort. I am grateful to
my wife, Nancy, who provided me not only with her usual unwavering support
but also with extensive editorial assistance.
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Chapter 1

Channel Codes

Channelcodes are vital in fully exploiting the potential capabilities of spread-
spectrum communication systems.Although direct-sequencesystemsgreatly
suppressinterference, practical systems require channel codes to deal with the
residual interference and channel impairments such as fading. Frequency-
hopping systems are designed to avoid interference, but the hopping into an
unfavorable spectralregion usually requires a channel code to maintain ade-
quate performance. In this chapter, some of the fundamental results of coding
theory [1], [2], [3], [4] are reviewed and then used to derive the corresponding
receiver computations and the error probabilities of the decoded information
bits.

1.1 Block Codes

A channel code for forward error control or error correction is a set of codewords
that are used to improve communication reliability. An block code uses a
codeword of code symbols to represent information symbols. Each symbol is
selected from an alphabet of symbols, and there are codewords. If
then an code of symbols is equivalent to an binary code.
A block encoder can be implemented by using logic elements or memory to map
a information word into an codeword. After the waveform
representing a codeword is received and demodulated, the decoderuses the de-
modulator output to determine the information symbolscorresponding to the
codeword. If the demodulator produces a sequence of discrete symbols and the
decoding is based on these symbols, the demodulator is said to make hard deci-
sions. Conversely, if the demodulator produces analog or multilevel quantized
samples of the waveform, the demodulator is said to make soft decisions. The
advantage of soft decisions is that reliability or quality information is provided
to the decoder, which can use this information to improve its performance.

The number of symbol positions in which the symbol of one sequence differs
from the corresponding symbol of another equal-length sequence is called the
Hamming distance between the sequences. The minimum Hamming distance



2 CHAPTER 1. CHANNEL CODES

Figure 1.1: Conceptual representation of vector space of se-
quences.

between any two codewords is called the minimum distance of the code. When
hard decisions are made, the demodulator output sequence is called the received
sequence or the received word. Hard decisions imply that the overall channel
between the output and the decoderinput is the classical binary symmetric
channel. If the channel symbol error probability is less than one-half, then the
maximum-likelihood criterion implies that the correct codeword is the one that
is the smallest Hamming distance from the received word. A complete decoder
is a device that implements the maximum-likelihood criterion. An incomplete
decoder does not attempt to correct all receivedwords.

The vector space of sequences is conceptually represented as
a three-dimensional space in Figure 1.1. Each codeword occupies the center
of a decoding sphere with radius in Hamming distance, where is a positive
integer. A complete decoder has decision regions defined by planar boundaries
surrounding each codeword. A received word is assumed to be a corrupted ver-
sion of the codeword enclosed by the boundaries. A bounded-distance decoder
is an incomplete decoder that attempts to correct symbol errors in a received
word if it lies within one of the decodingspheres. Since unambiguous decod-
ing requires that none of the spheres may intersect, the maximum number of
random errors that can be corrected by a bounded-distance decoder is

where is the minimum Hamming distance between codewords and de-
notes the largest integer less than or equal to When more than errors occur,
the received word may lie within a decoding sphere surrounding an incorrect
codeword or it may lie in the interstices (regions) outside the decoding spheres.
If the received word lies within a decoding sphere, the decoder selects the in-
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correct codeword at the center of the sphere and produces an output word of
information symbols with undetected errors. If the received word lies in the in-
terstices, the decoder cannot correct the errors, but recognizes their existence.
Thus, the decoder fails to decode the received word.

Since there are words at exactly distance from the center of
the sphere, the number of words in a decoding sphere of radius is determined
from elementary combinatorics to be

Since a block code has codewords, words are enclosed in some sphere.
The number of possiblereceived words is which yields

This inequality implies an upper bound on and, hence, The upper bound
on is called the Hamming bound.

A block code is called a linear block code if its codewords form a
subspace of the vector space of sequences with symbols. Thus, the vector sum
of two codewords or the vector difference betweenthem is a codeword. If a bi-
nary block code is linear, the symbols of a codeword are modulo-two sums of
information bits. Since a linear block code is a subspace of a vector space,
it must contain the additive identity. Thus, the all-zero sequence is always a
codeword in any linear block code. Since nearly all practical blockcodes are
linear, henceforth block codes are assumed to be linear.

A cyclic code is a linear block code in which a cyclic shift of the symbols
of a codeword produces another codeword. This characteristic allows the im-
plementation of encoders and decoders that use linear feedback shift registers.
Relatively simple encoding and hard-decision decoding techniques are known
for cyclic codes belonging to the class of Bose-Chaudhuri-Hocquenghem (BCH)
codes, which may be binary or nonbinary. A BCH code has a length that is
a divisor of where and is designed to have an error-correction
capability of where is the design distance. Although the
minimum distance may exceed the design distance, the standard BCH decod-
ing algorithms cannot correct more than errors. The parameters for
binary BCH codes with are listed in Table 1.1.

A perfect code is a block code such that every sequence is at a
distance of at most from some codeword, and the sets of all sequences
at distance or less from each codeword are disjoint. Thus, the Hamming
bound is satisfied with equality, and a complete decoder is also a bounded-
distance decoder. The only perfect codes are the binary repetition codes of odd
length, the Hamming codes, the binary Golay (23,12) code, and the ternary
Golay (11,6) code. Repetition codes represent each information bit by binary
code symbols. When is odd, the repetition codeis a perfect code with
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and A hard-decision decoder makes a decision based
on the state of the majority of the demodulated symbols. Although repetition
codes are not efficient for the additive-white-Gaussian-noise (AWGN) channel,
they can improve the system performance for fading channels if the number of
repetitions is properly chosen. A Hamming code is a perfect BCH code

Since a Hamming code is capable of correcting all singleerrors. Binary
Hamming codes with are found in Table 1.1. The 16 codewords of a
Hamming (7,4) code are listed in Table 1.2. The first four bits of each codeword
are the information bits. The Golay (23,12) code is a binary cyclic code that
is a perfect code with and

Any linear block code with an odd value of can be converted
into an extended code by adding a parity symbol. The advantage of
the extended code stems from the fact that the minimum distance of the block
code is increased by one, which improves the performance, but the decoding
complexity and code rate are usually changed insignificantly. The extended
Golay (24,12) code is formed by adding an overall parity symbol to the Golay
(23,12) code,thereby increasing the minimum distance to As a result,
some received sequences with four errors can be correctedwith a complete
decoder. The (24,12) code is often preferable to the (23,12) code because the
code rate, which is defined as the ratio is exactly one-half, which simplifies

with and
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the system timing.
The Hamming weight of a codeword is the number of nonzero symbols in a

codeword. For a linear block code, the vector difference between two codewords
is another codeword with weight equal to the distance between the two origi-
nal codewords. By subtracting the codeword  c  to all the codewords, we find
that the set of Hamming distances from any codeword c is the same as the set
of codeword weights. Consequently, in evaluating decoding error probabilities,
one can assume without loss of generality that the all-zero codeword was trans-
mitted, and the minimum Hamming distance is equal to the minimum weight
of the nonzero codewords. For binary block codes, the Hamming weight is the
number of 1•s in a codeword.

A systematic block code is a code in which the information symbols appear
unchanged in the codeword, which also has additional parity symbols. In terms
of the word error probability for hard-decisiondecoding, every linear code is
equivalent to a systematic linear code [1]. Therefore, systematic block codes are
the standard choice and are assumedhenceforth. Some systematic codewords
have only one nonzero information symbol. Sincethere are at most parity
symbols, these codewords have Hamming weights that cannot exceed
Since the minimum distance of the code is equal to the minimum codeword
weight,

This upper bound is called the Singleton bound. A linear block code with a
minimum distance equal to the Singleton bound is called a maximum-distance-
separable code

Nonbinary block codes can accommodate high data rates efficiently be-
causedecoding operations are performed at the symbol rate rather than the
higher information-bit rate. Reed-Solomon codes are nonbinary BCH codes
with and are maximum-distance-separable codes with
For convenience in implementation, is usually chosen so that where
is the number of bits per symbol. Thus, and the code provides cor-
rection of symbols. Most Reed-Solomon decoders are bounded-distance
decoders with

The most important singledeterminant of the codeperformance is its weight
distribution, which is a list or function that gives the number of codewords with
each possible weight. The weight distributions of the Golay codes are listed
in Table 1.3. Analytical expressions for the weight distribution are known in
a few cases. Let denote the number of codewords with weight For a
binary Hamming code,each can be determined from the weight-enumerator
polynomial

For example,the Hamming (7,4) code gives
which yields and

weight,
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otherwise. For a maximum-distance-separable code, and [2]

The weight distribution of othercodes can be determined by examining all valid
codewords if the number of codewords is not too large for a computation.

Error Probabilities for Hard-Decision Decoding

There are two types of bounded-distance decoders: erasing decoders and re-
producing decoders. They differ only in their actions following the detection
of uncorrectable errors in a received word. An erasing decoder discards the
received word and may initiate an automatic retransmission request. For a sys-
tematic block code, a reproducing decoder reproduces the information symbols
of the received word as its output.

Let denote the channel-symbol error probability, which is the probability
of error in a demodulated code symbol. It is assumedthat the channel-symbol
errors are statistically independent and identically distributed, which is usually
an accurate model for systems with appropriate symbol interleaving (Section
1.3). Let denote the word error probability, which is the probability that
a received word is not decodedcorrectly due to both undetected errors and
decoding failures. There are distinct ways in which errors may occur
among symbols. Since a received sequence may have more than errors but
no information-symbol errors,

for a reproducing decoder that corrects or few errors. For an erasing decoder,
(1-8) becomes an equality. For reproducing decoders, is given by (1-1) because
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it is pointless to make the decoding spheres smaller than the maximum allowed
by the code. However, if a block code is used for both error correction and error
detection, an erasing decoder is often designed with less than the maximum.
If a block code is used exclusively for error detection, then

Conceptually, a complete decodercorrectly decodeswhen the number of
symbol errors exceeds if the received sequence lies within the planar bound-
aries associated with the correct codeword, as depicted in Figure 1.1. When a
received sequence is equidistant from two or more codewords, a complete de-
coder selects one of them according to some arbitrary rule. Thus, the word
error probability for a complete decoder satisfies (1-8). If a complete
decoder is a maximum-likelihood decoder.

Let denote the probability of an undetected error, and let denote
the probability of a decoding failure. For a bounded-distance decoder

Thus, it is easy to calculate once is determined. Since the set of
Hamming distances from a given codeword to the other codewords is the same
for all given codewords of a linear block code, it is legitimate to assume for
convenience in evaluating that the all-zero codeword was transmitted. If
channel-symbol errors in a received word are statistically independent and occur
with the sameprobability then the probability of an error in a specific set
of positions that results in a specific set of erroneous symbols is

For an undetected error to occur at the output of a bounded-distance decoder,
the number of erroneous symbols must exceed and the received word must lie
within an incorrect decoding sphere of radius Let is the number of
sequences of Hamming weight that lie within a decoding sphere of radius
associated with a particular codeword of weight Then

Considersequences of weight that are at distance from a particular codeword
of weight where so that the sequences are within the decoding
sphere of the codeword. By counting these sequences and then summing over
the allowed values of we can determine The counting is done by
considering changes in the components of this codeword that can produce one
of these sequences. Let denote the number of nonzero codewordsymbolsthat
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are changed to zeros, the number of codeword zeros that are changed to any
of the nonzero symbols in the alphabet, and the number of nonzero
codeword symbols that are changed to any of the other nonzero symbols.
For a sequence at distance to result, it is necessary that The number
of sequences that can be obtained by changing any of the nonzero symbols
to zeros is where if For a specified value of it is necessary
that to ensure a sequence of weight The number of sequences
that result from changing any of the zeros to nonzero symbols is

For a specified value of and hence it is necessary that
to ensure a sequence at distance The number of sequences

that result from changing of the remaining nonzero components is
where if and Summing over the allowed values

of and we obtain

Equations (1-11) and (1-12) allow the exact calculation of
When the only term in the inner summation of (1-12) that is nonzero

has the index provided that this index is an integer and
Using this result, we find that for binary codes,

where for any nonnegative integer Thus, and
for

The word error probability is a performance measure that is important pri-
marily in applications for which only a decoded word completelywithout symbol
errors is acceptable.When the utility of a decoded word degrades in propor-
tion to the number of information bits that are in error, the information-bit
error probability is frequently used as a performance measure. To evaluate it
for block codes that may be nonbinary, we first examine the information-symbol
error probability.

Let denote the probability of an error in information symbol at the
decoder output. In general, it cannot be assumed that is independent of
The information-symbol error probability, which is defined as the unconditional
error probability without regard to the symbol position, is

The random variables are defined so that if infor-
mation symbol is in error and if it is correct. The expectednumber
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of information-symbol errors is

where E[ ] denotes the expected value. The information-symbol error rate is
defined as Equations (1-14) and (1-15) imply that

which indicatesthat the information-symbol error probability is equal to the
information-symbol error rate.

Let denote the probability of an error in symbol of the codeword
chosen by the decoder or symbol of the received sequence if a decoding failure
occurs. The decoded-symbol error probability is

If  E[D] is the expected number of decoded-symbol errors, a derivationsimilar
to the preceding one yields

which indicates that the decoded-symbol error probability is equal to the decoded-
symbol error rate. It can be shown [5] that for cyclic codes, the error rate among
the information symbols in the output of a bounded-distance decoder is equal
to the error rate among all the decoded symbols; that is,

This equation, which is at least approximately valid for linear block codes, sig-
nificantly simplifies the calculation of because can be expressed in terms
of the code weight distribution, whereas an exact calculation of requires ad-
ditional information.

An erasing decoder makes an error only if it fails to detect one. Therefore,
and (1-11) implies that the decoded-symbol error rate for an erasing

decoder is

The number of sequences of weight that lie in the interstices outside the
decoding spheres is
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where the first term is the total number of sequences of weight and the second
term is the number of sequences of weight that lie within incorrect decoding
spheres. When symbol errors in the receivedword cause a decodingfailure,
the decoded symbols in the output of a reproducing decoder contain errors.
Therefore, the decoded-symbol error rate for a reproducing decoder is

Even if two major problems still arise in calculating from (1-20)
or (1-22). The computational complexity may be prohibitive when and are
large, and the weight distribution is unknown for many linear or cyclic block
codes.

The packing density is defined as the ratio of the number of words in the
decoding spheres to the total number of sequences of length From (2), it

follows that the packing density is

For perfect codes, If undetected errors tend to occur more
often then decodingfailures, and the code is considered tightly packed. If

decoding failures predominate, and the code is considered loosely packed.
The packing densities of binary BCH codes are listed in Table 1.1. The codes
are tightly packed if or 15. For and or 127, the codes
are tightly packed only if or 2.

To approximate for tightly packed codes, let denote the event that
errors occur in a received sequence of symbols at the decoder input. If the

symbol errors are independent, the probability of this event is

Given event for such that it is plausible to assume that
a reproducing bounded-distance decoder usually chooses a codeword with ap-
proximately symbol errors. For such that it is plausible
to assume that the decoder usually selects a codeword at the minimum dis-
tance These approximations, (1-19), (1-24), and the identity
indicate that for reproducing decoders is approximated by

The virtues of this approximation are its lack of dependence on the code weight
distribution and its generality. Computations for specific codes indicate that the
accuracy of this approximation tends to increase with The right-hand
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side of (1-25) gives an approximate upper bound on for erasing bounded-
distancedecoders, for loosely packed codes with bounded-distance decoders,
and for complete decoders because some received sequences with or more
errors can be correctedand, hence,produce no information-symbol errors.

For a loosely packed code, it is plausible that for a reproducing bounded-
distance decoder might be accurately estimated by ignoring undetected errors.
Dropping the terms involving in (1-21) and (1-22) and using (1-19) gives

The virtue of this lower bound as an approximation is its independence of
the code weight distribution. The bound is tight when decodingfailures are
the predominant error mechanism. For cyclic Reed-Solomon codes, numerical
examples [5] indicate that the exact and the approximate bound are quite
close for all values of when a result that is not surprising in view of the
paucity of sequences in the decoding spheres for a Reed-Solomon code with

A comparison of (1-26) with (1-25) indicates that the latter overestimates
by a factor of less than

A        symmetric channel or uniform discrete channel is one in which
an incorrectly decoded information symbol is equally likely to be any of the
remaining symbols in the alphabet. Consider a linear block code
and a symmetric channel such that is a power of 2 and the •channelŽ
refers to the transmission channel plus the decoder. Among the incorrect
symbols, a given bit is incorrect in instances. Therefore, the information-bit

Let denote the ratio of information bits to transmitted channel symbols. For
binary codes, is the code rate. For block codes with information
bits per symbol, When coding is used but the information rate is
preserved, the duration of a channel symbol is changed relative to that of an
information bit. Thus, the energy per received channel symbol is

where is the energy per information bit. When a code is potentially
beneficial if its error-control capability is sufficient to overcome the degradation
due to the reduction in the energy per received symbol. For the AWGN channel
and coherent binary phase-shift keying (PSK), the classical theory indicates that
the symbol error probability at the demodulator output is

where

error probability is
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and erfc( ) is the complementary error function. Consider the noncoherent
detection of orthogonal signals over an AWGN channel. The channel
symbols for multiple frequency-shift keying (MFSK) modulation are received
as orthogonal signals. It is shown subsequently that at the demodulator
output is

which decreases as increases for sufficiently large values of The or-
thogonality of the signalsensures that at least the transmission channel is
symmetric, and, hence, (1-27) is at least approximately correct.

If the alphabets of the code symbols and the transmitted channel symbols
are the same, then the channel-symbol error probability equals the code-
symbol error probability If not, then the code symbols may be mapped
into channel symbols. If and then choosing to
be an integer is strongly preferred for implementation simplicity. Since any of
the channel-symbol errors can cause an error in the corresponding code symbol,
the independence of channel-symbol errors implies that

A common application is to map nonbinary code symbols into binary channel
symbols In this case, (1-27) is no longer valid because the transmis-
sion channel plus the decoder is not necessarily symmetric. Since there is
at least one bit error for every symbol error,

This lower bound is tight when is low becausethen there tends to be a single
bit error per code-symbolerror before decoding, and the decoder is unlikely to
change an information symbol. For coherent binary PSK, (1-29) and (1-32)
imply that

Error Probabilities for Soft-Decision Decoding

A symbol is said to be erasedwhen the demodulator, after deciding that a sym-
bol is unreliable, instructs the decoder to ignore that symbol during the decod-
ing. The simplestpractical soft-decision decoding uses erasures to supplement
hard-decision decoding. If a code has a minimum distance and a received
word is assigned erasures, then all codewordsdiffer in at least of the
unerased symbols. Hence, errors can be corrected if If or
more erasures are assigned, a decoding failure occurs. Let denote the proba-
bility of an erasure. For independent symbol errors and erasures, the probability
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that a received sequence has errors and erasures is
Therefore, for a bounded-distance decoder,

where denotes the smallest integer greater than or equal to This in-
equality becomes an equality for an erasing decoder. For the AWGN channel,
decoding with optimal erasures provides an insignificant performance improve-
ment relative to hard-decision decoding, but erasures are often effective against
fading or sporadic interference. Codes for which errors-and-erasures decoding
is most attractive are thosewith relatively large minimum distances such as
Reed-Solomon codes.

Soft decisions are made by associating a number called the metric with
each possiblecodeword. The metric is a function of both the codeword and
the demodulator output samples. A soft-decision decoder selects the codeword
with the largest metric and then produces the corresponding information bits
as its output. Let y denote the vector of noisy output samples

produced by a demodulator that receives a sequence of
symbols. Let denote the codeword vector with symbols
Let denote the likelihood function, which is the conditional probability
density function of y given that was transmitted. The maximum-likelihood
decoder finds the value of for which the likelihood function is
largest. If this value is the decoder decides that codeword was transmitted.
Any monotonically increasing function of may serve as the metric of a
maximum-likelihood decoder. A convenientchoice is often proportional to the
logarithm of which is called the log-likelihood function. For statistically
independent demodulator outputs, the log-likelihood function for each of the

possiblecodewords is

where is the conditional probability density function of given the
value of

For coherent binary PSKcommunication over the AWGN channel, if code-
word is transmitted, then the received signal representing symbol is

where is the symbol energy, is the symbol duration, is the carrier
frequency, when binary symbol is a 1 and when binary
symbol is a 0, is the unit-energy symbol waveform, and  is indepen-
dent, zero-mean,white Gaussiannoise. Since has unit energy and vanishes
outside
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For coherent demodulation, a frequency translation to baseband is provided by
multiplying by After discarding a negligible integral, we find
that the matched-filter demodulator, which is matched to produces the
output samples

These outputs provide sufficient statistics because is the sole basis
function for the signal space. Since is statistically independent of
when the are statistically independent.

The autocorrelation of each white noise process is

where is the two-sided power spectral density of  and is the
Dirac delta function. A straightforward calculation using (1-40) and assuming
that the spectrum of is confined to indicates that the variance of
the noise term of (1-39) is Therefore, the conditional probability density
function of given that was transmitted is

Since and are independent of the codeword terms involving these
quantities may be discarded in the log-likelihoodfunction of (1-36). Therefore,
the maximum-likelihood metric is

which requires knowledge of
If each a constant, then this constant is irrelevant, and the

maximum-likelihood metric is

Let denote the probability that the metric for an incorrect codeword
at distance from the correct codewordexceeds the metric for the correct
codeword. After reordering the samples the difference between the metrics
for the correct codeword and the incorrect one may be expressed as

where the sum includes only the terms that differ, refers to the correct
codeword, refers to the incorrect codeword, and Then
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is the probability that Since each of its terms is independent,
has a Gaussian distribution. A straightforward calculation using (1-41) and

which reduces to (1-29) when a single symbol is considered and
A fundamental property of a probability, called countable subadditivity, is

that the probability of a finite or countable union of events

In communication theory, a bound obtained from this inequality is called a
union bound. To determine for linear block codes, it suffices to assume
that the all-zero codeword was transmitted. The union bound and the relation
between weights and distances imply that for soft-decision decoding satisfies

Let denote the total information-symbol weight of the codewords of weight
The union bound and (1-16) imply that

To determine for any cyclic code, consider the set of codewords
of weight The total weight of all the codewords in is Let and

denote any two fixed positions in the codewords. By definition, any cyclic
shift of a codeword produces another codeword of the same weight. Therefore,
for every codeword in that has a zero in there is some codeword in that
results from a cyclic shift of that codeword and has a zero in Thus, among
the codewords of the total weight of all the symbols in a fixed position is
the same regardless of the position and is equal to The total weight of
all the information symbols in is Therefore,

Optimal soft-decision decoding cannot be efficiently implemented except
for very short block codes, primarily because the number of codewords for
which the metrics must be computed is prohibitively large, but approximate
maximum-likelihooddecodingalgorithms are available. The Chase algorithm
[3] generates a small set of candidate codewords that will almost always include
the codeword with the largest metric. Test patterns are generated by first
making hard decisions on each of the received symbols and then altering the

yields

satisfies
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least reliable symbols, which are determined from the demodulator outputs
given by (1-39). Hard-decision decoding of each testpattern and the discarding
of decoding failures generate the candidate codewords. The decoder selects the
candidate codeword with the largestmetric.

The quantization of soft-decision information to more than two levels re-
quires analog-to-digital conversion of the demodulator output samples. Since
the optimal location of the levels is a function of the signal, thermal noise, and
interference powers, automatic gain control is often necessary. For the AWGN
channel, it is found that an eight-level quantization represented by three bits
and a uniform spacing between threshold levels cause no more than a few tenths
of a decibel loss relative to what could theoretically be achieved with unquan-
tized analog voltages or infinitely fine quantization.

The coding gain of one code comparedwith a second one is the reduction in
the signal power or value of required to produce a specified information-
bit or information-symbol error probability. Calculations for specific commu-
nication systems and codes operating over the AWGN channel have shown that
an optimal soft-decision decoder provides a coding gain of approximately 2 dB
relative to a hard-decision decoder. However, soft-decision decoders are much
more complex to implement and may be too slow for the processing of high in-
formation rates. For a given level of implementation complexity, hard-decision
decoders can accommodate much longer block codes, thereby at leastpartially
overcoming the inherent advantage of soft-decision decoders. In practice, soft-
decision decoding other than erasures is seldom used with block codes of length
greater than 50.

Performance Examples

Figure 1.2 depicts the information-bit error probability versus
for various binary block codes with coherent PSKover the AWGN channel.
Equation (1-25) is used to compute for the Golay (23,12) code with hard
decisions. Since the packing density is small for these codes, (1-26) is used
for the BCH (63,36) code, which corrects errors, and the BCH (127,64)
code, which corrects errors. Equation (1-29) is used for Inequality
(1-49) and Table 1.2 are used to compute the upper bound on for
the Golay (23,12) code with optimal soft decisions. The graphs illustrate the
power of the soft-decision decoding. For the Golay (23,12) code, soft-decision
decoding provides an approximately 2-dB coding gain for relative
to hard-decision decoding. Only when does the BCH (127,64) begin
to outperform the Golay (23,12) code with soft decisions. If an
uncoded system with coherent PSK provides a lower than a similar system
that uses one of the blockcodes of the figure.

Figure 1.3 illustrates the performance of looselypackedReed-Solomoncodes
with hard-decision decoding over the AWGN channel. The lowerbound in (1-
26) is used to compute the approximate information-bit error probabilities for
binary channel symbols with coherent PSK and for nonbinary channel symbols
with noncoherentMFSK. For the nonbinary channelsymbols,(1-27) and (1-31)
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Figure 1.2: Information-bit error probability for binary block codes and
coherent PSK.

Figure 1.3: Information-bit error probability for Reed-Solomon codes.
Modulation is coherent PSK or noncoherent MFSK.
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are used. For the binary channel symbols, (1-34) and the lower bound in (1-33)
are used. For the chosen values of the best performance at is
obtained if the code rate is Further gains result from increasing
and hence the implementation complexity. Although the figure indicates the
performance advantage of Reed-Solomon codes with MFSK, there is a major
bandwidth penalty. Let B denote the bandwidth required for an uncoded bi-
nary PSK signal. If the same data rate is accommodated by using uncoded
binary frequeny-shift keying (FSK), the required bandwidth for demodulation
with envelope detectors is approximately 2B. For uncoded MFSK using
frequencies, the required bandwidth is because eachsymbol represents

bits. If a Reed-Solomon code is used with MFSK, the required band-
width becomes

Code Metrics for Orthogonal Signals

For          orthogonal symbol waveforms,                                       matched filters
are needed, and the observation vector is where each is
an                   row vector of matched-filter output samples for filter    with
components Suppose that symbol of codeword   uses unit-
energy waveform where the integer  is a function of  and If codeword

is transmitted over the AWGN channel, the received signal for symbol can
be expressed in complex notation as

where is independent, zero-mean, white Gaussian noise with two-sided
power spectral density is the carrier frequency, and is the phase.
Since the symbol energy for all the waveforms is unity,

The orthogonality of symbol waveforms implies that

A frequency translation or downconversion to baseband is followed by matched
filtering. Matched-filter which is matched to produces the output
samples

The substitution of (1-50) into (1-53), (1-52), and the assumption that each of
the has a spectrum confined to yields
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where if and otherwise, and

Since the real and imaginary components of are jointly Gaussian, this
random process is a complex-valued Gaussian random variable. Straightforward
calculations using (1-40) and the confined spectra of the indicates that
the real and are imaginary components of are uncorrelated and, hence,
independent and have the same variance Since the density of a complex-
valuedrandom variable is defined to be the joint density of its real and imaginary
parts, the conditional probability density function of given is

The independence of the white Gaussian the orthogonality condition
(1-52), and the spectrally confined symbol waveforms ensure that both the real
and imaginary parts of are independent of both the real and imaginary parts
of unless and Thus, the likelihoodfunction of theobservation
vector y is the product of the densities specified by (1-56).

For coherent signals, the are tracked by the phase synchronization sys-
tem and, thus, ideally may be set to zero. Forming the log-likelihood function
with the set to zero, and eliminating irrelevant terms that are independent
of we obtain the maximum-likelihood metric

where is the sampled output of the filter matched to the signal
representing symbol of codeword If each then the maximum-
likelihood metric is

and the common value does not need to be known to apply this metric.
For noncoherent signals, it is assumed that each is independent and uni-

formly distributed over which preserves the independence of the
Expanding the argument of the exponential function in (1-56), expressing in
polar form, and integrating over we obtain the probability density function
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where is the modified Bessel function of the first kind and order zero, This
function may be represented by

Let denote the sampled envelope produced by the filter matched to
the signal representing symbol of codeword We form the log-likelihood

function and eliminate terms and factors that do not depend on the codeword
thereby obtaining the maximum-likelihood metric

If each then the maximum-likelihood metric is

and must be known to apply this metric.
From the series representation of it follows that

From the integral representation, we obtain

The upper bound in (1-63) is tighter for while the upper bound in
(1-64) is tighter for If we assume that is often less than 2,
then the approximation of by is reasonable. Substitution into
(1-61) and dropping an irrelevant constant gives the metric

If each then the value of is irrelevant, and we obtain the Rayleigh
metric

which is suboptimal for the AWGN channel but is the maximum-likelihood
metric for the Rayleighfading channelwith identical statistics for each of the
symbols (Section 5.6). Similarly, (1-64) can be used to obtain suboptimal met-
rics suitable for large values of
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To determine the maximum-likelihood metric for making a hard decision
on each symbol, we set and drop the subscript in (1-57) and (1-61).
We find that the maximum-likelihood symbol metric is for coherent
MFSK and for noncoherent MFSK, where the index ranges
over the symbol alphabet. Since the latter function increases monotonically
and is a constant, optimal symbol metrics or decision variables for
noncoherent MFSK are or for

Metrics and Error Probabilities for MFSK Symbols

For noncoherent MFSK, basebandmatched-filter is matched to the unit-energy
waveform where If is the
received signal, a downconversion to baseband and a parallel set of matched
filters and envelope detectors provide the decision variables

The orthogonality condition (1-52) is satisfied if the adjacentfrequencies are
separated by where is a nonzero integer. Expanding (1-67), we obtain

These equations imply the correlator structure depicted in Figure 1.4, where the
irrelevant constant A has been omitted. The comparator decides what symbol
was transmitted by observing which comparator input is the largest.

To derive an alternative implementation, we observethat when the waveform
is the impulse response of a filtermatched
to it is Therefore, the matched-filter output
at time is
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Figure 1.4: NoncoherentMFSK receiver using correlators.

where the envelope is

Since given by (1-68), we obtain the receiver structure depicted
in Figure 1.5, where the irrelevant constantA has been omitted. A practical
envelopedetectorconsists of a peak detector followed by a lowpass filter.

To derive the symbol error probability for equally likely MFSK symbols, we
assume that the signal was transmitted over the AWGN channel. The
received signal has the form

Since is white,

Using the orthogonality of the symbol waveforms and (1-73) and assuming that
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Figure 1.5: Noncoherent MFSK receiver with passband matched filters.

in (1-69) and (1-70), we obtain

Since is Gaussian, and are jointly Gaussian. Since the covariance
of and is zero, they are mutually statistically independent. Therefore,
the joint probability density function of and is

where and
Let and be implicitly defined by and

Since the Jacobian of the transformation is we find that the joint density of
and is

The density of the envelope is obtained by integration of (1-78) over Using
trigonometry and the integral representation of the Bessel function, we obtain
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the density

where if and if Substituting (1-74), we obtain
the densities for the

The orthogonality of the symbol waveforms and (1-73) imply that the random
variables are independent. A symbol error occurs when was trans-
mitted if is not the largest of the Since the are identically
distributed for the probability of a symbol error when was
transmitted is

Substituting (1-81) into the inner integral gives

Expressing the power of this result as a binomial expansion and then
substituting into (1-82), the remaining integration may be done by using the
fact that for

which follows from the fact that the density in (1-80) must integrate to unity.
The final result is the symbol error probability for noncoherent MFSK over the
AWGN channel:

When this equation reduces to the classical formula for binary FSK:
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Chernoff Bound

The Chernoff bound is an upper bound on the probability that a random vari-
able equals or exceeds a constant. The usefulness of the Chernoff bound stems
from the fact that it is often much more easily evaluated than the probability
it bounds. The moment generating function of the random variable X with
distribution function is defined as

for all real-valued for which the integral is finite. For all nonnegative the
probability that is

Thus,

where is the upper limit of an open interval in which is defined. To
makethis bound as tight as possible, we choose the value of that minimizes

Therefore,

which indicates the upper bound called the Chernoff bound. From (1-90) and
(1-87), we obtain the generalization

Since the moment generating function is finite in some neighborhood of
we may differentiate under the integral sign in (1-87) to obtain the derivative

of The result is

which implies that Differentiating (1-92) gives the second deriv-
ative

which implies that Consequently, is convex in its interval of
definition. Consider a random variable is such that

The first inequality implies that and the second inequality implies
that as Thus, since   the convexfunction
has a minimum valuethat is less than unity at some positive We



26 CHAPTER 1. CHANNEL CODES

conclude that (1-94) is sufficient to ensure that the Chernoff bound is less than
unity and

The Chernoff bound can be tightened if X has a density function such
that

For where is the open interval over which is defined,
(1-87) implies that

Thus, we obtain the following version of the Chernoff bound:

where the minimum value is not required to be nonnegative. However, if
(1-94) holds, then the bound is less than 1/2, and

In soft-decision decoding, the encodedsequence or codeword with the largest
associated metric is converted into the decoded output. Let denote the
value of the metric associated with sequence of length L. Consider additive
metrics having the form

where is the symbol metric associated with symbol of the encoded se-
quence. Let           label the correct sequence and          label an incorrect one.
Let denote the probability that the metric for an incorrect codeword at
distance from the correct codeword exceeds the metric for the correct code-
word. By suitably relabeling the symbol metrics that may differ for the two
sequences, we obtain

where the inequality results because U(2) = U(1) does not necessarily cause
an error if it occurs. In all practical cases, (1-94) is satisfied for the random
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variable X = U(2) … U(1). Therefore, the Chernoff bound implies that

where is the upper limit of the interval over which the expected value is
defined. Depending on whichversion of theChernoff bound isvalid, either

If are independent,
identically distributed random variables and we define

then

This bound is often much simpler to compute than the exact As in-
creases, the central-limit theorem implies that the distribution of X = U(2) …
U(1) approximates the Gaussian distribution. Thus, for large enough   (1-95)
is satisfied when E[X] < 0, and we can set in (1-103). For small (1-
95) may be difficult to establish mathematically, but is often intuitively clear;
if not, setting in (1-103) is always valid.

These results can be applied to hard-decision decoding, which can be re-
garded as a special case of soft-decision decoding with the following symbol
metric. If symbol of a candidate binary sequence agrees with the corre-
sponding detected symbol at the demodulator output, then oth-
erwise Therefore, in (1-102) is equal to +1 with
probability and …1 with probability Thus,

for hard-decision decoding. Substituting this equation into (1-103) with
we obtain

This upper bound is not always tight but has greatgenerality since no specific
assumptions have been madeabout the modulation or coding.

1.2 Convolutional Codes and Trellis Codes

In contrast to a block codeword, a convolutional codewordrepresents an entire
message of indefinite length. A convolutional encoder converts an input of
information bits into an output of code bits that are Boolean functions of
both the current input bits and the preceding information bits. After bits
are shifted into a shift register and bits are shifted out, code bits are read
out. Each code bit is a Boolean function of the outputs of selected shift-register

or
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Figure 1.6: Encoders of nonsystematic convolutionalcodes with (a) K = 3 and
rate = 1/2 and (b) K = 2 and rate = 2/3.

stages. A convolutional code is linear if each Boolean function is a modulo-2 sum
because the superposition property applies to the input-output relations and
the all-zero codeword is a member of the code. For a linear convolutionalcode,
the minimum Hamming distance between codewords is equal to the minimum
Hamming weight of a codeword. The constraint length K of a convolutional
code is the maximum number of sets of output bits that can be affected by
an input bit. A convolutional code is systematic if the information bits appear
unaltered in each codeword.

A nonsystematic linear convolutional encoder with and K = 3
is shown in Figure 1.6(a). The shift register consists of 3 stages, each of which
is implemented as a bistable memory element. Information bits enter the shift
register in response to clock pulses. After each clock pulse, the most recent
information bit becomes the content and output of the first stage, the previous
contents of the first two stages are shifted to the right, and the previous content
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Figure 1.7: Trellis diagram corresponding to encoder of Figure 1.6(a).

of the third stage is shifted out of the register. The outputs of the modulo-2
adders (exclusive-OR gates) provide two code bits. The generators of the output
bits are the sequences and which indicate the stages
that are connected to the adders. In octal form, the two generator sequences
are represented by (5, 7). The encoder of a nonsystematic convolutional code
with and K = 2 is shown in Figure 1.6(b). In octal form(e.g.,

its generators are (13, 12, 11).
Since bits exit from the shift register as new bits enter it, only the

contents of the first             stages prior to the arrival of new bits affect the
subsequentoutput bits of a convolutional encoder. Therefore, the contents of
these stages define the state of the encoder. The initial state of the
encoder is generally the all-zero state. After the message sequence has been
encoded zeros inust be insertedinto the encoder to complete and
terminate the codeword. If the number of message bits is much greaterthan

these terminal zeros have a negligible effect and the code rate is
well approximated by However, the need for the terminal zeros
renders the convolutional codes unsuitable for short messages. For example,
if 12 information bits are to be transmitted, the Golay (23, 12) code provides
a better performance than the same convolutionalcodes that are much more
effective when 1000 or more bits are to be transmitted.

A trellis diagram corresponding to the encoder of Figure 1.6(a) is shown
in Figure 1.7. Each of the nodes in a column of a trellis diagram represents
the state of the encoder at a specific time prior to a clock pulse. The first
bit of a state represents the content of stage 1, while the second bit represents
the content of stage 2. Branches connecting nodes representpossible changes of
state. Each branch is labeled with the output bits or symbolsproduced following
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a clock pulse and the formation of a new encoder state. In this example, the
first bit of a branch label refers to the upper output of the encoder. The upper
branch leaving a node corresponds to a 0 input bit, while the lower branch
corresponds to a 1. Every path from left to right through the trellis represents
a possible codeword. If the encoder begins in the all-zero state, not all of the
other states can be reached until the initial contents have been shifted out. The
trellis diagram then becomes identical from column to column until the final

input bits force the encoder back to the zero state.
Each branch of the trellis is associated with a branch metric, and the metric

of a codeword is defined as the sum of the branch metrics for the path associ-
ated with the codeword. A maximum-likelihood decoder selects the codeword
with the largest metric (or smallest metric, depending on how branch metrics
are defined). The Viterbi decoder implements maximum-likelihooddecoding
efficiently by sequentiallyeliminatingmany of the possible paths. At any node,
only the partial path reaching that node with the largest partial metric is re-
tained, for any partial path stemming from the node will add the same branch
metrics to all paths that merge at that node.

Since the decoding complexity grows exponentially with constraint length,
Viterbi decoders are limited to use with convolutionalcodes of short constraint
lengths. A Viterbi decoder for a rate-1/2, K = 7 convolutional code has ap-
proximately the same complexity as a Reed-Solomon (31,15) decoder. If the
constraint length is increased to K = 9, the complexity of the Viterbi decoder
increases by a factor of approximately 4.

The suboptimal sequential decoding of convolutional codes [2] does not in-
variably provide maximum-likelihood decisions, but its implementation com-
plexity only weakly depends on the constraint length. Thus, very low error
probabilities can be attained by using long constraint lengths. The number of
computations needed to decode a frame of data is fixed for the Viterbi decoder,
but is a random variable for the sequential decoder. When strong interfer-
ence is present, the excessive computational demands and consequent memory
overflows of sequential decodingusuallyresult in a higher than for Viterbi de-
coding and a much longer decoding delay. Thus, Viterbi decoding is preferable
for most communication systems and is assumed in the subsequentperformance
analysis.

To bound for the Viterbi decoder, we assume that the convolutional code
is linear and that binary symbols are transmitted. With theseassumptions, the
distribution of either Hamming or Euclidean distances is invariant to the choice
of a reference sequence. Consequently, whether the demodulator makes hard or
soft decisions, the assumption that the all-zero sequence is transmitted entails
no loss of generality in the derivation of the error probability. Let denote
the number of paths diverging at a node from the the correct path, each having
Hamming weight and incorrectinformation symbols over the unmerged seg-
ment of the path before it merges with the correct path. Thus, the unmerged
segment is at Hamming distance from the correct all-zero segment. Let
denote the minimum free distance, which is the minimum distance between any
two codewords. Although the encoder follows the all-zero path through the
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trellis, the decoder in the receiveressentially observes successive columns in
the trellis, eliminating paths and thereby sometimesintroducing errors at each
node. The decoder may select an incorrect path that diverges at node and
introduces errors over its unmerged segment. Let denote the expected
value of the number of errors introduced at node It is knownfrom (1-16)
that the equals the information-bit error rate, which is defined as the ratio
of the expected number of information-bit errors to the number of information
bits applied to the convolutional encoder. Therefore, if there are N branches
in a complete path,

Let denote the event that the path with the largest metric diverges
at node and has Hamming weight and incorrect information bits over its
unmerged segment. Then,

when is the conditional expectation of given event
is the probability of this event, and and are the maximum val-

ues of and respectively, that are consistent with the position of node in
the trellis. When occurs, bit errors are introduced into the decoded
bits; thus,

Since the decoder may alreadyhave departed from the correctpath before node
the union bound gives

where is the probability that the correct path segment has a smaller metric
than an unmerged path segment that differs in code symbols. Substituting
(1-107) to (1-109) into (1-106) and extending the two summations to we
obtain

The information-weight spectrum or distribution is defined as

In terms of this distribution, (1-110) becomes
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For coherent PSK signals over an AWGN channel and soft decisions, (1-45)
indicatesthat

When the demodulator makes hard decisions and a correct path segment
is compared with an incorrect one, correct decoding results if the number of
symbol errors in the demodulator output is less than half the number of symbols
in which the two segments differ. If the number of symbol errors is exactly half
the number of differing symbols, then either of the two segments is chosen with
equal probability. Assuming the independence of symbol errors, it follows that
for hard-decision decoding

Soft-decision decodingtypically provides a 2 dB power savings at
compared to hard-decision decoding for communications over the AWGN chan-
nel. Since the loss due to even three-bit quantization usually is 0.2 to 0.3 dB,
soft-decisiondecoding is highly preferable.

Among the convolutionalcodes of a given code rate and constraint length,
the one giving the smallest upper bound in (1-112) can sometimes be determined
by a complete computer search. The codes with the largest value of are
selected, and the catastrophic codes, for which a finite number of demodulated
symbol errors can cause an infinite number of decodedinformation-bit errors,
are eliminated. All remaining codes that do not have the minimum value of

are eliminated. If more than one code remains, codes are eliminated
on the basis of the minimal values of until one code
remains. For binary codes of rates 1/2, 1/3, and 1/4, codes with these favorable
distanceproperties have been determined [6]. For thesecodes and constraint
lengths up to 12, Tables 1.4, 1.5, and 1.6 list the corresponding values of
and Also listed in octal form are the generator
sequences that determine which shift-register stages feed the modulo-twoadders
associated with each code bit. For example, the best K = 3, rate-1/2 code
in Table 1.4 has generator sequences 5 and 7, which specify the connections
illustrated in Figure 1.6(a).

Approximate upper bounds on for rate-1/2, rate-1/3, and rate-1/4 con-
volutional codes with coherentPSK, soft-decisiondecoding, and infinitely fine
quantization are depicted in Figures 1.8 to 1.10. The graphs are computed by
using (1-113), and Tables 1.4 to 1.6 in (1-112) and then truncating the
series after seven terms. This truncation gives a tight upper bound in for

However, the truncation may excludesignificant contributions to
the upper bound when and the bound itself becomes looser as in-
creases. The figures indicate that the codeperformance improveswith increases
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Figure 1.8: Information-bit error probability for rate = 1/2 convolutional codes
with different constraint lengths and coherent PSK.

in the constraint length and as the code rate decreases if The decoder
complexity is almost exclusively dependent on K because there are en-
coder states. However, as the code rate decreases,more bandwidth and a more
difficult bit synchronization are required.

For convolutional codes of rate two trellis branches enter each state. For
higher-rate codes with information bits per branch, trellis branches enter
each state and the computational complexity may be large. This complexity can
be avoided by using punctured convolutional codes. These codes are generated
by periodically deleting bits from one or more output streams of an encoder
for an unpunctured code. For a punctured code, sets of

bits are written into a buffer from which bits are read out, where
Thus, a punctured convolutional code has a rate of the form

The decoder of a punctured codeuses the same decoder and trellis as the parent
code, but uses only the metrics of the unpunctured bits as it proceeds through
the trellis. The upper bound on is given by (1-112) with For most
coderates, there are punctured codes with the largest minimum free distance
of any convolutional code with that code rate. Punctured convolutional codes
enable the efficientimplementation of a variable-rate error-control system with
a single encoder and decoder. However, the periodic character of the trellis of
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Figure 1.9: Information-bit error probability for rate = 1/3 convolutional codes
with different constraint lengths and coherent PSK.

Figure 1.10: Information-bit error probability for rate =1/4 convolutional codes
with different constraint lengths and coherentPSK.
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a punctured code requires that the decoder acquire frame synchronization.
Coded nonbinary sequences can be produced by converting the outputs of a

binary convolutional encoder into a singlenonbinary symbol, but this procedure
does not optimize the nonbinary code•s Hamming distance properties. Better
nonbinarycodes, such as the codes, are possible [3] but do not provide
as good a performance as the nonbinary Reed-Solomoncodeswith the same
transmission bandwidth.

In principle, can be determinedfrom the generating function, T(D,I),
which can be derived for some convolutional codes by treating the state diagram
as a signal flow graph [1], [2]. The generating function is a polynomial in D
and I of the form

where represents the number of distinct unmerged segmentscharacterized
by and The derivative atI = 1 is

Thus, the bound on given by (1-112), is determined by substituting
in place of     in the polynomial expansion of the derivative of T(D, I) and
multiplying the result by In many applications, it is possible to establish
an inequality of the form

where and Z are independent of It then follows from (1-112), (1-117), and
(1-118) that

For soft-decision decoding and coherent PSK, is given by (1-113).
Using the definition of given by (1-30), changing variables, and comparing
the two sides of the following inequality, we verify that

A change of variables yields

Substituting this inequality into (1-113) with the appropriate choices for and
gives
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Figure 1.11: Encoder for trellis-coded modulation.

Thus, the upper bound on may be expressed in the form given by (1-118)
with

For other channels, codes, and modulations, an upper bound on in the
form given by (1-118) can often be derived from the Chernoff bound.

Trellis-Coded Modulation

To add an error-control code to a communication system while avoiding a band-
width expansion, one may increase the number of signal constellation points.
For example, if a rate-2/3 code is added to a system using quadriphase-shift
keying (QPSK), then the bandwidth is preserved if the modulation is changed
to eight-phase PSK (8-PSK). Since each symbol of the latter modulation rep-
resents 3/2 as many bits as a QPSK symbol, the channel-symbol rate is un-
changed. The problem is that the changefrom QPSK to the more compact
8-PSK constellation causes an increase in the channel-symbol error probability
that cancels most of the decrease due to the encoding. This problem is avoided
by using trellis-coded modulation, which integrates the modulation and coding
processes.

Trellis-coded modulation is produced by a system with the form shown in
Figure 1.11. For each input of information bits is divided into two
groups. One group of bits is applied to a convolutional encoder while the
other group of bits remains uncoded. The output bits of the
convolutional encoder select one of possible subsets of the points in the
constellation of the modulator. The uncoded bits select one of points in
the chosen subset. If there are no uncoded bits and the convolutional
encoderoutput bits select the constellationpoint. Each constellation point is a
complex number representing an amplitude and phase.

For example, suppose that and in the encoder of Figure
1.11, and an 8-PSK modulator produces an output from a constellation of 8
points. Each of the four subsets that may be selected by the two convolutional-



Figure 1.12: The constellation of 8-PSK symbols partitioned into 4 subsets.

codebits comprises two antipodal points in the 8-PSK constellation, as shown
in Figure 1.12. If the convolutional encoder has the form of Figure 1.6(a), then
the trellis of Figure 1.7 illustrates the state transitions of both the underlying
convolutional code and the trellis code. The presence of the single uncoded
bit implies that each transition betweenstates in the trellis corresponds to
two different transitions and two different phases of the transmitted 8-PSK
waveform.

In general, there are parallel transitions between every pair of states in
the trellis. Often, the dominant error events consist of mistaking one of these
parallel transitions for the correct one. If the symbols corresponding to parallel
transitions are separated by large Euclidean distances, and the constellation
subsets associated with transitions are suitably chosen, then the trellis-coded
modulation with soft-decisionViterbi decoding can yield a substantial coding
gain [1], [2], [3]. This gain usually ranges from 4 to 6 dB, depending on the
number of states and, hence, the implementationcomplexity. The minimum
Euclidean distance between a correct trellis-code path and an incorrect one is
called the free Euclidean distance and is denoted by Let denote the
total number of information bit errors associated with erroneous paths that are
at the free Euclidian distance from the correct path. The latter paths dominate
the error events when the SNR is high. An analysis similar to the one for
convolutional codes indicates that for the AWGN channel and a high SNR,
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Figure 1.13: Block interleaver.

1.3 Interleaving

An interleaver is a device that permutes the order of a sequence of symbols. A
deinterleaver is the corresponding device that restores the original order of the
sequence. A major application is the interleaving of modulated symbols trans-
mitted over a communication channel. After deinterleaving at the receiver, a
burst of channel-symbolerrors or corrupted symbols is dispersed over a number
of codewords or constraint lengths, thereby facilitating the removal of the errors
by the decoding. Ideally, the interleaving and deinterleaving ensures that the
decoderencounters statistically independent symbol decisions or metrics, as it
would if the channel were memoryless. Interleaving of channel symbols is use-
ful when error bursts are caused by fast fading, interference, or even decision-
directed equalization.

A block interleaver performs identical permutations on successive blocks of
symbols. As illustrated in Figure 1.13, successive input symbols are stored
in a random-access memory (RAM) as a matrix of rows and columns. The
input sequence is written into the interleaver in successive rows, but successive
columns are read to produce the interleaved sequence. Thus, if the input se-
quence is numbered the interleaved sequence is

For continuous interleaving, two RAMs are
needed. Symbols are written into one RAM matrix while previous symbols are
read from the other. In the deinterleaver, symbols are stored by column in one
matrix, while previous symbols are read by rows from another. Consequently,
a delay of must be accommodated and synchronization is required at
the deinterleaver.

When channelsymbols are interleaved, the parameter equals or exceeds
the block codeword length or a few constraint lengths of a convolutional code.
Consequently, if a burst of or fewer consecutive symbol errors occurs and
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there are no other errors, then each block codeword or constraint length, after
deinterleaving, has at most one error, which can be eliminated by the error-
correctingcode. Similarly, a block code that can correct errors is capable
of correcting a single burst of errors spanning as many as symbols. Since
fading can cause correlatederrors, it is necessary that exceed the chan-
nel coherence time. Interleavingeffectiveness can be thwarted by slow fading
that cannot be accommodatedwithout largebuffers that cause an unacceptable
delay.

Other types of interleavers that are closely related to the block interleaver
include the convolutional interleaver and the helical interleaver. A helical in-
terleaver reads symbols from its matrix diagonally instead of by column in such
a way that consecutive interleaved symbols are never read from the same row
or column. Both helical and convolutional interleavers and their corresponding
deinterleavers confer advantages in certain applications, but do not possess the
inherent simplicity and compatibility with block structures that block inter-
leavers have.

A pseudorandom interleaver permutes each block of symbolspseudoran-
domly. Pseudorandominterleavers may be applied to channel symbols, but
their main application is as critical elements in turbo encoders and encoders of
serially concatenatedcodes that use iterative decoding (Section 1.4). The de-
sired permutation may be stored in a read-only memory (ROM) as a sequence
of addresses or permutation indices. Each block of symbols is written sequen-
tially into a RAM matrix and then interleaved by reading them in the order
dictated by the contents of the ROM.

If the interleaver is large, it is often preferable to generate the permutation
indices by an algorithm rather than storing them in a ROM. If the interleaver
size is then a linear feedback shift registerwith stages that
produces a maximal-length sequence can be used. The binary outputs of the
shift-register stages constitute the state of the register. The state specifies the
index from 1 to N that defines a specific interleaved symbol. Theshift register
generates all N states and indices periodically.

An S-random interleaver is a pseudorandom interleaverthat constrains the
minimum interleaving distance. A tentative permutation index is compared
with the S previously selected indices, where If the tentative
index does not differ in absolute value from the S previous ones by at least
S, then it is discarded and replaced by a new tentative index. If it does, then
the tentative index becomes the next selected index. This procedure continues
until all N pseudorandom indices are selected. The S-random interleaver is
frequently used in turbo or serially concatenatedencoders.

1.4 Concatenated and Turbo Codes
A concatenated code uses multiple levels of coding to achieve a large error-
controlcapability with manageable implementation complexity by breaking the
decoding process into stages. In practice, two levels of coding have been found
to be effective. Figure 1.14 is a functional block diagram of a communication
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Figure 1.14: Concatenated coding in transmitter and receiver.

system incorporating a concatenatedcode. The channel interleaver permutes
the code bits to ensure the random distribution of code-bit errors at the input
of the concatenated decoder. Concatenated codes may be classified as classical
concatenatedcodes,turbo codes, or serially concatenatedturbo codes.

Classical Concatenated Codes

Classical concatenated codes are serially concatenated codes with the encoder
and decoder forms shown in Figure 1.15. In the most common configuration for
classical concatenated codes, an inner code uses binary symbols and a Reed-
Solomon outer code uses nonbinary symbols. The outer-encoder output sym-
bols are interleaved, and then these nonbinary symbols are converted into binary
symbolsthat are encoded by the inner encoder. In the receiver, a grouping of
the binary inner-decoderoutput symbols into nonbinary outer-code symbols
is followed by symbol deinterleaving that disperses the outer-code symbol er-
rors. Consequently, the outer decoder is able to correct most symbol errors
originating in the inner-decoderoutput. The concatenatedcode has rate

where is the inner-code rate and is the outer-code rate.
A variety of inner codes have been proposed. The dominant and most pow-

erful concatenated code of this type comprises a binary convolutional inner
code and a Reed-Solomon outer code. At the output of a convolutional inner
decoder using the Viterbi algorithm, the bit errors occur over spanswith an av-
erage length that depends on the signal-to-noise ratio (SNR). The deinterleaver
is designed to ensure that Reed-Solomon symbolsformed from bits in the same
typical error span do not belong to the same Reed-Solomon codeword. Let

denote the number of bits in a Reed-Solomon code symbol. In the
worst case, the inner decoder produces bit errors that are separated enough
that each one causes a separatesymbol error at the input to the Reed-Solomon
decoder. Since there are times as many bits as symbols, the symbol error
probability is upper-bounded by times the bit error probability at the
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Figure 1.15: Structure of serially concatenated code: (a) encoder and (b) clas-
sical decoder.

inner-decoder output. Since is no smaller than it would be if each set of
bit errors caused a single symbolerror, is lower-bounded by this bit error
probability. Thus, for binary convolutional inner codes,

where is given by (1-103) and (1-102). Assuming that the deinterleaving
ensures independent symbol errors at the outer-decoder input, and that the
Reed-Solomon code is loosely packed, (1-26) and (1-27) imply that

For coherent PSK modulation with soft decisions, is given by (1-113); if
hard decisions are made, (1-114) applies.

Figure1.16 depicts examples of the approximate upper bound on the perfor-
mance in white Gaussian noise of concatenated codes with coherent PSK, soft
demodulator decisions, an inner binary convolutional code with K = 7,
and rate = 1/2, and various Reed-Solomon outer codes. Equation (1-128) and
the upper bound in (1-127) are used. The bandwidth required by a concate-
nated code is where B is the uncoded PSK bandwidth. Since (1-126)
gives the codes of the figure require more bandwidth than rate-1/3
convolutionalcodes.

Turbo Codes

Turbo codes are parallel concatenated codes that use iterative decoding [1], [7],
[8]. As shown in Figure 1.17, the encoder of a turbo code has two component
encoders, one of which directly encodes the information bits while the other
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Figure 1.16: Information-bit error probability for concatenated codes with inner
convolutional code(K = 7, rate = 1/2), various Reed-Solomon outer
codes, and coherent PSK.

Figure 1.17: Encoder of turbo code.
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encodes interleaved bits. The iterative decoding requires that both component
codes be systematic and of the same type, that is, both convolutional or both
block.

A turbo convolutional code uses two binary convolutional codes as its compo-
nent codes. The multiplexer output comprisesboth the information and parity
bits produced by encoder 1 but only the parity bits produced by encoder 2. Be-
cause of their superior distance properties, recursive systematic convolutional
encoders are used in turbo encoders [1]. Each of these encoders has feedback
that causes the shift-register state to depend on its previous outputs. Usually,
identical rate-1/2 component codes are used, and a rate-1/3 turbo code is pro-
duced. However, if the multiplexer punctures the parity streams, a higher rate
of 1/2 or 2/3 can be obtained. Although it requires frame synchronization in
the decoder, the puncturing may serve as a convenient means of adapting the
code rate to the channel conditions. The purpose of the interleaver, which may
be a block or pseudorandominterleaver, is to permute the input bits of encoder
2 so that it is unlikely that both component codewords will have a low weight
even if the input word has a low weight. Thus, a turbo code has very few
low-weight codewords,whether or not its minimum distance is large.

Terminating tail bits are inserted into both component convolutional codes
so that the turbo trellis terminates in the all-zero state and the turbo code
can be treated as a block code. Recursive encodersrequire nonzero tail bits
that are functions of the preceding nonsystematic output bits and, hence, the
information bits.

To produce a rate-1/2 turbo code from rate-1/2 convolutional component
codes, alternate puncturing of the even parity bits of encoder 1 and the odd
parity bits of encoder 2 is done. Consequently, an odd information bit has
its associated parity bit of code 1 transmitted. However, because of the in-
terleaving that precedesencoder 2, an even information bit may have neither
its associated parity bit of code 1 nor that of code 2 transmitted. Instead,
some odd information bits may have both associatedparity bits transmitted,
although not successively because of the interleaving. Since some information
bits have no associated parity bits transmitted, the decoder is less likely to be
able to correct errors in those information bits. A convenient means of avoiding
this problem, and ensuring that exactly one associatedparity bit is transmitted
for each information bit, is to use a block interleaver with an odd number of
rows and an odd number of columns. If bits are written into the interleaver
matrix in successive rows, but successive columns are read, then odd and even
information bits alternate at the input of encoder 2, thereby ensuring that all
information bits have an associated parity bit that is transmitted. This proce-
dure, or any other that separates the odd and even information bits, is called
odd-even separation. Simulation results confirm that odd-even separation im-
proves the system performance when puncturing and block inter leavers are used,
but odd-even separation is not beneficial in the absence of puncturing [8]. In a
system with a small interleaver size, block interleavers with odd-evenseparation
usually give a better system performance than pseudorandom interleavers, but
the latter are usually superior when the interleaver size is large.
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The interleaver size is equal to the block length or frame length of the codes.
The number of low-weight or minimum-distance codewords tends to be inversely
proportional to the interleaversize. With a large interleaver and a sufficient
number of decoderiterations, the performance of the turbo convolutional code
can approach within less than 1 dB of the information-theoretic limit. However,
as the block length increases, so does the system latency, which is the delay
between the input and final output. As the symbol energy increases, the bit
error rate of a turbo code decreases until it eventually falls to an error floor or bit
error rate that continues to decrease very slowly. The potentially large system
latency, the system complexity, and, rarely, the error floor are the primary
disadvantages of turbo codes.

A maximum-likelihood decoder such as the Viterbi decoder minimizes the
probability that a received codeword or an entire received sequence is in error.
A turbo decoder is designed to minimize the error probability of each infor-
mation bit. Under either criterion, an optimal decoder would use the sampled
demodulator output streams for the information bits and the parity bits of both
component codes. A turbo decoder comprises separate component decoders for
each component code, which is theoretically suboptimal but crucial in reducing
the decoder complexity. Each componentdecoderuses a version of the maxi-
mum a posteriori (MAP) or BCJR algorithm proposed by Bahl, Cocke, Jelinek,
and Raviv [1], [8]. As shown in Figure 1.18, component decoder 1 of a turbo
decoder is fed by demodulator outputs denoted by the vector
where the components of sequence are the information bits and the compo-
nents of sequence are the parity bits of encoder 1. Similarly, component
decoder 2 is fed by outputs denoted by where the components
of sequence are the parity bits of encoder 2. For each information bit
the MAP algorithm of decoder computes estimates of the log-likelihood ratio
(LLR) of the probabilities that this bit is +1 or …1 given the vector

Since the a posteriori probabilities are related by
completelycharacterizes the a posteriori probabilities. The LLRs

of the information bits are iteratively updated in the two component decoders
by passing information between them. Since it is interleaved or deinterleaved,
arriving information is largely decorrelated from any other information in a
decoder and thereby enables the decoder to improve its estimate of the LLR.

From the definition of a conditional probability, (1-129) may be expressed
as

where is the demodulator output corresponding to the systematic or in-
formation bit and is the sequence excluding Given is
independent of Therefore, for j = 1 or 2,
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Figure 1.18: Decoder of turbo code.

Substitution of this equation into (1-130) and decomposing the results, we ob-
tain

where the a priori LLR is initially

and the extrinsic information

is a function of the parity bits processed by the component decoder The term
which represents information about provided by is defined as

where is the conditional density of given that Let
denote the noise power spectral density associated with For coherent

PSK, (1-41) with and where accounts for
the fading attenuation, gives the conditional density

Substitution into (1-135) yields
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The channel reliability factor must be known or estimated to compute
Since almost always no a priori knowledge of the likely value of the bit is

available, is assumed, and is set to zero for the first iteration
of component decoder 1. However, for subsequent iterations of either compo-
nent decoder, for one decoder is set equal to the extrinsic information
calculated by the other decoder at the end of its previous iteration. As indicated
by (1-132), can be calculated by subtracting and from
which is computed by the MAP algorithm. Since the extrinsic information
depends primarily on the constraints imposed by the code used, it provides
additional information to the decoder to which it is transferred. As indicated
in Figure 1.18, appropriate interleaving or deinterleaving is required to ensure
that the extrinsic information or is applied to each component
decoder in the correct sequence. Let B{ } denote the function calculated by
the MAP algorithm during a single iteration, I[ ] denote the interleave oper-
ation, D[ ] denote the deinterleave operation, and a numerical superscript
denote the iteration. The turbo decoder calculates the following functions
for

where When the iterative processterminates after N it-
erations, the from component decoder 2 is deinterleaved and then
applied to a device that makes a hard decision. Thus, the decision for bit is

Performance improves with the number of iterations, but simulation results
indicate that typically little is gained beyond roughly 4 to 12 iterations.

The generic name for a version of the MAP algorithm or an approximation
of it is soft-in soft-out (SISO) algorithm. The log-MAP algorithm is an SISO
algorithm that transforms the MAP algorithm into the logarithmic domain,
thereby simplifying operations and reducing numerical problems while causing
no performance degradation. The max-log-MAP algorithm and the soft-output
Viterbi algorithm (SOVA) are SISO algorithms that reduce the complexity of
the log-MAP algorithm at the cost of someperformance degradation [1], [8].
The max-log-MAP algorithm is roughly 2/3 as complex as the log-MAP algo-
rithm and typically degrade the performance by 0.1 dB to 0.2 dB at
The SOVA algorithm is roughly 1/3 as complex as the log-MAP algorithm and
typically degrades the performance by 0.5 dB to 1.0 dB at The
MAP, log MAP, max-log-MAP, and SOVA algorithms have complexities that
increaselinearly with the number of states of the component codes.

The log-MAP algorithm requires both a forward and a backward recursion
through the code trellis. Since the log-MAPalgorithm also requires additional



memory and calculations, it is roughly 4 times as complex as the standard
Viterbi algorithm [8]. For 2 identical component decoders and typically 8 algo-
rithm iterations, the overall complexity of a turbo decoder is roughly 64 times
that of a Viterbi decoder for one of the component codes. The complexity of
the decoder increases while the performance improves as the constraint length
K of each component code increases. The complexity of a turbo decoderusing
8 iterations and componentconvolutionalcodes with K = 3 is approximately
the same as that of a Viterbi decoder for a convolutional code with K = 9.

If       is unknown and may be significantly different from symbol to symbol,
a standard procedure is to replace the LLR of (1-135) with the generalized log-
likelihood ratio

where and are maximum-likelihood estimates of obtained from (1-
136) with and respectively.Calculationsyield the estimates

Substituting these estimates into (1-136) and then substituting the results into
(1-143), we obtain

This equationreplaces(1-137).
A turbo block code uses two linear blockcodes as its component codes. To

limit the decoding complexity, high-rate binary BCH codes are generallyused
as the component codes, and the turbo code is called a turbo BCH code. The
encoder of a turbo block code has the form of Figure 1.17. Puncturing is
generally not used as it causes a significant performance degradation. Suppose
that the component block codes are binary systematic and
codes, respectively. Encoder 1 converts information bits into codeword
bits. Each block of information bits are written successively into the
interleaver as columns and rows. Encoder 2 convertseach column of
interleaver bits into a codeword of bits. The multiplexer passes the bits of
each of encoder-1 codewords, but only the parity bits of encoder-2
codewords so that information bits are transmitted only once. Consequently,
the code rate of the turbo block code is

If the two block codes are identical, then If the minimum
Hamming distances of the component codes are and respectively,
then the minimum distance of the concatenated code is

48 CHAPTER 1. CHANNEL CODES
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The decoder of a turbo block code has the form of Figure 1.18, and only slight
modifications of the SISO decodingalgorithms are required. Long, high-rate
turbo BCH codes approach the Shannon limit in performance, but their com-
plexities are higher then those of turbo convolutional codes of comparable per-
formance [8].

Approximate upper bounds on the bit error probability for turbo codes have
been derived [1], [8]. Since thesebounds are difficult to evaluateexcept for short
codewords,simulation results are generally used to predict the performance of
a turbo code.

Serially Concatenated Turbo Codes

Serially concatenated turbo codes differ from classical concatenatedcodes in
their use of large interleavers and iterative decoding. The interchange of infor-
mation between the inner and outer decodersgives the serially concatenated
codes a major performance advantage. Both the inner and outer codes must
be amenable to efficient decoding by an SISO algorithm and, hence, are either
binary systematic block codes or binary systematic convolutional codes. The
encoder for a serially concatenated turbo code has the form of Figure 1.15(a).
The outer encoder generates bits for every information bits. After the
interleaving, each set of bits is converted by the inner encoder into bits.
Thus, the overall code rate of the serially concatenatedcode is If the
componentcodes are block codes, then an outer code and an inner

code are used. A functional block diagram of an iterative decoder for
a serially concatenated code is illustrated in Figure 1.19. For each inner code-
word, the input comprises the demodulator outputs corresponding to the
bits. For each iteration, the inner decoder computes the LLRs for the sys-
tematic bits. After a deinterleaving, these LLRs provide extrinsic information
about the codebits of the outer code. The outer decoder then computes the
LLRs for all its code bits. After an interleaving, these LLRs provide extrinsic
information about the systematic bits of the inner code. The final output
of the iterative decodercomprises the information bits of the concatenated
code. Simulation results indicate that a serially concatenated code with convo-
lutional codes tends to outperform a comparable turbo convolutional code for
the AWGN channel when low bit error probabilities are required [1].

Turbo Product Codes

A product code is a special type of serially concatenated code that is constructed
from multidimensional arrays and linear block codes. An encoder for a two-
dimensional turbo product code has the form of Figure 1.15(a). The outer
encoderproduces codewords of an code. For an inner code,
codewords are placed in a interleaver array of rows and columns.
The block interleaver columns are read by the inner encoder to produce
codewords of length that are transmitted. The resulting product code has
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Figure 1.19: Iterative decoder for serially concatenated code. D = deinterleaver;
I = interleaver.

codesymbols, information symbols, and code rate

If the minimum Hamming distances of the outer and inner codes are and
respectively,then a straightforward analysis indicates that the minimum

Hamming distance of the product code is

Hard-decision decoding is done sequentially on an array of received
code symbols. The inner codewords are decoded and code-symbol errors are
corrected. Any residual errors are then corrected during the decoding of the
outer codewords. Let and denote the error-correcting capability of the
outer and inner codes,respectively. Incorrect decoding of the inner codewords
requires that there are at least errors in at least one inner codeword or
array column. For the outer decoder to fail to correct the residual errors, there
must be at least inner codewords that have or more errors, and the
errors must occur in certain array positions. Thus, the number of errors that
is always correctable is

which is roughly half of what (1-1) guarantees for classicalblock codes. How-
ever, although not all patterns with more than errors are correctable, most of
them are.

When iterative decoding is used, a product code is called a turbo product
code. A comparison of (1-149) with (1-147) indicates that for a turbo
product code is generally larger than for a turbo block code with the same
component codes. The decoder for a turbo product code has the form shown in
Figure 1.20. The demodulator outputs are applied to both the inner decoder,
and after deinterleaving, the outer decoder. The LLRs of both the information
and parity bits of the corresponding code are computed by each decoder. These
LLRs are then exchanged between the decoders after the appropriate deinter-
leaving or interleaving converts the LLRs into extrinsic information. A large
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Figure 1.20: Decoder of turbo product code. D = deinterleaver; I = interleaver.

Figure 1.21: Encoder for turbo trellis-codedmodulation.

reduction in the complexity of a turbo product code in exchange for a relatively
small performance loss is obtained by using the Chase algorithm (Section1.5)
in the SISO algorithm of the component decoders[9]. For a given complexity,
the performance of turbo product codes and turbo block codes are similar [8].

Turbo Trellis-Coded Modulation

Turbo trellis-coded modulation (TTCM), which produces a nonbinary bandwidth-
efficient modulation, is obtained by using identical trellis codes as the compo-
nent codes in a turbo code [10]. The encoder has the form illustrated in Figure
1.21. The code rate and, hence, the required bandwidth of the component trel-
lis code is preserved by the TTCM encoder because it alternately selects con-
stellation points or complex symbols generated by the two parallel component
encoders. To ensure that all information bits, which constitute the encoder in-
put, are transmitted only once and that the parity bits are providedalternately
by the two component encoders, the symbol interleaver transfers symbols in
odd positions to odd positions and symbols in even positions to even positions,
where each symbol is a group of bits. After the complexsymbols are produced
by signal mapper 2, the symbol deinterleaver restores the original ordering.
The selector passes the odd-numbered complex symbols from mapper 1 and
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the even-numberedcomplexsymbols from mapper 2. The channel interleaver
permutes the selected complex symbols prior to the modulation. The TTCM
decoderuses a symbol-based SISO algorithm analogous to the SISO algorithm
used by turbo-code decoders. TTCM can provide a performance close to the
theoretical limit for the AWGN channel, but its implementation complexity is
much greater than that of conventional trellis-coded modulation [8].

The iterative decoding principle of turbo codes can be applied to equaliza-
tion, demodulation, and even other codes, notably the low-density parity-check
codes [11]. Recently, these codes have been shown to be competitive with turbo
codes in both performance and complexity.

1.5 Problems
1.

2.

3.

4.

5.

6.

7.

8.

9.

Verify that both Golay perfect codessatisfy the Hamming bound with
equality.

(a) Use (1-12) to show that Can the same result
be derived directly? (b) Use (1-13) to derive for Hamming codes.
Consider the cases and separately.

(a) Use (1-21) to derive an upper bound on Explain why this
upper bound becomes an equality for perfect codes, (c) Show that

for Hamming codes. (d) Show that for perfect codes as
both the exact equation (1-22) and the approximation (1-25) give the
same expression for

Evaluate for theHamming (7,4) codeusing both theexact equation
and the approximate one. Use the result of problem 2(b) and the weight
distribution given in the text. Compare the two results.

Use erasures to show that a Reed-Solomon codeword can be recovered
from any correct symbols.

Supposethat a binary Hamming (7,4) code is used for coherent PSK com-
munications with a constant noise-power spectral density. A codeword
has if symbol in candidate codeword is a 1, and
if it is a 0. The received output samples are -0.4, 1.0, 1.0, 1.0, 1.0, 1.0,
0.4. Use the table of Hamming (7,4) codewords to find the decision made
when the maximum-likelihood metric is used.

Prove that the word error probability for a block code with soft-decision
decodingsatisfies

Use (1-49) and (1-45) to show that the coding gain of a block code is
roughly relative to no code when is low.

Derive a generalization of the symbol error probability for binary FSK.
Let and denote the two-sided power spectral densities of the
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white Gaussiannoise in the filter matched to the transmitted signal and
the other matched filter, respectively. Change (1-81) and (1-82) appro-
priately and then derive

10.

11.

12.

(a) Show that (b) Derive the Chernoff

bound for a Gaussianrandom variablewith mean and variance

Consider the convolutional codedefined in Figures 1.6(a) and 1.7. The
input of a Viterbi decoder is 1000100000. Show the surviving paths and
their partial metrics.

Consider a system that uses coherent PSK and a convolutional code in
the presence of white Gaussian noise, (a) What is the coding gain of
a binarysystemwith soft decisions, K = 7, and relative to an
uncoded system for large ? (b) Use the approximation

to show that as , soft-decision decoding of a binary convolu-
tional code has a 3 dB coding gain relative to hard-decision decoding.

13. A concatenated code comprises an inner binary block code, which
is called a Hadamard code, and an outer Reed-Solomon code. The
outer encoder maps every bits into one Reed-Solomon symbol, and
every symbols are encoded as an codeword. After the symbol
interleaving, the inner encoder maps every Reed-Solomon symbol into
bits. After the interleaving of these bits, they are transmitted using a
binary modulation, (a) Describe the removal of the encoding by the
inner and outer decoders, (b) What is the value of as a function of ?
(c) What are the block length and code rate of the concatenatedcode?

14.

15.

Derive (1-144) and (1-145) using the steps outlined in the text.

Show that the minimum Hamming distance of a product code is equal to
the product of the minimum Hamming distances of the outer and inner
codes, respectively.
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Chapter 2

Direct-Sequence Systems

2.1 Definitions and Concepts
A spread-spectrum signal is a signal that has an extra modulation that ex-
pands the signal bandwidth beyond what is required by the underlying data
modulation. Spread-spectrum communication systems [1], [2], [3] are useful
for suppressing interference, making interception difficult, accommodating fad-
ing and multipath channels, and providing a multiple-access capability. The
most practical and dominant methods of spread-spectrum communications are
direct-sequence modulation and frequency hopping of digital communications.

At first it might seem that a spread-spectrum signal is counterproductive
insofar as the receive filter will require an increased bandwidth and, hence, will
pass more noise power to the demodulator. However, when any signal and
white Gaussian noise are applied to a filter matched to the signal, the sampled
filter output has a signal-to-noise ratio (SNR) that is inverselyproportional to
the noise-power spectral density. The remarkable aspect of this result is that
the filter bandwidth and, hence, the output noise power are irrelevant. Thus,
we observe that there is no fundamental barrier to the use of spread-spectrum
communications.

A direct-sequence signal is a spread-spectrum signal generated by the direct
mixing of the data with a spreading waveform before the final carrier modula-
tion. Ideally, a direct-sequence signal with binary phase-shift keying (PSK) or
differential PSK(DPSK) data modulation can be represented by

where A is the signal amplitude, is the data modulation, is the spread-
ing waveform, is the carrier frequency, and is the phase at The
data modulation is a sequence of nonoverlapping rectangular pulses of dura-
tion each of which has an amplitude if the associated data symbol
is a 1 and if it is a 0 (alternatively, the mapping could be
and Equation (2-1) implies that
which explicitly exhibits the phase-shift keying by the data modulation. The
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Figure 2.1: Examples of (a) data modulation and (b) spreading waveform.

spreading waveform has the form

where each equals +1 or …1 and represents one chip of the spreading sequence.
The chip waveform is ideally confined to the interval to prevent
interchip interference in the receiver. A rectangular chip waveform has

where

Figure 2.1 depicts an example of and for a rectangular chip waveform.
Message privacy is provided by a direct-sequence system if a transmitted

message cannot be recovered without knowledge of the spreadingsequence. To
ensure message privacy, which is assumed henceforth, the data-symbol transi-
tions must coincide with the chip transitions. Since the transitions coincide,
the processing gain is an integer equal to the number of chips in a
symbol interval. If W is the bandwidth of and B is the bandwidth of
the spreading due to ensures that has a bandwidth W >> B.

Figure 2.2 is a functional or conceptual block diagram of the basic operation
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Figure 2.2: Functional block diagram of direct-sequence systemn with PSK or
DPSK: (a) transmitter and (b) receiver.

of a direct-sequence system with PSK. To provide message privacy, data sym-
bols and chips, which are represented by digital sequences of 0•s and 1•s, are
synchronized by the same clock and then modulo-2 added in the transmitter.
The adder output is convertedaccording to and before the
chip and carrier modulations. Assumingthat chip and symbol synchronization
has been established, the received signal passes through the wideband filter and
is multiplied by a synchronized local replica of If is rectangular, then

and Therefore, if the filtered signal is given by (1-1), the
multiplication yields the despread signal

at the input of the PSKdemodulator. Since the despread signal is a PSK signal,
a standard coherentdemodulator extracts the data symbols.

Figure 2.3(a) is a qualitative depiction of the relative spectra of the desired
signal and narrowband interference at the output of the wideband filter. Mul-
tiplication of the received signal by the spreading waveform, which is called
despreading, produces the spectra of Figure 2.3(b) at the demodulator input.
The signal bandwidth is reduced to B, while the interference energy is spread
over a bandwidth exceeding W. Since the filtering action of the demodulator
then removes most of the interference spectrum that does not overlap the signal
spectrum, most of the original interference energy is eliminated. An approxi-
mate measure of the interference rejection capability is given by the ratio W/B.
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Figure 2.3: Spectra of desired signal and interference: (a) wideband-filter out-
put and (b) demodulator input.

Whatever the precise definition of a bandwidth, W and B are proportional to
and respectively, with the same proportionality constant.Therefore,

which links the processing gain with the interference rejection illustrated in the
figure. Since its spectrum is unchanged by the despreading, white Gaussian
noise is not suppressed by a direct-sequence system.

In practical systems, the wideband filter in the transmitter is used to limit
the out-of-band radiation. This filter and the propagation channel disperse
the chip waveform so that it is no longer confined to To avoid interchip
interference in the receiver, the filter might be designed to generate a pulse that
satisfies the Nyquist criterion for no intersymbol interference. A convenient
representation of a direct-sequence signal when the chip waveform may extend
beyond is

where denotes the integer part of When the chip waveform is assumed
to be confined to then (2-6) can be expressed by (2-1) and (2-2).

2.2 Spreading Sequences and Waveforms

Random Binary Sequence

A random binary sequence is a stochastic processthat consists of indepen-
dent, identically distributed symbols, each of duration T. Each symbol takes
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Figure 2.4: Sample function of a random binary sequence.

the value +1 with probability or the value …1 with probability Therefore,
for all and

The process is wide-sense stationary if the location of the first symbol transition
or start of a new symbol after is a random variable uniformly distributed
over the half-open interval (0,T]. A samplefunction of a wide-sense-stationary
random binary sequence is illustrated in Figure 2.4.

The autocorrelation of a stochastic process is defined as

If is a wide-sense stationary process,then is a function of alone,
and the autocorrelation is denoted by From(2-7) and the definitions of
an expected value and a conditional probability, it follows that the autocorre-
lation of a random binary sequence is

where denotes the conditional probability of event A given the occur-
rence of event B. From the theorem of total probability, it follows that

Sinceboth of the following probabilities are equal to the probability that
and differ,

Substitution of (2-10) and (2-11) into (2-9) yields
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If then and are independent random variables because
and are in different symbol intervals.Therefore,

and (2-6) implies that for then and
are independent only if a symbol transition occurs in the half-open interval

Consider any half-open interval of length that includes
Exactly one transition occurs in Since the first transition for is

assumed to be uniformly distributed over the probability that a transition
in occurs in is If a transition occurs in then and
are independent and differ with probability otherwise,
Consequently, if Substitution
of the preceding results into (2-12) confirms the wide-sensestationarity of
and gives the autocorrelation of the random binary sequence:

where the triangular function is defined by

Shift-Register Sequences

Ideally, one would prefer a random binary sequence as the spreading sequence.
However, practical synchronization requirements in the receiver force one to
use periodic binary sequences. A shift-register sequence is a periodic binary
sequence generated by combining the outputs of feedback shift registers. A
feedback shift register, which is diagrammed in Figure 2.5, consists of consecutive
two-statememory or storage stages and feedbacklogic. Binary sequences drawn
from the alphabet {0,1} are shifted through the shift register in response to clock
pulses. The contents of the stages, which are identical to their outputs, are
logically combined to produce the input to the first stage. The initial contents
of the stages and the feedback logic determine the successive contents of the
stages. If the feedback logic consists entirely of modulo-2 adders(exclusive-OR
gates), a feedback shift register and its generated sequence are called linear.

Figure 2.6(a) illustrates a linearfeedback shift register with three stages and
an output sequence extracted from the final stage. The input to the first stage
is the modulo-2 sum of the contents of the second and third stages. After each
clock pulse, the contents of the first two stages are shifted to the right, and
the input to the first stage becomes its content. If the initial contents of the
shift-register stages are 0 0 1, the subsequent contents after successive shifts are
listed in Figure 2.6(b). Since the shift register returns to itsinitial state after 7
shifts, the periodic output sequence extracted from the final stage has a period
of 7 bits.

The state of the shift register after clock pulse is the vector
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Figure 2.5: General feedback shift registerwith stages.

Figure 2.6: (a) Three-stage linear feedback shift register and (b) contents after
successive shifts.
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where denotes the content of stage after clock pulse andS(0) is the
initial state. The definition of a shift register implies that

where denotes the input to stage 1 after clock pulse If denotes the
state of bit of the output sequence, then The state of a feedback
shift register uniquely determines the subsequent sequence of states and the
shift-register sequence. The period N of a periodic sequence is defined as
the smallest positive integer for which Since the number of
distinct states of an shift register is the sequence of states and the
shift-register sequence have period

The Galois field of two elements, which is denoted by GF(2), consists of
the symbols 0 and 1 and the operations of modulo-2 addition and modulo-2
multiplication. Thesebinary operations are defined by

where denotes modulo-2 addition. From these equations, it is easy to verify
that the field is closed under both modulo-2 addition and modulo-2 multipli-
cation and that both operations are associative and commutative. Since …1 is
defined as that element which when added to 1 yields 0, we have …1 = 1, and
subtraction is the same as addition. From (2-11), it follows that the additive
identity element is 0, the multiplicative identity is 1, and the multiplicative
inverse of 1 is The substitutions of all possiblesymbol combinations
verify the distributive laws:

where and can each equal 0 or 1. The equality of subtraction and addition
implies that if then

The input to stage 1 of a linear feedback shift register is

where the operations are modulo-2 and the feedback coefficient equals either
0 or 1, depending on whether the output of stage feeds a modulo-2 adder.
An shift register is defined to have otherwise, the final state
would not contribute to the generation of the output sequence, but would only
provide a one-shift delay. For example, Figure 2.6 gives
and A general representation of a linear feedback shift
register is shown in Figure 2.7(a). If the corresponding switch is closed;
if it is open.

Since the output bit (2-16) and (2-19) imply that for
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Figure 2.7: Linear feedback shift register: (a) standard representation and (b)
high-speed form.

which indicates that each output bit satisfies the linear recurrence relation:

The first output bits are determined solely by the initial state:

Figure 2.7(a) is not necessarily the best way to generate a particular shift-
register sequence. Figure 2.7(b) illustrates an implementation that allows
higher-speed operation. From this diagram, it follows that

Repeated application of (2-22) implies that
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Addition of these equations yields

Substituting (2-23) and then into (2-25), we obtain

Since (2-26) is the same as (2-20). Thus, the two implementations can
produce the same output sequence indefinitely if the first output bits coincide.
However, they require different initial states and have different sequences of
states. Successive substitutions into the first equation of sequence(2-24) yields

Substituting and into (2-27) and then
usingbinary arithmetic, we obtain

If are specified, then (2-28) gives the corresponding initial state
of the high-speed shift register.

The sum of binary sequence and binary sequence
is defined to be the binary sequence each bit of which is the

modulo-2 sum of the corresponding bits of a and b. Thus, if we can
write

Consider sequences a and b that are generated by the same linear feedback
shift register but may differ because the initial states may be different. For the
sequence (2-29) and the associative and distributive laws of binary
fields imply that

Since the linear recurrence relation is identical, d can be generated by the same
linear feedback logic as a and b. Thus, if a and b are two output sequences of
a linear feedback shift register, then is also. If a = b, then is the
sequence of all 0•s, which can be generated by any linear feedback shift register.
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If  a linear feedback shift register reached the zero state with all its contents
equal to 0 at some time, it would always remain in the zero state, and the
output sequence would subsequently be all 0•s. Since a linear feed-
back shift register has exactly nonzero states, the period of its output
sequencecannot exceed A sequence of period generated by a
linear feedbackshift register is called a maximal or maximal-length sequence.
If a linear feedback shift register generates a maximal sequence, then all of its
nonzerooutput sequences are maximal, regardless of the initial states.

Out of possible states, the content of the last stage, which is the same
as the output bit, is a 0 in states. Among the nonzero states, the output
bit is a 0 in states. Therefore, in one period of a maximal sequence,
the number of 0•s is exactly while the number of 1•s is exactly

Given the binary sequencea, let denote a shifted binary
sequence. If a isa maximal sequence and modulo then
is not the sequence of all 0•s. Since             is generated by the same shift
register as a, it must be a maximal sequence and, hence, some cyclic shift of a.
We conclude that the modulo-2 sum of a maximal sequence and a cyclic shift
of itself by digits, where modulo produces another cyclic shift
of the original sequence; that is,

In contrast, a non-maximal linear sequence is not necessarily a
cyclic shift of a and may not even have the same period. As an example,
consider the linear feedbackshift register depicted in Figure 2.8. The pos-
sible state transitions depend on the initial state. Thus, if the initial state
is 0 1 0, then the second state diagram indicates that there are two possible
states, and, hence, the output sequence has a period of two. The output se-
quence is a = (0,1,0,1,0,1,...), which implies that a(1) = (1,0,1,0,1,0,...)
and this result indicatesthat there is no value of

for which (2-31) is satisfied.

Periodic Autocorrelations

A binary sequencea with components can be mapped into a
binary antipodal sequencep with components by means of the
transformation

or, alternatively, The periodic autocorrelation of a periodic binary
sequencea with period N is defined as

Substitution of (2-32) into (2-33) yields
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Figure 2.8: (a) Nonmaximal linear feedback shift register and (b) state dia-
grams.

where denotes the number of agreements in the corresponding bits ofa and
a(j), and denotes the number of disagreements. Equivalently, is the
number of 0•s in one period of and is the number of 1•s.

Consider a maximal sequence. From (2-31), it follows that equals the
number of 0•s in a maximal sequence if modulo N. Thus,
and,similarly,                              if             moduloN. Therefore,

The periodic autocorrelation of a periodic function with period T is
defined as

where is the relative delay variable and is an arbitrary constant. It follows
that has period T. We derive the periodic autocorrelation of assum-
ing an idealperiodic spreading waveform of infinite extent and a rectangular
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chip waveform. If the spreading sequence has period N, then has period
Equations (2-2) and (2-36) with c = 0 yield the autocorrelation of

If where is an integer, then (2-3), and (2-37) yield

Any delay can be expressed in the form where is aninteger
and Therefore, (2-37) and give

Using (2-38) and (2-3) in (2-39), we obtain

For a maximal sequence, the substitution of (2-35) into (2-40) yields over
one period:

where is the triangular function defined by (2-14). Since it has period
the autocorrelation can be compactly expressed as

Over one period, this autocorrelation resembles that of a random binary se-
quence, which is given by (2-13) with Both autocorrelations are shown
in Figure 2.9.

A straightforward calculation or the use of tables gives the Fouriertransform
of the triangular function:
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Figure 2.9: Autocorrelations of maximal sequence and random binary sequence.

where and sinc Since the infinite series in (2-
42) is a periodic function of it can be expressed as a complex exponential
Fourier series. From (2-43) and the fact that the Fourier transform of a complex
exponential is a delta function, we obtain

where is the Dirac delta function. Applying this identity to (2-42), we
determine the power spectral density of which is defined as the
Fourier transform of

This function, which consists of an infinite series of delta functions, is depicted
in Figure 2.10.

A pseudonoise or pseudorandom sequence is a periodic binary sequencewith
a nearly even balance of 0•s and 1•s and an autocorrelation that roughly re-
sembles,over one period, the autocorrelation of a random binary sequence.
Pseudonoise sequences, which include the maximal sequences,provide practi-
cal spreading sequences because their autocorrelations facilitate code synchro-
nization in the receiver (Chapter 4). Other sequences have peaks that hinder
synchronization.

To derive the powerspectral density of a direct-sequence signal with a pe-
riodic spreading sequence, it is necessary to define the average autocorrelation
of

The limit exists and may be nonzero if has finite power and infinite dura-
tion. If is stationary, The average power spectral density

is defined as the Fourier transform of the averageautocorrelation.
For the direct-sequence signal of (2-1), is modeled as a random binary

sequencewith autocorrelation given by (2-13), and is modeled as a random
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Figure 2.10: Power spectral density of maximal sequence.

variableuniformly distributed over and statistically independent of
Neglecting the constraint that the bit transitions must coincide with chip tran-
sitions, we obtain the autocorrelation of the direct-sequence signal

where is the periodic spreading waveform. Substituting this equation into
(2-46) and using (2-36), we obtain

where is the periodic autocorrelation of For a maximal spreading se-
quence, the convolution theorem, (2-48), (2-43), and (2-45) provide the average
power spectral density of

where the lowpass equivalent density is

For a random binary sequence, is given by (2-49) with
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Polynomials over the Binary Field

Polynomials allow a compact description of the dependence of the output se-
quence of a linear feedback shift register on its feedback coefficients and initial
state. A polynomial over the binary field GF(2) has the form

where the coefficients are elements of GF(2) and the symbol
is an indeterminate introduced for convenience in calculations. The degree of
a polynomial is the largest power of with a nonzero coefficient. The sum of
a polynomial of degree and a polynomial of degree is another
polynomial over GF(2) defined as

where denotes the larger of and An example is

The product of two polynomials over GF(2) is another polynomial over GF(1)
defined as

where the inner addition is modulo 2. For example,

It is easily verified that associative, commutative, and distributive laws apply
to polynomial addition and multiplication.

The characteristic polynomial associated with a linear feedback shift register
of stages is defined as

where assuming that stage contributes to the generation of the
output sequence. The generating function associated with the output sequence
is defined as



2.2. SPREADING SEQUENCES AND WAVEFORMS 71

Substitution of (2-20) into this equation yields

Combining this equation with (2-56), and defining we obtain

which implies that

Thus, the generating function of the output sequence generated by a linear
feedback shift register with characteristic polynomial may be expressed in
the form where the degree of is less than the degree
of The output sequence is said to be generatedby Equation (2-
60) explicitly shows that the output sequence is completely determined by the
feedback coefficients and the initial state

In Figure 2.6, the feedback coefficients are and and
the initial state gives and Therefore,

Performing the longpolynomial division according to the rules of binary arith-
metic yields which implies the output sequence
listed in the figure.

The polynomial is said to divide the polynomial if there is a poly-
nomial such that A polynomial over GF(2) of degree

is called irreducible if is not divisible by any polynomial over GF(2) of
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degree less than but greater than zero. If is irreducible over GF(2),
then for otherwise would divide If has an even number
of terms, then and the fundamental theorem of algebra implies that

divides Therefore, an irreducible polynomial over GF(2) must have
an odd number of terms, but this condition is not sufficient for irreducibility.
For example, is irreducible, but
is not.

If a shift-register sequence is periodic with period then its generating
function may be expressed as

where is a polynomial of degree Therefore,

Suppose that and have no common factors, which is true if is
irreducible since is of lower degree than Then must divide

Conversely, if the characteristic polynomial divides then
for some polynomial and

which has the form of (2-62). Thus, generates a sequence of period for
all and, hence, all initial states.

A polynomial over GF(2) of degree is called primitive if the smallest
positive integer for which the polynomial divides is
Thus, a primitive characteristic polynomial of degree can generate a sequence
of period which is the period of a maximal sequence generated by a
characteristic polynomial of degree Suppose that a primitive characteristic
polynomial of positive degree could be factored so that
where is of positive degree and is of positive degree A
partial-fraction expansion yields

Since and can serve as characteristic polynomials, the period of the
first term in the expansion cannot exceed while the period of the second
term cannot exceed Therefore, the period of cannot exceed
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, which contradicts the assumption that
is primitive. Thus, a primitive characteristic polynomial must be irreducible.

Theorem. A characteristic polynomial of degree generates a maximal
sequence of period if and only if it is a primitive polynomial.

Proof: To prove sufficiency, we observe that if is a primitive charac-
teristic polynomial, it divides for so a maximal sequence of
period is generated. If a sequence of smaller period could be generated,
then the irreducible would have to divide for which contra-
dicts the assumption of a primitive polynomial. To prove necessity, we observe
that if the characteristic polynomial generates a maximal sequence with
period then cannot divide because a sequence
with a smaller period would result, and such a sequencecannot be generated
by a maximal sequence generator. Since does divide it must be a
primitive polynomial.

Primitive polynomials are difficult to find, but many have been tabulated
(e.g., [4]). Those for which and one of those of minimal coefficient weight
for are listed in Table 2.1 as octal numbers in increasing order (e.g.,

For any positive integer the number of
different primitive polynomials of degree over GF(2) is

where the Euler function is the number of positive integers that are less
than and relativelyprime to the positive integer If is a prime number,
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In general,

where are the primeintegersthatdivide Thus,
and

Long Nonlinear Sequences

A long sequence or long code is a spreading sequence with a period that is much
longer than the data-symbol duration and may even exceed the message du-
ration. A short sequence or short code is a spreading sequence with a period
that is equal to or less than the data-symbol duration. Since short sequences
are susceptible to interception and linear sequences are inherently suscepti-
ble to mathematical cryptanalysis [1], long nonlinear pseudonoise sequences
and programmable code generators are needed for communications with a high
level of security. However, if a modest level of security is acceptable, short
or moderate-length pseudonoisesequences are preferable for rapid acquisition,
burst communications, and multiuser detection.

The algebraic structure of linear feedback shift registers makes them sus-
ceptible to cryptanalysis. Let

denote the column vector of the feedback coefficients of an linear
feedback shift register, where T denotes the transpose. The column vector of

successive sequence bits produced by the shift register starting at bit is

Let denote the matrix with columns consisting of the vectors
for

The linear recurrence relation (2-14) indicates that the output sequence and
feedback coefficients are related by

If consecutive sequence bits are known, then and are completely
known for some If is invertible, then the feedback coefficients can be
computed from
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Figure 2.11: Linear generator of binary sequence with period

A shift-register sequence is completely determined by the feedback coefficients
and any state vector. Since any successive sequence bits determine a state
vector, successive bits provide enoughinformation to reproduce the output
sequence unless is not invertible. In that case, one or more additional bits
are required.

If a binary sequence has period it can always be generated by a
linear feedback shift register by connecting the output of the last stage to the
input of the first stage and inserting consecutive bits of the sequence into the
output sequence, as illustrated in Figure 2.11. The polynomial associated with
one period of the binary sequence is

Let denote the greatest common polynomial divisor of the
polynomials and Then (2-62) impliesthat the generating function
of the sequence may be expressed as

If the degree of the denominator of is less than
Therefore, the sequence represented by can be generated by a linear feed-
back shift register with fewerstages than and with the characteristicfunction
given by the denominator. The appropriate initial state can be determined from
the coefficients of the numerator.

The linear equivalent of the generator of a sequence is the linear shift register
with the feweststages that produces the sequence. The number of stages in the
linear equivalent is called the linear complexity of the sequence. If the linear
complexity is equal to then (2-72) determines the linear equivalent after the
observation of consecutive sequence bits. Security improves as the period of
a sequence increases, but there are practical limits to the number of shift-register
stages. To produce sequences with a long enough period for high security, the
feedbacklogic in Figure 2.5 must be nonlinear. Alternatively, one or more
shift-register sequences or several outputs of shift-register stages may be applied
to a nonlinear device to produce the sequence [5]. Nonlinear generators with
relatively few shift-register stages can produce sequences of enormouslinear
complexity. As an example, Figure 2.12(a) depicts a nonlinear generator in
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Figure 2.12: (a) Nonlinear generator and (b) its linear equivalent.

which two stages of a linear feedback shift register have their outputs applied
to an AND gate to produce the output sequence. The initial contents of the
shift-register stages are indicated by the enclosed binary numbers. Since the
linear generator produces a maximal sequence of length 7, the output sequence
has period 7. The first period of the sequence is (0 0 0 0 0 1 1), from which the
linear equivalent with the initial contents shown in Figure 2.12(b) is derived by
evaluating (2-74).

While a large linear complexity is necessary for the cryptographic integrity
of a sequence, it is not necessarily sufficient becauseother statistical charac-
teristics, such as a nearly even distribution of 1•s and 0•s, are required. For
example, a long sequence of many 0•s followed by a single 1 has a linear com-
plexity equal to the length of the sequence, but the sequence is very weak. The
generator of Figure 2.12(a) produces a relatively large number of 0•s because
the AND gate produces a 1 only if both of its inputs are 1•s.

As another example, a nonlinear generator that uses a multiplexer is shown
in Figure 2.13. The outputs of various stages of feedback shift register 1 are
applied to the multiplexer, which interprets the binary number determined
by these outputs as an address. The multiplexer uses this address to select
one of the stages of feedback shift register 2. The selectedstage provides the
multiplexer output and, hence, one bit of the output sequence.Suppose that
register 1 has stages and register 2 has stages. If stages of register 1, where

are applied to the multiplexer, then the address is one of the numbers
Therefore, if each address specifies a distinct stage of
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Figure 2.13: Nonlinear generator that uses a multiplexer.

register 2. The initial states of the two registers, the feedback connections,
and which stages are used for addressing may be parts of a variable key that
provides security. The security of the nonlinear generator is further enhanced
if nonlinear feedback is used in both shift registers.

2.3 Systems with PSK Modulation

A received direct-sequence signal with coherent PSK modulation and ideal car-
rier synchronization can be represented by (2-1) or (2-6) with to reflect
the absence of phase uncertainty. Assuming that the chip waveform is well
approximated by a waveform of duration the received signal is

whereS is the average power, is the data modulation, is the spreading
waveform, and is the carrier frequency. The data modulation is a sequence
of nonoverlapping rectangular chip waveforms, each of which has an amplitude
equal to +1 or …1. Each pulse of represents a data symbol and has a
duration of The spreading waveform has the form

where    is equal to +1 or …1 and represents one chip of a spreading sequence
It is convenient, and entails no loss of generality, to normalize the energy

content of the chip waveform according to

Because the transitions of a data symbol and the chips coincide on both sides
of a symbol, the processing gain, defined as
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Figure 2.14: Basic elements of correlator for direct-sequence signal with coher-
ent PSK.

is an integer equal to the number of chips in a symbol interval.
A practical direct-sequence system differs from the functional diagram of

Figure 2.2. The transmitter needs practical devices, such as a power amplifier
and a filter, to limit out-of-band radiation. In the receiver, the radio-frequency
front end includes devices for wideband filtering and automatic gain control.
These devices are assumed to have a negligible effect on the operation of the
demodulator, at least for the purposes of this analysis. Thus, the front-end
circuitry is omitted from Figure 2.14, which shows the optimum demodulator
in the form of a correlator for the detection of a single symbol in the pres-
ence of white Gaussian noise. This correlator is more practical and flexible
for digital processing than the alternative one shown in Figure 2.2. It is a
suboptimal but reasonableapproach against non-Gaussianinterference. An
equivalentmatched-filter demodulator is implemented with a transversal filter
or tapped delay line and a stored spreading sequence. However, the matched-
filter implementation is not practical for a long sequence that extends over many
data symbols. If the chip-rate synchronization in Figure 2.14 is accurate, then
the demodulated sequence and the receiver-generated spreading sequence are
multiplied together, and G successive products are added in an accumulator
to produce the decision variable. The effective sampling rate of the decision
variable is the symbol rate. The sequence generator, multiplier, and summer
function as a discrete-time filter matched to the spreading sequence.

In the subsequent analysis, perfect phase, sequence, and symbol synchro-
nization are assumed. The received signal is

where is the interference, and denotes the zero-mean white Gaussian
noise. The chip matched filter has impulse response Its output is sam-
pled at the chip rate to provideG samples per data symbol. If
over then (2-75) to (2-79) indicate that the demodulated sequence cor-
responding to this data symbol is
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where

and it is assumed that so that the integral over a double-frequency
term in (2-81) is negligible. The input to the decision device is

where

Suppose that represents the logic symbol 1 and represents
the logic symbol 0. The decision device produces the symbol 1 if V > 0 and
the symbol 0 if V < 0. An error occurs if V < 0 when or ifV > 0
when The probability that V = 0 is zero.

The white Gaussian noise has autocorrelation

where is the two-sided noise power spectral density. Since (2-
86) implies that A straightforward calculation using (2-83), (2-86),
(2-87), the limited duration of and yields

It is natural and analytically desirable to model a long spreading sequence
as a random binary sequence. The random-binary-sequence model does not
seem to obscure important exploitable characteristics of long sequences and is
a reasonable approximation even for short sequences in networks with asyn-
chronous communications. A random binary sequence consists of statistically
independent symbols, each of which takes the value +1 with probability 1/2
or the value …1 with probability 1/2. Thus, It then fol-
lows from (2-84) to (2-86) that and the mean value of the
decision variable is
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for the direct-sequence system with coherent PSK. Since and are indepen-
dent for

Therefore, the independence of and for all and implies that
and hence

Tone Interference at Carrier Frequency

For tone interference with the same carrier frequency as the desired signal,
a nearly exact, closed-form equation for the symbol error probability can be
derived. The tone interference has the form

where I is the average power and is the phase relative to the desired signal.
Assuming that (2-82), (2-85), (2-92) and a change of variables give

A rectangular chipwaveform has which is given by (2-3).
For sinusoidal chips in the spreading waveform, where

Let denote the number of chips in for which the number
for which is Equations (2-93), (2-3), and (2-94) yield

where depends on the chip waveform, and

These equationsindicate that the use of sinusoidal chip waveformsinstead of
rectangular ones effectively reduces the interference power by a factor if

Thus, the advantage of sinusoidal chip waveforms is 0.91 dB against
tone interference at the carrier frequency. Equation (2-95) indicates that tone
interference at the carrier frequency would be completely rejected if
in every symbol interval.

In the random-binary-sequence model, is equally likely to be +1 or …1.
Therefore, the conditional symbol error probability given the value of is



2.3. SYSTEMS WITH PSK MODULATION 81

where is the conditional symbol error probability given the values
of and Under theseconditions, is a constant, and V has a Gaussian
distribution. Equations (2-84) and (2-95) imply that the conditional expected
value of V is

The conditional variance of V is equal to the variance of which is given by
(2-88). Using the Gaussian density to evaluate and
separately and then consolidating the results yields

where is the energy per symbol and (1-30) defines

Assuming that is uniformly distributed over and exploiting the peri-
odicity of we obtain the symbol error probability

where is given by (2-97) and (2-99).

General Tone Interference

To simplify the preceding equations for and to examine the effects of tone
interference with a carrier frequency different from the desired frequency, a
Gaussianapproximation is used. Consider interference due to a single tone of
the form

where I, and are the average power, frequency, and phase angle of the
interference signal at the receiver. The frequency is assumed to be close
enough to the desired frequency that the tone is undisturbed by the initial
wideband filtering that precedes the correlator. If so
that a term involving is negligible, (2-102) and (2-82) and a change of
variable yield
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For a rectangular chip waveform, evaluation of the integral and trigonometry
yield

where

Substituting (2-104) into (2-91) and expanding the squared cosine, we obtain

To evaluate the inner summation, we use the identity

which is proved by using mathematical induction and trigonometric identities.
Evaluation and simplification yield

where

Given the value of the in (2-104) are uniformly bounded constants, and,
hence, the terms of in (2-85) are independent and uniformly bounded. Since

as the central limit theorem [6] implies that when G is
large, the conditional distribution of is approximately Gaussian. Thus, V is
nearly Gaussianwith mean given by (2-89) and
Because of the symmetry of the model, the conditional symbol error probability
may be calculated by assuming and evaluating the probability that
V < 0. A straightforward derivation using (2-108) indicatesthat the conditional
symbol error probability is well approximated by

where

and can be interpreted as the equivalent two-sided power spectral den-
sity of the interference plus noise, given the value of For sinusoidal chip
waveforms, a similar derivation yields (2-110) with
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To explicitly exhibit the reduction of the interference power by the factor G,
we may substitute in (2-111) or (2-112). A comparison of these
two equations confirms that sinusoidal chip waveforms provide a
dB advantage when but this advantage decreases as increases
and ultimately disappears. The preceding analysis can easily be extended to
multiple tones, but the resulting equations are complicated.

If in (2-109) is modeled as a random variable that is uniformly distributed
over then the character of in (2-111) implies that its
distribution is the same as it would be if were uniformly distributed over

Therefore, we can henceforth assign a uniform distribution for The
symbolerror probability, which is obtained by averaging over the range
of is

where the fact that takes all its possible values over has been
used to shorten the integration interval.

Figure 2.15 depicts the symbol error probability as a function of the despread
signal-to-interference ratio, GS/I, for one tone-interference signal, rectangular
chipwaveforms, G = 50 = 17 dB, and and 20 dB.
One pair of graphs are computed using the approximate model of (2-111) and
(2-113), while the other pair are derivedfrom the nearly exact model of (2-97),
(2-99), and (2-101) with For the nearly exact model, depends not
only on GS/I, but also on G. A comparison of the two graphs indicates that the
error introduced by the Gaussianapproximation is on the order of or less than
0.1 dB when This example and others provide evidence that the
Gaussianapproximation introduces insignificant error if and practical
values for the other parameters are assumed.

Figure 2.16 uses the approximate model to plot versus the normalized
frequency offset for rectangular and sinusoidalchip waveforms, G = 17
dB, dB, and GS/I = 10 dB. The performance advantage of sinu-
soidal chip waveforms is apparent, but their realization or that of Nyquist chip
waveforms in a transmitted PSK waveform is difficult because of the distortion
introduced by a nonlinear power amplifier in the transmitter when the signal
does not have a constant envelope.

Gaussian Interference

Gaussian interference is interference that approximates a zero-mean, stationary
Gaussian process. If is modeled as Gaussian interference and
then (2-82), a trigonometric expansion, the dropping of a negligible double
integral, and a change of variables give
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Figure 2.15: Symbol error probability of binary direct-sequence system with
tone interference at carrier frequency and G = 17 dB.

Figure 2.16: Symbol error probability for direct-sequence system with PSK,
rectangular and sinusoidal chip waveforms, G = 17 dB, and
GS / I = 10 dB in the presence of tone interference.
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where is the autocorrelation of Since does not depend on the
index (2-91) gives

Assuming that is rectangular, we change variables in (2-114) by using
and The Jacobian of this transformation is 2. Evaluating

one of the resulting integrals and substituting the result into (2-115) yields

The limits in this equation can be extended to because the integrand is
truncated. Since is an even function, the cosine function may
be replaced by a complex exponential. Then the convolution theorem and the
known Fourier transform of yield the alternative form

where is the power spectral density of the interference after passage
through the initial wideband filter of the receiver.

Since is a zero-mean Gaussian process, the are zero-mean and
jointly Gaussian.Therefore, if the are given, then is conditionally
zero-mean and Gaussian.Since does not depend on the without
conditioning is a zero-mean Gaussianrandom variable. The independence of
the thermal noise and the interference imply that is a zero-mean
Gaussianrandom variable. Thus, a standard derivation yields the symbol error
probability:

where

If is the interference power spectral density at the input and is the
transfer function of the initial wideband filter, then Sup-
pose that the interference has a flat spectrum over a band within the passband
of the wideband filter so that

If the integration over negative frequencies in (2-119) is negligible
and
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This equation shows that or coupled with a narrow bandwidth
increases the impact of the interference power. Since the integrand is upper-
bounded by unity, This upper bound is intuitively reasonable
because where is the bandwidth of narrowband
interferenceafter the despreading, and is its power spectral density. Equation
(2-118) yields

This upper bound is tight if and the Gaussianinterference is narrowband.
A plot of (2-122) with the parameter values of Figure 2.15 indicates that roughly
2 dB more interference power is required for worst-case Gaussianinterference
to degrade as much as tone interference at the carrier frequency.

2.4 Quaternary Systems

A received quaternary direct-sequence signal with ideal carrier synchronization
and a chip waveform of duration can be represented by

where two spreading waveforms, and and two data signals,
and are used with two quadrature carriers, and is the relative delay be-
tween the in-phase and quadrature components of the signal. For a quadriphase
direct-sequence system, which uses QPSK, For a direct-sequence sys-
tem with offset QPSK (OQPSK) or minimum-shift keying (MSK),
For OQPSK, the chip waveforms are rectangular; for MSK, they are sinusoidal.
One might use MSK to limit the spectral sidelobes of the direct-sequence signal,
which may interfere with other signals.

Consider the classical or dual quaternary system in which and
are independent. Let denote the duration of the data symbols before the
generation of (2-123), and let denote the duration of the channel
symbols, which are transmitted in pairs. Let denote the common chip dura-
tion of and The number of chips per channel symbol is 2G, where

It is assumed that the synchronization is perfect in the receiver,
which is shown in Figure 2.17. Consequently, if the receivedsignal is given by
(2-123), then the upper decision variable applied to the decision device at the
end of a symbol interval during which is

where and are given by (2-82) and (2-83), respectively. The term repre-
senting crosstalk,
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Figure 2.17: Receiver for direct-sequence signal with dual quaternary modula-
tion; CMF = chip-matched filter; SSG = spreading sequence generator. Delay
= 0 for QPSK; for OQPSK and MSK.

is negligible if so that the sinusoid in (2-125) varies much more
rapidly than the other factors. Similarly, the lower decision variable at the end
of a channel-symbol interval during which is

where

Of the availabledesired-signalpower S, half is in each of the two components
of (2-123). Since the energy per channel symbol is the
same as for a direct-sequence system with PSK, and

A derivation similar to the one leading to (2-88) gives the variances of the noise
terms and in (2-124) and (2-126):

Using the tone-interference model of Section 2.3, and averaging the error
probabilities for the two parallel symbol streams, we obtain the conditional
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symbolerror probability:

where and arise from the upper and lower branches of Figure
2.17, respectively. For rectangular chip waveforms (QPSK and OQPSK signals),

and for sinusoidal chip waveforms,

where and we have used and

These equations indicate that for a quaternary direct-sequencesystem
and the worst value of is usually lower than for a binary direct-sequence
systemwith the same chip waveform and the worst value of The symbol error
probability is determined by integrating over the distribution of For
a uniform distribution, the two integrals are equal. Using the periodicity of

to shorten the integration interval, we obtain

The quaternary system provides a slight advantagerelative to the binary system
against tone interference. Both systems provide the same when and
nearly the same when Figure 2.18 illustrates versus the
normalized frequency offset for quaternary and binary systems, G = 17
dB, and GS/ I = 10 dB.

In a balanced quaternary system, the same data symbols are carried by both
the in-phase and quadrature components, which implies that the received direct-
sequence signal has the form given by (2-123) with Thus,
although the spreading is done by quadrature carriers, the data modulation may
be regarded as binary PSK. A receiver for this system is shown in Figure 2.19.
The synchronization system is assumed to operate perfectly in the subsequent
analysis. If the crosstalk terms similar to (2-125) are negligible. If
the transmitted symbol is then the input to the decision device
is
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Figure 2.18: Symbol error probability for quaternary and binary direct-sequence
systemswith G = 17 dB, andGS/ I  = 10 dB in the presence
of tone interference.

Figure 2.19: Receiver for direct-sequence signalwith balanced quaternary mod-
ulation (delay = 0 for QPSK and for OQPSK and MSK); CMF
= chip-matched filter; SSG = spreading sequencegenerator.
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where is the duration of both a data symbol and a channel symbol. If
and are approximated by independent random binary sequences, then
the last four terms of (2-136) are zero-mean uncorrelated random variables.
Therefore, the variance of V is equal to the sum of the variances of these four
random variables, and

Straightforward evaluations verify that both types of quaternary signalsprovide
the same performance against Gaussian interference as direct-sequence signals
with PSK.

Consider a balanced QPSK system, for which If is a tone, then a
straightforward extension of the preceding analysis for general tone interference
(Section 2.3) yields a that is independent of Therefore,

where for rectangular chip waveforms,

and for sinusoidal chip waveforms,

If a nearly exact model similar to the one in Section 2.3 implies that
the conditional symbol error probability is

where and are the number of chips in a symbol for which and
respectively, and is the conditional symbol error

probability given the values of and and that A derivation
analogous to that of (2-99) yields

If is uniformly distributed over then

Numerical comparisons of the nearly exact model with the approximate results
given by (2-138) for indicate that the approximate results typically
introduce an insignificant error if
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If is a convex function over an interval containing the range of a random
variable X, then Jensen•s inequality (Appendix A) is

provided that the indicated expected values exist. Consider the function

Since the second derivative of is nonnegative over the interval such that
is a convex function over that interval, and Jensen•s

inequality is applicable.
The application of this result to (2-135) with and the fact that

yields a lower bound identical to the right-hand side of (2-138).
Thus, the balanced QPSK system, for which provides a lower
symbol error probability against tone interference than the dual quaternary or
QPSK system for which A sufficient convexity condition for all

is

Figure 2.20 illustrates the performance advantage of the balanced QPSK system
of Figure 2.19 against tone interference when Equations (2-131) to
(2-135) and (2-138) to (2-140) are used for the dual quaternary and the balanced
QPSK systems, respectively, and G = 17 dB, and GS/I = 10
dB. The normalized frequency offset is The advantage of the balanced
QPSK system when is small exists because a tone at the carrier frequency
cannot have a phase that causes desired-signal cancellation simultaneously in
both receiver branches.

2.5 Pulsed Interference

Pulsed interference is interference that occurs periodically or sporadically for
brief durations. Whether it is generatedunintentionally or by an opponent,
pulsed interference can cause a substantial increase in the bit error rate of
a communication system relative to the rate caused by continuous interference
with the same average power. Pulsed interference may be produced in a receiver
by a signal with a variable center frequency that sweeps over a frequency range
that intersects or includes the receiverpassband.

Consider a direct-sequence system with binary PSK that operates in the
presence of pulsed interference. Let denote either the pulse duty cycle, which
is the ratio of the pulse duration to the repetition period, or the probability of
pulse occurrence if the pulses occur randomly. During a pulse, the interference
is modeled as Gaussian interference with power where I is the average
interference power. According to (2-121), the equivalent noise-power spectral
density may be decomposed as
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Figure 2.20: Symbol error probability for direct-sequence systems with balanced
QPSK and dual quaternary modulations, rectangular and sinusoidal chip wave-
forms, G = 17 dB, and GS/I = 10 dB in the presence of tone
interference.

where the power spectral density of continuous interference is

In the absence of a pulse, whereas in the presence
of a pulse. If the interference pulse duration approximately equals or exceeds
the channel-symbol duration, then (2-118) implies that

If is treated as a continuous variableover [0,1] and calculusgives
the value of that maximizes

Thus, worst-case pulsedinterference is more damaging than continuous inter-
ference if

By substituting into (2-149), we obtain an approximate expression
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for the worst-case when

This equation indicates that the worst-case varies inversely, rather than
exponentially, with if this ratio is sufficiently large. To restore a nearly
exponential dependence on a channel code and symbol interleaving are
necessary.

Decoding metrics that are effective against white Gaussiannoise are not
necessarily effective againstworst-casepulsed interference. We examine the
performance of five different metricsagainstpulsedinterference when the direct-
sequence system uses PSK, ideal symbol interleaving, a binary convolutional
code, and Viterbi decoding [7]. The results are the same when either dual or
balanced QPSK is the modulation.

Let denote the total information weight of the paths at Hamming
distance from the correct path over an unmerged segment in the trellis dia-
gram of the convolutional code. Let denote the probability of an error
in comparing the correct path segment with a path segment that differs in
symbols. According to (1-112) with the information-bit error rate is
upper-bounded by

where is the minimum free distance. If is the code rate, is the energy
per information bit, is the bit duration, and is the processing gain of the
uncoded system, then

The decrease in the processing gain is compensated by the coding gain. An
upper bound on for worst-case pulsed interference is obtained by maximizing
the right-hand side of (2-152) with respect to where The max-
imizing value of which depends on the decodingmetric, is not necessarily
equal to the actual worst-case because a bound rather than an equality is
maximized. However, the discrepancy is small when the bound is tight.

The simplest practical metric to implement is provided by hard-decision
decoding. Assuming that the deinterleaving ensures the independence of symbol
errors, (1-114) indicates that
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Figure 2.21: Worst-case performance against pulsed interference for convolu-
tional codes of constraint length K, rate and hard decisions.

Since approximately maximizes it also approximately maximizes the
upper bound on for hard-decision decoding given by (2-152) to (2-154).

Figure 2.21 depicts the upper bound on as a function of for worst-
case pulsed interference, and binary convolutional codes with
severalconstraint lengths and rates. Tables 1.4 and 1.5 for are used, and
the series in (2-152) is truncated after the first 7 terms. This truncation gives
reliable results only if because the series converges very slowly. How-
ever, the truncation error is partially offset by the error incurred by the use of
the union bound because the latter error is in the oppositedirection. Figure
2.21 indicates the significant advantage of raising the constraint length K and
reducing at the cost of increasedimplementation complexity and synchroniza-
tion requirements, respectively.

Let denote the equivalent one-sidednoise-powerspectral density in out-
put sample of a coherent PSK demodulator. For convenience, is assumed
to have the form of the right-hand side of (2-84)normalized by multiplying the
latter by Thus, has variance Given that code symbol of
sequence has value the conditional probability density function of is
determined from the Gaussian character of the interference and noise. For a
sequence of L code symbols, the density is
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From the log-likelihood function and the statistical independence of the
samples, it follows that when the values of are known, the
maximum-likelihood metric for optimal soft-decision decoding of the sequence
is

This metric weights each output sample according to the level of the equiv-
alent noise. Since each is assumed to be an independent Gaussian random
variable, is a Gaussian random variable.

Without loss of generality, let label the correct sequence and
label an incorrect one at distance We assumethat there is no quantization
of the sample values or that the quantization is infinitely fine. Therefore, the
probability that U(2) = U(1) is zero, and the probability of an error in com-
paring a correct sequence with an incorrect onethat differs in symbols,
is equal to probability that The symbols that are the
same in both sequences are irrelevant to the calculation of and are ignored
subsequently. Let denote the conditional probability that given
that an interference pulse occurs during out of differing symbols and does
not occur during symbols.Because of the interleaving, the probability that
a symbol is interfered is statistically independent of the rest of the sequence and
equals Thus, (2-152 ) yields

Since is a Gaussian random variable, is determined from the condi-
tional mean and variance. A straightforward calculation gives

where is the conditional mean and is the conditional vari-
ance.When an interference pulseoccurs, otherwise,
Reordering the symbols for calculative simplicity and observing that

and we obtain
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Using the statistical independence of the samples and observing that
we find similarly that

Substituting (2-159) and (2-160) into (2-158), we obtain

The substitution of this equation into (2-157) gives the upper bound on for
the maximum-likelihood metric.

The upper bound on versus for worst-case pulsed interference,
and several binary convolutionalcodes is shown in Figure 2.22.

Although the worst value of varies with it is found that worst-case
pulsed interferencecauses very little degradation relative to continuous inter-
ference. When K = 9 and the maximum-likelihood metric provides a
performance that is more than 4 dB superior at to that provided by
hard-decision decoding; when K = 9 and the advantage is approxi-
mately 2.5 dB. However, the implementation of the maximum-likelihood metric
entails knowledge of not only the presence of interference, but also its density
level. Estimates of the might be based on power measurements in adjacent
frequency bands only if the interference spectral density is fairly uniform over
the desired-signal and adjacent bands. Any measurement of the power within
the desired-signal band is contaminated by the presence of the desired signal,
the average power of which is usually unknown a priori because of the fading.
Since iterative estimation of the and decoding is costly in terms of system
latency and complexity, we examine another approach.

Consider an automatic gain control (AGC) device that measures the average
power at the demodulator output before sampling and then weights the sampled
demodulator output in proportion to the inverse of the measuredpower to
form the AGC metric. The average power during channel-symbol is

where B is the equivalent bandwidth of the demodulator and is the
channel-symbolduration. If the power measurement is perfect and
then the AGC metric is

which is a Gaussian random variable. This metric and (2-158) yield

This equation and (2-157) give the upper bound on for the AGC metric.
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Figure 2.22: Worst-case performance against pulsed interference for convolu-
tional codes of constraint length K, rate and maximum-
likelihood (ML) and AGC metrics.

The upper bound on versus for worst-case pulsed interference,
the AGC metric, the rate-1/2 binary convolutional code with K = 7, and

is plotted in Figure 2.22. The figure indicates that the potential
performance of the AGC metric is nearly as good as that of the maximum-
likelihood metric.

The measurement of may be performed by a radiometer, which
is a device that measures the energy at its input. An ideal radiometer (Chapter
7) provides an unbiased estimate of the energy received during a symbol interval.
The radiometer outputs are accurate estimates only if the standard deviation of
the output is much less than its expected value.This criterion and theoretical
results for indicate that the energy measurements over a symbol
interval will be unreliable if during interference pulses. Thus,
the potential performance of the AGC metric is expected to be significantly
degraded in practice unless each interference pulse extends over many channel
symbols and its energy is measured over the corresponding interval.

The maximum-likelihood metric for continuous interference is constant
for all is the white-noise metric:

which is much simpler to implement than the AGC metric. For the white-noise
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Figure 2.23: Performance against pulsed interference for convolutional code
with white-noisemetric, K = 7, and

metric, calculations similar to the preceding ones yield

This equation and (2-157) give the upper bound on for the white-noise met-
ric. Figure 2.23 illustrates the upper bound on versus for K = 7,

and several values of The figure demonstrates
the vulnerability of soft-decision decoding with the white-noisemetric to short
high-power pulses if interference power is conserved. The high values of
for are due to the domination ofthe metric by afew degradedsymbol
metrics.

Consider a coherent PSK demodulator that erases its output and, hence,
a received symbol whenever an interference pulse occurs. The presence of the
pulse might be detected by examining a sequence of the demodulator outputs
and determining which ones have inordinately large magnitudes compared to the
others. Alternatively, the demodulator might decide that a pulse has occurred
if an output has a magnitude that exceeds a known upper bound for the desired
signal. Consider an ideal demodulator that unerringly detects the pulses and
erases the corresponding receivedsymbols. Following the deinterleaving of the
demodulated symbols, the decoderprocesses symbols that have a probability
of being erased equal to The unerased symbols are decoded by using the
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Figure 2.24: Performance againstpulsed interference for convolutional code
with erasures, K = 7, and

white-noisemetric. The erasing of symbols causes two sequences that differ
in symbols to be compared on the basis of symbols where As
a result,

The substitution of this equation into (2-157) give the upper bound on for
errors-and-erasures decoding.

The upper bound on is illustrated in Figure 2.24 for K = 7,
20 dB, and several values of In this example, erasures provide no ad-
vantage overthe white-noisemetric in reducing the required for
if but are increasingly useful as decreases. Consider an ideal de-
modulator that activates erasures only when is small enough that the erasures
are more effective than the white-noise metric. When this condition does not
occur, the white-noise metric is used. The upper bound on for this ideal
erasure decoding, worst-case pulsedinterference, dB, and several
binary convolutional codes is illustrated in Figure 2.25. The required
at is roughly 2 dB less than for worst-case hard-decision decoding.
However, a practical demodulator will sometimes erroneously make erasures or
fail to erase, and its performance advantage may be much more modest.
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Figure 2.25: Worst-case performance against pulsed interference for convo-
lutional codes with ideal erasure decoding, constraint length K, rate and

2.6 Despreading with Matched Filters

Despreading short spreading sequences with matched filters provides inherent
code synchronization. The spreading waveform for a short sequence may be
expressed as

where is one period of the spreading waveform and T is its period. If the
short spreading sequence has length N, then

where and
Consider a signal that is zerooutside the interval [0, T]. A filter is said to

be matched to this signal if the impulse response of the filter is
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When is applied to a filter matched to it, the filter output is

The aperiodic autocorrelation of a deterministic signalwith finite energy is de-
fined as

Therefore, the response of a matched filter to the matched signal is

If this output is sampled at then the signal energy.
Consider a bandpass matched filter that is matched to

where is one period of a spreading waveform and is the desired carrier
frequency. We evaluate the filter response to the received signal corresponding
to a single data symbol:

where is a measure of the unknown arrival time, the polarity of A is de-
termined by the data symbol, and is the received carrier frequency, which
differs from because of oscillator instabilities and the Doppler shift. The
matched-filter output is

If then substituting (2-173) into (2-174) yields

where  is the phase mismatch and If
the carrier-frequency error is inconsequential, and

where
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In the absence of noise, the matched-filter output is a sinusoidal spike with
a polarity determined by A. Assuming that (2-77) is applicable, the peak
magnitude, which occurs at equals However, if
then (2-175) is not well-approximated by (2-176), and the matched-filter output
is significantly degraded.

The response of the matched filter to the interference plus noise, denoted
by may be expressed as

where

These equations exhibit the spreading of the interference spectrum.
The envelope of thematched-filteroutput is

Define  suchthat is an integer times If is sufficiently
large that then (2-176) and (2-178) imply that if is sampled
at

where If

then (2-181) implies that

A comparison of this equation with (2-182) indicatesthat there is relatively
little degradation in using an envelope detector after the matched filter rather
than directly detecting the peakmagnitude of the matched-filter output, which
is much more difficult.

Figure 2.26 illustrates the basic form of a surface-acoustic-wave (SAW)
transversal filter, which is a passive matched filter that essentially stores a
replica of the underlying spreading sequence and waits for the received se-
quence to align itself with the replica. The SAW delay line consists primarily
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Figure 2.26: Matched filter that uses a SAW transversal filter.

of a piezoelectric substrate, which serves as the acoustic propagation medium,
and interdigital transducers, which serve as the taps and the input transducer.
The transversal filter is matched to one period of the spreading waveform, the
propagation delay between taps is and is an integer. The chip matched
filter following the summer is matched to It is easily veri-
fied that the impulse response of the transversal filter is that of a filter matched
to

A convolver is an active matched filter that produces the convolution of
the received signal with a local reference [8]. When used as a direct-sequence
matched filter, a convolver uses a recirculating, time-reversed replica of the
spreading waveform as a reference waveform. In a SAW elastic convolver, which
is depicted in Figure 2.27, the received signal and the reference are applied to
interdigital transducers that generate acoustic waves at opposite ends of the
substrate. The acoustic waves travel in opposite directions with speed and

Figure 2.27: SAW elasticconvolver.
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the acoustic terminations suppress reflections. The signal wave is launched at
position and the reference wave at The signal wave travels to the
right in the substrate and has the form

where is the modulation at position The reference wave travels to
the left and has the form

where is the modulation at position Both and are assumed
to have bandwidths much smaller than The beam compressors, which con-
sist of thin metallic strips, focus the acoustic energy to increase the convolver•s
efficiency. When the acoustic waves overlap beneath the central electrode, a
nonlinear piezoelectriceffect causes a surface charge distribution that is spa-
tially integrated by the electrode. The primary component of the convolver
output is proportional to

Substituting (2-185) and (2-186) into (2-187) and using trigonometry, we find
that is the sum of a number of terms, some of which are negligible if

Others are slowly varying and are easily blocked by a filter. The
most useful component of the convolveroutput is

where Changing variables, we find that the amplitude
of the output is

where the factor results from the counterpropagation of the two acoustic
waves.

Suppose that an acquisition pulse is a singleperiod of the spreading wave-
form. Then and where is the uncertainty
in the arrival time of an acquisition pulse relative to the launching of the ref-
erence signal at The periodicity of allows the time origin to be
selected so that Equations (2-189) and (2-167) and a change of
variables yield
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Since unless unless For
every positive integer let

Only one term in (2-190) can be nonzero when and

The maximum possiblemagnitude of is produced if and
that is, if

Since (2-191) indicates that there is some that satisfies
(2-193) if

Thus, if L is large enough, then there is some such that and
the envelope of the convolver output at has the maximum possible
magnitude If and only one peak value occurs in
response to the single received pulse.

As an example, let and The chipspropagating
in the convolver for three separatetime instants and are
illustrated in Figure 2.28. The top diagrams refer to the counterpropagating
periodic reference signal, whereas the bottom diagrams refer to the single re-
ceived pulse of four chips. The chips are numbered consecutively. The received
pulse is completely contained within the convolver during The
maximum magnitude of the output occurs at time which is the instant
of perfect alignment of the reference signal and the received chips.

Figure 2.28: Chip configurations within convolver at time instants
and when and
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Figure 2.29: Direct-sequence system with binary code-shift keying: (a) trans-
mitter and (b) receiver.

Noncoherent Systems

In a noncoherent direct-sequence system with binary code-shift keying (CSK),
one of two orthogonal spreading sequences is transmitted, as shown in Figure
2.29(a). One sequence represents the symbol 1, and the other represents the
symbol 0. The receiver uses two matched filters, each matched to a different
sequence and followed by an envelope detector, as shown in Figure 2.29(b). In
the absence of noise and interference, each sequencecauses only one envelope
detector to produce a significant output. The data is recovered by comparing
the two detector outputs every symbol period.

Sinceeach of the two orthogonal sequences has a period equal to the symbol
duration, symbol or bit synchronization is identical to code synchronization.
The symbol synchronizer, which provides timing pulses to the comparator or
decision device, must lock onto the autocorrelation spikes appearing in the
envelope-detectoroutputs. Ideally, these spikes have a triangular shape. The
symbol synchronizer must be impervious to the autocorrelation sidelobe peaks
and any cross-correlation peaks. A simple implementation with a singlethresh-
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old detector would result in an unacceptable number of false alarms, premature
detections, or missed detections when the received signal amplitude is unknown
and has a wide dynamic range. Limiting or automatic gain control only exacer-
bates the problem when the signal power level is below that of the interference
plus noise. More than one threshold detector with precedencegiven to the
highest threshold crossed will improve the accuracy of the decisiontiming or
sampling instants produced by the symbol synchronizer [9]. Another approach
is to use peak detection based on a differentiator and a zero-crossingdetector.
Finally, a phase-locked or feedback loop of some type could be used in the
symbol synchronizer. A preamble may be transmitted to initiate accurate syn-
chronization so that symbols are not incorrectly detected while synchronization
is being established.

Consider the detection of a symbol represented by (2-173), where is
the CSK waveform to which filter 1 is matched. Assuming perfect symbol
synchronization, the channel symbol is received during the interval
From (2-176) to (2-181) with and we find that the output of
envelopedetector 1 at is

where

Similarly, if filter 2 is matched to sequence then the output of envelope
detector 2 at is

where

and the response to the transmitted symbol at is zero because of the
orthogonality of the sequences.

Suppose that the interference plus noise is modeled as zero-mean,
Gaussianinterference, and the spreading sequences are modeled as determin-
istic and orthogonal. Then and If
is assumed to be wideband enough that its autocorrelation is approximated by
(2-87), then straightforward calculations using and the orthogonal-
ity of and indicate that and are all uncorrelated with
each other. The jointly Gaussian character of the random variablesthen implies
that they are statistically independent of each other, and hence and are
independent. Analogous results can be obtained when the transmitted symbol



108 CHAPTER 2. DIRECT-SEQUENCE SYSTEMS

is represented by CSK waveform A straightforward derivation similar to
the classical one for orthogonal signalsthen yields the symbol error probability

where is given by (2-121). A comparison of (2-201) with (2-118) indicates
that the performance of the direct-sequence system with noncoherent binary
CSK in the presence of wideband Gaussian interference is approximately 4 dB
worse than that of a direct-sequencesystemwith coherentbinary PSK. This
difference arises because binary CSK uses orthogonal rather than antipodal
signaling. A much more complicated coherent version of Figure 2.29 would
only recover roughly 1 dB of the disparity.

A direct-sequence system with CSK encodes each group of binary
symbols as one of sequences chosen to have negligible cross correlations.
Suppose that bandwidth constraints limit the chip rate of a binary CSK system
to G chips per data bit. For a fixed data-bit rate, the CSK system
produces chips to represent each group of bits, which may be regarded
as a single symbol. Thus, the processing gain relative to a data symbol
is which indicates an enhanced ability to suppress interference. In the
presence of wideband Gaussianinterference, the performance improvement of
quaternary CSK is more than 2 dB relative to binary CSK, but four filters
matched to four double-length sequences are required. When the chip rate is
fixed, CSK provides a means of increasing the data-bit or code-symbol
rate without sacrificing the processing gain.

Elimination of the lower branch in Figure 2.29(b) leaves a system that uses a
single CSK sequence and a minimum amount of hardware. The symbol 1 is sig-
nified by the transmission of the sequence, whereas the symbol 0 is signified by
the absence of a transmission. Decisions are made after comparing the envelope-
detector output with a threshold. One problem with this system is that the
optimal threshold is a function of the amplitude of the receivedsignal, which
must somehow be estimated. Another problem is the degraded performance of
the symbol synchronizer when many consecutivezeros are transmitted. Thus,
a system with binary CSK is much morepractical.

A direct-sequence system with DPSK signifies the symbol 1 by the trans-
mission of a spreading sequencewithout any change in the carrier phase; the
symbol 0 is signified by the transmission of the same sequence after a phase
shift of   radians in the carrier phase or multiplication of the signal by …1. A
matched filter despreads the received direct-sequence signal, as illustrated in
Figure 2.30. The filter output is applied to a standard DPSK demodulator that
makessymbol decisions. An analysis of this system in the presence of wideband
Gaussianinterference indicates that it is more than 2 dB superior to the system
with binary CSK. However, the system with DPSK is more sensitive to Doppler
shifts and is more than 1 dB inferior to a system with coherent binary PSK.
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Figure 2.30: Receiver for direct-sequence system with differential phase-shift
keying.

Multipath-Resistant Coherent System

Carrier synchronization is essential for the coherent demodulation of a direct-
sequence signal. Prior to despreading, the signal-to-interference-plus-noise ratio
(SINR) may be too low for the received signal to serve as the input to a phase-
locked loop that produces a phase-coherentcarrier. Although the despread
matched-filter output has a large SINR near the autocorrelation peak, the av-
erage SINR may be insufficient for a phase-lockedloop. An alternative approach
is to use a recirculation loop to produce a synchronized carrier during the main
lobe of the matched-filter output.

A recirculation loop, is designed to reinforce a periodic input signal by posi-
tive feedback. As illustrated in Figure 2.31, the feedback elements are an atten-
uator of gain K and a delay line with delay approximating a symbol duration

The basic conceptbehind this architecture is that successivesignal pulses
are coherently added while the interference and noise are noncoherently added,
thereby producing an output pulse with an improved SINR. The periodic input

Figure 2.31: Recirculation loop.



110 CHAPTER 2. DIRECT-SEQUENCE SYSTEMS

consists of N symbol pulses such that

where  for or The figure indicates that the loop output is

Substitution of this equation into itself yields

Repeating this substitution process timesleads to

which indicates that increases with if and enough input pulses
are available. To prevent an eventual loop malfunction, K < 1 is a design
requirement that is assumed henceforth.

During the interval or fewer recirculations of the symbols
haveoccurred.Since for the substitution of (2-202) into (2-205)
yields

This equation indicates that if is not exactly equal to then the pulses
do not add coherently, and may combine destructively. However,since K < 1,
the effect of a particular pulse decreases as increases and will eventually be
negligible. The delay is designed to match Suppose that the design error
is small enough that

Since and is time-limited, (2-207)
and imply that only the term in (2-206) with contributes
appreciably to the output. Therefore,

Let denote a positive integer such that is negligible if Consider
an input pulse of the form
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which implies that each of the N pulses in (2-202) has the same initial phase.
Assume that the amplitude varies slowly enough that

and that the designerror is small enough that

Then (2-208) to (2-211) yield

If S is the average power in an input pulse, then (2-212) indicates that the
average power in an output pulse during the interval is
approximately

If is large enough that the recirculated noise is uncorrelated with the in-
put noise, which has average power then the output noise power after
recirculations is

The improvement in the SNR due to the presence of the recirculation loop is

Since it was assumed that is negligibly small when the maximum
improvement is nearly attained when However, the upper bound on

for the validity of (2-211) decreases as the loop phase error
increases.Thus, K must be decreased as the phaseerror increases. The phase
error of a practical SAW recirculation loop may be caused by a temperature
fluctuation, a Doppler shift, oscillator instability, or an imprecise delay-line
length. Various other loop imperfections limit the achievable value of K and,
hence, the improvement that the loop can provide [10].
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Figure 2.32: Coherent decision-directed demodulator.

Figure 2.32 illustrates a coherent decision-directed demodulator for a direct-
sequence signal with binary PSK and the same carrier phase at the beginning
of each symbol. The bandpass matched filter removes the spreading waveform
and produces compressed sinusoidal pulses, as indicated by (2-176) and (2-177)
when A is bipolar. A compressed pulse due to a direct-path signal may be fol-
lowed by one or more compressed pulses due to multipath signals, as illustrated
conceptually in Figure 2.33(a) for pulses corresponding to the transmitted sym-
bols 101. Each compressed pulse is delayed by one symbol and then mixed with
the demodulator•s output symbol. If this symbol is correct, it coincides with the
same data symbol that is modulated onto the compressedpulse. Consequently,
the mixer removes the data modulation and produces a phase-coherent reference
pulsethat is independent of the data symbol, as illustrated in Figure 2.33(b),
where the middle pulses are inverted in phase relative to the corresponding
pulses in Figure 2.33(a). The referencepulses are amplified by a recirculation
loop. The loop output and the matched-filter output are applied to a mixer
that produces the baseband integratorinput illustrated in Figure 2.33(c). The
length of the integration interval is equal to a symbol duration. The integrator
output is sampled and applied to a decision device that produces the data out-
put. Since multipath components are coherently integrated, the demodulator
provides an improved performance in a fading environment.

Even if the desired-signal multipath components are absent, the coherent
decision-directed receiver potentially suppressesinterference approximately as
much as the correlator of Figure 2.14. The decision-directed receiver is much
simpler to implement because code acquisition and tracking systems are unnec-
essary, but it requires a short spreading sequence and an accurate recirculation
loop. More efficient exploitation of multipath components is possible with rake
combining(Chapter 5).
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Figure 2.33: Conceptual waveforms of demodulator: (a) matched-filter output,
(b) recirculation loop input or output, and (c) basebandintegrator input.

2.7 Rejection of Narrowband Interference

Narrowband interference presents a crucial problem for spread-spectrum over-
lay systems, which are systems that have been assigned a spectral band already
occupied by narrowband communication systems.Jamming against tactical
spread-spectrum communications is another instance of narrowband interfer-
ence that may exceed the natural resistance of a practical spread-spectrum
system, which has a limited processing gain. There are a wide variety of
techniques that supplement the inherent ability of a direct-sequence system
to reject narrowband interference [11], [12]. All of the techniques directly or
indirectly exploit the spectral disparity between the narrowband interference
and the wideband direct-sequence signal. The most useful methods can be
classified as time-domain adaptive filtering, transform-domain processing, non-
linear filtering, or code-aided techniques. The general form of a receiver that
rejects narrowband interference and demodulates a direct-sequence signal with
binary PSK is shown in Figure 2.34. The processor, which follows the chip-rate
sampling of the baseband signal, implements one of the rejection methods.
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Figure 2.34: Direct-sequencereceiver with processor for rejecting narrowband
interference.

Time-Domain Adaptive Filtering

A time-domain adaptive filter [13] for interference suppression processes the
baseband sample values of a received signal to adaptively estimate the interfer-
ence. This estimate is subtracted from the sample values, thereby canceling the
interference. The adaptivefilter is primarily a predictive systemthat exploits
the inherent predictability of a narrowband signal to form an accurate replica
of it for the subtraction. Since the wideband desired signal is largely unpre-
dictable, it does not significantly impede the prediction of a narrowband signal.
When adaptive filtering is used, the processor in Figure 2.34 has the form of
Figure 2.35(a). The adaptive filter may be a one-sided or two-sided transversal
filter.

The two-sided adaptive transversalfilter multiplies each tap output by a
weight except for the central tap output, as diagrammed in Figure 2.35(b).
This filter is an interpolator in that it uses both past and future samples to
estimate the value to be subtracted. The two-sided filter provides a better per-
formance than the one-sided filter, which is a predictor. The adaptive algorithm
of the weight-control mechanism is designed to adjust the weights so that the
power in the filter output is minimized. The direct-sequence components of
the tap outputs, which are delayed by integermultiples of a chip duration, are
largely uncorrelated with each other, but the narrowband interference compo-
nents are strongly correlated. As a result, the adaptive algorithm causes the
interference cancellation in the filter output, but the direct-sequence signal is
largely unaffected.

An adaptive filter with 2N + 1 taps and 2N weights, as shown in Figure
2.35(b), has input vector at iteration given by

and weight vector

where T denotes the transpose and the central tap output, which is denoted
by has been excluded from x. Since coherent demodulation produces real-
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Figure 2.35: (a) Processor using adaptive filter and (b) two-sided adaptive
transversalfilter.

valued inputs to the adaptive filter,      and are assumed to have real-
valued components. The symmetric correlation matrix of x is defined as

The cross-correlation vector is defined as According to
the Wiener-Hopf equation (Appendix B), the optimal weight vector is

The least-mean-square (LMS) algorithm (Appendix B) computes the weight
vector at iteration as

where  is the estimation error, is the filter output,
and is the adaptation constant, which controls the rate of convergence of
the algorithm. The output of the adaptive filter is which is applied to the
despreader. Under certain conditions, the mean weight vector converges to

after a number of iterations of the adaptive algorithm. If it is assumed
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Figure 2.36: Processor with decision-directed adaptive filter.

that then a straightforward analysis indicates that the adaptive
transversal filter provides a substantial suppression of narrowband interference
[11]. Although the interference suppression increases with the number of taps,
it is always incomplete if the interference has a nonzero bandwidth because
a finite-impulse-response filter can only place a finite number of zeros in the
frequency domain.

The adaptive transversal filter is inhibited by the presence of direct-sequence
components in the filter input vector These components can be suppressed
by using decision-directed feedback, as shown in Figure 2.36. Previously de-
tected symbols remodulate the spreading sequence delayed by G chips (long
sequence) or one period of the spreading sequence (short sequence). After an
amplitude compensation by a factor the resulting sequenceprovides estimates
of the direct-sequence components of previous input samples. A subtraction
then provides estimated sample values of the interference plus noise that are
largely free of direct-sequence contamination. These samples are then applied
to an adaptive transversal filter that has the form of Figure 2.35 except that it
has no central tap. The transversal filter output consists of refined interference
estimates that are subtracted from the input samples to produce samples that
have relatively small interference components. An erroneous symbol from the
decision device causes an enhanced direct-sequence component in samples ap-
plied to the transversal filter, and error propagation is possible. However, for
moderate values of the signal-to-interference ratio at the input, the performance
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is not degraded significantly.
Adaptive filtering is only effective after the convergence of the adaptive al-

gorithm, which may not be able to track time-varying interference. In contrast,
transform-domain processing suppresses interference almost instantaneously.

Transform-Domain Processing

The input of a transform-domain processor could be a continuous-time received
signal that feeds a real-time Fourier transformer implemented as a chirp trans-
form processor [1]. In a more versatile implementation, which is depicted in
Figure 2.37 and assumed henceforth, the input consists of the output samples
of a chip-matched filter. Blocks of these samples feed a discrete-time Fourier or
wavelet transformer. The transform is selected so that the transform-domain
forms of the desired signal and interference are easily distinguished. Ideally, the
transform produces interference components that are confined to a few trans-
form bins while the desired-signalcomponents have nearly the same magnitude
in all the transform bins. A simple exciser can then suppress the interference
with little impact on the desired signal by setting to zero the components in
bins containing the interference. The decision as to which bins contain in-
terference can be based on the comparison of each component to a threshold.
After the excision operation, the desiredsignal is largely restored by the inverse
transformer.

Figure 2.37: Transform-domain processor.

Much better performance against stationary narrowband interference may
be obtained by using a transform-domain adaptive filter as the exciser [14].
This filter adjusts a single nonbinary weight at each transform-bin output. The
adaptive algorithm is designed to minimize the difference between the weighted
transform and a desired signal that is the transform of the spreading sequence
used by the input block of the processor. If the direct-sequence signal uses
the same short spreading sequence for each data symbol and each processor
input block includes the chips for a single data symbol, then the desired-signal
transform may be stored in a read-only memory. However, if a long spreading
sequence is used, then the desired-signaltransform must be continuously pro-
duced from the output of the receiver•s code generator. The main disadvantage
of the adaptive filter is that its convergence rate may be insufficient to track
rapidly time-varying interference.

A transform that operates on disjoint blocks of N input samples may be
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defined in terms of N orthonormal, N-component basis vectors:

which span a linear vector space of dimension N. Since the components may
be complex numbers, the orthonormality implies that

where H denotes the complex conjugate of the transpose. The input block

may be expressed in terms of the basis as

where

If the discrete Fourier transform is used,then where

The transformer extracts the vector

by computing

whereB is the unitary matrix of basis vectors:

The exciser weights each component of the transform c by computing

where is the N × N diagonal weight matrix with diagonal elements
The inverse transformer then produces the excised block that

is applied to the despreader:

If there were no weighting, then Since z = x would result,
as expected when the transformer and inverse transformer are in tandem. In
general, the diagonal elements of are either set by a threshold device fed
by c or they are the outputs of the weight-control mechanism of an adaptive
filter. When N equals the processing gain G and the input comprises the
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unmodulated spreading sequence, the despreader correlates its input block with
the appropriate segment of the spreading sequence to form the decision variable:

The filtering and despreading can be simultaneously performed in the trans-
form domain. Let

denote a synchronous replica of the spreading sequence, which is generated by
the receiver code generator. Then (2-229) to (2-231) give

Thus, if the spreading sequence is used to produce the matrix then
the product of this matrix and the transform c gives V without the need for an
inverse transformer and a separate despreader.

Nonlinear Filtering

By modeling the narrowband interference as part of a dynamic linear system,
one can use the Kalman-Bucy filter [13] to extract an optimal linear estimate
of the interference. A subtraction of this estimate from the filter input then
removes a large part of the interference from the despreaderinput. However, a
superior nonlinear filter can be designed by approximating an extension of the
Kalman-Bucy filter.

Consider the estimation of an state vector of a dynamic system
based on the observationvector Let denote the state transition
matrix, an observation matrix, and and disturbance vectors
of dimensions and respectively. According to the linear dynamic
systemmodel, the state and observation vectors satisfy

It is assumed that the sequences are independent sequences of in-
dependent, zero-mean random vectorsthat are also independent of the initial
state The covariance of is Let
denote the first     observation vectors. Let and  de-
note the probability density functions of and respectively, conditioned
on A fundamental result of estimation theory is that the estimate
that minimizes the mean-norm-squared error is the expectation

conditioned on

The corresponding conditional covariance is denoted by
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From (2-233), it follows that the expectation of conditioned on is

The covariance of conditioned on is defined as

The following theorem due to Masreliez[15] extends the Kalman-Bucy filter.
Theorem. Assume that is a Gaussian density with mean

and covariance matrix and that is twice differentiable
with respect to the components of Then the conditional expectation and
the conditional covariance satisfy

where is an vector with components

is an matrix with elements

and is the jth component of
Proof: When is given, (2-234)indicates that is independent of

Therefore, Bayes• rule gives

With the concise notation (2-235) and the fact that a
density is a scalar function yield

Using the Gaussian density (2-237), and (2-238), and then inte-
grating by parts, we obtain



2.7. REJECTION OF NARROWBAND INTERFERENCE 121

where the gradient vector has as its component. Equa-
tion (2-234) implies that

where is the density of Substitution of this equation into the preceding
one gives

where the second equality results because is not a function of
Substituting (2-245) into this equation and evaluating the integral, we obtain
(2-239).

To derive (2-240), we add and subtract in (2-236) and simplify, which
gives

The second term of this equation may be evaluated by substituting (2-239).
The first term may be evaluated in a similar manner as the derivation of (2-
239) except that an integration by parts must be done twice. After a tedious
calculation, we obtain (2-240). Equation (2-241) is derived by using the def-
inition of given by (2-238) and then substituting (2-233), (2-237), and
(2-236).Equation (2-242) follows from (2-237).

The filter defined by this theorem is the Kalman-Bucy filter if
is a Gaussian density. Since (2-234) and (2-238) indicatethat the covariance of

conditioned on is where a Gaussian
density impliesthat

Substitution of these two equations into (2-239) and (2-240) yields the usual
Kalman-Bucy equations.

To apply this theorem to the interference suppressionproblem, the narrow-
band interference sequence at the filter input is modeled as an autoregres-
sive process that satisfies
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where is a white Gaussianprocess with variance and the are known
to the receiver. The state-space representation of the system is

where

The observation noise is the sum of the direct-sequence signal and the
white Gaussiannoise

Since the first component of the state vector is the interference the state
estimate provides an interference estimate that can be subtracted from
the received signal to cancel the interference.

For a random spreading sequence, or with equal probability. If
is zero-mean and Gaussian with variance then has the density

where

For this non-Gaussian density, the optimal filter that computes the exact con-
ditional mean given by (2-235) is nonlinear with exponentially increasing com-
plexity and, thus, is impractical. The density is not Gaussian as
required by Masreliez•s theorem. However, by assuming that this density is
approximately Gaussian, we can use results of the theorem to derive the ap-
proximate conditional mean (ACM) filter [16].

Conditioned on and the expected value of is since
and are independent of From the definition of and (2-250), it follows
that the conditional variance of is

Since is approximated by a Gaussian density, we obtain



2.7. REJECTION OF NARROWBAND INTERFERENCE 123

Substitution of this equation into (2-243) and (2-244) yields

where the innovation or prediction residual is

and

is the predicted observation based on The update equations of the ACM
filter are given by (2-239) to (2-242) and (2-260) to (2-263). The difference
between the ACM filter and the Kalman-Bucy filter is the presence of the
nonlinear tanh and sech functions in (2-260) and (2-261).

Adaptive ACM filter

In practical applications, the elements of the matrix in (2-252) are unknown
and may vary with time. To cope with theseproblems, an adaptive algorithm
that can track the interference is desirable. The adaptive ACM filter receives

and produces the interference estimate denoted by The
output of the filter is denoted by and ideally is plus a small
residual of An adaptive transversal filter is embedded in the adaptive ACM
filter. To use the structure of the nonlinear ACM filter, we observethat the
second term inside the brackets in (2-260) would be absent if were absent.
Therefore, may be interpreted as a soft decision on the direct-
sequencesignal The input to the adaptive transversal filter at time is
taken to be the difference between the observation and the soft decision:

where

The input is a reasonable estimate of the interference that is improved by
the adaptive filter. The architecture of the one-sided adaptive ACM filter [18]
is shown in Figure 2.38. The output of the N-tap transversal filter provides the
interference estimate

where is the weight vector and
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Figure 2.38: Adaptive ACM filter.

which is extracted from the filter taps. When has only a small component
due to the filter can effectively track the interference, and is a good
estimate of this interference.

A normalized version of the LMS algorithm for the adaptive ACM filter is
given by the weight-update equation:

where is the adaptation constant and is an estimate of the input power
iteratively determined by

The division by in (2-268) normalizes the algorithm by making the choice
of an appropriate for fast convergence and good performance much less
dependent on the input power level.

The calculation of requires the estimation of If the produced
by the adaptive filter approximates the prediction residual of (2-263), then (2-
262), (2-260), (2-255), and (2-238)imply that Therefore,
if is estimated by computing the sample variance of the filter output,
then the subtraction of from the sample variance gives an estimate of

A figure of merit for filters is the SINR improvement, which is the ratio of
the output SINR to the input SINR. Since the filters of concern do not change
the signal power, the SINR improvement is
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In terms of this performance measure, the nonlinear adaptive ACM filter has
been found to provide much better suppression of narrowband interference than
the linear Kalman-Bucy filter if the noise power in is less than the direct-
sequence signal power in If the latter condition is not satisfied, the advantage
is small or absent. Disadvantagesapparent from (2-265) are the requirements
to estimate the parameters and and to compute or store the tanh function.
At the cost of additional complexity and delay, a nonlinear adaptive interpolator
[17] gives a slight performance gain.

The preceding linear and nonlinear methods are primarily predictive meth-
ods that exploit the inherent predictability of narrowband interference. Further
improvements in interference suppression are theoretically possible by using
code-aided methods, which exploit the predictability of the spread-spectrum sig-
nal itself [18]. Most of these methods are based on methods that were originally
developed for multiuser detection (Chapter 6). Some of them can potentially
be used to simultaneously suppress both narrowband interference and multiple-
access interference. However, code-aided methods require even more computa-
tion and parameter estimation than the ACM filter, and the most powerful of
the adaptive methods are practical only for short spreading sequences.

2.8 Problems

1. Consider a linear feedback shift register with characteristic polynomial
Find all possible state sequences.

Derive (2-44) using the steps specified in the text.

The characteristic polynomial associated with a linear feedbackshift reg-
ister is The initial state is

Use polynomial long division to determine the first
nine bits of the output sequence.

If the characteristic polynomial associated with a linear feedback shift
register is what is the linear recurrence relation? Write the
generating function associated with the output sequence. What is the
period of the output sequence? Derive it by polynomial long division.

Prove by exhaustive search that the polynomial is
primitive.

Derive the characteristicfunction of the linear equivalent of Figure 2.12(a).
Verify the structure of Figure 2.12(b) and derive the initial contents indi-
cated in the figure.

This problem illustrates the limitations of an approximate model in an
extreme case. Suppose that tone interference at the carrier frequency
is coherent with a PSK direct-sequencesignal so that in (2-92).
Assume that and Show that Show

2.

3.

4.

5.

6.

7.
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that the general tone-interference model of Section 2.2 leads to a nonzero
approximate expression for

8.

9.

Derive (2-116) using the steps specified in the text.

To assess the effect of wideband filtering on the thermal noise, we may
substitute in place of where is the factor that accounts for the
presence of the filter. Show that for an ideal rectangular bandpass filter
of bandwidth W.

If then and the impact of the wideband filtering
is modest or small.

10.

11.

12.

13.

Derive (2-131) and (2-132) using the results of Section 2.2.

Derive (2-138) and (2-139) using the results of Section 2.2.

Derive the expression for that leads to (2-142).

Use the general interference model to plot versus GS/I for dual and
balanced quadriphase direct-sequence systems with tone interference at
the carrier frequency and Observe that the balanced
system has more than a 2 dB advantage at

Consider a direct-sequence system with binary PSK, a required
and How much additional power is required against worst-case
pulsed interference beyond that required against continuous interference.
Use

For a direct-sequence system with binary DPSK, in
the presence of white Gaussian noise. Derive the worst-case duty cycle
and for strong pulsedinterference when the power spectral density of
continuous interference is Show that DPSK has a more than 3 dB
disadvantage relative to PSK against worst-case pulsed interference when

is large.

What are the values of and for the white noise metric
and for the AGC metric?

Expand (2-175) to determine the degradation in when
and the chip waveform is rectangular.

Evaluate the impulse response of a transversal filter with the form of
Figure 2.26. Show that this impulse response is equal to that of a filter
matched to

14.

15.

16.

17.

18.
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19. Consider an elastic convolver for which for some positive integer
n and where p(t) is the periodic spreading waveform. The
received signal is where A is a positiveconstant. Express

as a function of the periodic autocorrelation of the spreading
waveform. How might this result be applied to acquisition?

Consider the soft-decision term in (2-264). What are its values as
and as Give an engineering interpretation of theseresults.

20.
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Chapter 3

Frequency-Hopping
Systems

3.1 Concepts and Characteristics

Frequency hopping is the periodic changing of the carrier frequency of a trans-
mitted signal. The sequence of carrier frequencies is called the frequency-
hopping pattern. The set of M possible carrier frequencies is
called the hopset. The rate at which the carrier frequency changes is called the
hop rate. Hopping occurs over a frequency band called the hopping band that
includes M frequency channels. Each frequency channel is defined as a spectral
region that includes a single carrier frequency of the hopset as its center fre-
quency and has a bandwidth B large enough to include most of the power in a
signal pulse with a specific carrier frequency. Figure 3.1 illustrates the frequency
channelsassociated with a particular frequency-hopping pattern. The time in-
terval between hops is called the hop interval. Its duration is called the hop
duration and is denoted by The hopping band has bandwidth

Figure 3.2 depicts the general form of a frequency-hopping system. The
frequency synthesizers (Section 3.4) produce frequency-hopping patterns deter-
mined by the time-varying multilevel sequencespecified by the output bits of
the code generators. In the transmitter, the data-modulated signal is mixed
with the synthesizer output pattern to produce the frequency-hopping signal.
If the data modulation is some form of angle modulation then the received
signal for the hop is

where S is the average power, is the carrier frequency for this hop, and
is a random phase angle for the hop. The frequency-hopping pattern

produced by the receiver synthesizer is synchronized with the pattern produced
by the transmitter, but is offset by a fixed intermediate frequency, which may
be zero. The mixing operation removes the frequency-hopping pattern from the
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Figure 3.1: Frequency-hopping patterns.

Figure 3.2: Generalform of frequency-hopping system: (a) transmitter and (b)
receiver.
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received signal and, hence, is called dehopping. The mixer output is applied to
a bandpass filter that excludesdouble-frequency components and power that
originated outside the appropriate frequency channel and produces the data-
modulated dehopped signal, which has the form of (3-1) with replaced by the
intermediate frequency.

Although it provides no advantage against white noise, frequency hopping
enablessignals to hop out of frequency channels with interference or slow
frequency-selective fading. To fully exploit this capability againstnarrowband
interference signals, disjoint frequency channels are necessary. The disjoint
channels may be contiguous or have unused spectral regions between them.
Some spectral regions with steady interference or a susceptibility to fading
may be omitted from the hopset, a processcalled spectral notching. Multiple
frequency-shift keying (MFSK) differs fundamentally from frequency hopping
in that all the MFSK subchannels affect each receiver decision. No escape from
or avoidance of a subchannel with interference is possible.

To ensure the secrecy and unpredictably of the frequency-hopping pattern,
the pattern should be a pseudorandom sequence of frequencies. The sequence
should have a large period and a uniform distribution over the frequency chan-
nels and should be generated by a multilevel sequence with a large linear span.
The large period prevents the capture and storage of a period of the pattern by
an opponent. The linear span of a multilevel sequence is the smallest degree
of any linear recursion that the sequencesatisfies. A large linear span inhibits
the reconstruction of the pattern from a short segment of it. The set of con-
trol bits produced by the code generator usually constitutes a symbol drawn
from a finite field with the necessaryproperties. A frequency-hopping pattern
is obtained by associating a distinct frequency with each symbol. A number of
methods have been found to ensure a large linear span [1], [2].

An architecture that enhances the transmission security by encrypting the
control bits is shown in Figure 3.3. The specific algorithm for generating the
control bits is determined by the key and the time-of-day (TOD). The key, which
is the ultimate source of security, is a set of bits that are changedinfrequently
and must be kept secret. The TOD is a set of bits that are derived from the
stages of the TOD counter and change with every transition of the TOD clock.
For example, the key might change dailywhile the TOD might change every
second. The purpose of the TOD is to vary the generator algorithm without
constantly changing the key. In effect, the generator algorithm is controlled
by a time-varying key. The code clock, which regulates the changes of state
in the code generator and thereby controls the hop rate, operates at a much
higher rate than the TOD clock. In a receiver, the code clock is produced by
the synchronization system. In both the transmitter and the receiver, the TOD
clock may be derived from the code clock.

A frequency-hopping pulse with a fixed carrier frequency occurs during a
portion of the hop interval called the dwell interval. As illustrated in Figure 3.4,
the dwell time is the duration of the dwell interval during which the channel
symbols are transmitted. The hop duration is equal to the sum of the
dwell time and the switching time The switching time is equal to the



132 CHAPTER 3. FREQUENCY-HOPPING SYSTEMS

Figure 3.3: Secure method of synthesizer control.

Figure 3.4: Time durations of a frequency-hopping pulse.

dead time, which is the duration of the interval when no signal is present, plus
the rise and fall times of a pulse. Even if the switching time is absent in the
transmitted signal, it will be present in the dehopped signal in the receiver
because of the imperfect synchronization of received and receiver-generated
waveforms. The nonzero switching time, which may include an intentional
guard time, decreases the transmitted symbol duration If is the symbol
duration in the absence of frequency hopping, then The
reduction in symbol duration expands the transmitted spectrum and thereby
reduces the number of frequency channels within a fixed hopping band. Since
the receiver filtering will ensure that rise and fall times of pulses have durations
on the order of a symbol duration, in practical systems. Implementing
a short switching time becomes an obstacle as the hop rate decreases.

Frequencyhopping may be classified as fast or slow. Fast frequency hopping
occurs if there is more than one hop for each information symbol. Slow frequency
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hopping occurs if one or more information symbols are transmitted in the time
interval between frequency hops. Although these definitions do not refer to the
hop rate, fast frequency hopping is an option only if a hop rate that exceeds
the information-symbol rate can be implemented. Slow frequency hopping is
usually preferable because the transmittedwaveform is much more spectrally
compact(cf. Table 3.1, Section 3.2) and the overhead cost of the switching time
is reduced.

Let M denote the hopset size, B denote the bandwidth of frequency chan-
nels, and denote the minimum separation between adjacent carriers in a
hopset. For full protection against stationary narrowband interference and
jamming, it is desirable that so that the frequency channels are nearly
spectrally disjoint. A hop then enables the transmitted signal to escape the
interference in a frequency channel.

To obtain the full advantage of block or convolutional channel codes in a
slow frequency-hopping system, it is important to interleave the code symbols
in such a way that the symbol errors in a code word or constraint length are
independent (for hard-decision decoding) or that the symbols are degraded inde-
pendently (for soft-decisiondecoding). In frequency-hopping systems operating
over a frequency-selective fading channel(Chapter 5), the realization of this in-
dependence requires certain constraints among the system parameter values.
Symbol errors are independent if the fading is independent in each frequency
channel and each symbol is transmitted in a different frequency channel. If each
of the interleaved code symbols is transmitted at the samelocation in each hop
dwell interval, then adjacent symbols are separated by after the interleaving.
Thus, a sufficient condition for nearly independent symbol errors is

where is the coherence time of the fading channel. Another sufficient
condition for nearly independent symbol errors is

where is the coherence bandwidth of the fading channel. For practical
mobile communication networks with hop rates exceeding 100 hops/s, (3-2) is
rarely satisfied. For a hopping band with bandwidth W, and a hopset with
a uniform carrier separation, Thus, (3-3) implies that the
number of frequency channels is constrained by

if nearly independent symbol errors are to be ensured. If (3-4) is not satisfied,
there will be a performance loss due to the correlated symbol errors. If

equalization will not be necessary because the channel transfer function
is nearly flat over each frequency channel. If either equalization may
be used to prevent intersymbol interference or a multicarrier modulation may
be combined with the frequency hopping.
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Let denote the length of a block codeword or the constraint length of a
convolutional code. Let denote the maximum tolerable processing delay.
Since the delay caused by coding and ideal interleavingover hops is

and distinct frequencies are desired,

is required. If this inequality is not satisfied, then nonideal interleaving is
necessary, and some performance degradationresults.

Frequency-selective fading and Doppler shifts make it difficult to maintain
phase coherence from hop to hop between frequency synthesizers in the trans-
mitter and the receiver. Furthermore, the time-varying delay between the fre-
quencychanges of the received signal and those of the synthesizer output in
the receiver causes the phase shift in the dehopped signal to differ for each
hop interval. Thus, practical frequency-hopping systems use noncoherent or
differentially coherentdemodulators unless a pilot signal is available, the hop
duration is very long, or elaborate iterative phase estimation (perhaps as part
of turbo decoding) is used.

In military applications, the ability of frequency-hopping systems to avoid
interference is potentially neutralized by a repeater jammer (also known as a
follower jammer), which is a device that intercepts a signal, processes it, and
then transmits jamming at the same centerfrequency. To be effective against a
frequency-hopping system, the jamming energy must reach the victim receiver
before it hops to a new set of frequency channels. Thus, the hop rate is the
critical factor in protecting a system against a repeater jammer. Required hop
rates and the limitations of repeaterjamming are analyzed in reference [3].

3.2 Modulations

MFSK

An FH/MFSK systemuses MFSK as its data modulation. One of frequencies
is selected as the carrier or center frequency for each transmitted symbol, and
the set of possible frequencies changes with each hop. The general transmit-
ter of Figure 3.2(a) can be simplified for an FH/MFSK system, as illustrated
in Figure 3.5(a), where the code generator output bits and the digital input
are combined to determine the frequency generated by the synthesizer. An
FH/MFSK signal has the form

where is the average signal power during a dwell interval, is a
unit-amplitude rectangular pulse of duration is the number of symbols
per dwell interval, is the carrier frequency during dwell interval is



3.2. MODULATIONS 135

Figure 3.5: FH/MFSK (a) transmitter and (b) receiver.

the MFSK frequency used for symbol of dwell interval is the phase at the
beginning of dwell interval and is the phase associated with MFSK symbol

during dwell interval If the MFSK is phase continuous from symbol to sym-
bol, then otherwise, it may be modeled as a randomvariable uniformly
distributed over The implementation of phase continuity is highly desir-
able to prevent excessive spectral splatter outside a frequency channel (Section
3.3).

In an FH/MFSK system, each of the frequencies or tones in an MFSK set
can be considered as the center frequency of an MFSK subchannel. Therefore,
the effective number of frequency channels is

where M is the hopset size. In the standard implementation, the subchannels
of each MFSK set are contiguous, and each set constitutes a frequency channel
within the hopping band. For noncoherent orthogonal signals, the MFSK tones
must be separated enough that a received signal produces negligible responses
in the incorrect subchannels. As shown subsequently, the frequency separation
must be where is a nonzerointeger, and denotes the symbol
duration. To maximize the hopset size when the MFSK subchannels are con-
tiguous, is selected.Consequently, the bandwidth of a frequency channel
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for slow frequency hopping with many symbols per dwell interval is

where is the duration of a bit, and the factor accounts for the increase
in symbol duration when a nonbinary modulation is used. If the hopping band
has bandwidth W, the hopset size is

where denotes the largest integer in Figure 3.5(b) depicts the main
elements of a noncoherent FH/MFSK receiver. Each matched filter corresponds
to an MFSK subchannel. In practical FH/MFSK systems, the orthogonality of
the MFSK tones is imperfect because of transients that occurafter every hop
in the receiver.

Soft-Decision Decoding

To illustrate some basic issues of frequency-hopping communications and the
effectiveness of soft-decision decoding, we consider an FH/MFSK system that
uses a repetition code and the receiver of Figure 3.5(b). Each information sym-
bol, which is transmitted as L code symbols, may be regarded as a codeword or
as an uncoded symbol that uses diversity combining. The interference is mod-
eled as wideband Gaussian noise uniformly distributedover part of the hopping
band. Slow frequency hopping with a fixed hop rate and ideal interleaving or
variable-rate fast frequency hopping is assumed. Both ensure the independence
of code-symbol errors. The optimal metric for the Rayleigh-fading channel
(Chapter 5) and a good metric for the additive-white-Gaussian-noise(AWGN)
channelwithout fading is the Rayleighmetric defined by (1-66), which is

where is the sample value of the envelope-detector output that is associated
with code symbol of candidate information-symbol and L is the number of
repetitions or code symbols. The diversitycombining required by the Rayleigh
metric is often called linear square-law combining. This metric has the advan-
tage that no side information, which is specific information about the reliabil-
ity of symbols, is required for its implementation. Aperformance analysis of
a frequency-hopping system with binary FSK and soft-decisiondecoding with
the Rayleigh metric indicates that the system performs poorly against worst-
case partial-band jamming [6] primarily because a single jammed frequency can
corrupt the metrics. Furthermore, the repetition code is counterproductive be-
cause the noncoherent combining loss resulting from the fragmentation of the
symbol energy is greater than any coding or diversity gain.
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The difficulty of implementing the maximum-likelihood metric (1-61) leads
to consideration of the approximation (1-65), which requires nonlinear square-
law combining:

where is the two-sided power spectral density of the interference and noise
over all the MFSK subchannels during code symbolA plausible simplification
[8] that is much easier to analyze is the variable-gain metric:

The advantage of both metrics is that they incorporate side information con-
tained in the which must be known. The subsequentanalysis is for the
the variable-gain metric.

The union bound (1-46) implies that the information-symbol error proba-
bility satisfies

where is the probability of an error in comparing the metric associated with
the transmitted information symbolwith the metric associated with an alterna-
tive one. It is assumed that there are enough frequency channelsthat L distinct
carrier frequencies are used for the L code symbols. Since the MFSK tones are
orthogonal, the symbol metrics are independent and identically dis-
tributed for all values of and (Chapter 1). Therefore, the Chernoff bound
given by (1-103) and (1-102) with yields

where is the sampledoutput of an envelope detector when the desired signal
is present at the input of the associated matched filter,    is the output when
the desired signal is absent, and is the two-sided power-spectral density
of the interference and noise over all the MFSK subchannelsduring a code
symbol. For the symmetric channel, (1-27), (3-13), and (3-14) give an
upper bound on the information-bit error probability:

For a Gaussian random variable X with mean and variance a direct
calculation yields
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From the analysis of Chapter 1 leading to (1-78), it follows that

where and are the real and imaginary parts of respectively, and are
independent Gaussianrandom variables with the moments

where is the energy per symbol. By conditioning on the expectation in (3-
15) can be partially evaluated. Equations (3-17) to (3-21) and the substitution
of give

where the remaining expectation is over the statistics of
To simplify the analysis, it is assumed that the thermal noise is negligible.

When a repetition symbol encounters no interference, when it does,
where is the fraction of the hopping band with interference,

and is the spectral density that would exist if the interference power were
uniformly spread over the entire hopping band. Since is the probability that
interference is encountered, (3-22) becomes

where

and is the number of bits per information symbol, and is the
energy per information bit. Using calculus, we find that

where

Substituting (3-25) and (3-24) into (3-16), we obtain
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Suppose that the interference is worst-case partial-band jamming. An upper
bound on is obtained by maximizing the right-hand side of (3-27)with
respect to where Calculus yields the maximizing value of

Substituting (3-28) into (3-27), we obtain an upper bound on for worst-case
partial-band jamming:

Since is obtained by maximizing a bound rather than an equality, it is not
necessarilyequal to the actual worst-case which would provide a tighter
bound than the one in (3-29).

If is known, then the number of repetitions can be chosen to minimize
the upper bound on for worst-casepartial-band jamming. We treat L as a
continuous variable such that and let denote the minimizing value of
L. A calculation indicates that the derivative with respect to L of the second
line on the right-hand side of (3-29) is positive. Therefore, if so
that the second line is applicable for then If
the continuity of (3-29) as a function of L implies that is determined by the
first line in (3-29). Further calculation yields

Since L must be an integer, its minimizing value is approximately
The upper bound on for worst-casepartial-band jamming when

is given by

This upper bound indicates that decreases exponentially as increases
if the appropriate number of repetitions is chosen and is large enough.
Thus, the nonlinear diversity combining with the variable-gainmetric sharply
limits the performance degradation caused by worst-case partial-band jamming
relative to full-band jamming. Setting in (1-86) and in (3-31)
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and then comparing the equations, we find that this degradation is approxi-
mately 3 dB for binary FSK. Substituting (3-30) into (3-28), we obtain

This result shows that the appropriate choice of L implies that worst-casejam-
ming must cover three-fourths or more of the hopping band, a task that may
not be a practical possibility for a jammer.

For slow frequency hopping with a fixed hop rate, the suppression of partial-
band interference is improved by decreasing the data rate so that is increased.
If is increased enough, then (3-30) indicates that the optimal amount of
diversity combining is proportional to

For frequency hopping with binary FSK and the variable-gain metric, a more
precise derivation [8] that does not use the Chernoff bound and allows
confirms that (3-31) provides an approximate upper bound on the information-
bit error rate caused by worst-casepartial-band jamming when is small,
although the optimal number of repetitions is much smaller than is indicated
by (3-30). Thus, the appropriate weighting of terms in nonlinear square-law
combining prevents the domination by a single corrupted term and limits the
inherent noncoherent combining loss.

The implementation of the variable-gain metric requires the measurement of
the interference power. One might attempt to measure this power in frequency
channels immediately before the hopping of the signal into those channels, but
this method will not be reliable if the interference is frequency-hopping or non-
stationary. Another approach is to clip (soft-limit) each envelope-detector out-
put to prevent a single erroneous sample from undermining the metric.
This method is potentially effective, but its implementation requires an accu-
rate measurement of the signal power for properly setting the clipping level.
A sufficiently accurate measurement is often impractical because of fading or
power variations across the hopping band. A metric that requires no side in-
formation is the self-normalization metric defined for binary FSK as [9]

Although it does not provide as good a performance againstpartial-band jam-
ming as the variable-gainmetric, the self-normalization metric is far more prac-
tical and is generally superior to hard-decision decoding.

The assumption was made that either all or none of the subchannels in
an MFSK set are jammed. However, this assumption ignores the threat of
narrowband jamming signals that are randomly distributed over the frequency
channels. Although (3-31) indicates that it is advantageous to use nonbinary
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signaling when this advantage is completely undermined when
distributed, narrowband jamming signals are a threat. A fundamental problem,
which also limits the applicability of FH/MFSK in networks, is the reduced
hopsetsize for nonbinary MFSK indicated by (3-9) and (3-8).

Narrowband Jamming Signals

When the MFSK subchannels are contiguous, it is not advantageous to a jam-
mer to transmit the jamming in all the subchannels of an MFSK set because
only a single subchannel needs to be jammed to cause a symbol error. A sophis-
ticated jammer with knowledge of the spectral locations of the MFSK sets can
cause increased system degradation by placing one jamming tone or narrowband
jamming signal in every MFSK set.

To assess the impact of this sophisticated multitone jamming on hard-
decision decoding in the receiver of Figure 3.5(b), it is assumed that thermal
noise is absent and that each jamming tone coincides with one MFSK tone in
a frequency channelencompassing MFSK tones [4], [5]. Whether a jamming
tone coincides with the transmitted MFSK tone or an incorrect one, there will
be no symbol error if the desired-signal power S exceeds the jamming power.
Thus, if is the total availablejamming power, then the jammer can maximize
symbol errors by placing tones with power levels slightly above S whenever
possible in approximately J frequency channels such that

If a transmitted tone enters a jammed frequency channel and then with
probability the jamming tone will not coincide with the transmitted
tone and will cause a symbol error after hard-decision decoding. If the jamming
tone does coincide with the correct tone, it may cause a symbol error in the
absence of thermal noise only if its power level is exactly S and it has exactly
a 180° phaseshift relative to the desiredsignal, an event with zero probability.
Since J/M is the probability that a frequency channel is jammed, and no error
occurs if the symbol error probability is

Substitution of (3-8), (3-9), and (3-34) into (3-35) and the approximation
yields
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where denotes the energy per bit and denotes the spectral
density of the interference power that would exist if it were uniformly spread
over the hopping band. This equation exhibits an inverse lineardependence
of on which indicatesthat the jamming has an impact qualitatively
similar to that of Rayleigh fading. It is observed that increaseswith which
is the opposite of what is observedover the AWGN channel. Thus, binary FSK
is advantageous against this sophisticatedmultitone jamming.

To preclude this jamming, each MFSK tone in an MFSK set may be in-
dependently hopped. However, this approach demands a large increase in the
amount of hardware, and uniformly distributed, narrowband jamming signals
are almost as damaging as the worst-casemultitone jamming. Thus, contiguous
MFSK subchannels are usually preferable, and the FH/MFSK receiver has the
form of Figure 3.5(b). An analysis of FH/MFSK systems with hard-decision
decoding in the presence of uniformly distributed, narrowband jamming signals
confirms the superior robustness of binary FSK relative to nonbinary MFSK
whether the MFSK tones hop independently or not [6].

Other Modulations

In a network of frequency-hopping systems, it is highly desirable to choose a
spectrally compactmodulation so that the number of frequency channels is
large and, hence, the number of collisions betweenfrequency-hopping signals
is kept small. Binary orthogonal FSK allows more frequency channels than
MFSK and, hence, is advantageous against narrowband interference distributed
throughout the hopping band. A spectrally compact modulation helps ensure
that so that equalization in the receiver is not necessary. This section
considersspectrally compact alternatives to orthogonal FSK.

The demodulator transfer function following the dehopping in Figure 3.2 is
assumed to have a bandwidth approximately equal to B, the bandwidth of a
frequency channel. The bandwidth is determined primarily by the percentage
of the signal power that must be processed by the demodulator if the demodu-
lated signal distortion and the intersymbol interference are to be negligible. In
practice, this percentage must be at least 90 percent and is often more than 95
percent. The relation between B and the symbol duration may be expressed as

where is a constant determined by the signal modulation. For example, if
minimum-shift keying is used, the transfer function is rectangular, and many
symbols are transmitted during a dwell interval, then if 90 percent of
the signal power is included in a frequency channel, and if 99 percent
is included.

Spectral splatter is the interference produced in frequency channels other
than the one being used by a frequency-hopping pulse. It is caused by the time-
limited nature of transmitted pulses. The degree to which spectral splatter may
cause errors depends primarily on (see Section 3.1) and the percentage of
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the signal power included in a frequency channel. Usually, only pulses in adja-
cent channels produce a significant amount of spectral splatter in a frequency
channel.

The adjacent splatter ratio is the ratio of the power due to spectral
splatter from an adjacent channel to the corresponding power that arrives at
the receiver in that channel. For example, if B is the bandwidth of a frequency
channel that includes 97 percent of the signal power and then no more
than 1.5 percent of the power from a transmitted pulse can enter an adjacent
channel on one side of the frequency channelused by the pulse; therefore,

A given maximum value of can be reduced by an increase in
but eventually the value of M must be reduced if W is fixed. As a result,
the rate at which users hop into the same channel increases. This increase
may cancel any improvement due to the reduction of the spectral splatter. The
opposite procedure (reducing and B so that more frequency channels become
available) increases not only the spectral splatter but also signal distortion and
intersymbol interference, so the amount of useful reduction is limited.

To avoid spectral spreading due to amplifier nonlinearity, it is desirable for
the signal modulation to have a constant envelope, as it is often impossible to
implement a filter with the appropriate bandwidth and center frequency for
spectral shaping of a signal after it emerges from the final power amplifier.
Noncoherent demodulation is nearly always a practical necessity in frequency-
hopping systems unless the dwell interval is large. Accordingly, goodmodula-
tion candidates are DPSK and MSK or some other form of spectrally compact
continuous-phase modulation (CPM).

The general form of a CPM signal is

where A is the amplitude, is the carrier frequency, and is the phase
function that carries the message. The phasefunction has the ideal form

where is a constant called the deviation ratio or modulation index, is the
symbol duration, and the vector is a sequence of channel symbols. Each
symbol takes one of values; if is even,

Equation (3-39) exhibits the phasecontinuity and indicates that the phase in
any specified symbol interval depends on the previous symbols.

It is assumed that the integrand in (3-39) is piecewise continuous so that
is differentiable. The frequency function of the CPM signal, which is

proportional to the derivative of is
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The frequency pulse is assumed to vanishoutside an interval; that is,

where L is a positive integer and may be infinite. The presence of as a
multiplicative factor in the pulse function makes it convenient to normalize
by assuming that

If  L = 1, the continuous-phase modulation is called a full-response modulation;
if L > 1, it is called a partial-response modulation, and each frequency pulse
extends over two or more symbol intervals. The normalization condition for a
full-response modulation implies that the phase change over a symbol interval
is equal to

Continuous-phase frequency-shift keying (CPFSK) is a subclass of CPM
for which the instantaneous frequency is constant over each symbol interval.
Because of the normalization, a CPFSKfrequency pulse is given by

A binary CPFSK signal shifts between two frequenciesseparated by
Minimum-shift keying(MSK) is defined as binary CPFSK with and,
hence, the frequencies are separated by The main difference be-
tween CPFSK and MFSK is that can have any positive value for CPFSK
but is relegated to integer values for MFSK so that the tones are orthogonal to
each other. A second difference is that MFSK is detectedwith matchedfilters
and envelope detectors, whereas CPFSK with is usually detected with a
frequency discriminator. Although CPFSK explicitly requires phase continuity
and MFSK does not, MFSK is usually implemented with phasecontinuity to
avoid the generation of spectral splatter.

A measure of the spectral compactness of signals is provided by the fractional
out-of-band power defined as

where is the frequency variable and is the two-sided power spectral
density of the complex envelope of the signal, which is often called the equivalent
lowpass waveform. The closed-form expressions for the power spectral densities
of QPSK and binary MSK (Appendix C.2) can be used to generate Figure
3.6. The graphs depict in decibels as a function of in units of
where for a modulation. The fractional power within a
transmission channel of one-sided bandwidth B is given by
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Figure 3.6: Fractionalout-of-bandpower (FOBP) for equivalent lowpass wave-
forms of QPSK and MSK.

Usually, the fractional power must exceed at least 0.9 to prevent signif-
icant performance degradation in communications over a bandlimited channel.
The transmission bandwidth for which is approximately for
binary MSK, but approximately for PSK or QPSK. The adjacent splatter
ratio, which is due to out-of-band power on one side of the centerfrequency,
has the upper bound given by

An even more compactspectrum than MSK is obtained by passing the MSK
frequency pulses through a Gaussianfilter with transfer function

where B is the one-sided 3-dB bandwidth. The filter response to an MSK
frequency pulse is the Gaussian MSK (GMSK) pulse:

where As B decreases, the spectrum of a GMSK signal becomes
more compact. However,each pulse has a longer duration and, hence,there is
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more intersymbol interference. If which is specified in the Global
System for Mobile (GSM) cellular communication system, the bandwidth for
which is approximately Each pulse may be truncated
for with little loss. The performance loss relative to MSK is
approximately 0.46 dB for coherent demodulation and presumably also for dis-
criminator demodulation.

An FH/CPM signal has a continuous phase over each dwell interval with N
symbols but has a phase discontinuity every seconds at the
beginning of another dwell interval. The signal may be expressed as

where is the average signal power during a dwell interval,
is a unit-amplitude rectangular pulse of duration is the carrier
frequency during hop-interval and is the phase at the beginning of dwell-
interval

Considermultitone jamming of an FH/CPM or FH/CPFSK system in which
the thermal noise is absent and each jamming tone is randomly placed within a
single frequency channel. It is reasonable to assume that a symbol error occurs
with probability when the frequency channel contains a jamming tone
with power exceeding S. Thus, (3-34), (3-35), and (3-9) are applicable to
FH/CPM or FH/CPFSK, but (3-8) is not. The substitution of (3-9), (3-34),

and into (3-35) yield

for sophisticated multitone jamming. Since the orthogonality of the MFSK
tones is not a requirement for CPM or CPFSK, the bandwidth B for FH/CPM
or FH/CPFSK may be much smaller than the bandwidth for FH/MFSK given
by (3-8). Thus, may be much lower.

Consider multitone jamming of an FH/DPSK systemwith negligible ther-
mal noise. Each tone is assumed to have a frequency identical to the center
frequency of one of the frequency channels. A DPSK demodulator compares
the phases of two successive received symbols. If the magnitude of the phase dif-
ference is less then then the demodulator decides that a 1 was transmitted;
otherwise, it decides that a 0 was transmitted. The compositesignal, consisting
of the transmitted signal plus the jamming tone, has a constant phase over two
successive received symbols in the same dwell interval, if a 1 was transmitted
and the thermal noise is absent; thus, the demodulator will correctly detect the
1.

Supposethat a 0 was transmitted. Then the desired signal is
during the first symbol and during the second symbol, respec-
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tively, where is the carrier frequency of the frequency-hopping signal during
the dwell interval. When a jamming tone is present, trigonometric identities
indicate that the composite signalduring the first symbol may be expressed as

where I is the average power of the tone, is the phase of the tone relative to
the phase of the transmitted signal, and is the phase of the compositesignal:

Since the desired signal during the second symbol is the phase
of the composite signal during the second symbol is

Using trigonometry, it is found that

If so the demodulator incorrectly decides that a 1 was
transmitted. If I < S, no mistake is made. Thus, multitone jamming with
total power is most damaging when J frequency channels given by (3-34) are
jammed and each tone has power If the information bits 0 and 1 are
equally likely, then the symbolerror probability given that a frequency channel
is jammed with I > S is the probability that a 0 was transmitted.
Therefore, if and otherwise. Using (3-9) and
(3-34) with and we obtain the symbol error
probability for DPSK and multitone jamming:

The same result holds for binary CPFSK.
As implied by Figure 3.6, the bandwidth requirement of DPSK with
which is the same as that of PSK or QPSK and less than that of orthog-

onal FSK, exceeds that of MSK. Thus, if the hopping bandwidth W is fixed,
the number of frequency channelsavailable for FH/DPSK is smaller than it
is for noncoherent FH/MSK. This increase in B and reduction in frequency
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channels offsets the intrinsic performance advantage of DPSK and implies that
noncoherent FH/MSK will give a lower than FH/DPSK in the presence
of worst-case multitone jamming, as indicated in (3-56). Alternatively, if the
bandwidth of a frequency channel is fixed, an FH/DPSK signal will experi-
encemore distortion and spectral splatter than an FH/MSK signal. Any pulse
shaping of the DPSK symbols will alter their constant envelope. An FH/DPSK
system is more sensitive to Doppler shifts and frequency instabilities than an
FH/MSK system. Another disadvantage of FH/DPSK is due to the usual lack
of phase coherencefrom hop to hop, which necessitates an extra phase-reference
symbol at the start of every dwell interval. This extra symbol reduces by
a factor where is the number of symbols per hop or dwell
interval and Thus, DPSK does not appear to be as suitable a means
of modulation as noncoherent MSK for most applications of frequency-hopping
communications, and the main competition for MSK comesfrom other forms
of CPM.

The cross-correlation parameter for two signals and each with
energy is defined as

For CPFSK, two possible transmitted signals, each representing a different
channel symbol, are

The substitution of these equations into (3-57), a trigonometric expansion and
discarding of an integral that is negligible if and the evaluation
of the remaining integral give

where and Because of the phase synchronization
in a coherent demodulator, we may take Therefore, the orthogonality
condition C = 0 is satisfied if where is any nonzero integer.
The smallest value of for which C = 0 is which corresponds to MSK.

In a noncoherent demodulator, is a random variable that is assumed to
be uniformly distributed over Equation (3-59) indicates that E[C]= 0
for all values of The variance of C is
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Since for MSK does not provide orthogonal signals for
noncoherent demodulation. If is any nonzero integer, then both (3-60) and
(3-59) indicate that the two CPFSK signals are orthogonal for any This
result justifies the previous assertionthat MFSK tones must be separated by

to provide noncoherent orthogonal signals.
A noncoherent FH/CPFSK signal can be represented by (3-50). The power

spectral density of the complex envelope of this signal, which is the same as
the dehopped power spectral density, depends on the number of symbols per
dwell interval, because of the random phases The power spectral
density has been calculated [10] for binary CPFSK, assumingthat each is an
independent random variable uniformly distributed over and the infor-
mation symbols are ±1 with equalprobability. The 99-percent bandwidths of
FH/CPFSK with deviation ratios and are listed in Table 3.1
for different values of As increases, the power spectral density becomes
more compact and approaches that of coherent CPFSK without frequency hop-
ping. For the frequency hopping causes little spectral spreading.
However,fast frequency hopping, which corresponds to entails a very
large 99-percent bandwidth. This fact is the main reason why slow frequency
hopping is usually preferable to fast frequencyhopping.

With multisymbol noncoherent detection, full-response CPFSK systems can
provide a better symbol error probability than coherent PSK systems [11]. For

detection, where is odd, the optimal receiver correlates the received
waveform over all possible patterns before making a decision about the
middle symbol. The drawback is the considerable implementation complexity of
multisymbol detection, even for three-symbol detection. An additional problem
for FH/CPFSK with multisymbol detection is that the first and last
symbols during a dwell interval cannot use the multisymbol detection without
accessing other dwell intervals, which may causepractical difficulties.

Symbol-by-symbolnoncoherent detection after the dehopping of an FH/CPFSK
signal can be inexpensivelyimplemented by using a limiter and frequency dis-
criminator, as illustrated in Figure 3.7. Analysis of the limiter-discriminator
or frequency discriminator [12] provides complicated expressions for the sym-
bol error probability in the presence of white Gaussian noise. However, the
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Figure 3.7: Frequency discriminator for CPFSK.

theoretical can be approximated to within a few tenths of a decibel by

where the parameter depends on and the product and is the
two-sided power spectral density of the noise. If the frequency discriminator has
a Gaussian IF filter, an integrate-and-dump postdetection filter, and
then it is found that is minimized when For CPFSK with and

setting in (3-61) provides an approximate least-squares fit to
the theoretical curve for over the range If then

provides a close fit over the samerange for orthogonal CPFSKwith
and a fairly close fit for MSK Thus, the discriminator demodulation

of MSK or orthogonal CPFSKprovidesapproximately the same performance as
optimal noncoherent detection of orthogonal FSK. The favorable performance
of the frequency discriminator is due to its ability to exploit the phase continuity
from symbol-to-symbol of a CPFSK signal. In view of the known 0.46 dB loss
of GMSK relative to MSK when coherentdemodulation is used, it is expected
that for GMSK and discriminator demodulation is well approximated by
(3-61) with

The practical advantage of noncoherent MSK is that it requires roughly half
the bandwidth of orthogonal FSK for specified levels of spectral splatter and
intersymbol interference. The increased number of frequency channels due to
the decreased value of B does not give FH/MSK an advantageover the AWGN
channel. However, the increase is advantageous against a fixed number of inter-
ference tones, optimized jamming, and multiple-accessinterference in a network
of frequency-hopping systems, as discussed in the next section. A further in-
crease in the number of frequency channels is possible with FH/GMSK.

Since for an FH/CPFSK systemwith this system has a
potential 1.46 dB advantage in relative to an FH/MSK system with

However, since CPFSK with does not have as compact a spectrum as
MSK, the FH/CPFSK systemwill have increasedintersymbol interference due
to bandlimiting and spectral splatter relative to the FH/MSK system. Only
if these effects are negligible can the potential 1.46 dB advantage be realized.
When reducing the spectralsplatter of the FH/CPFSK to the same
level that it is for FH/MSK with requires that The
increased bandwidth lowers and decreases the number of frequency channels.
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Frequency-hopping systems reject interference by avoiding it, whereas direct-
sequence systems reject interference by spreading it. Channel codes are more
essential for frequency-hopping systemsthan for direct-sequence systems be-
cause partial-band interference is a more pervasivethreat than high-power
pulsed interference. When frequency-hopping and direct-sequence systems are
constrained to use the same fixed bandwidth, then direct-sequence systems
have an inherent advantage because they can use coherent PSKrather than
a noncoherent modulation. Coherent PSK has an approximately 4 dB advan-
tage relative to noncoherent MSK over the AWGN channel and an even larger
advantage over fading channels. However, the potential performance advan-
tage of direct-sequence systems is often illusory for practical reasons. A major
advantage of frequency-hopping systems relative to direct-sequence systems is
that it is possible to hop into noncontiguous frequency channels over a much
wider band than can be occupied by a direct-sequence signal. This advantage
more than compensates for the relatively inefficient noncoherent demodulation
that is usually required for frequency-hopping systems. Other major advan-
tages of frequency hopping are the possibility of excluding frequency channels
with steady or frequent interference, the reduced susceptibility to the near-far
problem (Chapter 6), and the relatively rapid acquisition.

A hybrid frequency-hopping direct-sequence system is a frequency-hopping
systemthat uses direct-sequence spreading during each dwell interval or, equiv-
alently, a direct-sequence system in which the carrier frequency changes peri-
odically. In the transmitter of the hybrid system of Figure 3.8, a single code
generator controls both the spreading and the hopping pattern. The spreading
sequence is added modulo-2 to the data sequence. Hops occur periodically af-
ter a fixed number of sequence chips. In the receiver, the frequency hopping
and the spreading sequence are removed in succession to produce a carrier with
the message modulation. Because of the phase changes due to the frequency
hopping, noncoherent modulation, such as DPSK, is usually required unless the
hop rate is very low. Serial-search acquisition occurs in two stages. The first
stage provides alignment of the hopping patterns, whereas the second stage
over the phase of the pseudonoise sequencefinishesacquisition rapidly because
the timing uncertainty has been reduced by the first stage to less than a hop
duration.

A hybrid systemcurtails partial-band interference in two ways. The hopping
allows the avoidance of the interference spectrum part of the time. When the
system hops into the interference, the interference is spread and filtered as in
a direct-sequence system. However, during a hop interval, interference that
would be avoided by an ordinary frequency-hopping receiver is passed by the
bandpass filter of a hybrid receiver because the bandwidth must be large enough
to accommodate the direct-sequence signal that remains after the dehopping.
This large bandwidth also limits the number of available frequency channels,
which increases the susceptibility to narrowband interference and the near-far
problem. Thus, hybrid systems are seldom used except perhaps in specialized
military applications because the additional direct-sequence spreading weakens
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Figure 3.8: Hybrid frequency-hopping direct-sequence system: (a) transmitter
and (b) receiver.

the major strengths of frequency hopping.

3.3 Codes for Partial-Band Interference
When partial-band interference is present, let denote the one-sided inter-
ference power spectral density that would exist if the power wereuniformly
distributed over the hopping band. If a fixed amount of interference power is
uniformly distributed over J frequency channels out of M in the hopping band,
then the fraction of the hopping band with interference is

and the interference power spectral density in each of the interfered channels
is When the frequency-hopping signal uses a carrier frequency that
lies within the spectral region occupied by the partial-band interference, this
interference is modeled as additional white Gaussian noise that increases the
noise-powerspectral density from to Therefore, for hard-decision
decoding, the symbol error probability is
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where the conditional symbolerror probability F( ) depends on the modula-
tion and fading. For noncoherent FH/MFSK and the AWGN channel, (1-85)
indicates that

where   is the alphabet size of the MFSK symbols. When frequency-nonselective
or flat fading (Chapter 5) occurs, the symbolenergy may be expressed as
where represents the average energy and is a random variablewith

For Ricean fading, the probability density function of is

where is the Rice factor. Replacing by in (3-62), an integration over
the density (3-65) and the use of (1-84) yield

When there is no fading and the modulation is binary CPFSK, then (3-61)
implies that

For the AWGN channel and no fading, classical communication theory indicates
that for DPSK is given by (3-67) with However, in (3-63) must
be reduced by the factor because of the reference symbol that
must be included in each dwell interval. When Ricean fading is present, (3-67)
and (3-65) yield

If is treated as a continuous variable over [0, 1] and then
straightforward calculations using (3-63) and (3-67) indicate that the worst-
case value of is

The corresponding worst-case symbol error probability is

which does not depend on M because of the assumption that is a continuous
variable. For Rayleighfading and binary FSK, similar calculationsusing (3-68)
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with yield Thus, in the presence of Rayleigh fading, interference
spread uniformly over the entire hopping band hinders communications more
than interference concentrated over part of the band.

Consider a frequency-hopping systemwith a fixed hop interval and negligi-
ble switching time. For FH/MFSK with a channel code, the bandwidth of a
frequency channel must be increased to where is
the code rate and is the bandwidth for binary FSK in the absence of coding.
If the bandwidth W of the hopping band is fixed, then the number of disjoint
frequency channelsavailable for hopping is reduced to

The energy per channelsymbol is

When the interference is partial-band jamming,J and, hence, are parameters
that may be varied by a jammer. It is assumed henceforth that M is large
enough that in (3-63) may be treated as a continuous variableover [0, 1].
With this assumption, the error probabilities do not explicitly depend on M.

If a large amount of interference power is received over a small portion of the
hopping band, then soft-decision decoding metrics for the AWGN channel will
be ineffective because of the possible dominance of a path or code metric by a
single symbol metric (cf. Section 2.5 on pulsed interference). Thus, in choosing
a suitable code for FH/MFSK in the presence of partial-band interference, we
seek one that gives a strong performance when the decoder uses hard decisions
and/or erasures.

Reed-Solomon Codes

The use of a Reed-Solomon code with MFSK is advantageous against partial-
band interference for two principal reasons. First, a Reed-Solomon code is
maximum-distance-separable (Chapter 1) and, hence, accommodates many era-
sures. Second, the use of nonbinary MFSK symbols to representcodesymbols
allows a relatively large symbol energy, as indicated by (3-72).

Consider an FH/MFSK system that uses a Reed-Solomon code with no
erasures in the presence of partial-band interference and Ricean fading. The
demodulator comprises a parallel bank of noncoherentdetectors and a device
that makes hard decisions. In a slow frequency-hopping system, symbol in-
terleaving among different dwell intervals and subsequent deinterleaving in the
receiver may be needed to disperseerrors due to the fading or interference and
thereby facilitate their removal by the decoder. In a fast frequency-hopping
system, symbol errors may be independent so that interleaving is unnecessary.
The MFSK modulation implies a symmetric channel. Therefore, for ideal
symbol interleaving and hard-decision decoding of loosely packed codes, (1-26)
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Figure 3.9: Performance of FH/MFSK with Reed-Solomon (32,12) code, non-
binary channel symbols, no erasures, and Ricean factor

and (1-27) indicate that

Figure 3.9 shows for FH/MFSK with and an extended Reed-Solomon
(32,12) code in the presence of Ricean fading. The frequency channels are
assumed to be separated enough that fading events are independent. Thus,
(3-63), (3-64), and (3-73) are applicable. For the graphs exhibit peaks as
the fraction of the band with interference varies. These peaks indicate that for a
specificvalue of the concentration of the interference power over part of
the hopping band (perhaps intentionally by a jammer) is more damaging than
uniformly distributed interference. The peaks becomesharper and occur at
smaller values of as increases. For Rayleigh fading, which corresponds
to peaks are absent in the figure, and full-band interference is the most
damaging. As increases, the peaks appear and becomemore pronounced.

Much better performance against partial-band interference can be obtained
by inserting erasures (Chapter 1) among the demodulator output symbols be-
fore the symbol deinterleaving and hard-decision decoding. The decision to
erase, which is made independently for each code symbol, is based on side in-
formation, which indicates which codeword symbols have a high probability of
being incorrectly demodulated. The side information must be reliable so that
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only degraded symbols are erased, not correctly demodulated ones.
Side information may be obtained from known test symbols that are trans-

mitted along with the data symbols in each dwell interval of a slow frequency-
hopping signal [13]. A dwell interval during which the signal is in partial-band
interference is said to be hit. If one or more of the test symbols are incor-
rectly demodulated, then the receiver decides that a hit has occurred, and all
codeword symbols in the same dwell interval are erased. Only one symbol of
each codeword is erased if the interleaving ensures that only a single symbol
of a codeword is in any particular dwell interval. Test symbols decrease the
information rate, but this loss is negligible if which is assumed
henceforth.

The probability of the erasure of a code symbol is

where is the erasure probability given that a hit occurred, and is the
erasure probability given that no hit occurred. If or more errors among the

known test symbolscauses an erasure, then

where is the conditional channel-symbol error probability given that a hit
occurred and is the conditional channel-symbol error probability given that
no hit occurred.

A codeword symbol error can only occur if there is no erasure. Since test
and codeword symbol errors are statistically independent when the partial-
band interference is modeled as a white Gaussianprocess, the probability of a
codeword symbol error is

and the conditional channel-symbol error probabilities are

where (3-64) is applicable for MFSK symbols. To account for Ricean fading,
one must integrate (3-76) and (3-74) over the Ricean density (3-65). In the
remainder of this section, we assume the absence of fading.

The word error probability for errors-and-erasures decoding is upper-bounded
in (1-35). Since most word errors result from decoding failures, it is reasonable
to assume that Therefore, the information-bit error probability is
given by
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Figure 3.10: Performance of FH/MFSK with Reed-Solomon (32,12) code, non-
binary channel symbols, erasures, and no fading.

where and denotes the smallest integer greater
than or equal to

The     for FH/MFSK with            an extended Reed-Solomon (32,12)
code, and errors-and-erasures decoding with and is shown in
Figure 3.10. Fading is absent, and (3-74) to (3-78) are used. A comparison
of this figure with the graphs of Figure 3.9 indicates that when

erasures provide nearly a 7 dB improvement in the required
for The erasures also confer immunity to partial-band interference
that is concentrated in a small fraction of the hopping band and decrease the
sensitivity to

There are other options for generating side information and, hence,erasure
insertion in addition to demodulating test symbols. One might use a radiometer
to measure the energy in the current frequency channel, a future channel, or
an adjacent channel. Erasures are inserted if the energy is inordinately large.
This method does not have the overhead cost in information rate that is asso-
ciatedwith the use of test symbols. Other methods without overheadcost use
iterative decoding [14], the soft information provided by the inner decoder of a
concatenated code, or the outputs of the parallel MFSK envelope detectors.

Consider the decision variables applied to the MFSK decision device of Fig-
ure 3.5(b). The output threshold test (OTT) compares the largest decision
variable to a threshold to determine whether the corresponding demodulated
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Figure 3.11: Performance of FH/MFSK with Reed-Solomon (8,3) code, nonbi-
nary channel symbols, erasures, and no fading.

symbol should be erased. The ratio threshold test (RTT) computes the ratio
of the largest decision variable to the second largest one. This ratio is then
compared to a threshold to determine an erasure. If the values of both
and are known, then optimum thresholds for the OTT, the RTT, or
a hybrid method can be calculated [15]. It is found that the OTT tends to
outperform the RTT when is sufficiently low, but the opposite is true
when is sufficiently high. If side information concerning the presence or
absence of the partial-band interference is available at the receiver and if the
interference power is high, then a threshold determined by only and a
separatethreshold determined by can be used to further improve
the performance of the errors and erasures decoding. The main disadvantage
of the OTT and the RTT relative to the test-symbol method is the need to
estimate and either or

Proposed erasure methods are based on the use of MFSK symbols, and
their performances against partial-band interference improve as the alphabet
size increases. For a fixed hopping band, the number of frequency channels
decreases as increases,thereby making an FH/MFSK system more vulnerable
to narrowband jamming signals (Section3.2) or multiple-access interference
(Chapter 6). Thus, we examine alternatives that give less protection against
partial-band interference in exchange for enhanced protection againstmultiple-
access interference.

Figure 3.11 depicts for FH/MFSK with an extended Reed-Solomon
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Figure 3.12: Performance of FH/DPSK with Reed-Solomon (32,12) code, binary
channel symbols, erasures, and no fading.

(8,3) code, and A comparison of Figures 3.11 and 3.10 indicates
that reducing the alphabetsize while preserving the code rate has increased the
system sensitivity to increased the susceptibility to interference concen-
trated in a small fraction of the hopping band, and raised the required
for a specified by 5 to 9 dB.

Another approach is to represent each nonbinary code symbol by a se-
quence of consecutivebinary channel symbols. Then an FH/MSK
or FH/DPSK system can be implemented to provide a large number of fre-
quency channels and, hence, better protection against multiple-access interfer-
ence. Equations (3-74), (3-75), and (3-77) are still valid. However, since a
code-symbolerror occurs if any of its component channel symbols is incor-
rect, (3-76) is replaced by

and (3-64) is replaced by (3-67), where for MSK and for DPSK.
The results for an FH/DPSK system with an extended Reed-Solomon (32,12)
code, binary test symbols, and are shown in Figure 3.12. It is
assumedthat so that the loss due to the reference symbol in each dwell
interval is negligible. The graphs in Figure 3.12 are similar in form to those of
Figure 3.10, but the transmission of binary rather than nonbinary symbols has
caused approximately a 10 dB increase in the required for a specified
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Figure 3.13: Performance of FH/DPSK with concatenated code, hard decisions,
and no fading. Inner code is convolutional (rate = 1/2, K = 7) code and outer
code is Reed-Solomon (31,21) code.

Figure 3.12 is applicable to orthogonal FSK and MSK if and are
both increased by 3 dB to compensate for the lower value of

An alternative to erasuresthat uses binary channel symbols is an FH/DPSK
system with concatenated coding, which has the form illustrated in Figures 1.14
and 1.15. Although generally unnecessary in a fast frequency-hopping system,
the channel interleaver and deinterleaver may be required in a slow frequency-
hopping system to ensure independent symbol errors at the decoder input.
Consider a concatenatedcodecomprising a Reed-Solomon outer code and
a binary convolutional inner code. The inner Viterbi decoder performs hard-
decision decoding to limit the impact of individual symbol metrics. Assuming
that the symbol error probability is given by (3-63) and (3-67) with

The probability of a Reed-Solomon symbol error, at the output of
the Viterbi decoder is upper-bounded by (1-127) and (1-114). Setting

in (3-73) then provides an upper bound on Figure 3.13 depicts this
bound for an outer Reed-Solomon (31,21) code and an inner rate-1/2, K =7
convolutional code. This concatenated code provides a better performance than
the Reed-Solomon (32,12) code with binary channel symbols, but a much worse
performance than the latter code with nonbinary channelsymbols. Figures 3.10
through 3.13 indicate that a reduction in the alphabet size for channel symbols
increases the system susceptibility to partial-band interference. The primary
reason is the reduced energy per channel symbol.
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Trellis-Coded Modulation

Trellis-coded modulation is a combined coding and modulation method that is
usually applied to coherent digital communicationsover bandlimited channels
(Chapter 1). Multilevel and multiphase modulations are used to enlarge the sig-
nal constellation while not expanding the bandwidth beyond what is required
for the uncoded signals. Since the signal constellation is more compact, there
is some modulation loss that detracts from the coding gain, but the overall
gain can be substantial. Since a noncoherent demodulator is usually required
for frequency-hopping communications, the usual coherenttrellis-codedmod-
ulations are not suitable. Instead, the trellis coding may be implemented by
expanding the signal set for M/2-ary MFSK to M-ary MFSK [16]. Although
the frequency tones are uniformly spaced,they are allowed to be nonorthogonal
to limit or avoid bandwidth expansion.

Trellis-coded 4-ary MFSK is illustrated in Figure 3.14 for a rate-1/2 code
with four states. The signal set partitioning, shown in Figure 3.14(a), parti-
tions the set of four signals or tones into two subsets, each with two tones. The
partitioning doubles the frequency separation between tones from to

The mapping of code bits into signals is indicated. In Figure 3.14(b), the
numerical labels denote the signal assignments associated with the statetran-
sitions in the trellis for a four-state encoder. The bandwidth of the frequency
channel that accommodates the four tones is approximately

There is a trade-off in the choice of because a small allows more fre-
quency channels and thereby limits the effect of multiple-accessinterference
or multitone jamming, whereas a large tends to improve the system perfor-
mance against partial-band interference. If a trellis code uses four orthogonal
toneswith spacing where is the bit duration, then
The same bandwidth results when an FH/FSK system uses two orthogonal
tones, a rate-1/2 code, and binary channel symbols since
The same bandwidth also results when a rate-1/2 binary convolutional code is
used and each pair of code symbols is mapped into a 4-ary channel symbol.
The performance of the 4-state,trellis-coded, 4-ary MFSK frequency-hopping
system [16] indicates that it is not as strong against worst-case partial-band
interference as an FH/MFSK system with a rate-1/2 convolutional code and 4-
ary channel symbols or an FH/FSK system with a Reed-Solomon (32,16) code
and errors-and-erasures decoding. Since the latter system is weaker than the
FH/DPSK systemused in Figure 14, we find that trellis-coded modulation is
relatively weak against partial-band interference. The advantage of trellis-coded
modulation in a frequency-hopping system is its relatively low implementation
complexity.

Turbo Codes

Turbo codes provide an alternative to errors and erasures decoding for sup-
pressing partial-band interference. A turbo-coded frequency-hopping system
that uses spectrally compact channel symbols will also resist multiple-access in-
terference. An accurate estimate of the variance of the interference plus noise,
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Figure 3.14: Rate-1/2, four-state trellis-coded 4-ary MFSK: (a) signal set par-
titioning and mapping of bits to signals, and (b) mapping of signals to state
transitions.

which is modeled as zero-mean, white Gaussian noise, is always needed in the
iterative turbo decoding algorithm (Chapter 1). When the channel dynamics
are much slower than the hop rate, all the received symbols of a dwell interval
may be used in estimating the varianceassociated with that dwell interval.

Consider an FH/DPSK system in which each code bit can take the values
+1 or … 1. The dwell interval is too short for conventional phase synchronization
to be practical. The architecture of interactive turbo decoding and channel
estimation is illustrated in Figure 3.15. As explained in Chapter 1, the log-
likelihood ratio (LLR) of a bit conditioned on a received sequence of
demodulator outputs applied to decoder is defined as the natural logarithm
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Figure 3.15: Receiver and decoderarchitecture for frequency-hopping system
with turbo code.

of the ratio of the posteriori probabilities:

Successive estimates of the LLRs of the code bits are computed by each compo-
nent decoder during the iterative decoding of the turbo code. The usual turbo
decoding is extended to include the iterative updating of the LLRs of both
the information and parity bits. After each iteration by a component decoder,
its LLRs are updated and the extrinsic information is transferred to the other
component decoder. The fact that

and (3-80) imply that the posteriori probabilities are

These equations indicate that the channel estimator can convert a LLR trans-
ferred after a component decoder iteration into the probabilities and
Using these probabilities for all the bits in a dwell interval, estimates of the in-
dependent random carrier phase, the fading attenuation, and the noise variance
for each dwell interval can be integrated into the iterative decoding of a turbo
code if these parameters are constants over the dwell interval [17].

After the dehopping, the received signal for symbol of a dwell interval is
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where is the symbol energy when is the symbol duration, is
the intermediate frequency, when binary symbol is a 1 and
when binary symbol is a 0, is the unit-energy symbol waveform, is
the fading attenuation, and is independent, zero-mean, white Gaussian
noise with two-sided noise power spectral density The phaseshift is
introduced by the transmission channel and is assumed to be constant during
the dwell interval. A derivation similar to that of (1-56) indicates that the
conditional probability density of demodulator output given the values of

and is

where is the number of demodulator outputs during the dwell interval.
After forming the log-likelihood function for the set of demodulator outputs
during a dwell interval, the maximum-likelihood estimates of and C are
found by calculating those values that maximize the log-likelihood function.
Straightforward calculations indicate that the maximum-likelihood estimates
are

Since the are unknown, estimates are obtained by calculating approximate
expectedvalues of these expressions. If is the most recently computed value
of or then suitable estimates are

the estimates and also improve. Substitution of these estimates
into (3-85) and the evaluation of (1-135) yield

which represents the information about provided by If known symbols
are inserted into the dwell interval, then we set if and

where and are factors adjusted to make the estimates
unbiased. As the decoders provide progressively improved estimates of the



3.3. CODES FOR PARTIAL-BAND INTERFERENCE 165

if If the fading attenuation has the known value then (3-88) is
still a suitable estimate if is adjusted to ensure that the magnitude of is
equal to If phase synchronization is available but the dynamics of the
transmission channel are faster than the hop rate, then must be separately
estimated for each symbol and, hence, (3-90) should be replaced by (1-145), as
shown in Chapter 1.

A simulation of a turbo-coded FH/DPSK system [17] that uses the preced-
ing estimates indicates that its performance is more than 2 dB better than that
shown in Figure 3.10. The rate-1/3 turbo code uses two 4-statesystematic re-
cursive convolutional encoders, each with octal generator (5,7), a 200-bit turbo
interleaver, ideal channelinterleaving, 5 decoderiterations, and

For a sufficiently large dwell interval, the resulting performance is
almost as good as theoretically possible with perfect side information about the
carrier phase and the fading attenuation. Known symbols may be inserted into
the transmitted code symbols to facilitate the estimation, but the energy per
information bit is reduced. Increasing improves the estimates becausethey
may be based on more observations and more known symbols can be accom-
modated. However, since the reduction in the number of independent hops per
information block of fixed size decreases the diversity, and hence the indepen-
dence of errors, there is a limit on beyond which a performance degradation
occurs.

Although turbo codes are generally used with binary channel symbols, their
error-control capabilities are strong enough to compensate for the relatively
low channel-symbol energy. However, if the system latency and computational
complexity of turbo codes is unacceptable, then there is a trade-off in the choice
of the modulation and code.

Turbo product codes (Chapter 1) are an attractive option because of their
reduced complexity compared with other turbo codes. The outer encoder fills
the block interleaver row-by-row with the outer codewords. Since the inter-
leaver columns are read by the inner encoder to provide the channel symbols,
there is an inherent interleaving of the inner code. Since the outer code is
not inherently interleaved, the channel interleaver of Figure 1-14 is an essen-
tial part of the transmitter. The channel interleaver precludes the possibility
that sufficiently corrupted outer codewords due to dwell intervals hit by in-
terference can undermine the iterative process in the turbo decoder, which is
illustrated in Figure 1-20. Side information about whether or not a hit has
occurred is obtained by hard-decision decoding of the inner codewords. The
metric for determining a hit occurrence is the Hamming distance between the
binary sequenceresulting from the hard decisions and the codewords obtained
by bounded-distance decoding. When full interleaving and side information are
used, the turbo product code is competitive in performance with other turbo
codes except for a slight inferiority against partial-band interference occupying
a small fraction of the hopping band [18].
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3.4 Frequency Synthesizers
A frequency synthesizer converts a standard reference frequency into a different
desiredfrequency. In a frequency-hopping system, the frequencies of the hopset
must be synthesized. In practical applications, the frequencies of the hopset
have the form

where and the are rational numbers, is the reference frequency, and
is a frequency in the spectral band of the hopset. The reference signal, which
is a tone at the reference frequency, is usually the output of a frequency divider
or multiplier fed by a stable frequency source, such as an atomic or crystal
oscillator. The use of a single reference signal, whicheven generates ensures
that any output frequency of the synthesizer has the same stability and accuracy
as the reference. The three fundamental types of frequency synthesizers are the
direct, digital, and indirect synthesizers. Most practical synthesizers are hybrids
of these fundamental types [19], [20], [21], [22].

Direct Frequency Synthesizer

A direct frequency synthesizer uses frequency multipliers and dividers, mixers,
bandpassfilters, and electronic switches to produce signals with the desired
frequencies. Direct frequency synthesizers provide both very fine resolution
and high frequencies, but often require a very large amount of hardware and do
not provide a phase-continuous output after frequency changes. Although a
direct synthesizer can be realized with programmable dividers and multipliers,
the standard approach is to use the double-mix-divide (DMD) systemillustrated
in Figure 3.16. The reference signal at frequency is mixed with a tone at
the fixed frequency The bandpassfilter selects the sum frequency
produced by the mixer. Another mixing and filtering operation with a tone at

produces the frequency If the fixed frequencies and
are chosen so that

then the divider produces the output frequency In principle, a single
mixer and bandpass filter could produce this output frequency, but two mixers
and bandpass filters simplify the filters. Each bandpass filter must select the
sum frequency while suppressing the difference frequency and the mixer input
frequencies, which may enter the filter because of mixer leakage. If the sum
frequency is too close to one of theseother frequencies, the bandpass filter
becomes prohibitively complex and expensive.

The DMD system of Figure 3.16 can be used as a module in a direct fre-
quency synthesizer that can achieve arbitrary frequency resolution by cascad-
ing enough DMD modules. A synthesizer that provides two-digit resolution is
shown in Figure 3.17. When the synthesizer is used in a frequency-hopping sys-
tem, the control bits are produced by the code generator. Each decade switch
passes a single tone to a DMD module. The ten tones that are available to
the decade switches may be produced by applying the reference frequency to
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Figure 3.16: Double-mix-divide module, where BPF = bandpass filter.

Figure 3.17: Direct frequency synthesizer with two-digit resolution.

appropriate frequency multipliers and dividers in the tone generator. Equation
(3-92) ensuresthat the output frequency of the second bandpass filter in DMD
module 2 is Thus, the final synthesizer output frequency is

Example 1. It is desired to produce a 1.79 MHz tone. Let
and The ten tones provided to the decade switches are 5, 6, 7, . . . ,
14 MHz so that and can range from 0 to 9 MHz. Equation (3-92) yields

If and then the output frequency is
1.79 MHz. The frequencies and are such that the designs of the bandpass
filters inside the modules are reasonably simple.

Digital Frequency Synthesizer

A digital frequency synthesizer converts the stored sample values of a sine wave
into an analog sine wave with a specifiedfrequency. The periodic and symmetric
character of a sine wave implies that only values for the first quadrant need to be
stored. The basic elements of a digital frequency synthesizer are shown in Figure
3.18. A set of bits, which are produced by the codegenerator in a frequency-
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Figure 3.18: Digital frequency synthesizer.

hopping system, determine the synthesizedfrequency by specifying a phase
increment The accumulator converts the phase increment into successive
samples of the phase by adding the increment to the content of an internal
registerafter every cycle of the reference signal. A phase sample

defines an address in the read-only memory (ROM) at which the
value is stored. This value is applied to a digital-to-analog converter
(DAC), which performs a sample-and-holdoperation at a sampling rate equal
to the reference frequency The converter output is applied to an anti-aliasing
lowpass filter with a cutoff frequency less than The output of the lowpass
filter is the desired analog signal.

The numerical capacity of the accumulator determines the maximum num-
ber of ROM addresses that the phase accumulator can specify. One sample
value of is read out after every cycle of the reference signal. If N sample
values are read out during each period of then the frequency of the analog
signal produced is

where is the frequency of the reference signal. The output frequency
is produced when every stored sample value is read out at the reference
rate. Thus, if the phase accumulator increments by after every cycle of the
reference signal, then

which implies that is the frequency resolution and the minimum frequency
that can be generated by the synthesizer.

The maximum frequency that can be generated is produced by using
only a few samples of per period. From the Nyquist sampling theorem,
it is known that is required to avoid aliasing. Practical DAC and
lowpass filter requirements further limit to approximately 0.4 or less.
Thus, samples of per period are used in synthesizing and
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The lowpass filter may be implemented with a linear phase across a flat pass-
band extending to approximately The frequencies and are limited
by the speed of the digital-to-analogconverter.

Let denote the number of bits in the accumulator register. The numeri-
cal capacity of the accumulator is Supposethat and are
specified minimum and maximum frequencies that must be produced by a syn-
thesizer. Equations(3-93) and (3-95) imply that and
Therefore, and the required number of accumulator bits
is

where denotes the largest integer in
The ROM stores or fewer distinct words. Each word represents

one possible value of in the first quadrant or, equivalently, one possible
magnitude of The input to the ROM comprises parallel bits. The
two most significant bits are the sign bit and the quadrant bit. The sign bit
specifies the polarity of The quadrant bit specifieswhether is in
the first or second quadrants or in the third or fourth quadrants. The least
significant bits of the input determine the address in which the magnitude of

is stored. The address specified by the least significant bits is appropriately
modified by the quadrant bit when is in the second or fourth quadrants. The
sign bit becomes one of the ROM output bits. The phase accumulator
uses bits. Since bits are needed by the ROM, the least
significant bits in the accumulator are not applied to the ROM. The memory
requirements of a ROM and the number of its input bits can be reduced by
using trigonometricidentities and hardware multipliers.

Since ROM output bits specify the magnitude of the quantization
error produces the worst-case noise power

in the digital-to-analog converter output. The magnitude of is called the
spectral purity of the synthesizer.

Example 2. A digital synthesizer is to be designed to cover 1 kHz to 1
MHz with a spectral purity greater than 45 dB. According to (3-97), the use
of 8-bit words in the ROM is adequate for the required spectralpurity. The
ROM contains or fewer distinct words and requires input
bits. If 2.5 then since (3-96) yields Thus,
a 12-bit phase accumulator is needed. Since we may choose N =
4000. If the frequency resolution and smallest frequency is to be
then (3-93) indicates that is required. When the frequency is
desired, the phase increments are so small that increments occur
before a new address is specified and a new value of is produced. Thus,
the 4 least-significant bits in the accumulator are not used in the addressing of
the ROM.

The direct digital synthesizer can be easily modified to produce a modulated
output when high-speed digital data is available. For amplitude modulation,
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the ROM output is applied to a multiplier. Phase modulation may be im-
plemented by adding the appropriate bits to the phaseaccumulator output.
Frequencymodulation entails a modification of the accumulator input bits. For
a quaternary modulation, separate sine and cosine ROMs may be used.

A digital frequency synthesizer can produce nearly instantaneous, phase-
continuous frequency changes and a very fine frequency resolution despite its
relatively small size, weight, and power requirements. A disadvantage is the
limited maximum frequency, which restricts the bandwidth of the covered fre-
quencies following a frequency translation of the synthesizer output. For this
reason,digital frequency synthesizers are often used as components in hybrid
synthesizers. Another disadvantage is the stringent requirement for the lowpass
filter to suppress frequency spurs generated during changes in the synthesized
frequency.

Indirect Frequency Synthesizers

An indirect frequency synthesizer uses voltage-controlled oscillators and feed-
back loops. Indirect synthesizers usually require less hardware than comparable
direct ones, but require moretime to switch from one frequency to another. Like
digital synthesizers, indirect synthesizers inherently produce phase-continuous
outputs after frequency changes. The principal components of a single-loop
indirect synthesizer, which is similar in operation to a phase-lockedloop, are
depicted in Figure 3.19. The control bits, which determine the value of the
modulus or divisor N, are supplied by a code generator. The input signal at
frequency may be provided by another synthesizer. Since the feedback loop
forces the frequency of the divider output, to closely approximate
the reference frequency the output of the voltage-controlledoscillator (VCO)
is a sine wave with frequency

where N is a positive integer. Phase detectors in frequency-hopping synthesizers
are usually digital devices that measure zero-crossing times rather than the
phasedifferences measuredwhen mixers are used. Digital phase detectors have
an extended linear range, are less sensitive to input-level variations, and simplify
the interface with a digital divider.

Since the output frequencies change in increments of the frequency res-
olution of the single-loopsynthesizer is For stable operation and the sup-
pression of sidebands that are offset from by it is desirable that the
loop bandwidth be on the order of 0.1 The switching time for changing
frequencies, which is inversely proportional to the loop bandwidth, is roughly
approximated by

This equation indicates that a low resolution and a low switching time may
not be achievable by a single loop. The switching time is less than or equal
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Figure 3.19: Indirect frequency synthesizer with single loop.

to defined previously for frequency-hopping pulses, which may have addi-
tional guard time inserted. To decrease the switching time while maintaining
the frequency resolution of a single loop, a coarse steering signal can be stored
in a ROM, converted into analog form by a digital-to-analog converter (DAC),
and applied to the VCO (as shown in Figure 3.19) immediately after a fre-
quency change. The steering signal reduces the frequency step that must be
acquired by the loop when a hop occurs. An alternative approach is to place
a fixed divider with modulus M after the loop so that the output frequency is

By this means, can be increased without sacrificing
resolution providedthat the VCO output frequency, which equals is not
too large for the divider in the feedback loop. To limit the transmission of spu-
rious frequencies, it may be desirable to inhibit the transmitter output during
frequency transitions.

The switching time can be dramatically reduced by using two synthesizers
that alternately produce the output frequency. One synthesizer produces the
output frequency while the second one is being tuned to the next frequency
following a command from the codegenerator. If the hop duration exceeds the
switching time of each synthesizer, then the second synthesizer begins producing
the next frequency before a control switch routes its output to a modulator or
a dehopping mixer.

A divider is a binary counter that produces a square-wave output. The
divider counts down by one unit every time its input crosses zero. If the modulus
or divisor is the positive integer N, then after N zero crossings, the divider
output crosses zero and changes state. The divider then resumes counting down
from N. Programmable dividers have limited operating speeds that impair their
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ability to accommodate a high-frequency VCO output. A problem is avoided
by the down-conversion of the VCO output by the mixer shown in Figure 3.19,
but spurious components are introduced. Since fixed dividers can operate at
much higher speeds than programmable dividers, one might consider placing a
fixed divider before the programmable divider in the feedback loop. However,
if the fixed divider has a modulus then the loop resolution becomes
so this solution is usually unsatisfactory.

A dual-modulus divider, which is depicted in Figure 3.20, allowssynthesizer
operation at high frequencies while maintainingthe frequency resolution equal

Figure 3.20: Dual-modulus divider.

to The dual prescalar consists of two fixed dividers with divisors equal
to the positive integers P and P + Q. The two programmable dividers count
down from the integers A and B, where B > A and A is nonnegative. These
programmable dividers are only required to accommodate a frequency
The dual prescalarinitially divides by the modulus P + Q. This modulus
changes whenever a programmable divider reaches zero. After (P + Q)A input
transitions, divider 1 reaches zero, and the modulus control causes the dual
prescalar to divide by P. Divider 2 has counted down to B … A. After P(B … A)
more input transitions, divider 2 reaches zero and causes an output transition.
The two programmable dividers are then reset, and the dual prescalar reverts
to division by P + Q. Thus, each output transition corresponds to A(P + Q) +
P(B … A) = AQ + PB input transitions, which implies that the dual-modulus
divider has a modulus

and produces the output frequency
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If  Q = 1 and P = 10, then the dual-modulus divider is called a 10/11
divider, and

which can be increased in unit steps by changing A in unit steps. Since B > A
is required, a suitable range for A and minimum value of B are

The relations (3-98), (3-101), and (3-102) indicate that the range of a synthe-
sized hopset is from to Therefore, a spectral
band between and is covered by the hopset if

and

Example 3. The Bluetooth communication system is used to establish
wireless communications amongportable electronic devices. The system has a
hopset of 79 carrier frequencies, its hop rate is 1600 hops per second, its hop
band is between 2400 and 2483.5 MHz, and the bandwidth of each frequency
channel is 1 MHz. Consider a system in which the 79 carrier frequencies are
spaced 1 MHz apart from 2402 MHz to 2480 MHz. A 10/11 divider with
MHz provides the desired increment, which is equal to the frequency resolution.
Equation (3-99) indicatesthat which indicates that 25 potential data
symbols will have to be omitted during each hop interval. Inequality (3-103)
indicates that MHz is a suitable choice. Then (3-104) is satisfied
by Therefore, dividers A and B require 4 and 5 control bits,
respectively, to specify their potential values. If the control bits are stored in a
ROM, then each ROM location contains 9 bits. The number of ROM addresses
is at least 79, the number of frequencies in the hopset. Thus, a ROM input
address requires 7 bits.

Multiple loops

A multiple-loop frequency synthesizer uses two or more single-loopsynthesizers
to obtain both fine frequency resolution and fast switching. A three-loop fre-
quency synthesizer is shown in Figure 3.21. Loops A and B have the form of
Figure 3.19, but loop A does not have a mixer and filter in its feedback. Loop
C has the mixer and filter, but lacks the divider. The reference frequency
is chosen to ensure that the desired switching time is realized. If A > M, then
loop C does not appreciably degrade the switching time. The divisor M is
chosen so that is equal to the desired resolution. Loop A and the divider
generateincrements of while loop B generates increments of Loop C
combines the outputs of loops A and B to produce the output frequency
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Figure 3.21: Indirect frequency synthesizer with three loops.

where B, A, and M are positive integers because they are produced by dividers.
Loop C is preferable to a mixer and bandpass filter because the filter would have
to suppress a closely spaced, unwanted component when and were
far apart. To ensure that each output frequency is produced by unique values
of A and B, it is required that To prevent degradation
in the switching time, it is required that Both requirements are met
by choosing

According to (3-105), a range of frequencies from to is covered if

and

Example 4. Consider the Bluetooth system of Example 3 but with the
more stringent requirement that which only sacrifices 3 potential
data symbols per hop interval. The single-loop synthesizer of Example 3 cannot
provide this shortswitching time. The required switching time is provided by a
three-loop synthesizer with The resolution of 1 MHz is achieved
by taking M = 10. Equations (3-106) indicate that              and

Inequalities (3-107) and (3-108) are satisfied if
and The maximum frequencies that must be accommodated by
the dividers in loops A and B are and
respectively. Dividers A and B require 5 and 4 control bits, respectively.
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Fractional-N Synthesizer

A fractional-N synthesizer uses a single loop and extensive auxiliary hardware
to produce an output frequency given by (3-105) with Although
the switching time is inverselyproportional to the resolution is which
can be made arbitrarily small in principle. The synthesis method alters the loop
feedback by dividing the output frequency by B most of the time but dividing
B + 1 every M/A output cycles so that the effective divisor is N = B + A/M.
The main disadvantage of the fractional-N synthesizer relative to the other
synthesizers of comparable performance is its production of relatively high-level
spurious signals that frequency-modulate its output signal.

As shown in Figure 3.22, the number A/M is added to the content of an
accumulator every output cycle. Each time the content exceeds unity, a carry

Figure 3.22: Fractional-N frequency synthesizer.

bit is generated that causes division by B + 1 instead of B. For example, if
and it is desired to generate then B = 9 and

A/M = 0.15 is added to the content of an accumulator every output cycle. The
output frequency is divided by B + 1 = 10 every M/A = 1/0.15 = 6.67 output
cycles on the average. The cycle swallower is a device that blocks one of the
VCO output cycles in response to a carry bit from the accumulator. For the
VCO to produce a stable output frequency, its input must be approximately
a direct-current signal. However, for every reference cycle, the VCO output
undergoes N cycles, and the divider output undergoes N/B = 1 + A/BM
cycles. Therefore, the relative phase between the two phase-detector inputs
increases by radians per amplifier output. Since the accumulator
output increases by A/M every reference cycle, a programmable amplifier with
a gain of yields the output needed for cancellation.
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Example 5. Consider a fractional-N synthesizer for the Bluetooth system
of Example 4 in which If the output of the fractional-N synthesizer
is frequency-translated by 2300 MHz, then the synthesizer itself needs to cover
102 MHz to 180 MHz. The switching time is achieved by taking
The resolution is achieved by taking M = 10. Equation (3-105) indicates that
the required frequencies are covered by varying B from 10 to 18 and A from 0
to 9. The accumulator increases its content by A/M = A/10 every reference
cycle. The integers B and A require 5 and 4 control bits, respectively.

3.5 Problems
1.

2.

3.

4.

5.

6.

7.

An n-stage feedbackshift register is used as the code generator in the
FH/MFSK transmitter shown in Figure 3.5(a). What is the maximum
number of effective frequency channels in the hopset? What is required
for message privacy?

ConsiderFH/MFSK with soft-decision decoding of repetition codes and
Show that is given by (3-30).

Consider FH/MFSK with soft-decision decoding of repetition codes and
large values of Suppose that the number of repetitions is not
chosen to minimize the potential impact of partial-band jamming. Show
that a nonbinary modulation with bits per symbolgives a better perfor-
mance than binary modulation in the presence of worst-case partial-band
jamming if

Draw the block diagram of a receiver for an FH/MFSK system with an
independently hopped MFSK set. This system precludes sophisticated
multitone jamming.

How many symbols per hop are required for the loss due to a phase-
reference symbol to be less than 0.1 dB in an FH/DPSK system?

This problem illustrates the importance of a channel code to a frequency-
hopping system in the presence of worst-case partial-band interference.
Consider an FH/MSK systemwith limiter-discriminator demodulation,
(a) Use (3-70) to calculate the required to obtain a bit error rate

when no channel code is used, (b) Calculate the required
when a Golay (23,12) code is used. As a first

step, use the first term in (1-25) to estimate the required symbol error
probability. What is the coding gain?

Consider an FH/DPSK system with a turbo decoder, (a) Derive the
maximum-likelihood estimates of (3-86) and (3-87). (b) Assume that the

are correct. Derive the value of the factor necessary for to be
unbiased, (c) If phase synchronization is available, is the same for
each symbol, and both and the attenuation are known, show that
(3-90) reduces to (1-137).



3.6. REFERENCES 177

8. It is desired to cover 198 … 200 MHz in 10 Hz increments using double-mix-
divide modules. (a) What is the minimum number of modules required?
(b) What is the range of acceptable reference frequencies? (c) Choose a
reference frequency. What are the frequencies of the required tones? (d)
If an upconversion by 180 MHz follows the DMD modules, what is the
range of acceptablereference frequencies? Is this system more practical?

9. It is desired to cover 100 … 100.99 MHz in 10 kHz incrementswith an
indirect frequency synthesizer containing a single loop and a dual-modulus
divider. Let in Figure 3.19 and Q = 1 in Figure 3.20. (a) What is
a suitable range of values of A? (b) What are a suitable value of P and
a suitable range of values of B if it is required to minimize the highest
frequency applied to the programmable dividers?

10. It is desired to cover 198 … 200 MHz in 10 Hz increments with a switching
time equal to 2.5 ms. An indirect frequency synthesizer with three loops
in the form of Figure 3.21 is used. It is desired that (a)
What are suitable values of the parameters M,

and ? (b) If the desired switching time is reduced to 250
and is minimized, what are the values of these parameters?

11. Specify the design parameters of a fractional-N synthesizer that covers
198 … 200 MHz in 10 Hz increments with a switching time equal to 250
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Chapter 4

Code Synchronization

A spread-spectrum receiver must generate a spreading sequence or frequency-
hopping pattern that is synchronized with the received sequence or pattern; that
is, the corresponding chips or dwell intervals must precisely or nearly coincide.
Any misalignment causes the signal amplitude at the demodulator output to
fall in accordance with the autocorrelation or partial autocorrelation function.
Although the use of precisionclocks in both the transmitter and the receiver
limit the timing uncertainty in the receiver, clock drifts, rangeuncertainty, and
the Doppler shift may cause synchronization problems. Code synchronization,
which is either sequence or pattern synchronization, might be obtained from
separatelytransmitted pilot or timing signals. It may be aided or enabled by
feedbacksignals from the receiver to the transmitter. However, to reduce the
cost in power and overhead, mostspread-spectrum receivers can acquire code
synchronization from the receivedsignal.

4.1 Acquisition of Spreading Sequences
In the first part of this chapter, we considerdirect-sequence systems. To de-
rive the maximum-likelihood estimate of the code phase or timing offset of the
spreadingsequence, several assumptions are made. Since the presence of the
data modulation impedescode synchronization, the transmitter is assumed to
facilitate the synchronization by transmitting the spreading sequence without
any data modulation. In nearly all applications, noncoherent code synchroniza-
tion must precede carrier synchronization because the signal energy is spread
over a wide spectral band. Prior to despreading, which requires code synchro-
nization, the signal-to-noise ratio (SNR) is unlikely to be sufficiently high for
successful carrier tracking by a phase-locked loop. The received signal is

where is the desired signal and is the additive white Gaussiannoise.
For a direct-sequence system with PSK modulation, the desired signal is
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where S is the average power, is the spreading waveform, is the carrier
frequency, is the random carrier phase, and and are the unknown code
phase and frequency offset, respectively, that must be estimated. The frequency
offset may be due to a Doppler shift or to a drift or instability in the transmitter
oscillator.

The coefficients in the expansion of the observed waveform in terms of or-
thonormal basis functions constitute the vector The likelihood
function for the unknown and is the conditional density function ofr given
the values of and Since is a random variable, the likelihood function is

where is the conditional density function of r given the values of
and and is the expectation with respect to The maximum-

likelihood estimates are those values of and that maximize
The coefficients in the expansion of in terms of the orthonormal basis

functions are statistically independent. Since each coefficient is Gaussianwith
variance

where the are the coefficients of the signal when and are given.
Substituting this equation into (4-3) and eliminating factors irrelevant to the
maximum-likelihood estimation, we obtain

Expansions in the orthonormal basis functions indicate that if the
likelihood function may be expressed in terms of the signal waveforms as

where is the energy in the signal waveform over the observationinterval
of duration T. Assuming that does not vary significantly over the ranges
of and considered, the factor involving may be dropped from further
consideration. The substitution of in (4-2) into (4-6) then yields

For noncoherent estimation, the received carrier phase is assumed to be
uniformly distributed over A trigonometric expansion followed by an
integration of (4-7) over gives (cf. (7-14))
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where is the modified Bessel function of the first kind and order zero given
by (D-30), and

Since is a monotonically increasingfunction of (4-8) implies that
is a sufficient statistic for maximum-likelihood estimation. Ideally,

the estimates are determined by considering all possible values of and and
then choosing thosevalues that maximize (4-9). A device that implements (4-9)
is called a noncoherent correlator.

A practical implementation of maximum-likelihood estimation or other type
of estimation is greatly facilitated by dividing synchronization into the two oper-
ations of acquisition and tracking. Acquisition provides coarse synchronization
by limiting the choices of the estimated values to a finite number of quantized
candidates. Following the acquisition, tracking provides and maintains fine syn-
chronization.

One method of acquisition is to use a parallel array of processors, each
matched to candidate quantized values of the timing and frequency offsets.
The largest processor output then indicates which candidates are selected as the
estimates. An alternative method of acquisition, which is much less complex,
but significantly increases the time needed to make a decision, is to serially
search over the candidate offsets. Since the frequency offset is usually negligible
or requires only a few candidate values, the remainder of this chapter analyzes
code synchronization in which only the timing offset is estimated. Search
methods rather than parallel processing are examined. Code acquisition is the
operation by which the phase of the receiver-generatedsequence is brought
to within a fraction of a chip of the phase of the received sequence. After
this condition is detected and verified, the tracking system is activated. Code
tracking is the operation by which synchronization errors are further reduced or
at least maintainedwithin certain bounds. Both the acquisition and tracking
devices regulate the clock rate. Changes in the clock rate adjust the phase or
timing offset of the local sequence generated by the receiver relative to the phase
or timing offset of the received sequence.

In a benign environment, sequential estimation methods provide rapid ac-
quisition [1]. Successive received chips are demodulated and then loaded into
the receiver•s code generator to establish its initial state. The tracking system
then ensures that the code generator maintains synchronization. However, be-
cause chip demodulation is required, the usualdespreadingmechanism cannot
be used to suppress interference during acquisition. Since an acquisition fail-
ure completely disables a communication system, an acquisition system must
be capable of rejecting the anticipated level of interference. To meet this re-
quirement, matched-filter acquisition and serial-search acquisition are the most
effective techniques in general.
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Figure 4.1: Digital matched filter.

Matched-Filter Acquisition

Matched-filter acquisitionprovidespotentially rapid acquisition when short pro-
grammable sequences give adequate security. The matched filter in an acquisi-
tion system is matched to one period of the spreading waveform, which is usu-
ally transmitted without modulation during acquisition. The sequence length
or integration time of the matched filter is limited by frequency offsets and
chip-rateerrors. The output envelope, which ideally comprises triangular au-
tocorrelationspikes, is compared with one or more thresholds, one of which is
close to the peak value of the spikes. If the data-symbol boundaries coincide
with the beginning and end of a spreading sequence, the occurrence of a thresh-
old crossing provides timing information used for both symbol synchronization
and acquisition. A major application of matched-filter acquisition is for burst
communications, which are short and infrequent communications that do not
require a long spreadingsequence.

A digital matched filter that generates for noncoherent acquisition of
a binary spreading waveform is illustrated in Figure 4.1. The digital matched
filter offers great flexibility, but is limited in the bandwidth it can accommodate.
The received spreading waveform is decomposed into in-phase and quadrature
baseband components, each of which is applied to a separate branch. The
outputs of each digitizer are applied to a transversal filter. Tapped outputs of
each transversal filter are multiplied by stored weights and summed. The two
sums are squared and added together to produce the final matched-filter output.
A one-bit digitizer makes hard decisions on the received chips by observing the
polarities of the sample values. Each transversal filter is a shift register, and
the reference weights are sequence chips stored in shift-register stages. The
transversal filter contains G successive received spreading-sequence chips and a
correlator that computes the number of received and stored chipsthat match.
The correlator outputs are applied to the squarers.
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Figure 4.2: Configuration of a serial-search acquisition system enabled by a
matched filter.

Matched-filter acquisition for continuous communications is useful when
serial-search acquisitionwith a long sequencefails or takes too long. The trans-
mission of the short sequence may be concealed by embedding it within the
long sequence. The short sequence may be a subsequence of the long sequence
that is presumed to be ahead of the received sequence and is stored in the pro-
grammable matched filter. Figure 4.2 depicts the configuration of a matched
filter for short-sequenceacquisition and a serial-search system for long-sequence
acquisition. The control signal provides the short sequence that is stored or
recirculated in the matched filter. The control signal activates the matched
filter when it is needed and deactivates it otherwise. The short sequence is de-
tected when the envelope of the matched-filter output crosses a threshold. The
threshold-detector output starts a long-sequence generator in the serial-search
system at a predetermined initial state. The long sequence is used for verifying
the acquisition and for despreading the received direct-sequence signal.Several
matched filters in parallel may be used to expedite the process.

4.2 Serial-Search Acquisition

Serial-search acquisition consists of a search,usually in discrete steps, among
candidatecode phases of a local sequenceuntil it is determined that the local
sequence is nearly synchronized with the received spreading sequence. Con-
ceptually, the timing uncertainty covers a region that is quantized into a finite
number of cells, which are search positions of relative code phases or timing
alignments. The cells are serially testeduntil it is determined that a particular
cell corresponds to the alignment of the two sequences to within a fraction of a
chip.
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Figure 4.3: Serial-search acquisition system.

Figure 4.3 depicts the principal components of a serial-search acquisition
system. The received direct-sequence signal and a local spreading sequence are
applied to a noncoherentcorrelator that produces the statistic (4-9). If the
received and local spreading sequences are not aligned, the sampled correlator
output is low. Therefore, the threshold is not exceeded, the cell under test is
rejected, and the phase of the local sequence is retarded or advanced, possibly
by generating an extra clock pulse or by blocking one. A new cell is then
tested. If the sequences are nearly aligned, the sampled correlator output is
high, the threshold is exceeded, the search is stopped, and the two sequences
run in parallel at some fixed phase offset. Subsequent tests verify that the
correct cell has been identified. If a cell fails the verification tests, the search
is resumed. If a cell passes, the two sequences are assumed to be coarsely
synchronized, demodulation begins, and the tracking system is activated. The
threshold-detector output continues to be monitored so that any subsequent
loss of synchronization activates the serial search.

There may be several cells that potentially provide a valid acquisition. How-
ever, if none of these cells corresponds to perfect synchronization, the detected
energy is reduced below its potential peak value. The step size is the separa-
tion betweencells. If the step size is one-half of a chip, then one of the cells
corresponds to an alignment within one-fourth of a chip. On the average, the
misalignment of this cell is one-eighth of a chip, which may cause a negligi-
ble degradation. As the step size decreases, both the average detectedenergy
during acquisition and the number of cells to be searched increase.

The dwell time is the amount of time required for testing a cell and is ap-
proximately equal to the length of the integration interval in the noncoherent
correlator (Section4.3). An acquisition system is called a single-dwell system
if a single test determines whether a cell is accepted as the correct one. If ver-
ification testing occurs before acceptance, the system is called a multiple-dwell
system. The dwell times either are fixed or are variable but bounded by some
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Figure 4.4: Flow graph of multiple-dwell system with consecutive-countstrat-
egy.

maximum value. The dwell time for the initial test of a cell is usually designed
to be much shorter than the dwell times for verification tests. This approach
expedites the acquisition by quickly eliminating the bulk of the incorrect cells.
In any serial-search system, the dwell time allotted to a test is limited by the
Doppler shift, which causes the received and local chip rates to differ. As a
result, an initial close alignment of the two sequences may disappear by the end
of the test.

A multiple-dwell system may use a consecutive-count strategy, in which a
failed test causes a cell to be immediately rejected, or an up-down strategy,
in which a failed test causes a repetition of a previous test. Figures 4.4 and
4.5 depict the flow graphs of the consecutive-count and up-down strategies,
respectively, that require D tests to be passed before acquisition is declared. If
the threshold is not exceeded during test 1, the cell fails the test, and the next
cell is tested. If it is exceeded, the cell passes the test, the search is stopped,
and the system enters the verification mode. The same cell is tested again, but
the dwell time and the threshold may be changed. Once all the verification
tests havebeen passed, the code tracking is activated, and the system enters
the lock mode. In the lock mode, the lock detector continually verifies that code
synchronization is maintained. If the lock detector decides that synchronization
has been lost, reacquisition begins in the search mode.

The order in which the cells are tested is determined by the general search
strategy. Figure 4.6(a) depicts a uniform search over the cells of the timing un-
certainty. The broken lines represent the discontinuous transitions of the search
from the one part of the timing uncertainty to another. The broken-center Z
search, illustrated in Figure 4.6(b), is appropriate when a priori information
makes part of the timing uncertainty more likely to contain the correct cell than
the rest of the region. A priori information may be derived from the detection
of a short preamble. If the sequences are synchronized with the time of day,
then the receiver•s estimate of the transmitter range combined with the time of
day provide the a priori information.
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Figure4.5: Flow graph of multiple-dwell system with up-down strategy.

Figure 4.6: Trajectories of search positions: (a) uniform search and (b) broken-
center Z search.

The acquisition time is the amount of time required for an acquisition system
to locate the correct cell and initiate the code tracking system. To derive the
statistics of the acquisition time [2], one of the possiblecells is considered
the correct cell, and the other cells are incorrect. The difference in
timing offsets amongcells is where the step size is usually either 1
or 1/2. However, it is convenient to allow the correct cell to include two or
more timing offsets or code phases. Let L denote the number of times the
correct cell is tested before it is accepted and acquisition terminates. Let C
denote the number of the correctcell and denote the probability that
Let v(L,C) denote the number of incorrect cells testedduring the acquisition
process. The functional dependence is determined by the search strategy. Let

denote the total rewinding time, which is the time required for the
search to move discontinuouslywithin the timing uncertainty. Since an incorrect
cell is always ultimately rejected, there are only three types of events that
occur during a serial search. Either the  incorrect cell is dismissed after

seconds, a correct cell is falsely dismissed for the time after
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seconds, or a correct cell is accepted after seconds, where the first subscript
is 1 if dismissal occurs, and 2 otherwise; the secondsubscript is 1 if the cell is
incorrect, and 2 otherwise. Each of these decision times is a random variable.
If an incorrect cell is accepted, the receiver eventually recognizes the mistake
and reinitiates the search at the next cell. The wasted time expended in code
tracking is a random variablecalled the penalty time. These definitions imply
that the acquisition time is the random variablegiven by

The most important performance measures of the serial search are the mean
and variance of Given and the conditional expected value of

is

where and are the expected values of each and
respectively.Therefore, the meanacquisition time is

where is the probability that We assumethat the test statistics
are independent and identically distributed. Therefore,

where is the probability that the correct cell is detected when it is tested dur-
ing a scan of the uncertainty region. After calculating the conditional expected
value of given that and and using the identity
we obtain

The variance of is

In some applications, the serial-searchacquisition must be completed within
a specified period of duration If it is not, the serial search is terminated,
and special measures such as the matched-filter acquisition of a short sequence
are undertaken. The probability that can be bounded by using
Chebyshev•s inequality (Appendix A):

whereP[A] denotes theprobability of theevent A.
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Uniform Search with Uniform Distribution

As an important application, we consider the uniform search of Figure 4.6(a)
and a uniform a priori distribution for the location of the correct cell given by

If the cells in the figure are labeled consecutivelyfrom left to right, then

The rewinding time is

where is the rewinding time associated with each broken line in the figure.
If the timing uncertainty covers an entire sequence period, then the cells at the
two edges are actually adjacent and

To evaluate and we substitute (4-13), (4-17), (4-18), and (4-19) into
(4-12) and (4-14) and use the following identities:

where Defining

we obtain

and

In most applications, the number of cells to be searched is large, and simpler as-
ymptotic forms for the mean and variance of the acquisition time are applicable.
As (4-22) gives
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Similarly, (4-23) and (4-15) yield

These equations must be modified in the presence of a large uncorrected
Doppler shift. The fractional change in the received chip rate of the spreading
sequence is equal to the fractional change in the carrier frequency due to the
Doppler shift. If the chip rate changes from to then the average
change in the code or sequence phaseduring the test of an incorrect cell is
The change relative to the step size is The number of cells that are
actually tested in a sweep of the timing uncertainty becomes
Since incorrectcells predominate, the substitution of the latter quantity in place
of in (4-24) and (4-25) gives approximate asymptotic expressions for and

when the Doppler shift is significant.

Consecutive-Count Double-Dwell System

For further specialization, consider the consecutive-count double-dwell system
described by Figure 4.4 with D = 2. Assume that the correct cell actually sub-
sumes two consecutive cells with detection probabilities and respectively.
If the test results are assumed to be statistically independent, then

Let and denote the search-mode dwell time, false-alarm prob-
ability, and successive detection probabilities, respectively. Let
and denote the verification-mode dwell time, false-alarm probability, and
successive detection probabilities, respectively. Let denote the mean penalty
time, which is incurred by the incorrect activation of the tracking mode. The
flow graph indicates that since each cell must pass two tests,

and

Equations (4-26) to (4-28) are sufficient for the evaluation of the asymptotic
values of the mean and variancegiven by (4-24) and (4-25).

For a more accurate evaluation of the mean acquisition time, expressions for
the conditional means and are needed. Expressing as the conditional
expectation of the correct-cell test duration given cell detection, enumerating
the possible durations and their conditional probabilities, and then simplifying,
we obtain

Similarly,
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Single-Dwell and Matched-Filter Systems

Results for a single-dwell system are obtained by setting
1,                                                                   and in (4-28) to (4-30). We
obtain

Thus, (4-22) yields

Since the single-dwell system may be regarded as a special case of the double-
dwell system, the latter can provide a better performance by the appropriate
setting of its additional parameters.

The approximate mean acquisition time for a matched filter can be derived
in a similar manner. Suppose that many periods of a shortspreading sequence
with N chips per period are received, and the matched-filter output is sampled

times per chip. Then the number of cells that are tested is and
Each sampled output is compared to a threshold so is the

time duration associated with a test. For or 2, it is reasonable to regard
two of the cells as the correct ones. These cells are effectively testedwhen a
signal period fills or nearly fills the matched filter. Thus, (4-26) is applicable
with and (4-32) yields

where Ideally, the threshold is exceeded once per period, and each
threshold crossing provides a timing marker.

Up-Down Double-Dwell System

For the up-down double-dwell system with two correct cells, the flow graph of
Figure 4.5 with D = 2 indicates that

Similarly,

and is given by (4-26). If an incorrect cell passes the initial test but fails
the verification test, then the cell begins the testing sequenceagain without
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any memory of the previous testing. Therefore, for an up-down double-dwell
system, a recursive evaluation gives

Substitution of (4-34) to (4-36) into (4-24) to (4-26) gives the asymptotic values
of the mean and variance of the acquisition time.

From the possible durations and their conditional probabilities, we obtain

where is the expected delay for the detection of the correct cell given that
the testing begins at the second correct cell. A recursive evaluation gives

Similarly, is determined by the recursive equation

with

Penalty Time

The lock detector that monitors the code synchronization in the lock mode
performs tests to verify the lock condition. The time that elapses before the
system incorrectly leaves the lock mode is called the holding time. It is desirable
to have a large meanholding time and a small mean penalty time, but the
realization of one of these goals tends to impede the realization of the other. As
a simple example, suppose that each test has a fixed duration and that code
synchronization is actually maintained. A singlemissed detection, which occurs
with probability causes the lock detector to assume a loss of lock and
to initiate a search. Assuming the statistical independence of the lock-mode
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tests, the mean holding time is

This result may also be derived by recognizing that because
once the lock mode is verified, the testing of the same cell is renewedwithout
any memory of the previous testing. If the locally generated code phase is
incorrect, the penalty time expires unless false alarms, each of which occurs
with probability continue to occur every seconds. A derivation similar
to that of (4-41) yields the mean penalty time for a single-dwell lock detector:

A trade-off between a high and a low exists because increasing tends
to increase

When a single test verifies the lock condition, the synchronization system is
vulnerable to deep fades and pulsed interference. A preferable strategy is for
the lock mode to be maintained until a number of consecutive or cumulative
misses occur during a series of tests. The performance analysis is analogous to
that of serial-search acquisition.

Other Search Strategies

In a Z search, no cell is tested more than once until all cells in the timing
uncertainty have been tested. Both strategies of Figure 4.6 are Z searches. A
characteristic of the Z search is that

where is the number of incorrect cells tested when and, hence,
L = 1. For simplicity, we assume that is even. For the broken-center Z search,
the search beginswith cell and

whereas for the uniform search. If the rewinding time is negligible,
then (4-12), (4-13), and (4-43) yield

where
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Figure 4.7: Trajectories of expanding-window search positions: (a) broken-
center and (b) continuous-center search.

is the average number of incorrect cells tested when If C has a uniform
distribution, then v(1) and, hence, are the same for both strategies. If the
distribution of C is symmetrical about a pronounced central peak and
then a uniform search gives Since a broken-center Z search usually
ends almost immediately or after slightly more than tests,

which indicates that for large values of and close to unity, the broken-
center Z search reduces approximately by a factor of 2 relative to its value
for the uniform search.

An expanding-window search attempts to exploit the information in the dis-
tribution of C by continually retesting cells with high a priori probabilities of
being the correct cell. Tests are performed on all cells within a radius from
the center. If the correct cell is not found, then tests are performed on all
cells within an increased radius The radius is increased successively until
the boundaries of the timing uncertainty are reached. The expanding-window
search then becomes a Z search. If the rewinding time is negligible and C is
centrally peaked, then the broken-centersearch of Figure 4.7(a) is preferable
to the continuous-center search of Figure 4.7(b) because the latter retests cells
before testing all the cells near the center of the timing uncertainty. In an
equiexpanding search, the radii have the form

where N is the number of sweeps before the search becomes a Z search. If the
rewinding time is negligible, then it can be shown [3] that the broken-center
equiexpanding-window search is optimized for by choosing N = 2.
For this optimized search, is moderately reduced relative to its value for the
broken-center Z search.
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Figure 4.8: Trajectories of alternating search positions: (a) uniform search and
(b) nonuniform search.

When and the optimal search,which is called a uniform
alternating search, tests the cells in order of decreasing a priori probability. For
a symmetric, unimodal, centrally peakeddistribution of C, this optimal search
has the trajectory depicted in Figure 4.8(a). Once all the cells in the timing
uncertainty have been tested, the search repeats the same pattern. Equations
(4-43) and (4-45) are applicable. If and the distribution of C has
a pronounced central peak, then v(1) is small, and a comparison with (4-47)
indicatesthat the uniform alternating search has an advantage over the broken-
centerexpanding-windowsearch when and the rewinding time for any
discontinuous transition is much smallerthan However, computations show
that this advantage dissipates as decreases [3], which occurs because all cells
are tested with the samefrequency without accounting for the distribution of
C.

In the nonuniform alternating search, illustrated in Figure 4.8(b), a uniform
search is performed until a radius is reached.Then a second uniform search
is performed within a larger radius This process continuesuntil the bound-
aries of the timing uncertainty are reached and the search becomes a uniform
alternating search.Computations show that for a centrally peaked distribution
of C, the nonuniform alternating search can give a significant improvement over
the uniform alternating search if and the radii = 1 ,2 , . . . , are
optimized [3]. However, if the radii are optimized for then as
the nonuniform search becomes inferior to the uniform search.
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Density Function of the Acquisition Time

The density function of which is needed to accurately calculate
and other probabilities, may be decomposed as

where is the conditional density of given that and
Let denote the convolution operation, denote the convolution
of the density with itself, and Using this
notation, we obtain

where and are the densities associated with and
respectively. If one of the decision times is a constant, then the associated

density is a delta function.
The exact evaluation of is difficult [4], but an approximation usually

suffices. Since the acquisition time conditioned on and is the sum
of independent random variables, it is reasonable to approximate by a
truncated Gaussian density with mean

and variance

The truncation is such that only if or
When is large, the infinite series in (4-49) converges rapidly

enough that the can be accurately approximated by its first few terms.

Alternative Analysis

An alternative method of analyzing acquisitionrelies on transfer functions [5].
Each phase offset of the local code defines a state of the system. Of the total
number of states, are states that correspond to offsets (cells) that equal
or exceed a chipduration. One state is a collective state that corresponds to all
phaseoffsets that are less than a chip duration and, hence, causeacquisition to
be terminated and code tracking to begin. The serial-search acquisition process
is represented by its circular state diagram, a segment of which is illustrated in
Figure 4.9. The a priori probability distribution gives the
probability that the search begins in state The rewinding time is assumed to
be negligible.

The branch labels between two states are transfer functions that contain
information about the delays that may occur during the transition between the
two states. Let denote the unit-delay variable and let the power of denote the
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Figure 4.9: Circular state diagram for serial-search acquisition.

time delay. A single-dwell system with dwell false-alarm probability and
constantpenalty time has transfer function
for all branches that do not originate in collective state because the transition
delay is with probability and with probability For a
multiple-dwell system, is determined by first drawing a subsidiary state
diagramrepresentingintermediate states and transitions that may occur as the
system progresses from one state to the next one in the original circular state
diagram. For example, Figure 4.10 illustrates the subsidiary state diagram
for a consecutive-count double-dwell system with false alarms and
and delays and for the initial test and the verification test, respectively.
Examination of all possible paths between the initial state and the next state
indicates that

Let denote the transfer function between the collective state and the
lock mode. Let denote the transfer function betweenstate and state
1, which represents the failure to recognizecode-phase offsets that are less than
a chip duration. These transfer functions may be derived in the same manner
as For example, consider a consecutive-count, double-dwellsystem with
a collective state that comprises two states. Figure 4.11 depicts the subsidiary
state diagramrepresentingintermediate states and transitions that may occur
as the system progresses from state (with subsidiary states and to either
the lock mode or state 1. Examination of all possible paths yields
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Figure 4.10: Subsidiary state diagram for determination of for
consecutive-count double-dwellsystem.

For a single-dwell system with a collective state that comprises N states,

where is the dwell time, is the false-alarmprobability, and is the
detection probability of state within the collective state. To calculate the
statistics of the acquisition time, we seek the generating function defined as the
polynomial

where is the probability that the acquisitionprocess will terminate in the
lock mode after seconds. If is known, then the mean acquisition time
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Figure 4.11: Subsidiary state diagram for calculation of and for
consecutive-countdouble-dwell system with two-statecollective state.

is

Therefore, the variance of the acquisition time is

To derive we observe that it may be expressed as

where is the transfer function from an initial state to the lock mode.
Since the circular state diagram of Figure 4.9 may be traversed an indefinite

The second derivative of gives
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number of times during the acquisition process,

Substitution of this equation into (4-63) yields

The generating function may be expressed as the polynomial in (4-59) by means
of polynomial long division.

For the uniform a priori distribution given by (4-17),

Since the progressionfrom one state to another is inevitable until the lock mode
is reached, Since (4-65) and (4-60) yield

where the prime indicatesdifferentiation with respect to As an example,
consider a single-dwell system with a two-state collective state. The evaluation
of (4-67) using (4-56) to (4-58) with N = 2 yields (4-32) with if we set

and define by (4-26).

4.3 Acquisition Correlator
The noncoherent correlator of Figure 4.3 provides the approximate maximiza-
tion of given by (4-9). It is assumed that chip synchronization is
established by one of the standard methods of symbol synchronization. Conse-
quently, the test interval can be defined with boundaries that coincide with chip
boundaries, and we test code phases such that where is an integer.
Let denote the duration of the test interval, where M is a positive integer.
If the Doppler shift is not estimated, may be absorbed into in (4-9). If
the test interval begins with chip of the local spreading sequence, then (2-76)
and (4-9) imply that the decision variable for one test of a specific code phase

is

where
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Figure 4.12: Noncoherent correlator for acquisition system. CMF = chip
matched filter. SSG = spreading sequencegenerator.

The sequences and can be obtained by an in-phase and quadrature
downconversions followed by chip-matched filters sampled at times
Thus, the acquisition correlator has the form depicted in Figure 4.12. The
decision variable V is applied to a threshold detector to determine whether or
not a test of a particular codephase is passed. If a quaternary data modulation
is used instead of PSK, then the only modification necessary is to assign separate
spreading sequence generators to the two parallel branches of the correlator.

The sequences and can be applied to multiple parallel inner prod-
uctswith different values of simultaneously. This procedure allows a parallel
search of various code phases with a moderate amount of additional hardware
or software. Since each inner product may be computed by either
adding or subtracting each component of or

To analyze the performance of the acquisition correlator under fading con-
ditions, we assumethat the received signal is

where is the attenuation due to fading,S is the average power when
is the spreading waveform, is the carrier frequency, is the random carrier
phase, is the delay due to the unknown code phase, and is the interference
plus noise modeled as additive white Gaussiannoise. The data modulation
is omitted becauseeither it is not transmitted during acquisition or the test
duration is much smaller than a symbol duration In the latter
case, the probability that a symbol transition occurs during a test is negligible,
and the squaring operations eliminate the symbol value from V. Let
denote the delay associated with the code phase of the local spreading sequence.
The difference between and may be expressed in the form
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where N is an integer and For a rectangular chip waveform, (4-69),
(4-70), and (4-72), and the definition of chip yield

where

The alignment of the received and local spreading sequences is close enough
for acquisition if N = …1 or N = 0. If and then the cell
may be considered incorrect. The equation for is the same as (4-74) except
that replaces and is given by (4-74) with replacing

The first term of in (4-73) contributes self-interference that may cause a
false alarm. The self-interference is small if the autocorrelation of the spread-
ing sequence is sharply peaked. In a network of similar systems, interfering se-
quences are substantially suppressed if the cross-correlations among sequences
are small, as they are if all the sequences are Gold or Kasami sequences (Chapter
6).

In the performance analysis, the spreading sequence is modeled as a
random binary sequence and is modeled as a random variable. Thus, given
the values of and the self-interference varies with respect to its mean value
and, hence, degrades acquisitioneven when the noise term is negligible. If the
variablepart the self-interference is negligible,then (4-73) can be approximated
by

where is the second term in (4-73). Since is zero-mean, white Gaussian
noise, is a zero-mean Gaussian random variable. Since and
is independent of the product is zero-mean and Gaussian. The
independence of the terms in the sum then indicates that is a zero-mean
Gaussian random variable. Similarly, we obtain the approximation

where is a zero-mean, Gaussian random variable. Straightforward calcula-
tions using indicate that and are statistically independent
with the same variance:

To determine the condition under which the self-interference is approximated
by its mean value, we calculate Given and (4-73) yields
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where if N = 0, if N = …1, and
if The first term is much smaller than the second term

if where is the energy per chip. This condition
is satisfied with high probability in most practical systems, especially if
incorporates the power spectral densities due to multiple-access interference
and multipath signals. Accordingly, we proceed with the analysis using the
approximations (4-75) and (4-76). Without these approximations, alternative
approximations and assumptions are necessary or the analysis becomes much
more complicated [6]. A common approximation is that

If then a cell is incorrect and (4-73) with implies that
If the values of and depend on the

step size of the serial search. The step size is the separation in chips between
cells and is denoted by When two consecutive cells are considered
correct. If is increasing, then the cell corresponding to N = …1 occurs
first and is followed by the cell corresponding to N = 0. If    is assumed to be
uniformly distributed over (0,1) and or 0, then (4-73) and the similar
equation for yield the conditional means given and

When the two consecutive cells with the smallest values of are
considered the two correct cells. For all the others, we assume that

The first correct cell corresponds to N = …1 and
whereas the second one corresponds to N = 0 and If is assumed
to be uniformly distributed over the latter intervals, then for both cells, we
obtain

Let denote the decision variable V when the correct cell is tested, and let
denote V when the incorrect cell is tested.Equations (4-68), (4-75), and (4-

76) and the preceding analysis indicate that is the sum of the squares of two
independent, zero-mean Gaussian random variables. The results of Appendix
D then indicate that has a central chi-squaredistribution with two degrees
of freedom and probability density function

where and and
The false-alarm probability for a test of an incorrect cell is the probability
that where is the threshold. The integration of (4-81) gives the
false-alarmprobability:

Similarly, given and is the sum of the squares of two independent
Gaussianrandom variables with nonzero means. The results of Appendix D
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then indicate that has a noncentral chi-square distribution with two degrees
of freedom and probability density function

where

and

The detection probability for a test of a correct cell is the probability that
The integration of (4-83) and the substitution of (4-84) give the

detection probability

where is the generalizedQ-function defined by (D-15),

and is the signal energy per chip when fading is absent and
Combining (4-86) and (4-82) yields

Thus, if is specified, is given by (4-88). The threshold needed to realize
a specified is

which requires an accurate estimate of
In the presence of fast Rayleigh fading, has the Rayleigh probability den-

sity (Appendix D.4):

where so that S remains the average signal power in (4-72). It
is assumed that is approximately constant during a test, but independent
between one test and another. Since (4-86) is conditioned on the detection
probability in the presence of fastfading is

To evaluate this integral, we substitute the integral definition of given
by (D-15), interchange the order of integration in the resulting double integral,
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and then use (D-33) to evaluate one of the integrals. The remaining integration
over an exponentialfunction is elementary. The final result is

For slow Rayleigh fading with a coherencetime much largerthan the acquisition
time, it is appropriate to use (4-86) in calculating the conditional mean acqui-
sition time and then integrate over the Rayleigh density to obtain the mean
acquisition time.

Let C denote the number of chips in the timing uncertainty. The normalized
mean acquisition time (NMAT) is defined as The normalized standard
deviation (NSD) is defined as

Example 1. As an example of the application of the preceding results,
consider a single-dwell system with a uniform search and a uniform a priori
correct-cell locationdistribution. Let where M is the number of
chips per test, and where K is the number of chips in the mean
penalty time. It is assumed that there are two independent correct cells with
the common detection probability If (4-32) and (4-26)
yield the NMAT:

where

In a single-dwell system, which is given by (4-82). For step size
for In the absence of fading, (4-88) relates

and whereas (4-92) relates them in the presence of fast Rayleigh fading.
Figure 4.13 shows the NMAT as a function of for fast Rayleigh fading

and no fading. At each value of the values of and M are selected
to minimize the NMAT. The figure indicates the advantage of when

and the advantage of when The large increase in the
NMAT due to fast Rayleigh fading is apparent. From (4-25), it is found that
each plot of the NSD is similar to that of the corresponding NMAT.

Example 2. Consider double-dwell systems with a uniform search, a
uniform a priori correct-cell location distribution, and two independent correct
cells with and The test durations are

and If the NMAT is obtained from (4-24)
and (4-94), where is given by (4-28) for a consecutive-count system and
(4-36) for an up-down system. By replacing with and with the
probabilities and or 2, are related through (4-88) with for
no fading and (4-92) for fast Rayleigh fading.

Figure 4.14 shows the NMAT as a function of              for double-dwell systems
in the presence of fast Rayleigh fading. The step size is which is
found to be advantageous for the parameter values chosen. At each value of

the values of and are selected to minimize the NMAT.
The figure illustrates the advantage of the up-down system in most practical
applications. From (4-25), it is found that each plot of the NSD is similar to
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Figure 4.13: NMAT versus for single-dwell system in presence of fast
Rayleighfading or no fading. Values of and M are optimized.

that of the corresponding NMAT. A comparison of Figure 4.14 with Figure
4.13 indicates that double-dwell systems are capable of significantly lowering
the NMAT relative to a single-dwell system.

The existence of two consecutive correct cells can be directly exploited in
joint two-cell detection, which can be shown to provide a lower NMAT than the
conventional cell-by-cell detection [7]. In the presence of frequency-selective
fading with a largenumber of resolvable multipath signals, the NMAT of serial-
search acquisition is usually increased because the increasedself-interference is
more significant than the higher number of nonconsecutivecorrect cells with
correct phases. However, joint two-cell detection is more resistant to multiple-
access interference and more robust against variations in the detection thresh-
old, the power level of the desired signal, and the number of multipath signals.
The advantages of joint two-cell detection over cell-by-cell detection are the
result of the efficient combining of the energy of two adjacent correct-phase
samples.

The detection threshold of (4-89) depends on an estimate of the equiv-
alent noise-power spectral density. An accurate estimate usuallyrequires a
long observationinterval. However, in mobile communication systems and in
the presence of jamming, the instantaneous interference power may be rapidly
varying. To copewith this environment, an adaptive threshold may be set by
the instantaneous received power [8]. As a result, the mean acquisition time is
lowered relative to its value for nonadaptive schemes when Rayleigh fading or
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Figure 4.14: NMAT versus for double-dwell systems in presence of fast
Rayleigh fading. Step size is Values of and are
optimized.

pulsed Gaussian noise jamming is present. When a rakereceiver (Chapter 5 ) is
used, each finger of the receiver must acquire the timing of a separate multipath
signal. Whether matchedfiltering or a serial search is used, some mechanism
is needed to ensurethat each finger acquires a distinct multipath signal [9].

An alternative to acquisition tests of fixed dwell time or number of detector
samples is sequential detection, which uses only the number necessary for a
reliable decision. Thus, some sample sequences may allow a quick decision,
while others may warrant using a large number of samples in the evaluation of a
single phase of the spreading waveform. The sequential probability ratio test [2],
[3] entails the recalculation of the likelihood ratio after each new detector sample
is produced. This ratio is compared with both upper and lower thresholds to
determine if the test is terminated and no more samples need to be extracted.
If the upper threshold is exceeded, the receiver declares acquisition and the
lock mode is entered. If the likelihood ratio dropsbelow the lower threshold,
the test fails, and another code phase is tested. As long as the likelihood ratio
lies between the two thresholds, a decision is postponed and the ratio continues
to be updated. Although the sequential detector is capable of significantly
reducing the mean acquisition time relative to detectors that use a fixed number
of samples, it has a number of practical limitations. Chief among them is
the computational complexity of the calculation of the likelihood ratio or log-
likelihood ratio.
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4.4. CODE TRACKING

Code Tracking

Coherent code-tracking loops operate at baseband following the coherent re-
moval of the carrier of the received signal. An impediment to their use is
that the input SNR is usually too low for carrier synchronization prior to code
synchronization and the subsequent despreading of the received signal. Further-
more, coherent loops cannot easilyaccommodate the effects of data modulation.
Noncoherent loops operate directly on the received signals and are unaffected
by the data modulation.

To motivate the design of the noncoherent loop, one may adapt the statistic
(4-9). If the maximum-likelihood estimate is assumed to be within the interior
of its timing uncertainty region and is a differentiable function of
then the estimate that maximizes may be found by setting

A major problem with this approach is that given by (4-9) is not
differentiable if the chip waveform is rectangular. This problem is circumvented
by using a difference equation as an approximation of the derivative. Thus, for
a positive we set

This equation implies that the solution of (4-95) may be approximately obtained
by a device that finds the such that

To derive an alternative to this equation, we assume that no noise is present,
and that the correct timing offset of the received signal is

Substituting (4-2) with into (4-9) and using trigonometry, we obtain

If is modeled as the spreading waveform for a random binary sequence
and the interval [0, T] includes many chips, then the integral is reasonably
approximated by its expected value, which is proportional to the autocorrelation

where the triangular function is defined by (2-14). Substituting this result into
(4-97), we find that the maximum-likelihood estimate is approximately obtained
by a device that finds the such that
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Figure 4.15: Delay-locked loop.

The noncoherent delay-locked loop [10], which is diagrammed in Figure 4.15,
implements an approximatecomputation of the difference on the left-hand side
of (4-100) and then continually adjusts so that this difference remains near
zero. The estimate is used to produce the synchronized local spreading sequence
that is used for despreading the received direct-sequencesignal. The code gen-
erator produces three sequences, one of which is the reference sequence used
for acquisition and demodulation. The other two sequences are advanced and
delayed, respectively, by relative to the reference sequence. The product

is usually equal to the acquisition step size, and thus usually but
other values are plausible. The advanced and delayed sequences are multiplied
by the received direct-sequence signal in separate branches.

For the received direct-sequence signal (4-2), the signal portion of the upper-
branch mixer output is

where and is the delay of the reference sequencerelative to
the received sequence. Although is a function of time because of the loop
dynamics, the time dependence is suppressed for notational convenience. Since
each bandpass filter has a bandwidth on the order of where is the
duration of each symbol, is not significantly distorted by the filtering.
Nearly all spectral components except the slowly varying expected value of

are blocked by the upper-branch bandpass filter. Since
this expected value is the autocorrelation of the spreadingsequence, the filter
output is

Any double-frequency component produced by the square-law device is ulti-
mately suppressed by the loop filter and thus is ignored. Since the
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data modulation is removed, and the upper-branch output is

Similarly, the output of the lower branch is

The difference between the outputs of the two branches is the error signal:

Since is an even function, the error signal is proportional to the left-hand
side of (4-100).

The substitution of (4-99) and (2-14) into (4-105) yields

where is the discriminator characteristic or S-curve of the tracking loop.
For

For

In both cases,

Figure 4.16 illustrates the discriminator characteristic for The
filtered error signal is applied to the voltage-controlled clock.Changes in the
clock frequency cause the reference sequence to converge toward alignment with
the received spreadingsequence.When the reference sequence
is delayed relative to the received sequence. As shown in Figure 4.16, is
positive, so the clock rate is increased, and decreases. The figure indicates
that as Similarly, when we find that as

Thus, the delay-locked loop tracks the received codetiming once the
acquisition system has finished the coarse alignment.

The discriminator characteristic of code-tracking loops differs from that of
phase-locked loops in that it is nonzero only within a finite range of Outside
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Figure 4.16: Discriminator characteristic of delay-locked loop for

that range, codetracking cannot be sustained, the synchronization system loses
lock, and a reacquisition search is initiated by the lock detector. Tracking
resumes once the acquisition system reduces to within the range for which the
discriminator characteristic is nonzero.

When short spreading sequences are used in a synchronous direct-sequence
network, the reduced randomness in the multiple-access interference (Chapter
6) may cause increasedtracking jitter or even an offset in the discriminator
characteristic [11]. For orthogonal sequences, the interference is zero when
synchronization exists, but becomes large when there is a code-phaseerror in
the local spreading sequence. In the presence of a tracking error, the delay-
locked-loop arm with the larger offset relative to the correct code phase re-
ceives relatively more noise power than the other arm. This disparity reduces
the slope of the discriminator characteristic and, hence, degrades the tracking
performance. Moreover, because of the nonsymmetric character of the cross-
correlations among the spreading sequences, the discriminator characteristic
may be biased in one direction, which will cause a tracking offset.

The noncoherent tau-dither loop, which is depicted in Figure 4.17, is a lower-
complexity alternative to the noncoherentdelay-locked loop. The dither gener-
ator produces the dither signal a square wave that alternates between +1
and …1. This signal controls a switch that alternately passes an advanced or
delayed version of the spreading sequence. In the absence of noise, the output
of the switch can be represented by

where the two factors within brackets are orthogonal functions of time and
alternate between +1 and 0. Only one of the factors is nonzero at any instant.
The received direct-sequence signal is multiplied by filtered, and then
applied to a square-lawdevice. If the bandpass filter has a sufficiently narrow
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Figure 4.17: Tau-dither loop.

bandwidth, then a derivation similar to that of (4-103) indicates that the device
output is

Since and the input to
the loop filter is

which is a rectangular wave if the time variation of is ignored. Since the loop
filter has a narrow bandwidth relative to that of its output is approx-
imately the direct-current component of which is the average value of

Averaging the two terms of (4-112), we obtain the filter output:

The substitution of (4-99) yields the clock input:

where the discriminator characteristic is given by (4-107) to (4-109). Thus, the
tau-dither loop can track the code timing in a manner similar to that of the
delay-locked loop. A detailed analysis indicates that the tau-dither loop pro-
vides less accurate codetracking [2], [3]. However, the tau-dither loop requires
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less hardware than the delay-lockedloop and avoids the need to balance the
gains and delays in the two branches of the delay-locked loop.

In the presence of frequency-selective fading, the discriminator characteris-
tics of tracking loops are severely distorted. Much better performance is poten-
tially available from a noncoherenttracking loop with diversity and multipath-
interference cancellation[12], but a large increase in implementation complexity
is required.

4.5 Frequency-Hopping Patterns

The synchronization of the reference frequency-hopping pattern produced by
the receiver synthesizer with the received pattern may be facilitated by pre-
cision clocks in both the transmitter and the receiver, feedback signals from
the receiver to the transmitter, or transmitted pilot signals. However, in most
applications, it is necessary or desirable for the receiver to be capable of obtain-
ing synchronization by processing the received signal. During acquisition, the
reference pattern is synchronized with the received pattern to within a fraction
of a hop duration. The tracking system further reduces the synchronization er-
ror, or at least maintains it within certain bounds. For communication systems
that require a strong capability to reject interference, matched-filter acquisition
and serial-search acquisition are the most effective techniques. The matched
filter provides rapid acquisition of short frequency-hopping patterns, but re-
quires the simultaneous synthesis of multiple frequencies. The matched filter
may also be used in the configuration of Figure 4.2 to detect short patterns
embedded in much longer frequency-hopping patterns. Such a detection can be
used to initialize or supplement serial-search acquisition, which is more reliable
and accommodates long patterns.

Matched-Filter Acquisition

Figure 4.18 shows a programmable matched-filter acquisition system that pro-
videssubstantialprotection against interference [13]. It is assumedthat a single
frequency channel is used during each hop interval that occurs during acqui-
sition. One or more programmable frequency synthesizers produce tones at
frequencies which are offset by a constant frequency from the
consecutivefrequencies of the hopping pattern for code acquisition. Each tone
multiplies the received frequency-hopping signal and the result is filtered so that
most of the received energy is blocked, except the energy in a frequency-hopping
pulse at a specific frequency. The threshold detector of branch produces

if its threshold is exceeded, which ideally occurs only if the received sig-
nal hops to a specific frequency. Otherwise, the threshold detector produces

The use of binary detector outputs prevents the systemfrom being
overwhelmed by a few strong interference signals. Input of the compara-
tor is the number of frequencies in the hopping pattern that were received in
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Figure 4.18: Matched-filter acquisition system with protection againstinterfer-
ence.

succession. This discrete-valued, continuous-time function is

where is the hop duration. These waveforms are illustrated in Figure 4.19(a)
for N = 8. The input to the thresholdgenerator is

Acquisition is declared when where is an adaptive threshold
that is a function of An effective choice is
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Figure 4.19: Ideal acquisition system waveforms: (a) formation of when
N = 8, and (b) comparison of and

where is a positive integer.
In the absence of noise and interference, and during

the hop interval in which as illustrated in Figure 4.19(b). If
of the N frequency channelsmonitored by the matched filter receive strong,
continuous interference, then and during this hop interval
if and During other intervals,
but Therefore, and the matched filter does not declare
acquisition. False alarms are prevented because provides an estimate of
the number of frequency channels with continuous interference.

When acquisition tone is received, the signal in branch of the matched
filter is

where is the intermediate frequency, the first term is the desired signal with
average power S, the second term represents tone interference with average
power I, is zero-mean, stationary Gaussiannoise and interference, and
is the phase shift of the tone interference relative to the desired signal. The
power in is

where is power of the thermalnoise and is the power of the statistically
independent noise interference.

Bandpass filters are used instead of filters matched to the acquisition tones
because the appropriate sampling times are unknown. The passbands of the
bandpass filters in the branches are assumed to be spectrally disjoint so that
tone interference entering one branch has negligible effect on the other branches,
and the filter outputs are statistically independent of each other. To prove the
statisticalindependence of the noise, let and denote the autocorre-
lation and power spectral density, respectively, of the stationary Gaussian noise
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in the received signal. Let and denote the impulse responses and
and the transfer functions of two bandpass filters. Since the same

Gaussiannoise process enters both filters, their outputs are jointly Gaussian.
The cross-covariance of the jointly Gaussian, zero-mean filter outputs is

where all the integrals extend over Thus, C = 0, if and
are spectrally disjoint. If the noise is white and, hence, is a constant, then
C = 0 if and are orthogonal. When C = 0 for all pairs of band-
pass filters, the threshold-detector outputs in the N branches are statistically
independent.

Supposethat noise interference is present in a branch, but that tone in-
terference is absent so that I = 0. The stationary Gaussian noise has the
representation(Appendix C.2)

where and are zero-mean Gaussian processes with noise powers equal
to In practice, the matched filter of Figure 4.18 would operate in contin-
uous time so that acquisition might be declared at any moment. However, for
analytical simplicity, the detection and false-alarmprobabilities are calculated
under the assumption that there is one sample taken per hop dwell time. From
(4-119) with I = 0 and (4-121), it follows that

where

Since and are statistically independent(Appendix C.2), the joint
probability density function of and at any specific time is

Let R and be implicitly defined by and The joint
density of R and is
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The probability density function of the envelope is ob-
tained by integration over The application of (1-59) gives

where is the modified Bessel function of the first kind and order zero, and
if  and if

The detection probability for the threshold detector in the branch is the
probability that the envelope-detectoroutput R exceeds the threshold

The Marcum Q-function is defined as

Applying this definition,

In the absence of noise interference, the detectionprobability is

If the acquisition tone is absent, but the noise interference is present, the false-
alarm probability is

In the absence of both the acquisition tone and the noise interference, the false-
alarm probability is

In (4-129) to (4-132), the first subscript is 1 when the acquisition tone is present
and 0 otherwise, whereas the second subscript is 1 when interference is present
and 0 otherwise.

Supposethat tone interference is present in a branch. We make the pes-
simistic assumption that this tone has a frequency exactly equal to that of the
acquisition tone, as indicted in (4-118). A trigonometric expansion of the in-
terference term and a derivation similar to that of (4-129) indicates that given
the value of the conditional detection probability is
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If is modeled as a random variable uniformly distributed over then
the detection probability is

where the fact that takes all its possible values over has been used
to shorten the integration interval. If the acquisition tone is absent, but the
tone interference is present, the false-alarm probability is

It is convenient to define the function

where if Given that of the N matched-filter branches receive
interference of equal power, let the index represent the number of interfered
channels with detector outputs above If there are ways

to choose channels out of and ways to choose channels with
detector outputs above from among the channels that are not interfered.
Therefore, the conditional probability that given that channels
receive interference is

where if the acquisition tones are present and if they are not.
Similarly, given that of N acquisition channels receive interference, the con-
ditional probability that is

If there are J interference signalsrandomly distributed among a hopset of
M frequency channels, then the probability that out of N matched-filter
brancheshave interference is

The probability that acquisition is declared at a particular sampling time is
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When the acquisition tones are received in succession, the probability of detec-
tion is determined from (4-137) to (4-140). The result is

For simplicity in evaluating the probability of a false alarm, we ignore the
sampling time preceding the peak value of in Figure 4.19 because this
probability is negligible at that time. Since the acquisition tones are absent,
the probability of a falsealarm is

If there is no interference so that J = 0, then (4-141) and (4-142) reduce to

The channel threshold is selected to maintain a required when there
is no interference and the values of N, and are given. The value of
is then selected to maximize given the values of N and The best
choice is generally For example, suppose that N = 8,

and the SNR is when an acquisition tone is received. A
numerical evaluation of (4-144) then yields and as the
parameter values that maintain while maximizing in the absence
of interference. The threshold pair is the choice when a
fixed comparator threshold is used instead of the adaptive threshold
of (4-117). If and are sampled once every hop dwell interval, then the
false-alarm rate is

As an example, suppose that noise jamming with total power is uni-
formly distributed over J matched-filter frequency channels so that

is the power in each of these channels. Interference tones are absent and N =8,
M = 128, and To ensure that in the absence of jam-
ming, we assume that and when an adaptive comparator
threshold is used, and that and when a fixed comparator
threshold is used. Since is relatively insensitive to J, its effect is assessed
by examining Figure 4.20 depicts as a function of the jamming-
to-signalratio. The figure indicates that an adaptivethreshold is much more
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Figure 4.20: False-alarm probability for matched-filter acquisition system.

resistant to partial-band jamming than a fixed threshold when is large.
When the worst-casepartial-band jamming causes a consider-
ably higher than full-band jamming. It is found that multitone jamming
tends to produce fewer false alarms than noise jamming. Various other perfor-
mance and design issues and the impact of frequency-hopping interference are
addressed in [13].

Serial-Search Acquisition

As illustrated by Figure 4.21, a serial-search acquisition system for frequency-
hopping signals determines acquisition by attempting to downconvert the re-
ceived frequency-hopping pattern to a fixed intermediate frequency, and then
comparing the output of an energydetector (Chapter 7) to a threshold. A
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Figure 4.21: Serial-search acquisition system.

trial alignment of the frequency-hopping pattern synthesized by the receiver
with the received pattern is called a cell. If a cell passes certain tests, acquisi-
tion is declared and the tracking system is activated. If not, the cell is rejected.
A new candidate cell is produced when the reference pattern synthesized by the
receiver is either advanced or delayed relative to the received pattern.

A number of search techniques are illustrated in Figure 4.22, which depicts
successive frequencies in the received pattern and six possible receiver-generated
patterns. Each search technique is implemented as part of a uniform or Z-search
of the timing uncertainty. The small arrows indicate test times at which cells
are rejected, and the large arrows indicate typical times at which acquisition
is declared or subsequent verification testing begins. The step size, which is
the separation in hop durations betweencells, is denoted by Techniques (a)
and (b) entail inhibiting the code-generatorclock after each unsuccessful test.
Technique (c) is the same as technique (b) but extends the test duration to 3
hops. Technique (d) advances the reference pattern by skipping frequencies
in the pattern after each unsuccessful test. The inhibiting or advancing of
techniques (a) to (d) or an alternation of them continues until acquisition is
declared. The small misalignment technique (e) is effective when there is a
high probability that the reference and received patterns are within hops of
each other, which usually is true immediately after the tracking system loses
lock. The code generatortemporarily forces the reference signal to remain at a
frequency for hop intervals extending both before and after the interval in
which the frequency would ordinarily be synthesized. If the misalignment is less
than hops, then acquisition occurs within hop durations. In the figure,

the initial misalignment is one-half hop duration, and it is assumed
that the first time the reference and received frequencies coincide, detection
fails, but the second time results in acquisition. Technique (f) entails waiting
at a fixed synchronization frequency until this frequency is received. This
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Figure 4.22: Search techniques for acquisition.

technique results in a rapid search if the reference frequency can be selected
so that it is soon reached by the received pattern. The reference frequency
is determined from an estimate of the timing uncertainty, the key bits, and
the TOD bits (Chapter 3), but must be periodically shifted by at least the
coherence bandwidth so that neither fading nor interference in any particular
frequency channelprevents acquisition.

When the period of the frequency-hopping pattern is large, special mea-
sures may be required to reduce the timing uncertainty. A reduced hopset
with a short pattern period may be used temporarily to reduce the timing un-
certainty and, hence, the acquisition time. A feedbacksignal from the receiver
may be used to adjust the timing of the transmitted pattern. In a network,
a separate communication channel or cueing frequency may provide the TOD
to subscribers. After detection of the TOD, a receiver might use the small
misalignment technique for acquisition.

The search control system determines the integration intervals, the thresh-
olds, and the logic of the tests to be conducted before acquisition is declared
and the tracking system is activated. The details of the search control strat-
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egy determine the statistics of the acquisition time. The control strategy is
usually a multiple-dwell strategy that uses an initial test to quickly eliminate
improbable cells. Subsequent tests are used for verification testing of cells that
pass the initial test. The multiple-dwell strategy may be a consecutive-count
strategy, in which a failed test causes a cell to be immediately rejected, or an
up-down strategy, in which a failed test causes a repetition of a previous test.
The up-down strategy is preferable when the interference or noise level is high
[14].

Since acquisition for frequency-hopping signals is analogous to acquisition
for direct-sequence signals, the statistical description of acquisition given in
Section 4.2 is applicable if the chips are interpreted as hops. Only the specific
equations of the detection and false-alarm probabilities are sometimesdifferent.
For example, consider a single-dwell system with a uniform search, a uniform a
priori  correct-cell location distribution, two independent correctcells with the
common detection probability and In analogy with (4-93), the
NMAT is

where is the number of hops per test, is the number of hops in the
mean penalty time, is the number of hops in the timing uncertainty, is
the number of cells, and

For step size for
If the detector integration is over several hop intervals,strong interference

or deep fading over a single hop interval can cause a false alarm with high prob-
ability. This problem is mitigated by making a hard decision after integrating
over each hop interval. After N decisions, a test for acquisition is passed or
failed if the comparator threshold has been exceeded or more times out of
N. Let and denote the probabilities that the comparator threshold is
exceeded at the end of a hop interval when the correct cell is tested and inter-
ference is present and absent, respectively. Let denote the probability that
an acquisition test is passed when the correctcell is tested. If the N acquisition
tones in a test are distinct, then a derivation similar to the one for matched
filters yields

where Similarly, the probability that an acquisition test is passed when
an incorrect cell is tested and no acquisition tones are present is

where and are the probabilities that the threshold is exceeded when
an incorrect cell is tested and interference is present and absent, respectively.
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Figure 4.23: Amplitude of integrator output as function of relative pattern
delay.

A suitable choice for is Since the serial-search system of Figure 4.21
has an embedded radiometer, the performance analysis of the radiometer given
in Chapter 7 can be used to obtain expressions for and and

Although a large step size limits the number of incorrect cells that must
be tested before the correct cell is tested, it causes a loss in the average signal
energy in the integrator output of Figure 4.21 when a correct cell is tested. This
issue and the role of the hop dwelltime are illustrated by Figure 4.23, which
depicts the idealized output for a single pulse of the received and reference
signals in the absence of noise. Let denote the delay of the reference pattern
relative to the received pattern. Suppose that one tested cell has
where and the next tested cell has following a cell
rejection. The largest amplitude of the integrator output occurs when
where

Assuming that is uniformly distributed over is uniformly
distributed over Therefore,

The correct cell is considered to be the one for which If the output
function approximates the triangular shape depicted in the figure, itsamplitude
when is

Therefore, the average signal energy in the integrator output is
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which indicates the loss due to the misalignment of patterns when the correct
cell is tested. For example, if then (4-154) indicates that the average
loss is 1.26 dB when if then the loss is 2.62 dB.

The serial-search acquisition of frequency-hopping signals is faster than the
acquisition of direct-sequence signals because the hop duration is much greater
than a spreading-sequence chip duration for practical systems. Given the same
timing uncertainty, fewercells have to be searched to acquirefrequency-hopping
signals because each step covers a larger portion of the region.

Tracking System

The acquisition system ensures that the receiver-synthesized frequency-hopping
pattern is aligned in time with the received pattern to within a fraction of a hop
duration. The tracking system must provide a fine synchronization by reducing
the residual misalignment after acquisition. Although the delay-locked and tau-
dither loops used for the tracking of direct-sequence signals can be adapted to
frequency-hopping signals [17], the predominant form of tracking in frequency-
hopping systems is provided by the early-late-gate tracking loop [15]. This
loop is shown in Figure 4.24 along with the ideal associated waveforms for
a typical example in which there is a single carrier frequency during a hop
dwell interval. If the data modulation is MFSK, then the outputs of parallel
branches, each with a bandpass filter and envelope detector can be combined
and applied to the early-late gate. In the absence of noise, the envelope detector
produces a positive output only when the received frequency-hopping signal

and the receiver-generated frequency-hopping replica are offset by
the intermediate frequency The gating signal is a square-wave clock
signal with transitions from …1 to +1 that control the frequency transitions of

The early-late gate functions as a signal multiplier. Its output is
the product of the gating signal and the envelope-detector output The
error signal is the time integral of and is a function of the delay of

relative to The error signal can be expressed as the discriminator
characteristic which is a function of the normalized delay error.
For the typical waveforms shown, is positive, and hence so is Therefore,
the voltage-controlled clock (VCC) will increase the transition rate of the gating
signal, which will bring into better time-alignmentwith

If the tracking systemloses lock and the small-misalignment test fails, then
the wait technique of Figure 4.22 can be used to expedite the reacquisition.
After dehopping the received signal to baseband, demodulating, and producing
oversampled information bits, the receiver establishes bit synchronization by
searching for a special sequence of marker bits that match a stored reference
sequence, as is often done for frame synchronization [16]. After this matching
occurs, information is extracted from subsequent bits. The information could
specify the time of occurrence and the spectral location of the next synchro-
nizationfrequency at which the receiverwaits.
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Figure 4.24: Early-late gate tracking: (a) loop, (b) signals, and (c) discriminator
characteristic.
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4.6 Problems
1.

2.

3.

4.

5.

6.

7.

8.

9.

10.

11.

Use orthonormal basis functions to prove (4-4) and the statistical inde-
pendence of the

Provethat for a random variable Y and a random variable X with density
the relation is not true in general. If

it were, then given by (4-14) and (4-15) could be simplified. Give a
sufficient condition under which this relation is valid.

Consider a uniform search with a uniform a priori distribution for the
location of the correct cell. (a) What is the averagenumber of sweeps
through the timing uncertainty during acquisition? (b) For a large number
of cells, calculate an upper bound on as a function of
for (c) For a large number of cells to be searched, show that the
standard deviation of the acquisition time satisfies

(a) Derive (4-29) and (4-30) by first expressing and as conditional
expectations and then enumerating the possible values of and
and their conditional probabilities, (b) Use a similar procedure to derive
(4-37) to (4-40).

Derive in (4-33) assuming the presence of zero-mean, white Gaussian
noise with two-sided power spectral density Use (4-26) and assume
that To determine begin by writing an expression for the
matched-filter output when a target signal with energy completely fills
the filter.

Consider a lock detector that uses a double-dwell consecutive-count sys-
tem with equal test durations. (a) Use a recursive relation to show that

(b) Use a recursive relation to show
that

Starting with (4-73), derive given by (4-78) for the acquisition
correlator.

Derive (4-92) from (4-91) using the method outlined in the text.

Consider Example 2 of Section 4.3 leading to Figure 4.14. Assume fast
fading and that K = 10,000,

and Plot the NMAT versus for the consecutive-
count and up-down systems to determine graphically what values of
minimize the NMAT.

Derive (4-107) and (4-108).

Compare the NMAT for a frequency-hopping system given by (4-146)
with the NMAT for a direct-sequence system given by (4-93) when the
penalty times and test durations for both systems are equal. Under the
latter condition, it is reasonable to assume that and are roughly
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12.

13.

equal for both systems. With these assumptions, what is the ratio of the
direct-sequenceNMAT to the frequency-hopping NMAT?

Reduce (4-148) to a singlesummation and simplify for the following cases.
a) and b) J = 0,

Derive and for serial-searchacquisition of frequency-hopping sig-
nals when a single acquisition tone is used.
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Chapter 5

Fading of Wireless
Communications

5.1 Path Loss, Shadowing, and Fading

Free-space propagation losses of electromagneticwaves vary inversely with the
square of the distance between a transmitter and a receiver. Analysis indicates
that if a signaltraverses a direct path and combines in the receiver with a mul-
tipath componentthat is perfectly reflected from a plane, then the composite
received signal has a power loss proportional to the inverse of the fourth power
of the distance. Thus, it is natural to seek a power-law variation for the average
received power in a specified geographic area as a function of distance. For ter-
restrial wireless communications, measurements averaged over many different
positions of a transmitter and a receiver in a specified geographic area confirm
that the average received power, which is called the area-mean power, does tend
to vary inversely as a power of the transmitter-receiverdistance It is found
that the area-mean power is approximately given by

where is the average received powerwhen the distance is and is
the attenuation power law. The parameters and are functions of the car-
rier frequency, antenna heights, terrain characteristics, vegetation, and various
characteristics of the propagation medium. Typically, the parameters varywith
distance, but are constant within a range of distances. A typical value of the
attenuation power law for urban areas and microwave frequencies is The
power law increases with the carrier frequency.

For a specific propagation path, the received local-mean power departs from
the area-mean power due to shadowing, which is the effect of diffractions and
propagation conditions that are path-dependent. Eachdiffraction due to ob-
structing terrain and each reflection from an obstaclecauses the signal power



232 CHAPTER 5. FADING OF WIRELESS COMMUNICATIONS

to be multiplied by an attenuation factor. Thus, the received signal power is
often the product of many factors, and hence the logarithm of the signalpower
is the sum of many factors. If each factor is modeled as a uniformly bounded,
independent random variable that varies from path to path, then the central-
limit theorem implies that the logarithm of the received signal power has an
approximately normal distribution if the number of attenuation factors is large
enough. Extensiveempirical data confirms that the received local-mean power
after transmission over a randomly selected propagation path with a fixed dis-
tance is approximately lognormally distributed. Thus, the shadowing model
specifiesthat the local-mean power has the form

where the shadowing factor is a zero-mean random variable with a normal
distribution. The standard deviation of is denoted by which is expressed
in decibels. From (5-1) and (5-2), it follows that the probability distribution
function of the normalized local-mean power, is

where ln[ ] denotes the natural logarithm, and The standard
deviation increases with carrier frequency and terrain irregularity and often
exceeds 10 dB for terrestrial communications. The value of the shadowing factor
for a propagation path is usually strongly correlated with its value for a nearby
propagation path. For mobile communications, the typical time interval during
which the shadowing factor is nearly constant is a second or more.

Fading, which is endemic in mobile, long-distance,high-frequency, and other
communicationchannels,causes power fluctuations about the local-meanpower.
Fading occurs at much faster rate than shadowing. During an observation
interval in which the shadowing factor is nearly constant, the receivedsignal
power may be expressed as the product

where the factor is due to the fading. Since is fixed, the local-mean
power is

A signal experiences fading when the interaction of multipath components and
time- or frequency-varyingchannel conditions cause significant fluctuations in
its amplitude at a receiver. Multipath components of a signal are generated
by inhomogeneities in the propagation medium or reflections from obstacles.
These componentstravel alongdifferent paths before being recombined at the
receiver. Because of the different time-varying delays and attenuations en-
countered by the multipath components, the recombined signal is a distorted
version of the original transmitted signal. Fading may be classified as time-
selective, frequency-selective, or both. Time-selective fading is fading caused
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by the movement of the transmitter or receiver or by changes in the propagation
medium. Frequency-selective fading is fading caused by the different delays of
the multipath components, which may affect certain frequencies more than oth-
ers. The following concise development of fading theory[1], [2], [3] emphasizes
basic physical mechanisms.

A bandpass transmitted signal can be expressed as

where denotes its complex envelope, denotes its carrier frequency, and
Re[ ] denotes the real part. Transmission over a time-varying multipath channel
of paths produces a received bandpasssignal that consists of the sum
of waveforms. The waveform is the transmitted signal delayed by
time attenuated by a factor that depends on the path loss and
shadowing, and shifted in frequency by the amount due to the Doppler
effect. Assuming that is constant during the path delays, the received
signal may be expressed as

where the received complex envelope is

and its phase is

The Doppler shift arises because of the relative motion between the trans-
mitter and the receiver. In Figure 5.1(a), the receiver is moving at speed
and the angle between the velocity vector and the propagation direction of
an electromagnetic wave is For this geometry, the received frequency is
increased by the Dopplershift

where is the speed of an electromagnetic wave. In Figure 5.1(b), the trans-
mitter is moving at speed and there is a reflecting surface that changes the
arrival angle of the electromagnetic wave at the receiver. If represents the
angle between the velocity vector and the initial direction of the electromagnetic
wave, then (5-10) again gives the Doppler shift.

5.2 Time-Selective Fading
To analyze time-selective fading, it is assumed that for the time
interval of interest and that the differences in the time delays along the various
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Figure 5.1: Examples of the Doppler effect: (a) receiver motion and (b) trans-
mitter motion and reflecting surface.

paths are small compared with the inverse of the signal bandwidth. Therefore,
the received multipath components overlap in time and are called unresolvable
multipath components. If the time origin is chosen to coincide with the aver-
age arrival time of the multipath components at a receiver, then the received
complex envelope of (5-8) may be expressed as

where the equivalent lowpass or equivalent baseband channel response is

The fluctuations in this factor cause signal fading at the receiver and increase the
bandwidth of the received signal. If the transmitted signal is an unmodulated
tone, then and (5-12) represents the complex envelope of the received
signal.

The channel response can be decomposed as

where and

If the range of the delay values exceeds then the sensitivity of to small
variations in the delay makes it plausible to model the phases
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1, 2, . . . , N, as random variables that are independent of each other and the
and are uniformly distributed over at a specific time Therefore,

If the amplitude factors are either identically distributed
or uniformly bounded independent random variables at time then according
to the central-limit theorem, the probability distributions of both and

approach Gaussian distributions as N increases. Thus, if N is sufficiently
large,then at a specifictime is well modeled as a complex Gaussian random
variable. Since the phases are independent and uniformly distributed, it follows
that

where we define

This equation indicates that is equal to the sum of the local-mean pow-
ers of the multipath components. Equations (5-15) to (5-17) imply that
and are independent, identically distributed, zero-mean Gaussian random
variables.

Let denote the envelope, and the
phase of at a specific time Then

As shown in Appendix D.4, since and are Gaussian and
has a uniform distribution over and has the

Rayleigh probability density function:

where the time-dependence has been suppressed for convenience, and
and From (5-20) or directly from (5-13) and (5-17), it

follows that

The substitution of (5-19) and (5-11) into (5-7) gives

where is the amplitude and the phase of Equations (5-21) and
(5-22) indicate that the instantaneous local-mean power is

When a line-of-sight exists between a transmitter and a receiver, one of the
received multipath components may be much stronger than the others. This
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strong component is called the specular component and the other unresolvable
components are called diffuse or scattered components. As a result, the multi-
plicative channel response of (5-12) becomes

where the summation term is due to the diffuse components, and the first term
is due to the specular component. If N is sufficiently large, then at time
the summation term is well-approximated by a zero-mean,complex Gaussian
random variable. Thus, at a specific time is a complex Gaussian random
variable with a nonzero mean equal to the deterministic first term, and (5-13)
implies that

As shown in Appendix D.3, since and are Gaussian and
the envelope has the Rice probability density function:

where is the modified Bessel function of the first kind and order zero,
and the time-dependence is suppressed for convenience. From (5-25) or directly
from (5-18) and (5-23), it follows that the average envelope power is

The type of fading modeled by (5-23) and (5-25) is called Ricean fading. At a
specific time, the Rice factor is defined as

which is the ratio of the specular power to the diffuse power. In terms of and
the Rice density is

When Riceanfading is the same as Rayleigh fading. When there
is no fading.

A more flexible fading model is created by introducing a new parameter
the probability densityfunction for the envelope is

where the gamma function is defined by (D-12). When the Nak-
agami densitybecomes the Rayleigh density, and when there is no
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fading. When the Nakagami density becomes the one-sided Gaussian
density. A measure of the severity of the fading is Equating
this ratio for the Rice and Nakagami densities, it is found that when
the Nakagami density closely approximates a Rice density with

Since the Nakagami-m model essentially incorporates the Rayleigh and Rice
models as special cases and provides for many other possibilities, it is not sur-
prising that this model often fits well with empirical data. Integrating over
(5-29), changing the integration variable, and using (D-12), we obtain

Consider a time interval small enough that and
are approximately c[(variabla8)2301(d)la8sJ
0.0126 .64 552.383.4sing
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and (5-36) becomes

A communication system such as a mobile that receives a signalfrom an ele-
vated base station may be surrounded by many scattering objects. An isotropic
scattering model assumes that multipath components of comparable power are
reflected from many different scattering objects and hencearrive from many
different directions. For two-dimensional isotropic scattering, N is large, and
the lie in a plane and have values that are uniformly distributed over

Therefore, the summation in (5-37) can be approximated by an integral;
that is,

This integral has the same form as the integral representation of the
Bessel function of the first kind and order zero. Thus, the autocorrelation of
the channel response for two-dimensional isotropic scattering is

The normalized autocorrelation which is a real-valued function
of is plotted in Figure 5.2. It is observed that its magnitude is less than
0.3 when This observationleads to the definition of the coherence
time or correlation time of the channel as

where is the maximum Doppler shift or Doppler spread. The coherence time
is a measure of the time separation between signal samples sufficient for the
samples to be largely decorrelated. If the coherencetime is much longer than
the duration of a channelsymbol, then the fading is relatively constantover a
symbol and is called slow fading. Conversely, if the coherence time is on the
order of the duration of a channel symbol or less, then the fading is called fast
fading.

The power spectral density of a complex process is defined as the Fourier
transform of its autocorrelation. From (5-39) and tabulated Fourier transforms,
we obtain the Doppler power spectrum for two-dimensional isotropic scattering:

The normalized Doppler spectrum which is plotted in Figure 5.3
versus is bandlimited by the Doppler spread and tends to infinity as

approaches The Doppler spectrum is the superposition of contributions
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Figure 5.2: Autocorrelation of r(t) for isotropic scattering.

Figure 5.3: Doppler spectrum for isotropic scattering.
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from multipath components, each of which experiences a different Doppler shift
upper bounded by

The received signal power spectrum may be calculated from (5-7), (5-11),
and (5-41). For an unmodulated carrier, and the received signal power
spectrum is

In general, when the scattering is not isotropic, the imaginary part of the auto-
correlation is nonzero, and the amplitude of the real part decreases much
more slowly and less smoothly with increasing than (5-39). Both the real
and imaginary parts often exhibit minor peaks for time shifts exceeding
Thus, the coherence time provides only a rough characterization of the channel
behavior.

Fading Rate and Fade Duration

The fading rate is the rate at which the envelope of a received fading signal
crosses below a specified level. Consider a time interval over which the fading
parameters are constant. For a level isotropic scattering, and Ricean
fading, it can be shown that the fading rate is [1]

where is the Rice factor and

For Rayleigh fading, and (5-43) becomes

Equations(5-43) and (5-45) indicatethat the fading rate is proportional to the
Doppler spread Thus, slow fading occurs when the Doppler spread is small,
whereas fast fading occurs when the Doppler spread is large.

Let denote the average envelope fade duration, which is the amount
of time the envelope remains below the specified level The product
is the fraction of the time between fades during which a fade occurs. If the
time-varyingenvelope is assumed to be a stationary ergodic process, then this
fraction is equal to the probability that the envelope is below or equal
to the level Thus,

If the envelope has the Rice distribution, then integrating (5-28) and using
(5-43), (5-44), and (5-46), we obtain
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Figure 5.4: Two antennas receiving plane wave that results in a signal copy at
each antenna.

where is defined by (D-15). For Rayleigh fading, (5-45), (5-46), and the
integration of (5-20) yields

For both Ricean and Rayleigh fading, the fade duration is inversely proportional
to

Spatial Diversity and Fading

To obtain spatial diversity in a fading environment, the antennas in an array
must be separated enough that there is little correlationbetween signal replicas
or copies at the antennas. To determine what separation is needed, consider the
reception of a signal at two antennas separated by a distance D, as illustrated
in Figure 5.4. If the signal arrives as an electromagnetic plane wave, then the
signal copy at antenna 1 relative to antenna 2 is delayed by where
is the arrival angle of the plane wave relative to a line perpendicular to the line
joining the two antennas. Let denote the phase of the complex envelope
of multipath component at antenna Consider a time interval small enough
that and each multipath component arrives
from a fixed angle. Thus, if multipath component of a narrowband signal
arrives as a plane wave at angle then the phase of the complex envelope
of the component copy at antenna 2 is related to the phase at antenna 1 by

where is the wavelength of the signal. If the multipath component
propagates over a distance much larger than the separation between the two
antennas,then it is reasonable to assume that the attenuation is identical
at the two antennas. If the range of the delay values exceeds then the
sensitivity of the phases to small delay variationsmakes it plausible that the
phases are well modeled as independent random
variables that are uniformly distributed over From (5-12), the complex
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envelope of the signal copy at antenna when the signal is a tone is

The cross-correlation between and is defined as

Substituting (5-50) into (5-51), using the independence of each and the
independence of and and the uniform distribution of each
and then substituting (5-49), we obtain

This equation for the cross-correlation as a function of spatial separation clearly
resembles (5-36) for the autocorrelation as a function of time delay. If all the
multipath componentshave approximately the same power so that

then

Applying the two-dimensional isotropic scattering model, a derivation sim-
ilar to that of (5-39) gives the real-valuedcross-correlation

This model indicates that an antenna separation of ensures that
the normalized cross-correlation is less than 0.3. A plot of the
normalized cross-correlation is obtained from Figure 5.2 if the abscissa is inter-
preted as When the scattering is not isotropic or the number of scattering
objects producing multipath components is small, then the real and imaginary
parts of the cross-correlation decrease much more slowly with For ex-
ample, Figure 5.5 shows the real and imaginary parts of the normalized cross-
correlation when the are a nearly continuous band of angles between
and radians so that (5-53) can be approximated by an integral. Figure 5.6
depicts the real and imaginary parts of the normalized cross-correlation when
N = 9 and the are uniformly spaced throughout the first two quadrants:

In the example of Figure 5.5, an antenna
separation of at least is necessary to ensure approximate decorrelation of
the signal copies and obtain spatial diversity. In the example of Figure 5.6, not
even a separation of is adequate to ensure approximate decorrelation.
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Figure 5.5: Normalized cross-correlation for multipath components arriving
between and radians: (a) real part and (b) imaginary part.

5.3 Frequency-Selective Fading

Frequency-selective fading occurs because multipath components combine de-
structively at some frequencies, but constructively at others. The different path
delays cause dispersion of a received pulse in time and cause intersymbol in-
terference between successive symbols. When a multipath channel introduces
neither time variations nor Doppler shifts, (5-8) and (5-9) indicate that the
received complex envelope is

The number of multipath components includes only those components with
power that is a significant fraction, perhaps 0.05 or more, of the power of
the dominant component. The multipath delay spread is defined as the
maximum delay of a significant multipath component relative to the minimum
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Figure 5.6: Normalized cross-correlation for N = 9 multipath components ar-
riving from uniformly spaced angles in the first two quadrants: (a) real part,
and (b) imaginary part.

delay of a component; that is,

If the duration of a receivedsymbol is much larger than then the multi-
path components are usuallyunresolvable,

and hence is proportional to Since all frequency components
of the received signal fade nearly simultaneously, this type of fading is called
frequency-nonselective or flat fading and occurs if In contrast, a
signal is said to experience frequency-selective fading if because then
the time variation or fading of the spectral components of may be different.
The large delay spread may cause intersymbol interference, which is accommo-
dated by equalization in the receiver. However, if the time delays are sufficiently
different among the multipath components that they are resolvable at the de-
modulator or matched-filter output, then the independently fading components
provide diversity that can be exploited by a rake receiver (Section 5.5).
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It is conceptually useful to define the coherence bandwidth as

Let denote the bandwidth of In general, for practical
modulations, so flat fading occurs if Frequency-selectivefading
requires

To illustrate frequency-selective fading, consider the reception of a tone at
frequency with two multipath components so that and in
(5-55). It then follows that the complex envelope has magnitude

where If another tone at frequency is received, then this equa-
tion is valid with substituted for Thus, the two complex envelopes can
differ considerably as and both range over a spectral band with bandwidth
equal to the coherence bandwidth. If then the difference between the
two complex-envelope magnitudes varies from 0 to

Channel Impulse Response

A generalized impulse response may be used to characterize the impact of the
transmission channel on the signal. The equivalent complex-valued baseband im-
pulse response of the channel is the response at time due to an impulse
applied seconds earlier. The complex envelope of the received signal is
the result of the convolution of the complex envelope of the transmitted
signal with the baseband impulse response:

In accordance with (5-8), the impulse response is usually modeled as a complex-
valued stochasticprocess:

For most practical applications, the wide-sense stationary, uncorrelated scat-
tering model is reasonably accurate. The impulse response is wide-sense sta-
tionary if the correlation between its value at and its value at depends
only on Thus, the autocorrelation of the impulse response is
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Uncorrrelated scattering implies that the gains and phase shifts associated with
two different delays are uncorrelated. Extending this notion, the wide-sense
stationary, uncorrelated scatteringmodel assumes that the autocorrelation has
the form

where is the Dirac delta function. This equationimplies that
is the result of integrating the autocorrelation over The multipath

intensity profile or delay power spectrum can be interpreted
as the channel output power due to an impulse applied seconds earlier. The
range of the delay over which the multipath intensity profile has a significant
magnitude is a measure of the multipath delay spread. The multipath intensity
profile has diffuse components if it is a piecewise continuous function and has
specular components if it includes delta functions at specificvalues of the delay.

A received signal from one source can often be decomposedinto the sum of
signals reflected from several clusters of scatterers. Each cluster is the sum of
a number of multipath components with nearly the same delay. In this model,
the impulse response can be expressed as

where is the number of clusters and is the distinct delay associated
with the ith cluster. Each complex process has has the form of (5-23) and
an envelope with a Rayleigh, Rice, or Nakagamiprobability density function.

The Fourier transform of the impulseresponsegives the time-varying chan-
nel frequency response:

The autocorrelation of the frequency response for a wide-sense stationary chan-
nel is

For the wide-sense stationary, uncorrelated scattering model, the substitution
of (5-64), (5-61), and (5-62) into (5-65) yields

which is a function only of the difference If then the autocor-
relation of the frequency response is
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which is the Fourier transform of the delay power spectrum. From a funda-
mental characteristic of the Fourier transform, it follows that the coherence
bandwidth of the channel, which is a measure of the range of frequency shift
over which the autocorrelation has a significant value, is given by the recipro-
cal of the multipath delay spread. Thus (5-57) is confirmed for this channel
model.

The Doppler shift is the main limitation on the channel coherence time or
range of values of the difference for which is significant.
Thus, the Doppler power spectrum is defined as

The spectral extent of the Doppler power spectrum is on the order of the max-
imum Dopplershift. Thus, (5-40) is confirmed for this channel model.

5.4 Diversity for Fading Channels

Diversity combiners for fading channels are designed to combine independently
fading copies of the same signal in different branches. The combining is done in
such a way that the combiner output has a power level that varies much more
slowly than that of a singlecopy. Although useless in improving communications
over the additive-white-Gaussian-noise (AWGN) channel, diversity improves
communicationsover fading channels because the diversity gain is large enough
to overcome any noncoherent combining loss. Diversity may be provided by
signal redundancy that arises in a number of different ways. Time diversity
is provided by channelcoding or by signal copies that differ in time delay.
Frequency diversity may be available when signal copies using different carrier
frequencies experienceindependent or weakly correlated fading. If each signal
copy is extractedfrom the output of a separate antenna in an antenna array,
then the diversity is called spatial diversity. Polarization diversity may be
obtained by using two cross-polarized antennas at the same site. Although this
configuration provides compactness, it is not as potentially effective as spatial
diversitybecause the received horizontal component of an electric field is usually
much weaker than the vertical component.

The three most common types of diversity combining are selective,maximal-
ratio, and equal-gain combining. The last two methods use linear combining
with variable weights for each signalcopy. Since they usually must eventually
adjust their weights, maximal-ratio and equal-gain combiners can be viewed as
types of adaptive arrays. They differ from other adaptive antenna arrays in
that they are not designed to cancel interference signals.

Optimal Array

Consider a receiver array of L diversity branches, each of which processes a
different signal copy. Each branch input is translated to baseband, and then



248 CHAPTER 5. FADING OF WIRELESS COMMUNICATIONS

either the baseband signal is applied to a matched filter and sampled or the
sampled complex envelope is extracted (Appendix C.3). Alternatively, each
branch input is translated to an intermediate frequency, and the sampled ana-
lytic signal is extracted. The subsequent analysis is valid for any of these types
of branch processing. It is simplest to assume that the branch outputs are
sampled complex envelopes. The branchoutputs provide the inputs to a linear
combiner. Let denote the discrete-time vector of the L complex-valued
combiner inputs, where the index denotes the sample number. This vector can
be decomposed as

where and are the discrete-time vectors of the desired signal and the
interference plus thermal noise, respectively. LetW denote the weight vector
of a linear combiner applied to the input vector. The combiner output is

where T denotes the transpose of a matrix or vector,

is the output component due to the desired signal, and

is the output component due to the interference plus noise. The components
of both and are modeled as discrete-time jointly wide-sense-stationary
processes.

The correlation matrix of the desired signal is defined as

and the correlation matrix of the interference plus noise is defined as

The desired-signal power at the output is

where the superscript H denotes the conjugate transpose. The interference plus
noise power at the output is

The signal-to-interference-plus-noise ratio (SINR) at the combineroutput is
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The definitions of and ensure that these matrices are Hermitian
and nonnegative definite. Consequently, these matrices have complete sets of
orthonormal eigenvectors, and their eigenvalues are real-valued and nonnega-
tive. The noise power is assumed to be positive. Therefore, is positive
definite and has positive eigenvalues. Since can be diagonalized, it can be
expressed as [4].

where is an eigenvalue and is the associated eigenvector.
To derive the weight vector that maximizes the SINR with no restriction on

we define the Hermitian matrix

where the positive square root is used. Direct calculations verify that

and the inverse ofA is

The matrixA specifies an invertible transformation ofW into the vector

We define the Hermitian matrix

Then (5-77), (5-80), (5-82), and (5-83) indicate that the SINR can be expressed
as

where denotes the Euclidean norm of a vector and Equation
(5-84) is a Rayleigh quotient [4], which is maximized by where u is
the eigenvector ofC associated with its largest eigenvalue and is an
arbitrary constant. Thus, the maximum value of is

From (5-82) with it follows that the optimal weight vector that maxi-
mizes the SINR is

The purpose of an adaptive-array algorithm is to adjust the weight vector to
converge to the optimal value,which is given by (5-86) when the maximization
of the SINR is the performance criterion.
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When the discrete-time dependence of is the same for all its components,
(5-86) can be made more explicit. Let denote the discrete-time sampled
complex envelope of the desired signal in a fixed reference branch. It is assumed
henceforth that the desired signal is sufficiently narrowband that the desired-
signal copies in all the branches are nearly aligned in time, and the desired-signal
input vector may be represented as

where the steering vector is

For independent Rayleighfading in each branch, each phases is modeled as a
random variable with a uniform distribution over and each attenuation

has a Rayleigh distribution function, as explained in Section 1.3.
Example 1. Equation (5-88) can serve as a model for a narrowband

desired signal that arrives at an antenna array as a plane wave and does not
experience fading. Let denote the arrival-time delay of the
desired signal at the output of antenna relative to a fixed reference point in
space. Equations (5-87) and (5-88) are valid with
where is the carrier frequency of the desiredsignal. The
L, depend on the relative antenna patterns and propagation losses. If they are
all equal, then the common value can be subsumed into It is convenient
to define the origin of a Cartesian coordinate system to coincide with the fixed
reference point. Let denote the coordinates of antennaIf a single
planewave arrives from direction relative to the normal to the array, then

where is the speed of an electromagnetic wave.
The substitution of (5-87) into (5-73) yields

where

After substituting (5-90) into (5-83), it is observed that C may be factored:

where

This factorization explicitly shows that C is a rank-one matrix. Therefore, an
eigenvector ofC associated with the only nonzero eigenvalue is
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and the nonzero eigenvalue is

Substituting (5-94) into (5-86), using (5-80), and then merging into the
arbitrary constant, we obtain the Wiener-Hopf equation for the optimal weight
vector :

where is an arbitrary constant. The maximum value of the SINR, obtained
from (5-85), (5-95), (5-93), and (5-80), is

Maximal-Ratio Combining

Suppose that the interference plus noise in a branch is zero-mean and uncorre-
lated with the interference plus noise in any of the other branches in the array.
Then the correlation matrix is diagonal. The diagonal element has the
value

Since is diagonal with diagonal elements the Wiener-Hopf equation
implies that the optimal weight vectorthat maximizes the SINR is

and (5-97) and (5-88) yield

where each term is the SINR at a branch output. Linear combining that
uses is called maximal-ratio combining (MRC). It is optimal only if the
interference-plus-noise signals in all the diversity branches are uncorrelated. As
discussedsubsequently, the maximal-ratio combiner can also be derived as the
maximum-likelihood estimator associated with a multivariate Gaussian density
function. The critical assumption in the derivation is that the noise process in
each array branch is both Gaussian and independent of the noise processes in
the other branches.

In most applications, the interference-plus-noise power in each array branch
is approximately equal, and it is assumedthat If this
common value is merged with the constant in (5-96) or (5-99), then the MRC
weight vector is

and the corresponding maximum SINR is
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Figure 5.7: Branch of a maximal-ratio combiner with a phase stripper.

Since the weight vector is not a function of the interference parameters, the com-
binerattempts no interference cancellation. The interference signals are ignored
while the combiner does coherent combining of the desired signal. Equations
(5-71), (5-101), (5-87), and (5-88) yield the desired part of the combiner output:

Since is proportional to the MRC equalizes the phases of the signal
copies in the array branches, a process called cophasing. If cophasing can be
done rapidly enough to be practical, then so can coherentdemodulation.

If each is modeled as a random variablewith an identical
probability distribution function, then (5-102) implies that

which indicates a gain in the mean SINR that is proportional to L. There are
several ways to implementcophasing [5]. Unlike most other cophasing systems,
the phase stripper does not require a pilot signal. Figure 5.7 depicts branch

of a digital version of a maximal-ratiocombiner with a phase stripper. It is
assumed that the interference-plus-noisepower in each branch is equal so that
only cophasing and amplitude multiplication are required for the MRC. In the
absence of noise, the angle-modulatedinput signal is assumed to have the form

where is the amplitude, is the angle modulation carried by all the signal
copies in the diversity branches, and is the undesired phase shift in branch
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which is assumed to be constant for at least two consecutivesamples. The signal
is produced by a delay and complex conjugation. During steady-state

operation following an initialization process, the reference signal is assumed to
have the form

where is a phase angle .The three signals and are
multiplied together to produce

which as been stripped of the undesired phase shift This signal is com-
bined with similar signals from the other diversity branches that use the same
reference signal. The input to the decision device is

which indicates that MRC has been obtained by phase equalization, as in (5-
103). After extracting the phase the decision device produces the
demodulated sequence which is an estimate of by some type of phase-
recovery loop[6]. The device also produces the complex exponential

After a delay, the complex exponential provides the reference signal of (5-
106).

Bit Error Probabilities for Coherent Binary Modulations

Supposethat the desired-signal modulation is binary PSK and consider the
reception of a single binary symbol or bit. Each bit is equally likely to be
a 0 or a 1 and is represented by or respectively. Each received
signal copy in a diversity branch experiences independentRayleigh fading that
is constant during the signal interval. The received signal in branch is

where or …1 depending on the transmitted bit, each is an amplitude,
each is a phaseshift, is the carrier frequency, T is the bit duration, and

is the noise. It is assumed that either the interference is absent or, more
generally,that the received interference plus noise in each diversity branch can
be modeled as independent, zero-mean, white Gaussian noise with the same
two-sided power spectral density

Although MRC maximizes the SINR after linear combining, the theory of
maximum-likelihood detection is needed to determine an optimal decision vari-
able that can be compared to a threshold. The initial branch processing before
sampling could entail extraction of the complex envelope, passband matched-
filtering followed by a downconversion to baseband, or, equivalently, a downcon-
version followed by baseband matched-filtering [6]. Since it is slightly simpler,
we assume the latter in this analysis. The same results are obtained if one
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assumes the extraction of the complex envelope and uses the equations of Ap-
pendix C.4.

Using and discarding a negligible integral, it is found
that after the downconversion to baseband, the matched filter in each diversity
branch, which is matched to produces the samples

where a factor of •2Ž has been inserted for analytical convenience, and the
desired-signal energy per bit in the absence of fading and diversity combining
is

These samples providesufficient statistics that contain all the relevant informa-
tion in the received signal copies in the L diversity branches.

It is assumed that has a spectrum confined to The zero-mean,
real-valued,white Gaussiannoise process has autocorrelation

where is the Dirac delta function. Let denote the complex-valued noise
term in (5-110). Using the spectral limitations of (5-111), and (5-112),
we find that which indicates that the noise term is circularly sym-
metric (cf. Appendix C.4). Therefore, it has independent real and imaginary
components with the same variance. Since this variance
is Given and the branch likelihood function or conditional
probability density function of is

Since the branch samples are statistically independent, the log-likelihood func-
tion for the vector given and

is

The receiver decides in favor of a 0 or a 1 depending on whether
or gives the larger value of the log-likelihood function. Substituting
(5-113) into (5-114) and eliminating irrelevant terms and factors that do not
depend on the value of we find that the maximum-likelihood detector can
base its decision on the single variable
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Figure 5.8: Maximal-ratio combiner for PSK with (a) predetection combining
and (b) postdetection combining. Coherent equal-gain combiner for PSK omits
the factors

which is compared with a threshold equal to zero to determine the bit state. If
we let and use (5-101), we find that the decisionvariable
may be expressed as Since taking the real part of
serves only to eliminate orthogonal noise, the decision variable U is produced
by maximal-ratio combining.

Since (5-115) is computed in either case, the implementation of the maximum-
likelihood detector may use either maximal-ratio predetection combining before
the demodulation, as illustrated in Figure 5.8(a), or postdetection combining
following the demodulation, as illustrated in Figure 5.8(b). Since the optimal
coherentmatched-filter or correlation demodulator performs a linear operation
on the both predetection and postdetection combining provide the same
decision variable, and hence the same performance.

If the transmitted bit is represented by x, then the substitution of 5-110 into
5-115 yields
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where is the zero-mean Gaussian random variable

If the and are given, then the decisionvariable has a Gaussian distri-
bution with mean

Since the and, hence, the are independent, the variance of U is

The variance of can be evaluated from (5-111), (5-112), and (5-117). It
then follows from (5-119) that

Because of the symmetry, the bit error probability is equal to the conditional
bit error probability given that corresponding to a transmitted 0. A
decision error is made if U < 0. Since the decision variable has a Gaussian con-
ditional distribution and neither E(U) nor depends on the a standard
evaluation indicates that the conditional bit error probability given the is

where the signal-to-noise ratio (SNR) for the bit is

The bit error probability is determined by averaging over the distribu-
tion of which depends on the and embodies the statistics of the fading
channel.

Supposethat independent Rayleigh fading occurs so that each of the
is independent with the identical Rayleigh distribution and
As shown in Appendix D.4, is exponentiallydistributed. Therefore, is
the sum of L independent, identically and exponentially distributed random
variables. From (D-49), it follows that the probability density function of is

where the average SNR per branch is
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The bit error probability is determined by averaging (5-121) over the density
given by (5-123). Thus,

Direct calculations verify that since L is an integer,

Applying integration by parts to (5-125), using (5-126), (5-127), and Q(0) =
1/2, we obtain

This integral can be evaluated in terms of the gamma function, which is defined
in (D-12). A change of variable in (5-128) yields

Since the bit error probability for no diversity or a single branch
is

Since it follows that

Solving (5-130) to determine as a function of and then using this result and
(5-131) in (5-129) gives

This expression explicitly shows the change in the bit error probability as the
number of diversity branches increases. Equations (5-130) and (5-132) are valid
for QPSK because the latter can be transmitted as two independent binary PSK
waveforms in phase quadrature.
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An alternative expression for which may be obtained by a far more
complicated calculation entailing the use of the properties of the Gausshyper-
geometric function, is [3], [7].

By using mathematical induction, this equation can be derived from (5-132)
without invoking the hypergeometric function.

From a known identity for the sum of binomial coefficients [8], it follows
that

Since (5-133) and (5-134) imply that

This upper bound becomes tighter as If so that
(5-130) implies that and (5-135) indicatesthat the bit error probabil-
ity decreases inversely with thereby demonstrating the large performance
improvementprovided by diversity.

The advantage of MRC is critically dependent on the assumption of uncor-
relatedfading in each diversity branch. If there is complete correlation so that
the are all equal and the fading occurs simultaneously in all the diversity
branches, then Therefore, has a chi-squaredistribution with
2 degrees of freedom and probability density function

where is defined by (5-124) and the superscript denotescorrelatedfading.
A derivation similar to that of (5-129) yields

When

where is given by (5-130). A comparison of (5-138) with (5-135) shows the
large disparity in performance between a system with completely correlated
fading and one with uncorrelated fading.

Graphs of the bit error probability for a single branch with no fading, L
branches with independent fading and MRC, and L branches with completely
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Figure 5.9: Bit error probability of PSK for no fading, completely correlated
fading, and independent fading.

correlatedfading and MRC are shown in Figure 5.9. Equations (5-121), (5-
130), (5-132), and (5-137) are used in generating the graphs. The independent
variable is the average SNR per branch for a bit, which is equal to for MRC
and is equal to for the single branch with no fading. The average
SNR per bit for MRC is The figure demonstrates the advantage of diversity
combining and independent fading.

For MFSK, one of equal-energy orthogonal signals
each representing bits, is transmitted. The maximum-likelihood detector
generates decision variables corresponding to the possible nonbinary sym-
bols. The decoderdecides in favor of the symbol associated with the largest of
the decision variables. Matched filters for the orthogonal signals are needed
in every diversity branch. Because of the orthogonality, each filter matched to

has a zero response to at the sampling time. When sym-
bol represented by is received in the presence of white Gaussiannoise,
matched-filter of branch produces the sample
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where if and and

It is assumed that each has a spectrum confined to Using these
spectral limitations and (5-112), we find that the noise term in (5-139) is circu-
larly symmetric. Therefore, its real and imaginary components are independent
and have the same variance. From the noise term, this variance is found to be

The conditional probability density function of given the values of
and is

For coherent MFSK, the and the are assumed to be known. Since
the noise in each branch is assumed to be independent, the likelihood function
is the product of densities given by (5-141) for and

Forming the log-likelihood function, observing that
and eliminating irrelevant terms and factors that are independent of we find
that the maximization of the log-likelihood function is equivalent to selecting
the largest of decision variables, one for each of They
are

Consider coherent binary frequency-shift keying (FSK). Because of the sym-
metry of the model, can be calculated by assuming that was trans-
mitted. With this assumption, the two decision variables become

where and are independent, real-valued, Gaussian noise variables given
by

A derivation similar to the one for coherent PSK indicates that (5-132) and
(5-133) are again valid for coherent FSK provided that

if
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which can also be obtained by observing the presence of two independent noise
variablesand, hence,substituting in place of in (5-130). Thus, in a fading
environment, PSK retains its usual 3 dB advantageover coherent FSK.

The preceding analysis for independent Rayleighfading can be extended to
independent Nakagami fading if the parameter is a positive integer. From (5-
29) and elementary probability, it follows that the probability density function
of each random variable is

where is defined by (5-124). As indicated in Appendix D.2, the characteristic
function of is

If in (5-122) is the sum ofL independent, identically-distributed random
variables,then it has the characteristic function

The inverse of this function yields the probability density function

The form of this expression is the same as that in (5-123) except that L and
are replaced by and respectively. Consequently, the derivation

following (5-123) is valid once the replacements are made, and

where

These results can be approximately related to Ricean fading by using (5-30).
Figure 5.10 displays the bit error probability for Nakagami fading with
PSK, and L = 1, 2, 3, and 4 diversity branches.

Equal-Gain Combining

Coherent equal-gain combining (EGC) performs cophasing, but does not correct
for unequal values of where Thus, when a
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These equations and (5-155) give

which exceeds times given by (5-104) for MRC. Thus, the loss
associated with using EGC instead of MRC is on the order of 1 dB.

Example 2. In some environments, MRC is identical to EGC but distinctly
suboptimal. Considernarrowband desired and interference signals that do not
experiencefading and arrive as plane waves. The array antennas are sufficiently
close that the steering vector of the desired signal and the steering vector

of the interference signal can be represented by

The correlation matrix for the interference plus noise is

where and are the noise and interference powers, respectively, in each ar-
ray branch. This equation shows explicitly that the interference in one branch
is correlated with the interference in the other branches. A direct matrix mul-
tiplication using verifies that

where is the interference-to-noiseratio in each array branch. After
merging with the constant in (5-96), it is found that the optimal weight
vector is

where is the normalized inner product

The corresponding maximum SINR, which is calculated by substituting (5-159),
(5-162), and (5-164) into (5-97), is

where is the SNR in each branch. Equations (5-159), (5-160), and
(5-164) indicate that and if L = 1. Equation (5-165) indicates
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Figure 5.11: Ratio of the maximum SINR to the maximal-ratio-combinerSINR.

that decreases as increases if and is nearly directly proportional
to L if

Since the values of the are all equal, both MRC and EGC use the
weight vector of (5-154) with which gives

Substituting (5-90), (5-159)…(5-161), and(5-164) into (5-77) gives the
SINR for MRC and EGC:

Both and equal the peak value, when They both equal
when which occurs when both the desired and inter-

ference signalsarrive from the same direction or L = 1. Using calculus, it is
determined that the maximum value of which occurs when
is

This ratio approaches for large values of Thus, an adaptive ar-
ray based on the maximization of the SINR has the potential to significantly
outperform MRC or EGC if under the conditions of the nonfading
environment assumed. Figure 5.11 displays as a function of for
various values of

When accurate phase estimation is unavailable so that neither cophasing
nor coherent demodulation is possible, then postdetection combining following
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Figure 5.12: Postdetection combining with frequency discriminator.

Figure 5.13: Equal-gain combiner for DPSK with postdetectioncombining.

noncoherent demodulation can provide a significant performance improvement
over a system with no diversity. For FSK or minimum-shift keying, postde-
tection combiningwith a frequency discriminator is illustrated in Figure 5.12.
Each intermediate frequency (IF) signal is sampled, converted to a discrete-
time complex baseband signal, and then demodulated by a digital frequency
discriminator [9]. The square of the magnitude or possibly the magnitude of
the discrete-time complex baseband signal is used to weight the output of each
branch. If the noise power in each branch is approximately the same and much
smaller then the desired-signal power, then this weighting is a good approxi-
mation of the weighting used in MRC, but it is suboptimal since cophasing is
absent.

An alternative is postdetection EGC. However, when the desired-signal
power is very low in a branch, then that branch contributes only noise to the
EGC output. This problem is eliminated if each branch has a threshold device
that blocks the output of that branch if the desired-signal power falls below the
threshold.

A block diagram of a DPSK receiver with postdetectionEGC is depicted
in Figure 5.13. For equally likely binary symbols, the error probability is the
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same regardless of whether two consecutive symbols are the same or different.
Assuming that they are the same and that the fading is constant over two
symbols, the EGC decisionstatistic is

where and are independent, complex-valued, Gaussian noise variables
arising from two consecutive symbol intervals. A derivation [3] indicates that
if the are independent but have identical Rayleigh distributions, then

is given by (5-132), (5-133), and (5-135) with the single-branch bit error
probability

where is given by (5-124). Equation (5-169) can be directly derived by ob-
serving that the conditional bit error probability for DPSK with no diversity is

and then integrating the equation over the density (5-123) with L =
1. A comparison of (5-169) with (5-146) indicates that DPSK with EGC and
coherent FSK with MRC give nearly the same performance in a Rayleigh-fading
environment if

To derive a noncoherent MFSK receiverfrom the maximum-likelihood cri-
terion, we assume that the and the in (5-139) are random variables.
We expand the argument of the exponential function in (5-141), assume that
is uniformly distributed over and integrate over the density of The
integral may be evaluated by expressing in polar form, using (D-30), and
observingthat the integral is over one period of a periodic integrand. Thus, we
obtain the conditional density function

Assuming that has the Rayleigh probability density function given by
(5-20) with the density may be evaluated by using the
identity (D-33). The likelihood function is the product of densities for

and Forming the log-likelihood function and
eliminating irrelevant terms and factors that are independent of we find that
the maximization of the log-likelihood function is equivalent to selecting the
largest of the decision variables

where

If it is assumed that all the are equal, then we obtain the Rayleigh metric:
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Figure 5.14: Equal-gain combiner for noncoherent MFSK with postdetection
combining.

This metric implies a noncoherent MFSK receiver with postdetection square-law
EGC, which is illustrated in Figure 5.14. Each branch containsfilters matched
to the equal-energy orthogonal signals If the are
unequal, then the Rayleigh metric is inferior to the maximum-likelihoodmetric.
However,when is large, the corresponding terms in the two metrics are nearly
equal; when is small, the corresponding terms in the two metrics tend to be
insignificant. Thus, there is little penalty in using the Rayleigh metric, as is
confirmed by numerical evaluations [11].

Considernoncoherent binary FSK. Because of the symmetry of the signals,
can be calculated by assuming that was transmitted. Given that

was transmitted, the two decision variables at the combiner output are

where and are the independent, complex-valued, zero-mean, Gaussian
noise variables defined by
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and and are the real and imaginary parts of respectively.
Since each in (5-176) is a zero-mean, white Gaussiannoise process

with the same two-sided power spectral density (5-112), (5-176), and
the spectral limitations of each imply that that is, is
circularly symmetric. By calculating we obtain

The circular symmetry implies that and are uncorrelated, zero-mean,
jointly Gaussianrandom variables and, hence, are independent of each other.
Similarly, it can be verified by using the independence of and

and the orthogonality of and that all 4L random variables in
the sets and are statistically independent of each other. When
independent, identically distributed, Rayleigh fading occurs in each branch,

and are zero-mean, independent, Gaussianrandom variables
with the same varianceequal to as shown
in Section D.4. Therefore, both and have central chi-square distributions
with 2L degrees of freedom. From (D-18), the density function of is

where (5-177) and (5-124) give

Since an erroneous decision is made if

Using (5-127) inside the brackets and integrating, we obtain

Changingvariables, applying (D-12), and simplifying gives (5-133), where the
bit error probability for L = 1 is
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Figure 5.15: Bit error probability for MRC with PSK and coherent FSK and
for EGC with DPSK and noncoherent FSK.

and is given by (5-124). Thus, is once again given by (5-132). Equations
(5-183) and (5-169) indicate that 3 dB more power is needed for noncoherent
FSK to provide the same performance as DPSK. As discussed subsequently
in Chapter 6, the performance of DPSK is approximately equaled by using
minimum-shift keying and the configuration shown in Figure 5.12.

Equation (5-132) is valid for MRC and PSK or coherent FSK and also for
EGC and DPSK or noncoherent FSK. Once the bit error probability in the
absence of diversity combining, is determined, the bit error probability for
diversity combining in the presence of independent Rayleighfading, can
be calculated from (5-132). A plot of versus for different values of L
is displayed in Figure 5.15. This figure illustrates the diminishing returns ob-
tained as L increases. A plot of versus the SNR per branch for one bit,
is displayed in Figure 5.16 for MRC with PSK and EGC with DPSK and non-
coherent FSK. The plot for MRC with coherent FSK is nearly the same as that
for EGC with DPSK. Since (5-135) is valid for all thesemodulations, we find
that is asymptotically proportional to with only the proportionality
constantdiffering among the modulation types.

For noncoherent orthogonal signals such as MFSK with it
can be shown that the symbol error probability decreases slightly as
increases [3], [7]. The price for this modest improvement is an increase is
transmission bandwidth.
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Figure 5.16: Bit error probability for MRC with PSK and for EGC with DPSK
and noncoherent FSK.

Selection Diversity

A selection-diversity system or predetection selection-combining system selects
the diversity branch that has the largest SNR and forwards the signal in this
branch for further processing. In a fading environment, selectiondiversity is
sensible only if the selection rate is much faster than the fading rate. If the noise
and interference levels in all the branches are nearly the same,then the total
signal-plus-noisepower in each branch rather than the SNR can be measured to
enable the selection process,thereby allowing a major simplification. Selection
diversity does not provide a performance as good as maximal-ratiocombin-
ing or equal-gain combining when the interference plus noise in each branch
is uncorrelated with that in the other branches. However, selection diversity
requires only a singledemodulator, and when noises or interference signals are
correlated, then selectiondiversity may become more competitive.

If the noise in each diversity branch is zero-mean and then
the SNR in branch is If each of the has a Rayleigh
distribution and then the SNR in each branch has the
same expected value

The results of Appendix D.4 for the square of a Rayleigh-distributed random
variable indicate that each SNR has the exponential probability density function
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The corresponding probability distribution function is

The branch with the largest SNR is selected. The probability that the SNR of
the selected branch is less than or equal to is equal to the probability that
all the branch SNR•s are simultaneously less than or equal to Therefore, the
probability distribution function of the SNR of the selected branch is

The corresponding probability density function is

The average SNR obtained by selection diversity is calculated by integrating
the SNR over the density given by (5-188). The result is

The second equality results from a change of variable and the substitution of the
binomial expansion. The third equality results from a term-by-term integration
using (D-12) and an algebraic simplification. Substituting (5-184) and using a
known series identity [8], we obtain

Thus, the average SNR for selection diversity with is less than that for
MRC and the EGC, as indicated by (5-104) and (5-158), respectively. Approx-
imating the summation in (5-190) by an integral, it is observed that the ratio
of the average SNR for MRC to that for selectiondiversity is approximately
L/ln L for
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Suppose that the modulation is PSK and optimal coherentdemodulation
follows the selection process. From (5-113), it follows that the conditional bit
error probability is again given by the right-handside of (5-121) with

If the have identical Rayleigh distribution functions, then a derivation
similar to the one leading to (5-188) indicatesthat the density function of is
given by (5-188) with in place of where is defined by (5-124). Therefore,
using the binomial expansion, the bit error probability is

The last integral can be evaluated in the same manner as the one in (5-125).
After regrouping factors, the result is

This equation is valid for QPSK since it can be implemented as two parallel
binary PSK waveforms.

For coherent FSK, the conditional bit error probability is
Therefore, it is found that

Again, 3 dB more power is needed to provide to the same performance as PSK.
When DPSK is the data modulation, the conditional bit error probability

is Thus, selection diversity provides the bit error probability

The beta function is defined as

If is a positive integer then the substitution of the binomial expansion of
and the evaluation of the resulting integral yields
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Using to change the integration variable in (5-195) and then
using (5-196) gives

For noncoherent MFSK, the conditional symbol error probability given the
is obtained from (1-84):

Therefore, a derivation similar to that of (5-198) yields the symbol error prob-
ability

For binary FSK, the bit error probability is

which exhibits the usual 3 dB disadvantage compared with DPSK.
Asymptotic forms of (5-198) and (5-201) may be obtained by substituting

To prove this identity, let in the integrand of the gammafunction defined
in (D-12). Express the product as a double integral, change to polar
coordinates, integrate over the radius to obtain a resultproportional to
and then change the variable in the remaining integral to obtain

For DPSK, the substitution of (5-202) and (5-169) into (5-198) and the use
of give

For noncoherent FSK, a similar derivation using (5-183) and (5-201) yields the
same upper bound, which is tight when The 
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Figure 5.17: Bit error probability for selection diversity with PSK, DPSK, and
noncoherent FSK.

(5-159) and (5-160). In this example, the SNR•s are equal in all the diversity
branches. Consequently, selection diversity can give no better performance
than no diversity combining or the use of a single branch. In contrast, (5-166)
indicates that EGC can improve the SINR significantly.

Other types of selection diversity besides predetectionselection combining
are sometimes of interest. Postdetection selection combining entails the se-
lection of the diversity branch with the largest signal plus noise power after
detection. It outperforms predetectionselection combining in general but re-
quires as many matchedfilters as diversity branches. Thus, its complexity is
not much less than that required for EGC. Switch-and-stay combining(SSC)
or switched combining entails processing the output of a particular diversity
branch as long as its quality measure remains above a fixed threshold. When it
does not, the receiver selects another branch output and continues processing
this output until the quality measure drops below the threshold. In prede-
tection SSC, the quality measure is the instantaneous SNR of the connected
branch. Since only one SNR is measured, predetection SSC is less complex
than selectioncombining but suffers a performance loss. In postdetection SSC,
the quality measure is the same output quantity used for data detection. The
optimal threshold depends on the average SNR per branch. Postdetection SSC
provides a lower bit error rate than predetection SSC, and the improvement
increases with both the average SNR and less severe fading [11].
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5.5 Rake Receiver

In a fading environment, the principal means for a direct-sequence system to
obtain the benefits of diversity combining is by using a rake receiver. A rake
receiver provides path diversity by coherently combining resolvable multipath
components that are often present during frequency-selective fading. This re-
ceiver is the standard type for direct-sequence systems used in mobile commu-
nicationnetworks.

Consider a multipath channel with frequency-selective fading slow enough
that its time variations are negligible over a signaling interval. To harness
the energy in all the multipath components, a receiver should decide which
signal was transmitted amongM candidates, only af-
ter processing all the received multipath components of the signal. Thus, the
receiver selects among the M baseband signals or complexenvelopes

where T is the duration of the transmitted signal, is the multipath delay
spread, L is the number of multipath components, is the delay of component

and the channel parameter is a complexnumber representing the attenu-
ation and phase shift of component An idealized sketch of the output of a
basebandmatched filter that receives three multipath components of the signal
to which it is matched is shown in Figure 5.18. If a signal has bandwidth W,

Figure 5.18: Response of matched filter to input with three resolvable multipath
components.

then the duration of the matched-filter response to this signal is on the order
of 1/W. Multipath components that produce distinguishable matched-filter
output pulses are said to be resolvable. Thus, three multipath components are
resolvable if their relative delays are greater than 1/W, as depicted in the fig-
ure. A necessary condition for at least two resolvable multipath components is
that duration 1/W is less than the delay spread From (5-57) it follows that

is required, which implies that frequency-selective fading and resolv-
able multipath components are associated with wideband signals. There are at
most resolvable components, where denotes the largest integer
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in As observed in the figure, intersymbol interference at the sampling times
is not significant if is less than the symbol duration

For the following analysis, it is assumed that the M possible signals are or-
thogonal to each other and that the data symbols are independent of each other
so that the maximum-likelihood receiver makessymbol-by-symbol decisions [3],
[6]. This receiver uses a separate baseband matched filter or correlator for each
possible desired signal including its multipath components. Thus, if is
the symbol waveform, then the matched filter is
matched to the signal in (5-204) with the symbol duration. Each
matched-filter output sampled at provides a decision variable. A
derivation similar to that of (5-142) indicatesthat the decision variable is

where is the received signal, including the noise, after downconversion to
baseband. A receiver implementation based on this equation would require a
separatetransversalfilter or delay line and a matched filter for each possible
waveform An alternative form that requires only a single transversal filter
and M matched filters is derived by changing variables in (5-205) and using the
fact that is zero outside the interval Theresult is

For frequency-selective fading and resolvablemultipath components, a sim-
plifying assumption is that each delay is an integer multiple of 1/W. Accord-
ingly, L is increased to equal the maximum number of resolvable components,
and we set and where is
the maximum delay. As a result, some of the may be equal to zero. The
decisionvariables become

A receiver based on these decision variables, which is called a rake receiver, is
diagrammed in Figure 5.19. Since is designated as the output of the final
tap, the sampling occurs at Each tap output contains at most one
multipath component of

The rake receiver requires that the channel parameters be known or
estimated. An estimation might be done by applying each tap output to M
parallel matched filters after a one-symboldelay. The previous symbol deci-
sion is used to select one matched-filter output for each tap output. The L
matched-filter outputs are lowpass-filtered to provide estimates of the channel
parameters. The estimates must be updated at a rate exceeding the fade rate
of (5-43) or (5-45).
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Figure 5.19: Rake receiver for M orthogonal pulses. MF denotes a matched
filter.

An alternative configuration to that of Figure 5.19 uses a separate transver-
sal filter for each decision variable and has the corresponding matched filter in
the front, as shown in Figure 5.20(a). The matched-filter or correlator output is
applied to parallel fingers, the outputs of which are recombined and sampled
to produce the decisionvariable. The number of fingers    where is
equal to the number the resolvable components that havesignificant power. The
matched filter produces a number of output pulses in response to the multipath
components, as illustrated in Figure 5.18. Each finger delays and weights one of
these pulses by the appropriate amount so that all the finger output pulses are
aligned in time and can be constructively combinedafter weighting, as shown in
Figure 5.20(b). Digital devices can be used because the sampling immediately
follows the matched filtering.

The delay of each significant multipath component may be estimated by
using envelope detectors and threshold devices. Let denote the time required
to estimate the relative delay of a multipath component, and let denote the
relative radial velocity of a receiver relative to a transmitter. Then is the
change in delay that occurs during the estimation procedure, where is the
speed of an electromagnetic wave. This change must be much less than the
duration of a multipath output pulse shown in Figure 5.18 if the delay estimate
is to be useful. Thus, with interpreted as the maximum speed of a mobile in
a mobile communications network,

is required of the multipath-delay estimation.
Suppose that is a direct-sequence signal with chip duration

If the processing gain is large, the spreading sequence has a small auto-
correlation when the relative delay is or more, and
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Figure 5.20: Rake receiver: (a) basic configuration for generating a decision
variable and (b) a single finger.

When the data modulation is binary antipodal or PSK, only a single sym-
bol waveform and its associated decision variable are needed. After
downconversion to baseband, the received signal is

where is given by (5-204) and is zero-mean white Gaussian noise.
Let and set and in (5-
204). Substituting (5-210) and (5-204) into (5-207) with and then
using (5-209), we again obtain (5-116). Thus, the rake receiver produces MRC,
and the conditional bit error probability given the is provided by (5-121).
However, for a rake receiver, each of the is associated with a different
multipath component, and henceeach has a different value in general.
Therefore, the derivation of must be modified.

Equation (5-122) may be expressed as

If each has a Rayleigh distribution then each has the exponential proba-
bility density function (Appendix D.4)
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where the average SNR for a bit in branch is

If each multipath component fades independently so that each of the is
statistically independent, then is the sum of independent, exponentially dis-
tributed random variables. The results of Appendix D.5 indicate that the prob-
ability density function of is

where

The bit error probability is determined by averaging the conditional bit error
probability over the density given by (5-214). A derivation
similar to that leading to (5-129) yields

The number of fingers in an ideal rake receiver equals the number of sig-
nificant resolvable multipath components, which is constantly changing in a
mobile communications receiver. Rather than attempting to implement all the
required fingers that may sometimes be required, a more practical alternative is
to implement a fixed number of fingers independent of the number of multipath
components. Generalized selection diversity entails selecting the strongest
resolvable components among the L available ones and then applying MRC or
EGG of these components, thereby discarding the components with
the lowest SNRs. Analysis [2] indicates that diminishing returns are obtained
as increases, but for a fixed value of the performance improves as L
increases.

An increase in the number of resolved components L is potentially benefi-
cial if it is caused by natural changes in the physical environment that generate
additional multipath components. However, an increase in L due to an increase
in the bandwidth W is not always beneficial [12]. Although new components
provide additional diversity and may exhibit the more favorable Ricean fading
rather than Rayleigh fading, the average power per multipath component de-
creases because some composite components fragment into more numerous but
weaker components. Hence, the estimation of the channel parameters becomes
more difficult, and the fading of some multipath components may be highly
correlatedrather than independent.

The estimation of the channel parameters needed in a rake receiver becomes
more difficult as the fading rate increases. When the estimation errors are
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Figure 5.21: Rake receiver that uses equal-gain combiner to avoid channel-
parameter estimation.

large, it may be preferable to use a rakereceiver that avoids channel-parameter
estimation by abandoning MRC and using noncoherent postdetection EGG.
The form of this rake receiver for binary signals is depicted in Figure 5.21.
Each tap output of the transversal filter provides an input to the equal-gain
combiner, which may have the form of Figure 5.13 or Figure 5.14.

For two orthogonal signals that satisfy (5-209) and the rake receiver of Fig-
ures 5.21 and 5.14, the decision variables are given by (5-174) and (5-175).
Since has a centralchi-square distribution with 2L degrees of freedom, the
probability density function of is given by (5-178) and (5-179). Equation
(5-174) can be expressed as

Each phase is assumed to be statistically independent and uniformly dis-
tributed over Since each has a Rayleigh distribution, and

have zero-mean, independent, Gaussiandistributions. Therefore, as
indicated in Appendix D.4, each term of has an exponential distribution
with mean

where is defined by (5-213). Since the statistical independence of the
and implies the statistical independence of the terms of the probability
density function of for distinct values of the is given by (D-45) and (D-
46) with N = L. Since an erroneous decision is made if
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Integrating by parts to eliminate the inner integral, changing the remaining
integration variable, applying (D-12), and simplifying yields the bit error proba-
bility for orthogonal signals and a rake receiver with noncoherent postdetection
EGC:

where

An alternative derivation of (5-220) using the direct-conversion receiver mod-
eled in Appendix C.3 is given in [13]. Equation(5-220) is more compact and
considerablyeasier to evaluate than the classical formula [3], which is derived
in a different way.

Another way to avoid channel-parameter estimation is to use DPSK and
the diversity receiver of Figure 5.13 in Figure 5.21. The classical analysis [3]
verifies that is given by (5-220) and (5-221) with replaced by

For dual rake combining with orthogonalsignals, (5-220) reduces to

If then

This result illustrates the performance degradation that results when a rake
combiner uses an input that provides no desired-signal component, which may
occur when EGC is used rather than MRC. In the absence of a desired-signal
component, this input contributes only noise to the combiner. For large values
of the extraneous noise causes a loss of almost 1 dB.

If an adaptive array produces a directional beam to reject interference or
enhance the desired signal, it also reduces the delay spread of the multipath
components of the desired signal because componentsarriving from angles out-
side the beam are greatly attenuated. As a result, the potential benefit of a rake
receiver diminishes. Another procedure is to assign a separate set of adaptive
weights to each significant multipath component. Consequently, the adaptive
array can form separatearray patterns, each of which enhances a particular
multipath component while nulling other components. The set of enhanced
components are then applied to the rake receiver [14].

5.6 Error-Control Codes
If the channel symbols are interleaved to a depth beyond the coherence time of
the channel, then the symbolsfade independently. As a result, an error-control
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code provides a form of time diversity for direct-sequence systems. Interleav-
ing over many hop intervals enables an error-control code to provide a form
of frequency diversity for frequency-hopping systems with frequency channels
separated by more than the coherence bandwidth of the channel.

Consider an linear block code with soft-decision decoding, where is
the number of code symbols and is the number of information symbols. Let
y denote the vector of noisy output samples
produced by a demodulator that receives a sequence of symbols and samples
them at the symbol rate. Let denote the codeword vector with symbols

Let denote the likelihood function, which is the
conditional probability density function of y given that was transmitted.
Let denote the alphabet size of the code symbols. As explained in Chapter
1, if the demodulator outputs are statistically independent, then the likelihood
function is the product of conditional probability density functions, and the
log-likelihood function or maximum-likelihood metric for each of the possible
codewords is

where is the conditional probability density function of given the
value of In the subsequent analysis, it is always assumed that perfect symbol
interleaving or sufficiently fast fading ensures the statistical independence of the
demodulator outputs so that (5-224) is applicable.

The subsequent analysis for binary PSK is applicable to direct-sequence
signals if it is assumed that the despreadinterference and noise are well ap-
proximated by white Gaussian noise. With this assumption, the analysis may
be applied by substituting the equivalent noise-power spectral density, in
place of in the subsequent results.

For binary PSKover a fading channel in which the fading is constant over
a symbol interval, the received signal representing symbol of codeword is

where is a random variablethat includes the effects of the fading,
whenbinary symbol is a 1 and when binary symbol is a 0, and
is the symbol waveform. The noise process is independent, zero-mean,
white Gaussiannoise with autocorrelation given by (5-112). When codeword

is received in the presence of white Gaussian noise, it is downconverted, and
then the matched-filter or correlator, which is matched to produces the
samples
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where denotes the symbol duration and the symbol energy is

Since is the sole basis function for the signal space, these samples provide
sufficient statistics; that is, they contain all the relevant information in the
received signal [3], [6].

The spectrum of is assumed to be confined to Using this
assumption, (5-227), and (5-112), we find that the Gaussian noise term in (5-
226) is circularly symmetric and, hence, has independent real and imaginary
components with the same variance, which is calculated to be Therefore,
the conditional probability density function of given the values of and

is,

Substituting this equation into (5-224) and then eliminating irrelevant terms
and factors that do not depend on the codeword we obtain the maximum-
likelihood metric for PSK:

which serve as decision variables and require knowledge of the and

For a linear block code, the error probabilities may be calculated by as-
suming that the all-zero codeword denoted by was transmitted. The
comparison of the metricsU(1) and depends only on the terms
that differ, where is the weight of codeword The two-codeword error prob-
ability is equal to the probability that If each of the is
independent with the identical Rayleigh distribution and

the average SNR per binary codesymbol is

where is the information-bit energy, is the code rate, and is the average
SNR per bit. A derivation similar to the one leading to (5-132) indicates that
the two-codeword error probability is

where the symbol error probability is



284 CHAPTER 5.   FADING OF WIRELESS COMMUNICATIONS

The same equations are valid for both PSK and QPSK because the latter can
be transmitted as two independent binary PSK waveforms in phasequadrature.
A derivation analogous to that of (5-135) indicatesthat

For orthogonal symbol waveforms matched
filters are needed. The observation vector is where each

is an row vector of output samples from
matched-filter which is matched to Supposethat symbol of codeword

uses Because the symbol waveforms are orthogonal, when codeword
is received in the presence of white Gaussiannoise, matched-filter produces
the samples

where if and otherwise. The symbol energy for all the
waveforms is

Since each symbol waveform represents bits, the average SNR per code
symbol is

which reduces to (5-230) when If the spectra of the are confined
to then (5-235) and (5-112) imply that the Gaussian noise term in
(5-234) is circularly symmetric and, hence, its real and imaginary components
are independent and have the same variance, which is calculated to be
Therefore, the conditional probability density function of given the values
of and is

The orthogonality of the the independence of the white noise from
symbol to symbol, and (5-112) imply the conditional independence of the

For coherent MFSK, the and the are assumed to be known, and
the likelihood function is the product of densitiesgiven by (5-237) for

and Forming 
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where is the sampled output of the filter matched to the signal
representing symbol of codeword For independent, identically distributed
Rayleigh fading of each codeword symbol, a derivation similar to the one for
PSK indicates that the two-codeword error probability is again given by
(5-231) provided that

where is given by (5-236). A comparison of (5-232) and (5-239) indicates
that for large values of and the same block code, PSK and QPSK have a 3
dB advantage over coherentbinary FSK in a fading environment.

The preceding analysis can be extended to Nakagami fading if the fading
parameter is a positive integer. It is found that the preceding equations for
the error probabilities remain valid except that in (5-231) is replaced by md
and is given by the right-hand sides of (5-152) or (5-153) with

When fast fading makes it impossible to obtain accurate estimates of the
and noncoherent MFSK is a suitable modulation. Expanding the

argument of the exponential function in (5-237), assuming that is uniformly
distributed over expressing in polar form, observing that the integral
over is over one period of the integrand, and using the identity (D-30), we
obtain the conditional probability density function of given and

Assuming that each is statistically independent and has the same Rayleigh
probability densityfunction given by (5-20), can be evaluated by using
the identity (D-33). Calculating the log-likelihood function and eliminating
irrelevant terms and factors, we obtain the Rayleigh metric for noncoherent
MFSK:

where denotes the envelope produced by the filter matched to the
transmitted signal for symbol of codeword Assuming that the all-zero
codeword was transmitted, a derivation similar to the one preceding (5-183)
againverifies (5-231) with

where is given by (5-236). A comparison of (5-232) and (5-242) indicates
that for large values of and the same block code, PSK and QPSK have an
approximate 6 dB advantage over noncoherent binary FSK in a fading environ-
ment. Thus, the fading accentuates the advantage that exists for the AWGN
channel.
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As indicated in (1-49), an upper bound on the information-symbol error
probability for soft-decision decoding is given by

and the information-bit error probability is given by (1-27). A comparison
of (5-132) with (5-231) and the first term on the right-hand side of (5-243)
indicatesthat a binary block code with maximum-likelihood decoding provides
an equivalent diversity equal to if is low enough that the first term
in (5-243) dominates. For hard-decision decoding, the symbol error probability

is given by (5-232) for coherent PSK, (5-239) for coherent MFSK, (5-242)
for noncoherent MFSK, or (5-169) for DPSK. For loosely packed codes, is
approximated by (1-26) whereas it is approximated by (1-25) for tightly packed
codes.

Figure 5.22 illustrates for an extended Golay (24,12) codewith L
= 1 and for MRC with L = 1, 4, 5, and 6 diversity branches. A Rayleigh
fading channel and binary PSK are assumed. The extendedGolay (24,12) code
is tightly packed with 12 information bits, and The
values of in (5-243) are listed in Table 1.3. The MRC graphs assume that
a single bit is transmitted. The SNR per code symbol where
is the average SNR per bit and branch. The figure indicates the benefits of
coding particularly when the desired is low. At the (24,12)
codewith hard decisionsprovides on 11 dB advantage over uncoded PSK; with
soft decisions, the advantage becomes 16 dB. The advantage of soft-decision
decoding relative to hard-decision decoding increases to more than 10 dB at

a vast gain over the approximately 2 dB advantage of soft-decision
decoding for the AWGN channel. At the Golay (24,12) code with
soft decisions outperforms MRC with L = 5 and is nearing the performance of
MRC with L = 6. However, since the equivalent diversity
will not reach L = 8 even for very low For noncoherent binary FSK, all the
graphs in the figure are shifted approximately 6 dB to the right when

Since the soft-decision decoding of long block codes is usually impractical,
convolutional codes are more likely to give a good performance over a fading
channel. The metrics are basically the same as they are for block codes with
the same modulation, but they are evaluatedover path segmentsthat diverge
from the correct path through the trellis and then merge with it subsequently.
The linearity of binary convolutional codes ensures that all-zero path can be
assumed to be the correct one when calculating the decoding error probability.
Let denote the Hamming distance of an incorrect path from the correct all-zero
path. If perfect symbol interleaving is used, then the probability of error in the
pairwise comparison of two paths with an unmerged segment is which is
given by (5-231). As shown in Chapter 1, the probability of an information-bit
error in soft-decision decoding is upper bounded by
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Figure 5.22: Information-bit error probability for extended Golay (24,12) code
with soft and hard decisions, coherent PSK modulation, and Rayleighfading,
and for maximal-ratio combining with L = 1, 4, 5, and 6.

where is the number of information-bit errors over all paths with unmerged
segments at Hamming distance is the number of information bits per trellis
branch, and is the minimum free distance, which is the minimum Hamming
distancebetween any two convolutional codewords. This upper bound ap-
proaches as so the equivalent diversity is if and

are small.
In general, increases with the constraint length of the convolutional code.

However, if each encoderoutput bit is repeated times, then the minimum
distance of the convolutional code increases to without a change in the
constraint length, but at the cost of a bandwidth expansion by the factor
From (5-244), we infer that for the code with repeated bits,

where refers to the original code.
Figure5.23 illustrates as a function of for the Rayleigh-fading channel

and binary convolutionalcodes with different values of the constraint length
K, the code rate and the number of repetitions Relations(5-245) and
(5-231) with are used, and the are taken from the listings for
seven terms in Tables 1.4 and 1.5. The figure indicates that an increase in the
constraint length provides a much greater performance improvement for the
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Figure 5.23: Information-bit error probability for Rayleigh fading, coherent
PSK, and binary convolutionalcodes with various values of and

Rayleigh-fadingchannel than the increase does for the AWGN channel [16].
For a fixed constraint length, the rate-1/4 codes give a better performance than
the rate-1/2 codes with which require the same bandwidth but are less
complex to implement. The latter two codes require twice the bandwidth of
the rate-1/2 code with no repetitions.

The issues are similar for trellis-coded modulation (Chapter 1), which pro-
vides a coding gain without a bandwidth expansion. However, if parallel state
transitions occur in the trellis, then which implies that the code pro-
vides no diversity protection against fading. Thus, for fading communications,
a conventional trellis code with distinct transitions from each state to all other
states must be selected. Since Rayleigh fading causes large amplitude varia-
tions, multiphase PSK is usually a better choice than multilevel quadrature
amplitude modulation (QAM) for the symbol modulation. However, the op-
timum trellis decoder uses coherent detection and requires an estimate of the
channelattenuation.

Whether a block, convolutional, or trellis code is used, the results of this
section indicatethat the minimum Hammingdistance rather than the minimum
Euclidean distance is the critical parameter in designing an effective code for
the Rayleigh fading channel.

Turbo codes or serially concatenated codes with iterativedecodingbased on
the maximum a posteriori criterion can provide excellent performance. How-
ever, the system must be able to accommodate considerable decodingdelay and
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Figure 5.24: Information-bit error probability for Rayleigh fading, coherent
PSK, soft decisions, and concatenated codes comprising an inner binary convo-
lutional code with K = 7 and and various Reed-Solomon outer
codes.

computational complexity. Even without iterative decoding, a serially concate-
nated code with an outer Reed-Solomon code and an inner binary convolutional
code (Chapter 1) can be effective against Rayleigh fading. In the worst case,
each output bit error of the inner decoder causes a separate symbol error at
the input to the Reed-Solomondecoder. Therefore, an upper bound on is
given by (1-128) and (1-127). For coherent PSK modulation with soft-decision
decoding, is given by (5-231) and (5-232), and is given by (5-230). The
concatenated code has a code rate where is the inner-code rate and

is the outer-code rate.
Figure 5.24 depicts examples of the upper bound on as a function for

Rayleigh fading, coherent PSK, soft decisions, an inner binary convolutional
code with K = 7, and and various Reed-Solomon
outer codes. The required bandwidth is where is the uncoded PSK
bandwidth. Thus, the codes of the figurerequire a bandwidth less than

Diversity and Spread Spectrum

Some form of diversity is crucial in compensating for the effects of fading.
Spread-spectrum systems exploit the different types of diversity that are avail-
able. A direct-sequence receiver exploits time diversity through the small num-
ber of branches or demodulators in its rake receiver.These demodulators must
be synchronized to the path delays of the multipath components. The effec-
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tiveness of the rakereceiver depends on the concentration of strong diffuse and
specular components in the vicinity of resolvable path delays, which becomes
more likely as the chip rate increases. A large Doppler spread is beneficial to
a direct-sequence system because it decreases the channel coherencetime. If
the coherence time is less than the interleaving depth, the performance of the
error-control decoder is enhanced. Equation (5-10) indicatesthat the Doppler
spread increases with the carrier frequency and the speed of the receiver relative
to the transmitter.

Frequency-hoppingsystems rely on frequency diversity. Interleaving of the
code symbols over many dwell intervals provides a large level of diversity to slow
frequency-hopping systems operating over a frequency-selective fading channel.
These systems are usually insensitive to variations in the Doppler spread of the
channelbecause any additional diversity due to improved time-selectivefading
is insignificant. The relative performance of comparable frequency-hopping and
direct-sequence systems ultimatelydepends primarily on the size of the Doppler
spread and the degree to which most of the power in the received signal is
concentrated in a small number of resolvablemultipath components [15]. A
large Doppler spread and strong specular multipath components tend to favor
direct-sequence systems.

5.7 Problems
1.

2.

3.

4.

5.

Give an alternative derivation of (5-41). First, observe that the total
received Doppler power in the spectral band cor-
responds to arrival angles determined by If the received
power arrives uniformly spread over all angles then

where is the power density arriving from
angle

Assumethat a propagationchannel has the impulse response given by
(5-63) with and Each is a wide-sense sta-
tionary process and uncorrelated scattering occurs. Derive expressions
for and Show that the multipath intensity profile
indicates specular components.

Following the guidance in the text, derive the maximum-likelihood deci-
sion variable (5-115) and its variance(5-120) for PSKover the Rayleigh
fading channel.

Consider the maximum-likelihood detection of coherent MFSK for the
Rayleigh fading channel. The independentnoise in each diversity branch
has power spectral density Find the decision
variables and show that they are given by (5-142) when the are all
equal.

Consider the maximum-likelihooddetection of noncoherent MFSK for the
Rayleighfading channel. The independent noise in each diversity branch
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has power spectral density Find the decision
variables and show that they are given by (5-171) when the are all
equal.

6.

7.

8.

9.

Supposethat diversity L is achieved by first dividing the symbol energy
into L equalparts so that the SNR per branch in (5-124) is reduced by
the factor L. For the four modulations of Figure 5.15 and by
what factor does increaserelative to its value when the energy is
not divided?

For noncoherent orthogonal signals such as those with MFSK, use
the union bound to derive an upper bound on the symbol error probability
as a function of and the diversity L.

For dual rake combining, PSK, MRC, and Rayleigh fading, find as
both and Find for dual rake combining, noncoherent
orthogonal signals,EGC, and Rayleighfading as both and
What advantage does PSK have?

Three multipath components arrive at a direct-sequencereceivermoving
at 30 m/s relative to the transmitter. The second and third multipath
components travel over paths 200 m and 250 m longer than the first com-
ponent. If the chip rate is equal to the bandwidth of the received signal,
what is the minimum chip rate required to resolve all components? How
much time can the receiver allocate to the estimation of the component
delays?

10. Consider a system that uses PSK or MFSK, an (n, k) block code, and the
maximum-likelihood metric in the presence of Rayleigh fading. Show by
successive applications of various bounds that the word error probability
for soft-decision decoding satisfies

where is the alphabet size and is the minimum distance between
codewords.
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Chapter 6

Code-Division Multiple
Access

Multiple access is the ability of many users to communicate with each other
while sharing a commontransmissionmedium. Wireless multiple-access com-
munications are facilitated if the transmitted signals are orthogonal or separable
in some sense. Signals may be separated in time (time-division multiple access
or TDMA), frequency (frequency-division multiple access or FDMA), or code
(code-division multiple access or CDMA). CDMA is realized by using spread-
spectrum modulation while transmitting signals from multiple users in the same
frequency band at the same time. All signals use the entire allocated spectrum,
but the spreading sequences or frequency-hoppong patterns differ. Informa-
tion theory indicatesthat in an isolated cell, CDMA systems achieve the same
spectral efficiency as TDMA or FDMA systems only if optimal multiuser detec-
tion is used. However, even with single-userdetection, CDMA is advantageous
for cellular networks because it eliminates the need for frequency and timeslot
coordination amongcells and allows carrier-frequency reuse in adjacent cells.
Frequencyplanning is vastlysimplified. A major CDMA advantage exists in
networks accommodating voice communications. A voice-activity detector ac-
tivates the transmitter only when the user is talking. Since typically fewer
than 40% of the users are talking at any giventime, the number of telephone
users can be increased while maintaining a specified average interference power.
Another major CDMA advantage is the ease with which it can be combined
with multibeamed antenna arrays that are either adaptive or have fixed pat-
terns covering cell sectors. There is no practical means of reassigning time
slots in TDMA systems or frequencies in FDMA systems to increase capacity
by exploiting intermittent voice signals or multibeamed arrays, and reassign-
ments to accommodate variable data rates are almost always impractical. These
general advantages and its resistance to jamming, interception, and multipath
interference makeCDMA the choice for most mobile communication networks.
The two principal types of spread-spectrum CDMA are direct-sequence CDMA
(DS/CDMA) and frequency-hopping CDMA (FH/CDMA).
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6.1 Spreading Sequences for DS/CDMA

Consider a DS/CDMA network with K users in which every receiver has the
form of Figure 2.14. The multiple-access interference that enters a receiver
synchronized to a desired signal is modeled as

where K … 1 is the number of interfering direct-sequence signals, and is
the average power, is the code-symbol modulation, is the spreading
waveform, is the relative delay, and is the phase shift of interference signal

including the effect of carrier time delay. The spreading waveform of the
desired signal is

where Each spreading waveform of an interference signal has the
form

where The chip waveforms are assumed to be identical through-
out the network and have unit energy:

In a DS/CDMA network, the spreading sequences are often called signature se-
quences. As shown in Chapter 2, the interference component of the demodulator
output due to a received symbol is

where

Substituting (6-1) into (6-6) and (6-5) and then using (6-2), we obtain

where a double-frequency term is neglected.
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Orthogonal Sequences

Suppose that the communication signals are synchronous so that all data sym-
bols have duration symbol and chip transitions are aligned at the receiver
input, and short spreading sequences with period N = G extend over each
data symbol. Then and is constant over
the integration interval The cross-correlation between and is
defined as

Thus, for synchronous communications, (6-7) may be expressed as

where

Substituting (6-3) and (6-2) into (6-8) and then using (6-4) and we
obtain

where the right-hand side is the periodic cross-correlation between the sequences
and Let a and denote the binary sequenceswith components

respectively,that map into the binary antipodal sequences

with components and Then a derivation
similar to that in (2-34) gives

where denotes the number of agreements in the corresponding bits ofa and
and denotes the number of disagreements. The sequences are orthogonal

if If the spreadingsequencea is orthogonal to all the spreading
sequences then and the multiple-access interference

is suppressed at the receiver. A large number of multiple-access interference
signals can be suppressed in a network if each such signal has its chip transitions
aligned and the spreading sequences are mutually orthogonal.

Two binary sequences, each of length two, are orthogonal if each sequence
is described by one of the rows of the 2× 2 matrix

because A = D = 1. A set of sequences, each of length is obtained by
using the rows of the matrix
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where is the complement of obtained by replacing each 1 and 0 by
0 and 1, respectively, and is defined by (6-13). Any pair of rows in differ
in exactly columns, thereby ensuring orthogonality of the corresponding
sequences. The matrix which is called a Hadamard matrix, can
be used to generate orthogonal spreading sequences for synchronous direct-
sequence communications. The orthogonal spreading sequences generated from
a Hadamard matrix are called Walsh sequences.

In CDMA networks for multimedia applications, the data rates for various
services and users often differ. If the transmitted signal bandwidth is the same
for all signals, then so is the chip rate. For synchronous communications, it is
desirable to use spreading sequences that are orthogonal to each other despite
differences in the processing gains, which are often called spreading factors in
CDMA networks. Starting with a set of Walsh sequences, a tree-structured set
of orthogonal Walsh sequences called the orthogonal variable-spreading-factor
codes can be generated recursively for this purpose. Let denote the
row vector representing the nth sequence with spreading factor N, where

and for some positive integer The set of N sequences with
N chips is derived by concatenatingsequences from the set of N/2 sequences
with N/2 chips:

For example, is produced by concatenating and thereby
doubling the number of chips per data symbol to 16. A sequence used in
the recursive generation of a longer sequence is called a mother code of the
longer sequence. Equation (6-15) indicates that the sequences with N chips are
orthogonal to each other, and each is orthogonal to concatenations of all
sequences and their complements except for its mother
codes. For example, is not orthogonal to or Synchronous
signals with a judicious selection of orthogonal variable-spreading-factor codes
enable the receiver to completely suppress multiple-access interference.

As an alternative to the Walsh sequences, consider the set of maxi-
mal sequences generated by a primitive polynomial of degree and the
different initial states of the shift register. Equation (2-34) implies that by ap-
pending a 0 at the end of each period of each sequence, we obtain a set of
orthogonal sequences of period Without the appending of symbols, a set of
nearly orthogonal sequences for a synchronous network may be generated from
different time displacements of a single maximal sequence because its autocor-
relation, which is given by (2-35), determines the cross-correlations among the
sequences of the set. The low values of the autocorrelation for nonzero delay
causes the rejection of multipath signals. In contrast, the Walsh sequences do
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not have such favorable autocorrelation functions.

Sequences with Small Cross-Correlations

The symbol transitions of asynchronous multiple-access signals at a receiver are
not simultaneous, usually because of changing path-length differences among
the various communication links. Since the spreadingsequences are shifted rel-
ative to each other, sets of periodic sequences with small cross-correlations for
any relative shifts are desirable to limit the effect of multiple-accessinterfer-
ence. Maximal sequences, which have the longest periods of sequences gener-
ated by a linear feedback shift register of fixed length, are often inadequate.
Let and denote binary sequences with
components in GF(2). The sequences a and b are mapped into antipodal se-
quences p and q, respectively, with components in {…1,+1} by means of the
transformation

The periodic cross-correlation of periodic binary sequences a and b with the
same period N is defined as the periodic cross-correlation of the antipodal
sequences p and q, which is defined as

A calculation similar to that in (2-34) yields the periodic cross-correlation

where denotes the number of agreements in the corresponding components of
a and the shift sequence and denotes
the number of disagreements.

In the presence of asynchronousmultiple-access interference for which
the interference component of the correlator output is given by (6-7). If we

assume that the data modulation is absent so that we may set in
(6-7), then it is observed that interference signal produces a term in that
is proportional to given by (6-8). Let where is a
nonnegativeinteger and A derivationsimilar to the one leading to
(2-40) gives

where is the periodic cross-correlation of the sequencep and and
is given by (6-18). Thus, ensuring that the periodic cross-correlations are al-
ways small is a critical necessary condition for the success of asynchronous
multiple-access communications. Although the data modulation may be absent
during acquisition, it will be present during data transmission, and may
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Large sets of sequences with approaching the Welch bound can be
obtained by combining maximal sequences with sampled versions of these se-
quences. If is a positive integer, the new binary sequence b formed by taking
every bit of binary sequence a is known as a decimation of a by and
the components of the two sequences are related by Let
denote the greatest common divisor of and If the original sequencea has
a period N and the new sequence b is not identically zero, then b has period

If then the decimation is called a proper decima-
tion. Following a proper decimation, the bits of b do not repeat themselves
until every bit ofa has been sampled. Therefore, b and a have the same period
N, and it can be shown that if a is maximal, then b is a maximal sequence
[1]. A preferred pair of maximal sequences with period are a pair with
a periodic cross-correlationthat takes only the three values
and where

and denotes the integer part of the real number The Gold sequences are
a large set of sequences with period that may be generated by the
modulo-2 addition of preferred pairs when is odd or modulo-4 [1].
One sequence of the preferred pair is a decimation by of the other sequence.
The positive integer is either or where is a
positiveintegersuch that when is odd and when

modulo-4.
Since the cross-correlation between any two Gold sequences in a set can take

only three values, the peak magnitude of the periodic cross-correlationbetween
any two Gold sequences of period is

For large values of for Gold sequences exceeds the Welch bound by a
factor of for odd and a factor of 2 for even.

One form of a Gold sequence generator is shown in Figure 6.1. If each
maximal sequence generator has stages, different Gold sequences in a set are
generated by selecting the initial state of one maximal sequence generator and
then shifting the initial state of the other generator. Since any shift from 0 to

results in a different Gold sequence, different Gold sequences can
be produced by the system of Figure 6.1. Gold sequences identical to maximal
sequences are produced by setting the state of one of the maximal sequence
generators to zero. Altogether, there are different Gold sequences,each
with a period of in the set.

An example of a set of Gold sequences is the set generated by the preferred
pair specified by the primitive characteristic polynomials

Since there are 129 Gold sequences of period 127 in this set, and (6-28)
gives Equation (2-66) indicates that there are only 18 maximal
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Figure 6.1: Gold sequence generator.

sequences with For this set of 18 sequences,calculations [1] indicate
that If is desired for a set of maximal sequences
with then one finds that the set has only 6 sequences. This result
illustrates the much greater utility of Gold sequences in CDMA networks with
many subscribers.

Consider a Gold sequencegenerated by using the characteristic functions
and of degree The generatingfunction for the Gold sequence is

where and have the form specified by the numerator of (2-60).
Since the degrees of both and are less than the degree of the
numerator of must be less than Since the product has
the form of a characteristic function of degree given by (2-56), this product
defines the feedback coefficients of a single linear feedback shift register with
stages that can generate the Gold sequences. The initial state of the register
for any particular sequence can be determined by equating each coefficient in
the numerator of (6-30) with the corresponding coefficient in (2-60) and then
solving linear equations.

A small set of Kasami sequences comprises sequences with period
if is even [1]. To generate a set, a maximal sequence a with period

is decimated by toform a binary sequence b with period
The modulo-2 addition ofa and any cyclic shift of

b from 0 to provides a Kasami sequence. By including sequencea,
we obtain a set of Kasami sequences with period The periodic
cross-correlation between any two Kasami sequences in a set can only take the
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values where

The peak magnitude of the periodic cross-correlation between any two Kasami
sequences is

For and the use of in the Welch
bound gives Since

Since N is an odd integer, in (6-18) must be an odd integer. Therefore,
the definition of and (6-18) indicate that must be an odd integer.
Inequality (6-33) then implies that for and even values
of

A comparison of this result with (6-32) indicates that the Kasami sequences are
optimal in the sense that has the minimum value for any set of sequences
of the same size and period.

As an example, let There are 60 maximal sequences, 1025 Gold se-
quences, and 32 Kasami sequences with period 1023. The peak cross-correlations
are 0.37, 0.06, and 0.03, respectively.

A large set of Kasami sequences comprises sequences if
modulo-4 and sequences if modulo-4 [1] The sequences
have period To generate a set, a maximal sequencea with period

is decimated by to form a binary sequenceb and
then decimated by to form another binary sequencec. The
modulo-2 addition of a, a cyclic shift of b, and a cyclic shift of c provides a
Kasami sequencewith period N. The periodic cross-correlations between any
two Kasami sequences in a set can only take the values

A large set of Kasami sequences includes both
a small set of Kasamisequences and a set of Gold sequences as subsets. Since

the value of for a large set is the same as that for Gold
sequences (6-28). This value is suboptimal, but the large size of these sets
makes them an attractive option for asynchronous CDMA networks.

Symbol Error Probability

Let denote the vector of the two symbols of asynchronous
multiple-accessinterference signal that are received during the detection of a
symbol of the desiredsignal. A straightforward evaluation of (6-7) gives
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where the continuous-time partial cross-correlation functions are

For rectangular chip waveforms and spreading sequences of period N, straight-
forward calculations yield

where and the aperiodic cross-correlation function is defined by

and for These equations indicate that the aperiodic cross-
correlations are more important than the related periodic cross-correlations
defined by (6-17) in determining the interference level and, hence, the sym-
bol error probability. Without careful selection of the sequences, the aperiodic
cross-correlations may be much larger than the periodic cross-correlation. If all
the spreading sequences are short with N = G, and the power levels of all re-
ceived signals are equal, then the symbol error probability can be approximated
and bounded [2], [3], but the process is complicated. An alternative approach
is to model the spreading sequences as random binary sequences, as is done for
long sequences.

In a network with multiple-access interference, code acquisition depends
on both the periodic and aperiodic cross-correlations. In the absence of data
modulations, in(4-73) has additional terms, each of which is proportional
to the periodic cross-correlation between the desired signal and an interference
signal. When data modulations are present, some or all of these terms entail
aperiodic cross-correlations.

Complex-Valued Quaternary Sequences

Quaternary direct-sequence system may use pairs of short binary sequences,
such as Gold or Kasami sequences, to exploit the favorable periodic autocorre-
lation and cross-correlation functions. However, Gold sequences do not attain
the Welch bound, and Kasami sequences that do are limited in number. To sup-
port many users and to facilitate the unambiguous synchronization to particular
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signals in a CDMA network, one might consider complex-valuedquaternary se-
quencesthat are not derived from pairs of standard binary sequences but have
better periodic correlation functions.

For PSK modulation, sequence symbols are powers of the complex
root of unity, which is

where The complex spreading or signature sequencep of period N
has symbols given by

where is an arbitrary phasechosen for convenience. If is specified by the
exponent and is specified by the exponent then the periodic cross-
correlation between sequencesp andq is defined as

The maximum magnitude defined by (6-20) must satisfy the Welch bound
of (6-21). For a positive integer a family of M = N + 2 quaternary
or sequences, each of period with that asymptotically
approaches the Welch bound has beenidentified [4]. In contrast, a small set of
binary Kasami sequences has only sequences

The sequences in a family are determined by the characteristic polynomial,
which is defined as

where coefficients and The output sequence satisfies the
linear recurrence relation of (2-20). For example, the characteristic polynomial

has and generates a family with period N = 7. A
feedback shift registerthat implements the sequence of the family is depicted in
Figure 6.2(a), where all operations are modulo-4. The generation of a particular
sequence is illustrated in Figure 6.2(b). Different sequences may be generated
by loading the shift registerwith any nonzero initial contents and then cycling
the shift registerthrough its full period Since the shift register
has nonzero states, there are cyclically
distinct members of the family. Each family member may be generated by
loading the shift registerwith any nonzero triple that is not a state occurring
during the generation of another family member.

By setting in (6-42), a complex-valueddata symbol in the family
may be represented by where and are antipodal symbols with
values If a complex-valued chip of the spreading sequence is
then the complex multiplication of the data and spreading sequences produces
a complex-valued sequence with each chip of the form
The implementation of thisproduct is shown in Figure 6.3, in which real-valued
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Figure 6.2: (a) Feedback shift register for a quaternary sequence and (b) con-
tents after successive shifts.

inputs and produce the two real-valued outputs and The
equation gives a compact complex-variable representation of the real
variable equations:

Each chip modulates the in-phase carrier, and each chip modulates the
quadrature carrier. The transmitted signal may be represented as

where denotes the real part of A is the amplitude, and and
are waveforms modulated by the data and spreading sequences.

A representation of the receiver in terms of complex variables is illustrated
in Figure 6.4. If two cross-correlation terms are negligible, and
the actual implementation can be done by the architectures of Figures 6.17
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Figure 6.3: Product of quaternary data and spreading sequences.

Figure 6.4: Receiver for direct-sequence system with complex quaternary
spreadingsequences. CMF is chip-matchedfilter.

and 6.19 except that the final multiplications in the two branches are replaced
by a complex multiplication. Thus, is extracted by separate in-phase and
quadrature demodulation. Since the complex quaternary symbolshave unity
magnitude, the despreading entails the complex multiplication of by to pro-
duce along with the residual interference and noise. As illustrated in
Figure 6.4, the summation of G multiplications produces the decision variable,
where G is the number of chips per bit.

Although some complex-valued quaternary sequences have more favorable
periodic autocorrelations and cross-correlations than pairs of standard binary
sequences, they do not provide significantly smaller error probabilities in multiple-
access systems [5]. The reason is that system performance is determined by the
complex aperiodic functions. However, complexsequences have the potential
to provide better acquisition performance than the Gold or Kasami sequences
because of their superior periodic autocorrelations.

Complex-valued quaternary sequences ensure balanced power in the in-phase
and quadrature branches of the transmitter, which limits the peak-to-average
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power fluctuations. Let represent a complex-valueddata
signal. Suppose that different bit rates or quality-of-service requirements make
it desirable for and to have unequal amplitudes. Multiplication by a
complex-valued spreading waveform produces

If the symbols of and are zero-mean, antipodal, and
independent, and a constant, then

This result indicates that the power in the in-phase and quadrature
components after the spreading are equal despite any disparity between and

6.2 Systems with Random Spreading Sequences

If all the spreading sequences in a network of asynchronous CDMA systems
have a common period equal to the data-symbol duration, then by the proper
selection of the sequences and their relative phases, one can obtain a system
performance better than that theoretically attainable with random sequences.
However, the number of suitable sequences is too small for many applications,
and long sequences that extendover many data symbols provide more system
security. Furthermore, long sequences ensure that successive data symbols are
covered by different sequences,thereby limiting the time duration of an un-
favorablecross-correlation due to multiple-access interference. Even if short
sequences are used, the random-sequence model gives fairly accurate perfor-
mancepredictions.

Direct-Sequence Systems with PSK

Consider the direct-sequence receiver of Figure 2.14 when the modulation is
PSK and multiple-access interference is present. If the spreading sequence of the
desired signal is modeled as a random binary sequence and the chip waveform
confined to then the input V to the decision device is given by (2-84)
and has mean value

The interference component is given by (6-5), (6-6), and (6-1). Since the data
modulation in an interference signal is modeled as a random binary se-
quence, it can be subsumed into given by (6-3) with no loss of generality.
Since is determined by an independent, random spreading sequence,only
time delays are significant and, thus, we can assume that
in (6-1) without loss of generality.

Since is confined to and the substitution of (6-1) and
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(6-3) into (6-6) yields

The partial autocorrelation for the chip waveform is defined as

Substitution into (6-48) and appropriate changes of variables in the integrals
yield

For rectangular chips in the spreading waveform,

Consequently,

For sinusoidal chips in the spreading waveform,

Substituting this equation into (6-49), using a trigonometric identity, and per-
forming the integrations, we obtain

Since both and contain the same random variable it does not
appear at first that the terms in (6-50) are statistically independent even when

and are given. The following
lemma [6] resolves this issue.

Lemma. Suppose that and are statisticallyindependent, random
binary sequences. Let and denote arbitrary constants. Then and

are statistically independent random variables when
Proof: Let denote the joint probability that

and where From the theorem of
total probability, it follows that
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From the independence of and and the fact that they are random
binary sequences, we obtain a simplification for and

Since equals +1 or …1 with equalprobability,
and thus

A similar calculation gives

Therefore,

which satisfies the definition of statistical independence of and
The same relation is trivial to establish for or

The lemma indicates that when and are given, the terms in (6-5) are
statistically independent. Since the conditional variance is

The independence of the K spreading sequences, the independence of successive
terms in each random binary sequence, and (6-50) imply that the conditional
variance of is independent of and, therefore,

Since the terms of in (6-5) are independent, zero-mean random variables
that are uniformly bounded and as the central limit the-
orem implies that converges in distribution to a Gaussianrandom
variable with mean 0 and variance 1. Thus, when and are given, the condi-
tional distribution of is approximately Gaussian when G is large. Since the
noise component in (2-84) has a Gaussian distribution and is independent
of has an approximate Gaussiandistribution with mean given
by (6-47), and
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A straightforward derivationusing the Gaussian distribution of the decision
statistic V indicates that the conditionalsymbol error probability given and

is

where is the energy per symbol in and the equivalent-noise power
spectral density is defined as

For a rectangular chip waveform, this equation simplifies to

Numerical evaluations [6] give strong evidence that the error in (6-57) due
to the Gaussian approximation is negligible if For an asynchronous
network, it is assumedthat the time delays are independent and uniformly
distributed over and that the phase angles are
uniformly distributed over Therefore, the symbol error probability is

where the fact that takes all its possible values over has been used
to shorten the integration intervals. The absence of sequence parameters ensures
that the amount of computation required for (6-60) is much less than the amount
required to compute when the spreading sequence is short. Nevertheless,
the computational requirements are large enough that it is highly desirable to
find an accurate approximation that entails less computation. The conditional
symbol error probability given is defined as

A closed-form approximation to greatly simplifies the computation of
which reduces to

To approximate we first obtain upper and lower bounds on it.
For either rectangular or sinusoidalchip waveforms, elementary calculus

establishesthat
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Using this upper bound successively in (6-58), (6-57), and (6-61), and perform-
ing the trivial integrations that result, we obtain

where

To apply Jensen•s inequality (2-144), the successive integrals in (6-60) are
interpreted as the evaluation of expected values. Consider the random variable

Since is uniformly distributed over straightforward calculationsusing
(6-52) and (6-54) give

where

The function (6-57) has the form given by (2-145). Equations (6-58), (6-63),
and yield asufficient condition for convexity:

Application of Jensen•s inequality successively to each component of in (6-61)
yields

where

If is negligible, then (6-71) and (6-65) give Thus, a good
approximation is provided by
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Figure 6.5: Symbol error probability of direct-sequence system with PSK in
presence of single multiple-access interference signal and

where

If is negligible, then Therefore, in terms of the
value of needed to ensure a given the error in using approximation (6-
72) instead of (6-61) is bounded by in decibels, which equals0.88
dB for rectangular chip waveforms and 1.16 dB for sinusoidal chip waveforms.
In practice, the error is expected to be only a few tenths of a decibel because

and coincides with neither the upper nor the lower bound.
As an example, suppose that rectangular chip waveforms are used,

and K = 2. Figure 6.5 illustrates four different evaluations of
as a function of the despread signal-to-interference ratio,
which is the signal-to-interference ratio after taking into account the beneficial
results from the despreading in the receiver. The accurate approximation is
computed from (6-57) and (6-60), the upper bound from (6-64) and (6-62), the
lower bound from (6-70) and (6-62), and the simple approximation from (6-72)
and (6-62). The figure shows that the accurateapproximation moves from the
lower bound toward the simple approximation as the symbol error probability
decreases. For the simple approximation is less than 0.3 dB in error
relative to the accurate approximation.

Figure 6.6 compares the symbolerror probabilities for K = 2 to K = 4,
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Figure 6.6: Symbol error probability of direct-sequencesystem with PSK in
presence of K … 1 equal-power multiple-access interference signals and

rectangular chip waveforms and The simple approximation is
used for and the abscissa shows GS/I where I is the interference power of
each equal-powerinterfering signal. The figure shows that increases with K,
but the shift in is mitigated somewhat because the interference signals tend
to partially cancel each other.

The preceding bounding methods can be extended to the bounds on
by observing that and setting during the successive
applications of Jensen•s inequality, which is applicable if (6-69) is satisfied.
After evaluating (6-65), we obtain

where

A simple approximation is provided by
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Figure 6.7: Symbol error probability of direct-sequence system with PSK in
presence of 3 equal-power multiple-access interference signals and

If is specified, then the error in the required caused by using (6-76)
instead of (6-60) is bounded by 10 in decibels. Thus, the error is
bounded by 2.39 dB for rectangular chip waveforms and 2.66 dB for sinusoidal
ones.

The lower bound in (6-74) gives the same result as that often called the
standard Gaussian approximation, in which in (6-5) is assumed to be ap-
proximately Gaussian, each in (6-50) is assumed to be uniformly distributed
over and each is assumed to be uniformly distributed over
This approximation, gives an optimistic result for that can be as much as
4.77 dB in error for rectangular chip waveforms according to (6-74). The sub-
stantial improvement in accuracy provided by (6-72) or (6-57) is due to the
application of the Gaussian approximation only after conditioning on given
values of and The accurate approximation given by (6-57) is a version of
what is often called the improved Gaussian approximation.

Figure 6.7 illustrates the symbol error probability for 3 interferers, each
with power I, rectangular chip waveforms, and as a function of
GS/I. The graphs show the standard Gaussian approximation of (6-74), the
simpleapproximation of (6-76), and the upper and lower bounds given by (6-64),
(6-70), and (6-62). The large error in the standard Gaussianapproximation is
evident. The simple approximation is reasonably accurate if

For synchronous networks, (6-57) and (6-58) can be simplified because the
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are all zero. For either rectangular or sinusoidal chip waveforms, we obtain

where

A comparison with (6-64) and (6-65) indicates that for a synchronous net-
work equals or exceeds for a similar asynchronous network when random
spreading sequences are used. This phenomenon is due to the increased band-
width of a despread asynchronous interference signal, which allows increased
filtering in the receiver.

The accurate approximation of (6-57) follows from the standard central limit
theorem, which is justified by the lemma. This lemma depends on the restriction
of the chip waveform to the interval If the chip waveform extends beyond
this interval but is time-limited, as is necessary for implementation with digi-
tal hardware, then an extension of the central limit theorem for
sequences can be used to derive an improved Gaussian approximation [7]. Alter-
natives to the analysis in this section and the next one abound in the literature,
but they are not as amenable to comparisonsamong systems.

Quadriphase Direct-Sequence Systems

Consider a network of quadriphase direct-sequence systems, each of which uses
dual QPSK and random spreading sequences. Each direct-sequence signal is
given by (2-123) with The multiple-accessinterference is

where and both have the form of (6-3) and incorporate the data
modulation. The decision variables are given by (2-124) and (2-126) with

A straightforward calculation using (6-6) indicates that

The statistical independence of the two sequences, the preceding lemma, and
analogousresults for in (2-127) yield the variances of the interference terms
of the decision variables:
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The noise variances and the means are given by (2-130) and (2-129). Since all
variances and means are independent of the Gaussian approximation yields
a that is independent of

where

Since a similar analysis for direct-sequence systems with balanced QPSK yields
(6-83) again, both quadriphase systems perform equally well against multiple-
access interference.

Application of the previous bounding and approximation methods to (10-79)
yields

where the total interference power is defined by (6-75). A sufficient condition
for the validity of the lower bound is

A simple approximation that limits the error in the required for a specified
to 10 is

This approximation introduces errors bounded by 0.88 dB and 1.16 dB for
rectangular and sinusoidalchip waveforms, respectively. In (6-84) and (6-86),
only the total interference power is relevant, not how it is distributed among
the individual interference signals.

Figure 6.8 illustrates for a quadriphase direct-sequence system in the
presence of 3 interferers, each with power I, rectangular chip waveforms, and

The graphs represent the accurate approximation of (6-82), the
simple approximation of (6-86), and the bounds of (6-84) as functions of GS/I.
A comparison of Figures 6.8 and 6.7 indicates the advantage of a quadriphase
system.

For synchronous networks with either rectangular or sinusoidalchip wave-
forms, we set the equal to zero in (6-82) and obtain
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Figure6.8: Symbol error probability of quadriphase direct-sequence system in
presence of 3 equal-power multiple-access interference signals and

Since this equation coincideswith the upper bound in (6-84), we conclude that
asynchronous networks accommodate more multiple-access interference than
similar synchronousnetworks using quadriphase direct-sequence signals with
random spreading sequences. To compare asynchronous quadriphase direct-
sequence systems with asynchronous systems using binary PSK, we find a lower
bound on for direct-sequencesystems with PSK. Substituting (6-57) into (6-
60) and applying Jensen•s inequality successively to the integrations over

K … 1, we find that a lower bound on is given by the right-hand side
of (6-82) if (6-85) is satisfied. This result implies that asynchronous quadriphase
direct-sequence systems are more resistant to multiple-access interference than
asynchronous direct-sequence systemswith binary PSK.

The equations for allow the evaluation of the information-bit error prob-
ability for error-correcting codes with hard-decision decoders. To facilitate
the analysis of soft-decision decoding, twoassumptions are necessary. Assume
that K is large enough that the multiple-access interference after despreading is
approximately Guassian rather than conditionally Gaussian. Since the equiv-
alent noise is a zero-mean process, the equivalent-noise powerspectral density

can be obtained by averaging over the distributions of and
For asynchronous communications, (6-83) and (6-87) yield

This equation is also valid for synchronous communications if we set
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Thus, for a binary convolutional code with rate constraint length K, and
minimum free distance is upper-bounded by (1-112) with

The network capacity is the number of equal-power users in a network of
identical systemsthat can be accommodated while achieving a specified
For equal-power users, Let denote the value of
necessary for a specific error-control code to achieve the specified Equation
(6-88) implies that the networkcapacity is

where is the integer part of  is the processing gain,
and the requirement is necessary to ensure that the specified can be
achieved for some value of K. Since in general, the factor reflects
the increased gain due to the random distributions of interference phases and
delays. If they are not random but then and the number of
users accommodated is reduced. Thus, synchronous CDMA systems require
orthogonal spreading sequences.

As an example, consider a network with systems that resemble those used
for the synchronous downlinks of an IS-95 CDMA network. We assume the
absence of fading and calculate the network capacity for power-controlled users
within a single cell. The data modulation is balanced QPSK. G = 64, and

The error-control code is a rate-1/2 binary convolutional code with
constraint length 9. If or better is desired, the performance curve
of Figure 1.8 for the convolutional code indicates that and
thus is required. Equation (6-90) then indicates that the network
capacity is K = 51 if dB and K = 57 if

6.3 Wideband Direct-Sequence Systems

A direct-sequence system is called wideband if it uses a spectral band with a
bandwidth that exceeds the coherence bandwidth of a frequency-selective fading
channel. The two most commonly proposedtypes of wideband direct-sequence
systems are single-carrier and multicarrier systems. A single-carrier system
uses a single carrierfrequency to transmit signals. A multicarrier system parti-
tions the available spectral band among multiple direct-sequencesignals, each
of which has a distinct carrier frequency. The mainattractions of the multi-
carrier system are its potential ability to operate over disjoint, noncontiguous
spectral regions and its ability to avoid transmissions in spectral regions with
strong interference or where the multicarrier signal mightinterfere with other
signals.These features have counterparts in frequency-hopping systems.

A single-carrier system provides diversity by using a rake receiver that com-
bines several multipath signals. A multicarrier system provides diversity by
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the maximal-ratio combining of the parallel correlatoroutputs, each of which is
associated with a different carrier. Bit error probabilities are determined subse-
quently for ideal multicarrier and single-carrier systems with lossless diversity
combining in the presence of white Gaussian noise and Rayleigh fading.

Multicarrier Direct-Sequence System

A typical multicarrier systemdivides a spectral band of bandwidth W into L
frequency channels or subchannels, each of bandwidth W/L. The carrier asso-
ciated with a subchannel is called a subcarrier. In one type of system, which is
diagrammed in Figure 6.9, this bandwidth is approximately equal to the coher-
ence bandwidth because a larger one would allow frequency-selectivefading in
each subchannel, while a smaller one would allow correlated fading among the
subcarriers [8], [9]. It is assumed that the spacing between adjacent subcarriers
is where Equation (5-57) indicatesthat the coherence bandwidth
is approximately where is the delay spread. Thus, is re-
quired to ensure that each subcarrier signal is subject to independent fading.
If the bandwidth of a subcarrier signal is on the order of then
is required for the subcarrier signals to experience no significant frequency se-
lectivity. The two preceding inequalities imply that is required. If
the chip waveforms are rectangular and or then the subcarrier
frequencies are orthogonal, which can be verified by a calculation similar to that
leading to (3-59). Although the orthogonality prevents self-interference among
the subcarrier signals, its effectiveness is reduced by multipath components and
Doppler shifts. One may use bandlimited subcarrier signals to minimize the
self-interference without requiring orthogonality. If and the chip wave-
forms are rectangular, then the spectral mainlobes of the subcarrier signals have
no overlap. Furthermore, a spacing of limits the significantmultiple-access
interference in a subchannel to subcarrier signals from other usersthat have the
same subcarrier frequency.

In the transmitter, the product of the data modulation and
the spreading waveform simultaneously modulates L subcarriers, each of
which has its frequency in the center of one of the L spectral regions, as illus-
trated in Figure 6.9(a). The receiver has L parallel demodulators, one for each
subcarrier, the outputs of which are suitably combined, as indicated in Figure
6.9(b). The total signal power is divided equally among the L subcarriers. The
chip rate and, hence, the processing gain for each subcarrier of a multicarrier
direct-sequence system is reduced by the factor L. However, if strong interfer-
ence exists in a subchannel, the gain used in maximal-ratio combining is small.
Alternatively, the associated subcarrier can be omitted and the saved power
redistributed among the remaining subcarriers. Error-control codes and inter-
leaving can be used to provide both time diversity and coding gain. Since the
spectral regions are defined so that the fading in each of them is independent and
frequency nonselective, rake combining is not possible, but the frequency diver-
sity provided by the regions can be exploited in a diversity combiner. Whether
or not the diversity gain exceeds that of a single-carrier system using the entire
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Figure 6.9: Multicarrier direct-sequence system: (a) transmitter and (b) re-
ceiver.

spectral band and rake combining depends on the multipath intensity profile of
the single-carrier system.

Consider a multicarrier system that uses binary PSK to modulate each sub-
carrier. Each received signal copy with a different subcarrier frequency expe-
riences independent Rayleigh fading that is constantduring a symbol interval.
The received signal for a symbol in branch is

where or …1 depending on the transmitted symbol, each is a fading
amplitude, each is a phase shift, is the subcarrier frequency, is the
symbol duration, and is the noise. Assume that the received interference
plus noise in each diversity branch can be modeled as independent, zero-mean,
white Gaussian noise with the same equivalent two-sided powerspectral density
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Ideal lossless power splitting among the L subcarriers is assumed. Let
denote the received symbol energy per subcarrier in the absence

of fading, where is the total received energy per symbol. Assume that the
spectral division among the subcarriers prevents significantinterference among
them in the receiver. For coherent detection and maximal-ratio combining, the
analysis of Section 5.4 is directly applicable. The conditional bit or symbol
error probability given the is

where

The symbol error probability is determined by averaging over the dis-
tribution of which depends on the and embodies the statistics of the
fading channel. If each of the is independent with the identical Rayleigh
distribution and then the average signal-to-noiseratio (SNR)
per branch is

As shown in Section 5.4, the symbolerror probability for a single subcarrier is

The symbol error probability for L subcarriers is

This expression explicitly shows the change in the symbol error probability as
the number of diversity branches increases; it is valid for QPSK because the
latter can be transmitted as two independent binary PSK waveforms in phase
quadrature.

Figure 6.10 plots for multicarrier systems as a function of
the average symbol SNR. The diminishing returns as the diversity level L in-
creases is apparent. If the required bit error probability is or more, than
increasing L beyond L = 32 is not likely to be useful because of the hardware
requirements and the losses entailed in the power division in the transmitter.

To evaluate for a network of K multicarrier direct-sequence systems, we
assume that the mutual interference among the L subcarriers of a single signal is
negligible and that K is large enough that the multiple-access interference after
despreading is approximately Gaussian. It is assumed that only subcarriers at
the same frequency cause significant interference in a subchannel. For QPSK
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Figure 6.10: Symbol error probability for multicarrier systemswith L carriers.

modulation, the power division among the subcarrier signals implies that (6-88)
must be replaced by

where is given by (6-68) for asynchronous communications and for syn-
chronous communications, and is the chip duration in each branch or sub-
channel of the multicarrier system. The division by L is due to the equipartition
of the interference power among the L subcarriers. Let
denote the overall processing gain of the system. For equal-power users subject
to the same fading statistics, (6-97) implies that the
network capacity is

where and is the required necessary for a specific
error-control code to achieve the specified

Single-Carrier Direct-Sequence System

Consider a direct-sequence signal that has a random spreadingsequence and is
accompanied by multipath components in addition to the direct-path signal. If
the multipath components are delayed by more than one chip, then the inde-
pendence of the chips ensures that the multipath interference is suppressed by
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at least the processing gain. However, since multipath signals carry informa-
tion, they are a potential resource to be exploited rather than merely rejected.
A rake receiver (Section 5.5) provides path diversity by coherently combining
the resolvable multipath components presentduring frequency-selective fading,
which occurs when the chip rate of the spreading sequence exceeds the coherence
bandwidth.

Consider a multipath channel with frequency-selective fading slow enough
that its time variations are negligible over a signaling interval. When the data
modulation is binary PSK, only a single symbol waveform and its associated
decision variable are needed. Assume the presence of zero-mean, white Gaussian
noise with two-sided power spectral density As indicated in Section 5.5,
if then for a rake receiver with perfect tap weights, the conditional
bit or symbol error probability given the is provided by (6-92). However,
for a rake receiver, each of the is associated with a different multipath
component, and hence each has a different value in general. Since there
is only a single carrier, we may set in (6-93),which may be expressed as

The average SNR for a symbol in branch is

If each multipath component experiencesindependent Rayleighfading so that
each of the is statistically independent, then the analysis of Section 5.5
gives the symbol error probability:

where

Since only white Gaussiannoise is present, the processing gain of the system is
irrelevant under this model.

The processing of a multipath component requires channelestimation. When
a practical channel estimator is used,measurements indicate that only four or
fewer components are likely to have a sufficient signal-to-interference ratio to
be useful in the rake combining [10]. To assess the potential performance of the
rake receiver, it is assumed that the largest multipath component has
and that components are received and processed. The other three or
fewer minor multipath components have relative average symbol SNRs speci-
fied by the multipath intensity vector
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Figure 6.11: Symbol error probability for single-carriersystems and
multipath components with different multipath intensity vectors.

Figure 6.11 plots the symbol error probability as a function of
the average symbol SNR of the main component, for multipath intensity vec-
tors occurring in mobile CDMA networks. Typically, three significant multi-
path components are available. Expressing the components in decibels, the
multipath intensity vector(…4, …8, …12) dB represents the minor multipath in-
tensitiestypical of a rural environment. The vector (…2, …3, …6) dB represents
a typical urban environment. This figure and other numerical data establish
two basic features of single-carrier systems with rake receivers.

1. Systemperformance improves as the total energy in the minor multipath
components increases.

2. When the total energy in the minor multipath components is fixed, the
system performance improves as the number of resolved multipath compo-
nents L increases and as the energy becomes uniformly distributed among
these components.

For QPSK modulation and multiple-access interference, is given by (6-
88). It follows that the system capacity is given by (6-90), where

and is the required necessary for a specific error-
control code to achieve the specified

A comparison of Figures 6.10 and 6.11 indicates that a multicarrier system
with diversity L = 32 outperforms single-carrier systems with diversity L = 4 if

is sufficiently large. However, this value of is much larger than is required
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in practical systems. To make a more realistic comparison, we assume that
an error-correcting code with ideal channel-symbol interleaving is used. For a
loosely packed, binary block code and hard-decision decoding with a bounded-
distance decoder, the information-bit error probability is (Chapter 1)

where is the code length, is the number of symbol errors that the decoder
can correct, and is the channel-symbolerror probability. The signal energy
per channel symbol is where is the code rate, is the
number of information bits per codeword, and is the energy per information
bit. We may evaluate by using the expressions for with
where is the average bit SNR.

As an example, we assume that a BCH (63, 36) codewith
and is used. Figure 6.12 plots for a multicarrier systemwith L = 32 and
single-carriersystems with and
which are typical for rural and urban environments, respectively. If
is required, then the multicarrier system is slightly advantageous in a rural
environment, but rake combining provides a roughly 1.9 dB advantage in an
urban environment characterized by For the multicarrier system,

and, hence, are required. Supposethat
and The chip waveform is rectangular so Then (6-98)
indicatesthat the network capacity is 35. For an urban single-carriersystem,

and, hence, are required. Then (6-90) indicates that
the network capacity is 55, which illustrates the potential power of ideal rake
combining to overcome the detrimental effects of fading. A more powerful code,
such as a concatenated or turbo code would give rake combining a performance
advantage even in a rural environment.

The preceding results imply that in a benign environment, devoid of partial-
band interference, a multicarrier system suffers a potential performance loss
relative to the less costly single-carriersystem. The underlying reason is that the
rake receiver of the single-carrier system harnessesenergy that would otherwise
be unavailable. In contrast, the multicarrier receiverrecoversenergy that has
been redistributed among the L carriers but is available to the single-carrier
system even without rake combining. Despite its potential disadvantage in a
benign urban environment, a multicarrier system will often be preferable to a
single-carriersystem because of its substantially superior performance against
partial-band interference [8], [9].

Multicarrier DS/CDMA System

Various multicarrier direct-sequence systems that accommodate multiple-access
interference have been proposed [11] for CDMA networks. The multicarrier
DS/CDMA system is a candidate for both the uplinks and downlinks of fourth-
generation cellular CDMA networks. One version of its transmitter is shown in
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Figure 6.12: Information-bit error probability for multicarrier system with
L = 32 and for single-carrier systems with typical rural and urban multipath
intensity vectors. Error-control code is BCH (63, 36).

Figure 6.13. This system uses a serial-to-parallel converter to convert a stream
of data symbols into multiple parallel substreams. Thus, the multicarrier mod-
ulation reduces the data-symbol rate and, hence, the multipath interference of
the direct-sequence signal in each subchannel. The receiver is similar in form to
that of Figure 6.9(b) except that the combiner is replaced by a parallel-to-serial
converter. If the subcarriers are separated by then the interchannel inter-
ference and multiple-accessinterference from subcarrier signals are minimized.
The efficient processing of orthogonal frequency-division multiplexing (OFDM)
may be implemented by sampling each subchannel signal after the spreading by

and then applying the set of L samples in parallel to an OFDM processor
[12]. The cost of this efficiency is a high peak-to-average power ratio for the
transmitted signal. In contrast to the system of Figure 6.12, the multicarrier
DS/CDMA system of Figure 6.13 cannot exploitfrequency diversity because
each subcarrier is modulated by a different data symbol. However, the process-
ing gain of each subchannel signal is increased by the factor L, which can be
exploited in the suppression of multiple-accessinterference. Rake combining
might be possible in the subchannels if For synchronous communi-
cations, such as those transmitted by a base station in a cellular network, the
spreading sequences of the network users may be drawn from a set of orthogonal
Walsh sequences. For asynchronous communications, Gold or Kasami sequences
are preferable because of their superior cross-correlation characteristics.

Another multicarrier direct-sequence system applies the spread signal
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Figure 6.13: Multicarrier DS/CDMA transmitter.

to a serial-to-parallel converter, which produces G parallel data-modulated
chips, where G is the number of chips per data symbol. Each of these G chips
modulates a different subcarrier. Thus, the spreading occurs in the frequency
domain. This systemprovides the same degree of diversity gain as the system
of Figure 6.9, but the latter is less expensive if L < G and provides nearly the
same performance if

Frequency hopping may be added to almost any communication system to
strengthen it against interference or fading. Thus, the set of carriers used in a
multicarrier DS/CDMA system or the subcarriers of an OFDM system may be
hopped in a variety of ways[11].

6.4 Cellular Networks and Power Control

In a cellular network, a geographic region is partitioned into cells, as illustrated
in Figure 6.14. A base station that includes a transmitter and receiver is lo-
cated at the center of each cell. Ideally, the cells have equal hexagonal areas.
Each mobile (user or subscriber) in the network transmits omnidirectionally
and communicates with the base station from which it receives the largest av-
erage power. Typically, most of the mobiles in a cell communicate with the
base station at the center of the cell, and only a few communicate with more
distant ones. The base stations act as switching centers for the mobiles and
communicateamongthemselves by wirelines in mostapplications. Cellular net-
works with DS/CDMA allow universal frequency reuse in that the same carrier
frequency and spectral band is shared by all the cells. Distinctions among the
direct-sequencesignals are possible because each signal is assigned a unique
spreadingsequence.

Cells may be divided into sectors by using several directional sector antennas
or arrays at the base stations. Only mobiles in the directions covered by a sector
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Figure 6.14: Geometry of cellular network with base station at center of each
hexagon. Two concentric tiers of cells surrounding a central cell are shown.

antenna can cause multiple-access interference on the reverse link or uplink from
a mobile to its associated sector antenna. Only a sectorantenna serving a cell
sectororiented toward a mobile can cause multiple-access interference on the
forward link or downlink from the mobile•s associated sector antenna to the
mobile. Thus, the numbers of interfering signals on both the uplink and the
downlink are reduced approximately by a factor equal to the number of sectors.

To facilitate the identification of a base station controlling communications
with a mobile, each spreading sequence for a downlink is formed as the product
or concatenation of two sequences often called the scrambling and channeliza-
tion codes. A scrambling code is a sequence that identifies a particular base
station when the code is acquired by mobiles associated with the base station
and its cell or sector. A long sequence is preferable to minimize the possibility
of a prolonged outage due to an unfavorable cross-correlation. If the set of
base stations use the Global PositioningSystem or some other commontiming
source, then each scramblingcode may be a known phase shift of a common
long pseudonoise sequence. If a common timing source is not used, then at the
cost of increased acquisition time or complexity, the scrambling codes may com-
prise a set of long Gold sequences that approximaterandom binary sequences.
A channelization code is designed to allow each mobile receiver to extract its
messages while blocking messages intended for other mobiles within the same
cell or sector. Walsh or other orthogonalsequences are suitable as channeliza-
tion codes for synchronous downlinks. For the uplinks, channelizationcodes are
not strictly necessary, and the scramblingcodes that identify the mobiles may
be drawn from a set of long Gold sequences.

The principal difficulty of DS/CDMA is called the near-far problem. If all
mobiles transmit at the same power level, then the received power at a base
station is higher for transmitters near the receiving antenna. There is a near-far
problem because transmitters that are far from the receivingantenna may be
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at a substantial power disadvantage, and the spread-spectrum processing gain
may not be enough to allow satisfactory reception of their signals. A similar
problem may also result from large differences in received power levels due to
differences in the shadowingexperienced by signals traversing different paths
or due to independent fading.

In cellular communication networks, the near-far problem is critical only
on the uplink because on the downlink, the base station transmits orthogonal
signals synchronously to each mobile associated with it. For cellular networks,
the usual solution to the near-far problem of uplinks is power control, whereby
all mobiles regulatetheir powerlevels. By this means, power control potentially
ensures that the power arriving at a common receiving antenna is almost the
same for all transmitters. Since solving the near-far problem is essential to the
viability of a DS/CDMA network, the accuracy of the power control is a crucial
issue.

In networks with peer-to-peer communications, there is no cellular or hier-
archical structure. Communications between two mobiles are either direct or
are relayed by other mobiles. Since there is no feasiblemethod of powercontrol
to prevent the near-far problem, DS/CDMA systems are not as attractive an
option as FH/CDMA systems in these networks.

An open-loop method of power control in a cellular network causes a mobile
to adjust its transmitted power to be inversely proportional to the received
power of a pilot signal transmitted by the base station. An open-loopmethod is
used to initiate powercontrol, but its subsequent effectiveness requires that the
propagation losses on the forward and reverse links be nearly the same. Whether
they are or not depends on the duplexing method used to allow simultaneous or
nearly simultaneous transmissions on both links. Frequency-division duplexing
assigns different frequencies to an uplink and its corresponding downlink. Time-
division duplexing assigns closely spaced but distinct time slots to the two links.
When frequency-division duplexing is used, as in the IS-95 and Global System
for Mobile (GSM) standards, the frequency separation is generally wide enough
that the channeltransfer functions of the uplink and downlink are different.
This lack of link reciprocity implies that power measurements over the downlink
do not provide reliable information for subsequent uplink transmissions. When
time-division duplexing is used, the received local-mean power levels for the
uplink and the downlink will usually be nearly equal when the transmitted
powers are the same, but the Rayleigh fading may subvert link reciprocity. For
these reasons, a closed-loop method of power control, which is more flexible
than an open-loop method, is desirable. A closed-loop method requires the
base station to transmit power-control information to each mobile based on the
power level received from the mobile or the signal-to-interference ratio.

When closed-loop power control is used, each base station attempts to ei-
ther directly or indirectly track the received power of a desired signal from
a mobile and dynamically transmit a power-controlsignal [13], [14]. The ef-
fect of increasing the carrier frequency or the mobile speeds is to increase the
fading rate. As the fading rate increases, the tracking ability and, hence, the
power-control accuracy decline. This problem is often dismissed by invoking the
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putative trade-off between the power control and the bit or symbol interleaving.
It is asserted that the large fade durations during slow fading enableeffective
power control,whereas the imperfect power control in the presence of fast fad-
ing is compensated by the increased time diversity provided by the interleaving
and channel coding. However, this argument ignores both the potentialsever-
ity of the near-far problem and the limits of compensation as the fading rate
increases. If the power control breaks down completely, then close interfering
mobiles can cause frequent error bursts of duration long enough to overwhelm
the ability of the deinterleaver to disperse the errors so that the decoder can
eliminatethem. Thus, some degree of power control must be maintained as the
vehicle speeds or the carrier frequency increases. The degree required when the
interleaving is perfect is quantified subsequently.

The following performance analysis of the uplink [15] beginswith the deriva-
tion of the intercell interference factor, which is the ratio of the intercell interfer-
ence power to the intracell interference power. The intercell interference arrives
from mobiles associated with different base stations than the one receiving a
desired signal. The intracell interferencearrives from mobiles that are associ-
atedwith the same base stationreceiving a desired signal. The performance is
evaluated using two different criteria: the outage and the bit error rate. The
outagecriterion has the advantage that it simplifies the analysis and does not
require specification of the data modulation or channel coding. The bit-error-
rate criterion has the advantage that the impact of the channel coding can be
calculated. For both criteria, the fading is flat and no explicitdiversity or rake
combining is assumed. Since the interference signals arrive asynchronously, they
cannot be suppressed by using orthogonal spreading sequences.

Intercell Interference of Uplink

To account for the fading and instantaneous power control in a mathematically
tractable way, the shadowing and fading factors in (5-4) are approximated[16]
by a lognormal random variable. Thus, at a particular time it is assumedthat
the equivalent shadowing factor implicitly defined by

has a probability density function that is approximatelyGaussian.This equa-
tion, the statistical independence of and and the fact that imply
that

where To evaluate these equations when has the
density function of (5-29), we express the expectations as integrals, change the
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integration variables, and apply the identities [17]

where is the psi function given by

when  is a positive integer, and is the Riemann zeta function given by

Let denote the variance of Since the variance of we find
that

The impact of the fading declines with increasing For Rayleigh fading,
= 1 and so and For
which approximates Ricean fading with Rice factor and

where is the distance to base station is the equivalent shadowing factor,
is the area-mean power at and it is assumed that the attenuation

power-law is the same throughout the network. If the power control exerted by

Consider a cellularnetwork in which each base station is located at the center
of a hexagonal area, as illustrated in Figure 6.14. To analyzeuplink interference,
it is assumed that the desired signal arrives at base station 0, while the other
base stations are labeled The directions covered by one of three
sectors associated with base station 0 are indicated in the figure. Each mobile in
the network transmits omnidirectionally and is associated with the base station
from which it receives the largest average short-term or instantaneous power.
This base station establishes the uplink power control of the mobile. If a mobile
is associated with base station then (5-1), (5-4), and (6-105) indicate that the
instantaneous power received by base station is
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base station ensuresthat it receives unit instantaneous powerfrom each mobile
associated with it, then Consequently, and

Assuming a commonfading model for all of the (6-106) implies that
they all have the same mean value. The form of (6-115) then indicates that
this common mean value is irrelevant to the statistics of and hence can
be ignored without penalty in the subsequent statistical analysis of The
simplifying approximation is madethat the base station with which a mobile is
associated receives more instantaneous power than any other station, and hence

This inequality is exact if the propagation losses on the uplink and
downlink are the same.

The probability distribution function of the interference power at base
station 0 given that the mobile producing the interference is associated with
base station is

where

and P[A] denotes the probability of the event A [18]. Thus, if
0, and if Let

where this probability is conditioned on the equivalentshadowing factor
for the controlling base station, and the polar coordinates of the mobile
relative to base station It is assumed that each of the is statisticallyinde-
pendentwith the common variance Therefore, given and
are statistically independent. Sinceeach of the has a Gaussian probability
density function, (6-115) implies that for

where and is a function of and the
location of base station

The probability and hence the distribution can be determined
by evaluating the expected value of (6-119) with respect to the random variables

and If a mobile is associated with base station then its location is
assumed to be uniformly distributed within a circle of radius surrounding
the base station. Therefore,



332 CHAPTER 6. CODE-DIVISION MULTIPLE ACCESS

which determines the distribution function in (6-116).
Let denote the total intercell interference relative to the unit desired-

signal power that each base station attempts to maintain by powercontrol. Let
K denote the number of active mobiles associated with a base station or sector
antenna, which may be a random variable because of voice-activity detection
or the movement of mobiles among the cells. Since and are the
same for all mobiles associated with base station a straightforward calculation
yields

In general, and decrease as the attenuation power law increases.
The intercell interference factor, is the ratio of the average
intercell interference power to the average intracell interference power. Table
6.1, calculated in [18], lists versus when cells in four concentric
tiers surrounding a central cell, is five times the distance from a base station
to the corner of its surrounding hexagonal cell, and The dependence of

on the specific fading model is exerted through (6-113), which relates to
and Table 6.1 also lists the variance factor assuming

that var[K] = 0.
The results in Table 6.1 depend on the pessimisticassumption that the

equivalentshadowingfactors from a mobile to two different base stations are
independent random variables. Suppose, instead, that each factor is the sum of
a common component and an equal-power independent component that depends
on the receiving base station. Then(6-115) implies that the common component
cancels. As a result, in determining from Table 6.1, the effective value of
is reduced by a factor of relative to what it would be without the common
component.
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Since for Rayleigh fading and Table 6.1 indicates that
increases slowly with the effect of the fading is unimportant or negligible
if which is usually satisfied in practical networks. If it is assumed,
as is tacitly done by many authors, that the power control is based on a long-
term-averagepower estimate that averages out the fading, then the preceding
equations and Table 6.1 are valid with

Outage Analysis

For a DS/CDMA system, it is assumed that the total power of the multiple-
access interference after the despreading is approximately uniformly distributed
over its bandwidth, which is approximately equal to For instantaneous
power control, the instantaneous SINR is defined to be the ratio
of the received energy per symbol to the equivalent power spectral density
of the interference plusnoise. An outage is said to occur if the instantaneous
SINR is less than a specified threshold Z, which may be adjusted to account for
any diversity or rake combining. In this section, the interference is assumed to
arise from K … 1 other active mobiles in a single cell or sector. Let

denote the received energy in a symbol due to interference
signal with power These definitions imply that an outage occurs if

where is the processing gain. Let denote the common desired
energy per symbol for all the signals associated with the base station of a
single cell sector. When instantaneous power control is used, and

K … 1, where and are random variables that
account for 
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If  K is a constant, then the mean and the variance of X in (6-125) are

The random variable X is the sum of K … 1 lognormally distributed random
variables. Since the distribution of X cannot be compactly expressed in closed
form when K > 3, two approximate methods are adopted. The first method
is based on the central limit theorem, and the second method is based on
the assumption that is small. Since X is the sum of K … 1 independent,
identically distributed random variables,each with a finite mean and variance,
the central limit theorem implies that the probability distribution function of
X is approximately Gaussian when K is sufficiently large. Consequently, given
the values of K and the conditional probability of outage may be calculated
from (6-124). Using (6-126) and integrating over the Gaussiandensityfunction
of we then obtain the conditional probability of outage given the value of
K >>  1:

As and hence approaches a step function.
In the second approximate method, it is assumed that is sufficiently small

and K is sufficiently large that From (6-128), it is observed that a
sufficient condition for this assumption is that

The assumption implies that X is well approximated by the constant given by
(6-128). Since the only remaining random variable in (6-124) is
it follows that

Variations in the Number of Active Mobiles

In the derivations of (6-129) and (6-131), the number of mobiles actively trans-
mitting, K, is held constant. However, it is appropriate to model K as a random
variable because of the movement of mobiles into and out of each sector and
the changing of the cell or sectorantenna with which a mobile communicates.
Furthermore, a potentially active mobile may not be transmitting; for voice
communications with voice-activity detection, energy transmission typically is
necessary only roughly 40% of the time. As is shown below, a discrete random
variable K with a Poisson distribution incorporates both of these effects.
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To simplify the analysis, it is assumed that the average number of mobiles
associated with each cell or sectorantenna is the same and that the location of
a mobile is uniformly distributed throughout a region. Let denote the prob-
ability that a potentially transmitting mobile is actively transmitting. Then
the probability that an active mobile is associated with a particular cell or sec-
tor antenna is where is the number of mobiles in the region and
is the average number of mobiles per sector. If the mobiles are indepen-
dently located in the region, then the probability of active mobiles being
associated with a sector antenna is given by the binomial distribution

where is assumed to be a constant. This equation can be expressed as

As the initial fraction and
Therefore, approaches

which is the Poisson distribution function. Since the desired mobile is assumed
to be present, it is necessary to calculate the conditional probability that
given that From the definition of a conditional probability and (6-134),
it follows that this probability is

and Using this equation, the probability of outage is

where is given by (6-129) or (6-131).
The intercell interference from mobilesassociated with other base stations

introduces an additional average power equal to into a given base
station, where is the intercellinterference factor. Accordingly, the impact of
the intercell interference is modeled as equivalent to an average of additional
mobiles in a sector [19]. When intercell interference is taken into account, the
equations of Section 3.7 for a single cell or sector are modified. The parameter
is replaced by and becomes theequivalent number of mobiles defined
as
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Figure6.15: Probability of no outage for instantaneouspower control, G/Z =
40, and

Figure 6.15 illustrates the probability of no outage, as a function
of for various values of Both approximate models, which give (6-129) and
(6-131), are used in (6-136) to calculate the graphs. Equations (6-129) and (6-
131) indicate that the outage probability depends on the ratios G/Z and
rather than on G, Z, and separately. The parameter values for Figure 6.15
are G/Z = 40 and which could correspond to Z = 7 dB, G = 23
dB, and The closeness of the results for the two models indicates
that when both modelsgive accurate outage probabilities and the
effect of power-control errors in the interferencesignals is unimportant. As an
example of the application of the figure, supposethat the attenuation power
law is and is desired. Table
6.1 gives The figure indicates that is needed. If due
to voice-activity detection, the average number of mobiles per sector that can
be accommodated is For data communications, the network capacity
is lower. For example, if then the average number of mobiles per sector
that can be accommodated is 14.1.

Local-Mean Power Control

When the instantaneoussignal power cannot be tracked because of the fast
multipath fading, one might considermeasuring the local-meanpower,which
is a long-term-average power obtained by averaging out the fading component.
This measurement enables the system to implement local-mean power control.
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Two different analyses of the effects of local-mean power control are presented.
In the first analysis, which explores the potential effectiveness of local-mean

power control, all received signals experience Rayleighfading and the local-
mean power control is perfect. Therefore, the received energy levels are propor-
tional to the squares of Rayleigh-distributed random variables and, hence, are
exponentially distributed, as shown in Appendix D.4. Thus, and

where each is an independent random
variable with the exponentialprobability density function:

and is the desired value of the average energy per symbol after averaging
over the fading. The probability distribution function of the sum of K … 1
independent random variables, each with the exponential density of (6-138), is
given by (D-50). Therefore, X in (6-125) has the distribution

Conditioning on the value of using (6-139) to evaluate the probability of the
outage condition (6-124), and then removing the conditioning by using (6-138)
yields

where

Replacing by its binomial expansion, we obtain a double summation of
integralsthat can be evaluated using the gamma function defined by (D-12).
After simplification, we obtain

Interchanging the two sums and changing their limits accordingly, the inner
sum is over a geometric series. Evaluating it, we obtain the final result:

The probability of outage is determined by substitution into (6-136). When
only the term in (6-143) is nonzero. Substitution into (6-136)

and evaluation of the sum yields
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Figure 6.16: Probability of no outage for perfect local-mean power control,
G/Z = 40, and

For perfect local-mean power control and Rayleigh fading, (6-138) gives
and Therefore, a sufficient condition for is

that If this condition is satisfied, then X is well approximated
by which is equivalent to ignoring the fading of the multiple-
access interference signals. With this approximation, the only remaining ran-
dom variable in (6-124) is exponentially distributed, and hence the conditional
probability of outage given K is

Substituting this equation into (6-136) and evaluating the sum, we obtain the
approximation

Figure 6.16 illustrates the probability of no outage as a function of for G/Z
= 40 and two values of using either the approximation(6-146) or the more
precise (6-144), (6-143), and (6-136). It is observed that neglecting the fading
of the interference signals and using the approximation makes little difference in
the results. The effect of is considerable. A comparison of Figures
6.15 and 6.14 indicatesthat when Rayleigh fading occurs, even perfect local-
mean power control is not as useful as imperfect instantaneous power control
unless is very large.



6.4. CELLULAR NETWORKS AND POWER CONTROL 339

Since accurate power measurements require a certain amount of time, whether
a power-control scheme is instantaneous, local mean, or something intermedi-
ate depends on the fading rate. To reduce the fading rate so that the power
control is instantaneous and accurate, one might minimize the carrier frequency
or limit the size of cells if these options are available.

The second analysis of the effects of local-mean power control uses the pre-
ceding results to develop a simple approximation to alternative performance
calculations[19], [20]. This analysis has the advantages that the fading statis-
tics do not have to be explicitly defined and the effect of imperfect local-mean
power control is easily calculated. Let denote the local-mean energy per
symbol, which is defined as the average energy per symbol after averagingover
the fading. Similarly, let denote the total local-meaninterference power in
the receiver, and let denote the local-mean received energy per symbol due
to interference signal The local-mean SINR is defined to be
For this analysis, a local-mean outage is said to occur if the local-mean SINR
is less than a specified threshold which may be adjusted to account for the
fading statistics and any diversity or rake combining. When the local-mean
powercontrol is imperfect, and
where and are lognormally distributed random variableswith the common
variance A derivation similar to that leading to (6-131) indicatesthat if
(6-130) is satisfied,then

and is calculated by using (6-136) and (6-137). The intercell interference
factor can be determined by setting since the fading statistics do not
affect the local-meanSINR. For adequate network performance in practical ap-
plications, must be set much higher than the threshold Z in (6-131) because
the local-mean SINR changes much more slowly than the instantaneous SINR.

The following example is used to compare the results of evaluating (6-136),
(6-137), and (6-147) with the results obtained in a far more elaborate analysis
[20]. Consider a cellular network with three sectors,
and due to the voice activity. Table 6.1 gives A spectral
band of bandwidth W = 1.25 MHz is occupied by the DS/CDMA signals. The
symbol rate is so that the processing gain is G = 156.5. The
local-mean SNR before the despreading is …1 dB and                     after the
despreading.Figure 6.17 shows the local-mean outage probability versus the
average number of mobiles per cell, which is triple the average number of
mobiles per sector. The results of [20] for outage probabilities of
and are indicated by the open circles. The proximity of these points to the
graphs indicates that the simple equations (6-136), (6-137), and (6-147) closely
approximate the local-mean outage probability.



340 CHAPTER 6. CODE-DIVISION MULTIPLE ACCESS

Figure 6.17: Local-mean outage probability for
G = 156.5, and with Other theoretical results
are indicated by the open circles.

Bit-Error-Probability Analysis

Uplink capacity is the number of mobiles per cell that can be accommodated
over the uplink at a specified information-bit error rate. Assuming a conven-
tional correlation receiver and typical conditions for cellular communications,
the subsequent results indicate that when imperfect power control causes the
standard deviation of the received power from each mobile to increasebeyond
2 dB, the uplink capacity rapidly collapses. When the instantaneous signal
level cannot be tracked, one might considermeasuring the local-meanpower.
Accurate local-mean power control eliminates the near-far problem and shad-
owing effects, but not the effects of the fading. In the subsequentanalysis, it is
confirmed that tracking the local-meanpower is less useful than attempting to
track the instantaneous signallevel even if the latter results in large errors.

Consider a CDMA cell or sector with K active mobiles. Thedirect-sequence
signals use QPSK modulation. Equation (6-86) indicates that the conditional
symbol error probability given and is approximately given by

It is assumed that the distribution of and and the values of and
are such that (6-85), which is used in the derivation of (6-86), is satisfied
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with high probability in the subsequent analysis. We consider three models
for power control: perfect instantaneous powercontrol (perfect ipc), imperfect
instantaneous power control (imperfect ipc) with lognormally distributed errors,
and perfect local-mean power control (perfect lmpc).

If the power control is instantaneous and perfect, then
and Equation (6-148) implies that the

conditional symbol error probability given K is

where is the energy-to-noise-density ratio when the powercontrol
is perfect. If the power control is imperfect with lognormallydistributed errors,
then

and (6-125) to (6-128) are applicable. If (6-130) is satisfied, then
and X is well-approximated by Since and has a Gaussian
density, (6-148) and an integration over this density yield

Supposethat instead of the instantaneous signal power, the local-mean
power averaged over the fast fading is tracked. If this tracking provides perfect
power control of the local-mean power at a specific level, then a received signal
still exhibits fast fading relative to this level. If the fast fading has a Rayleigh
distribution but the fading level is constant over a symbol interval, then the
received energy per symbol is where has the exponential prob-
ability density function given by (6-138). Therefore, (6-148) implies that the
conditional symbol error probability given is

where the integral is evaluated in the same way as (5-125). The total interfer-
ence energy is given by (6-150) and (6-125), where each is an independent,
exponentially distributed random variable with mean equal to unity. There-
fore, has a gamma probability density function given by (D-49) with
N = K … 1, and for _ the conditional symbol error probability given K is
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Perfect symbol interleaving is defined as interleaving that causes independent
symbol errors in a codeword. Assuming that fast fading enables perfect sym-
bol interleaving, the information-bit error probability for hard-decision
decoding can be calculated by substituting (6-149), (6-151), or (6-153) into (1-
25), (1-26), and (1-27) or into (6-104)for a loosely packed binary code. If is
the code rate of a binary code and is the energy per bit that is available
when the channel symbols are uncoded, then in (6-149), (6-151),
and (6-153). As was done previously, the impact of the intercell interference is
modeled by replacing K with in the preceding equations, where is
obtained from Table 6.1. Averaging over K by using (6-135), we obtain

where the equivalentnumber of mobiles is given by (6-137).
Suppose that the fading is slow enough that the interleaving is ineffective

and, hence, the error in the instantaneous power control is fixed over a codeword
duration. Then an approximation similar to that preceding (6-151) implies that
the information-bit error probability for hard-decision decoding of a block code
given K is

where is given by (6-104) with replaced by

Equations (6-154) to (6-156) give the information-bit error probability for slow
fading.

Graphs of the information-bit error probability versus for instantaneous
power control, G = 128, a rectangular chip waveform with
and various values of in decibels are illustrated in Figure 6.18. The block
code is the binary BCH (63,30) code, for which and Equations
(6-155) and (6-156) are used for slow fading, and (6-149), (6-151), and (6-
104) are used for fast fading. When the fading is slow and the interleaving is
ineffective, the coding is, as expected, less effective than when the fading is fast
and the interleaving is perfect, provided that remains the same. However,

increases with the fading rate, as shown subsequently. The figure indicates
that when there is a severe uplink capacity loss for slow fading
and a substantial one for fast fading. The results for other block codes are
qualitatively similar.

The use of spatial diversity or, in the presence of frequency-selective fading,
a rake receiver will improve the performance of a DS/CDMA systemduring
both slow and fast fading, but the improvement is much greater when the fad-
ing is slow. As the fading rate increases, the accuracy of the estimation of
the channel parameters used in the rake or diversity combiner becomes more
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Figure 6.18: Information-bit error probability for instantaneouspower control
and perfect local-mean power control, G = 128, and the BCH
(63,30) code with variousvalues of in decibels.

difficult. When the channel-parameter estimation errors are too large to be
accommodated, the coherent maximal-ratio combiner must be replaced by the
suboptimal noncoherent equal-gain combiner, which does not require the esti-
mation of channel parameters.

In Figure 6.18, the information-bit error probability is depicted for perfect
local-mean power control with the same parameter values and coding as for
instantaneous power control. It is assumed that fast fading permits perfect
interleaving so that (6-153) and (6-104) are applicable. The figure confirms
that tracking of the local-mean power level is an inferior strategy for obtaining
a large capacity compared with tracking of the instantaneous power level unless
the inaccuracy of the latter is substantial. Another problem with local-mean
power control is that it requires time that may be unavailable for sporadicdata.

Apart from powercontrol, instantaneous powermeasurements can be used
to facilitate adaptive coding or adaptive transmit diversity. Both of these tech-
niques require timely information about the impact of the fading, and this
information is inherent in the instantaneous power measurements.

Impact of Doppler Spread on Power-Control Accuracy

When the received instantaneouspower of the desired signal from a mobile is
tracked, there are four principal error components. They are the quantization
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It is assumed that power variations in a received signal at the base station
are negligible during the measurement interval which is a large component
of the processing delay Errors in the power measurement occur because
of the presence of multiple-access interference and white Gaussian noise. A
lower bound on can be determined by assuming that the power control
is effective enough that the received powersfrom the mobiles in the cell or
sector are approximately equal. The multiple-access interference is modeled as
a Gaussian process that increases the one-sided noise power spectral density
from to

where is the common signal power of each mobile at the base station and B
is the bandwidth of the receiver.

The received signal from a mobile that is to be power-controlled has the
form where has unity power. Thus,

The received signal can be expressed as

where The Cramer-Rao bound [21] provides a lower bound on the
variance of any unbiased estimate or measurement of This bound and
(6-163) give

Evaluating (6-164) and using (6-160) and (6-161), we obtain

Let denote the part of the processing delay in excess of the
measurement interval. Substituting (6-157) and (6-159) into (6-165), we obtain

This lower bound indicates that increases with and, hence, the fading
rate when the power estimation is ideal.

Inequality (6-166) indicatesthat an increase in the Doppler spread can be
offset by an increase in the bandwidth B. This observation clarifies why third-
generation cellular CDMA systems such as WCDMA or cdma 2000 exhibit no
more sensitivity to power-control errorsthan the IS-95 systemdespite the sub-
stantial increase in the fading rate due to the increased carrier frequency. The
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physical reason is that an expansion of the bandwidth of the direct-sequence
signals allows enough interference suppression to more than compensate for the
increased Dopplerspread.Furthermore, the potential effect of power-control er-
rors on third-generation CDMA systems is mitigated by the use of convolutional
and turbo codes more powerful than the IS-95 codes.

Consider a network of CDMA systemsthat do not expand the bandwidth
when the Doppler spread changes, but adjust so that (6-159) provides a tight
bound. Ideal power estimation is assumed so that the lower bound in (6-166)
approximates If the other parameters are unchanged as the Doppler spread
changes from to then is only affected by the Doppler factor defined
as

An example of the impact of the Doppler factor is illustrated in Figure 6.19,
which shows the upper bounds on for instantaneous power control and the
BCH (63,30) code. The network experiencesslow fading and a Doppler spread

The Doppler factor is D = 1. When the Doppler factor is
D = 2, 3, or 4, perhaps because of increased vehicular speeds, the network is
assumed to experience fast fading. The parameter values are

G = 128, and
The calculations use (6-166),(6-151), (6-104), and(6-154) to (6-156). In

this example, causes a significant performance degradation despite the
improvedtime diversity during the fast fading.

When fast fading causes large power-control errors, a DS/CDMA network
exhibits a significant performance degradation, notwithstanding the exploita-
tion of time diversity by interleaving and channel coding. Adopting long-term-
average instead of instantaneous power control will not cure the problem. A
better approach is to increase the bandwidth of the direct-sequencesignals. If
the bandwidth cannot be increased enough, then the Doppler spreadmight be
reduced by minimizing the carrier frequency of the direct-sequencesignals. An-
other strategy is to limit the size of cells so that the network must cope with the
more benign Ricean fading rather than Rayleighfading, which is more likely to
cause large power-controlerrors.

It follows from (6-165) and that a specified can be attained
if

where is the number of interfering active mobiles per unit
bandwidth in the cell or sector. Inequalities (6-168) and (6-159) restrict the
range of feasible values for Combining (6-158), (6-159), and (6-168) and
assuming that K is large enough that we conclude that to attain

for vehicles at speed or less, an approximate upper bound on the
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Figure 6.19: Information-bit error probability for slow fading and fast fading
with different Doppler factors D. Instantaneous power control and the BCH
(63,30) code are used.

uplink capacity per unit bandwidth in a cell or sector is given by

For typical parameter values,this upper bound is approximately inversely pro-
portional to both the carrier frequency  and the maximum vehicle speed

Figure 6.20 illustrates the upper bound on the uplink capacity per megahertz
as a function of frequency for

and representative values of and Table 6.1 gives
The figure indicates the limitations on due to power control as the carrier
frequency increases if and the other parameters remain fixed. If exceeds
the upper bound, then the network performance will be severely degraded. The
uplink capacity can be maintained by expanding the bandwidth.

Downlink Power Control and Outage

Along with all the signals transmitted to mobiles associatedwith it, a base
stationtransmits a pilot signal over the downlinks. A mobile, which is usually
associated with the base station from which it receives the largest pilot signal,
uses the pilot to identify a base station or sector, to initiate uplink powercontrol,
to estimate the attenuation, phaseshift, and delay of each significant multipath
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Figure 6.20: Upper bound on uplink capacity per megahertz for
and

component, and to assess the power-allocationrequirement of the mobile.
A base station synchronously combines and transmits the pilot and all the

signals destined for mobiles associated with it. Consequently, all the signals fade
together, and the use of orthogonal spreading sequences will prevent intracell
interference and, hence, a near-far problem on a downlink, although there will
be interference caused by asynchronously arriving multipath components. The
orthogonal sequences can be generated from the rows of a Hadamard matrix.
The orthogonality, the energy-saving sharing of the same pilot at all covered
mobiles, and the coherent demodulation of all transmitted signals are major
advantages of the downlinks. However, interference signals from other base
stations arrive at a mobile asynchronously and fade independently, thereby
significantly degrading performance.

Although there is no near-far problem on the downlinks, power control is
still desirable to enhance the received power during severe fading or when a
mobile is near a cell edge. However, this power enhancement increases inter-
cell interference. Downlink power control entails power allocation by the base
station in a manner that meets the requirements of the individual mobiles as-
sociated with it. Let denote the total power received by mobile from base
station If this mobile is associated with base station 0, then the SINR at the
mobile is




